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(54) WITHIN DOCUMENT FACE VERIFICATION

(57) A computer-implemented method for determin-
ing whether images of faces contained in a document
correspond to each other. The method comprises acquir-
ing image data pertaining to the document and perform-
ing facial detection on the image data to detect one or
more facial representations existing within the document.

If two or more facial representations are detected, a first
facial representation and a second facial representation
are selected, and determination of whether the image of
a face of the first facial representation corresponds to the
image of a face of the second facial representation is
performed.
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Description

Field of the Disclosure

[0001] The present disclosure relates to a method for
determining whether images of faces contained in a doc-
ument correspond to each other. More specifically it re-
lates to a computer-implemented method for testing the
authenticity of an official document based on whether the
images of faces contained in the official document cor-
respond to each other.

Background

[0002] Official documents are often used to check and
test the identity of people. This is typically done manually.
For example, a representative of a car rental company
may check a customer’s driving license before authoris-
ing the rental of a car to the customer. Such checking
implicitly requires manual verification of the presented
documents to check their authenticity. This manual ver-
ification is typically based on any number of known stand-
ard checks which the assessor may or may not choose
to perform.
[0003] One problem that is encountered is that people
may use forged or counterfeit documents to present false
details. In the case of manual verification, the authenticity
of a document is assessed using an assessor’s experi-
ence and many factors are taken into account. Often, an
assessor will suspect a presented document is not au-
thentic, but will not be able to identify on what factor they
base their assessment. An assessor’s ability to assess
documents will also be limited by their experience with
particular types of documents. Therefore, it is likely that
an assessor will struggle to accurately assess rarely used
documents or documents of a new type with which they
have limited experience.
[0004] Manual verification is therefore a highly skilled
and labour intensive process that may lead to uncertainty
and processing bottlenecks. For this reason, various sys-
tems have been developed to assist and automate as-
pects of this assessment. One such system uses a bar-
code scanner to scan a barcode on a document and
check that the barcode relates to a valid number, or a
number that is associated with the details presented on
the document.
[0005] However, such systems have drawbacks. For
example, an up to date database of the associated infor-
mation must be maintained to avoid false alerts being
raised with genuine documents. To correctly assess the
authenticity of presented documents, the systems will
also need to cope with all previous versions and multiple
different types of genuine documents. For example, driv-
ing licenses from one country can have a different format
and structure to driving licenses from another country,
and it is impossible for a human assessor to have detailed
knowledge of the various types and format of authentic
documents which are permitted. As another specific ex-

ample, the formatting of a barcode on recently issued
driving licenses might be different to older driving licens-
es and an automated authenticity assessment system
using barcodes needs to have details of both versions of
the driving license to perform assessment correctly.
Moreover, not all documents use the same anti-forgery
or anti-counterfeiting measures and it is unfeasible to
have a system that can deal with all of the possible meas-
ures that may be presented.
[0006] One particular anti-counterfeiting measure that
is found on many types of official documents uses facial
images. The present invention uses computational anal-
ysis on facial images present in the documents to over-
come the above-mentioned problems.

Summary of the Invention

[0007] The present invention is defined by the inde-
pendent claims, with further optional features being de-
fined by the dependent claims.
[0008] There is provided a computer-implemented
method for determining whether images of faces con-
tained in a document correspond to each other, the meth-
od comprising: acquiring image data pertaining to the
document; performing facial detection on the image data
to detect one or more facial representations existing with-
in the document; if two or more facial representations are
detected, selecting a first facial representation and a sec-
ond facial representation; determining whether the image
of a face of the first facial representation corresponds to
the image of a face of the second facial representation.
[0009] Optionally, acquiring image data pertaining to
the document may comprise acquiring at least one image
of at least a part of the document. The at least one image
may be acquired using one or more of: a visible-light cam-
era, which may be integrated in a user electronic device,
an ultraviolet camera, and an infrared camera. Addition-
ally or alternatively, the at least one image may be ac-
quired by transferring from a memory. The memory may
be integrated in a user electronic device, or may be in or
accessible by a web server. The at least one image may
consist of a single image, or comprise multiple images.
Optionally, the at least one image may be stored in a
memory once acquired.
[0010] Optionally, acquiring image data pertaining to
the document may further comprise manipulating the at
least one image to obtain image data pertaining to the
document. Manipulating the at least one image to obtain
image data may comprise applying one or more image
transforms to the at least one image, such as rotation,
resizing, contrast adjustment, brightness adjustment,
colour adjustment, gamma correction. Alternatively or
additionally, manipulating the at least one image to obtain
image data pertaining to the document may comprise
cropping the at least one image.
[0011] The image data pertaining to the document may
consist of a single document image, which may comprise
multiple facial representations. Thus, manipulating the
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at least one image to obtain data pertaining to the doc-
ument may optionally comprise forming a single docu-
ment image from the at least one image. Alternatively,
the image data pertaining to the document may comprise
multiple document images, wherein at least two of the
multiple document images may comprise a facial repre-
sentation.
[0012] Preferably, performing facial detection on the
image data comprises using at least one face detection
algorithm. Optionally, a first face detection algorithm may
be used to detect a first facial representation and a sec-
ond face detection algorithm may be used to detect a
second facial representation. The least one face detec-
tion algorithm is preferably trained via a machine learning
algorithm.
[0013] The one or more facial representations each
comprise an image of a face, and may each have one or
more computer-readable characteristics. For example, a
facial representation may be formed of pixels, which may
be of varying shades, greyscale, or colour, or may be
formed of alphanumeric characters. Additionally or alter-
natively, a facial representation may be visible under vis-
ible light, or under only ultraviolet or infrared light. A facial
representation may also be a hologram.
[0014] Selecting a first facial representation and a sec-
ond facial representation may be performed automatical-
ly based on one or more detected computer-readable
characteristics of the detected facial representations. For
example, the first facial representation may be formed of
pixels, and the second representation may be formed of
alphanumeric characters. Alternatively, selecting a first
facial representation and a second facial representation
may be performed automatically by random selection.
Optionally, if three or more representations are detected,
the method may comprise selecting a third facial repre-
sentation and a fourth facial representation and perform-
ing the determining step using the third facial represen-
tation and the fourth facial representation.
[0015] Optionally, determining whether the image of a
face of the first facial representation corresponds to the
image of a face of the second facial representation may
comprise determining whether the image of a face of the
first facial representation matches the image of a face of
the second facial representation.
[0016] Preferably, determining whether the image of a
face of the first facial representation corresponds to the
image of a face of the second facial representation com-
prises the steps of: extracting at least one feature from
each of the first facial representation and the second fa-
cial representation; combining the extracted features to
produce a pair-feature representation; and determining
whether the image of a face of the first facial represen-
tation corresponds to the image of a face of the second
facial representation using the pair-feature representa-
tion.
[0017] Optionally, determining whether the image of a
face of the first facial representation corresponds to the
image of a face of the second facial representation may

further comprise determining at least one feature for ex-
traction from each of the first facial representation and
the second facial representation. The determining may
be performed via computer vision algorithm such as a
KAZE algorithm, or a Local Binary Patterns (LBP) algo-
rithm. Additionally or alternatively, the determining may
be performed via a Deep Neural Network (DNN), which
may be trained by deep machine learning. In some in-
stances, the at least one feature may consist of multiple
features, where at least one feature of the multiple fea-
tures is determined by a computer vision algorithm and
at least one feature of the multiple features is determined
by a DNN.
[0018] Preferably, determining whether the image of a
face of the first facial representation corresponds to the
image of a face of the second facial representation is
performed using a machine learning algorithm. The ma-
chine learning algorithm may be trained using pair-fea-
ture representations.
[0019] Optionally, combining the extracted features
may comprise combining at least one feature extracted
from the first facial representation with at least one cor-
responding feature extracted from the second facial rep-
resentation. Optionally, combining the extracted features
may comprise combining all features extracted from the
first facial representation with all features extracted from
the second facial representation. In any case, combining
the extracted features may comprise one or more of: con-
catenating the extracted features of the first facial repre-
sentation with the extracted features of the second facial
representation; adding the extracted features of the first
facial representation to the extracted features of the sec-
ond facial representation; and subtracting the extracted
features of the second facial representation from the ex-
tracted features of the first facial representation, or sub-
tracting the extracted features of the first facial represen-
tation from the extracted features of the second facial
representation.
[0020] Optionally, prior to the determining, at least one
transform may be applied to at least one of the first facial
representation and second facial representation such
that the first facial representation and the second facial
representation are in the same representation space,
which may be an embedded space. A first transform may
be applied to the first facial representation to transform
the first facial representation into the representation
space of the second facial representation. Alternatively,
a second transform may be applied to the second facial
representation to transform the second facial represen-
tation into the representation space of the first facial rep-
resentation. Alternatively, a first transform may be ap-
plied to the first facial representation and a second trans-
form is applied to the second facial representation to
transform both the first facial representation and the sec-
ond facial representation into a representation space dif-
ferent from the representation space of the first facial
representation and the representation space of the sec-
ond facial representation. The at least one transform may
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be trained via a machine learning algorithm.
[0021] There is also provided a computer-implement-
ed method for testing the authenticity of an official doc-
ument comprising the above-described method, and fur-
ther comprising: determining whether the document is
authentic based on whether the image of a face in the
first facial representation corresponds to the image of a
face in the second facial representation.
[0022] Optionally, if the images of faces correspond, a
flag may be set in memory which identifies the document
as being authentic. Likewise, if the images of faces do
not correspond, a flag may be set in memory which iden-
tifies the document as not being authentic. Optionally, if
less than two facial representations are detected, a flag
may be set in memory which identifies the document as
being invalid. An indicator of any of the flags set in mem-
ory may be transmitted to a user electronic device, and
the user may be optionally be alerted of the indicator
received by user electronic device. When the indicator
relates to the document being invalid, the indicator may
prompt the user to acquire image data from a second
document. The above-described method may then be
repeated for the second document.
[0023] There is also provided a computer-readable
medium comprising executable instructions for perform-
ing the above-described method.
[0024] There is also provided a computer comprising
a processor configured to execute executable code
stored in memory, wherein the executable code compris-
es instructions for performing the above-described meth-
od.

Brief Description of Drawings

[0025] The present disclosure is made by way of ex-
ample and with reference to the accompanying drawings
in which:

Fig. 1 is a component diagram of a system that may
be used to implement the present invention.

Fig. 2 is a diagram showing components of the sys-
tem of Fig 1.

Fig. 3 is a front view of a user electronic device that
may operate according to the present invention.

Fig. 4 is a schematic diagram of components of the
user electronic device that may operate according
to the present invention.

Fig. 5 presents a block image of an exemplary official
document.

Fig. 6A and 6B present exemplary facial represen-
tations.

Fig. 7 presents a flow diagram according to the

present invention.

Fig. 8 presents a flow diagram for determining if facial
representations correspond according to the present
invention.

Detailed Description

[0026] Fig. 1 shows a system 10 in which, according
to one embodiment, the disclosed method is implement-
ed. The system comprises user electronic devices 201,
202, including mobile electronic device 201, fixed loca-
tion electronic device 202, and server 203. The user elec-
tronic devices are in communication with at least one
communication network 302 (which may, but not neces-
sarily, include wireless network 301). Data may be com-
municated between the user electronic devices. The at
least one communication network 302 may include the
internet, an internet of things (loT) network, a cellular
network, or the like. The wireless network 301 may, for
example, be a 4G LTE network or WiFi communication
network, or any other conventionally known wireless
communication network. The described network archi-
tecture is only exemplary and modifications to it, including
removing or adding of network components, are possible.
[0027] Fig. 2 shows selected aspects of the network
system 10 shown in Fig. 1. Specifically, it shows a mobile
electronic device 201 in communication, over the wire-
less network 301, with a server 203. The server 203 is
an electronic device that can be accessed across the
network 302 by user electronic devices 201, 202 to per-
form computational tasks. The mobile electronic device
201 comprises a communication subsystem 211 to en-
able communication across the wireless network 301.
The mobile electronic device 201 further comprises at
least one application 225 that can be executed on a proc-
essor 240 and a camera 253 that can be used to acquire
image data. The image data and applications 225 are
stored in memory 244 on the mobile electronic device
201.
[0028] Fig. 2 also shows a server 203 which is con-
nected to the wireless network 301 by a wireless network
interface 303 and a network interface 411. The server
203 further comprises applications 412 that can be exe-
cuted on a processor 440. The server further comprises
memory 444 on which the applications 412 and any data
that is received from the wireless network 301, and any
electronic device connected thereto, can be stored. The
server 203 may be distributed and comprise multiple
servers, several processors and/or several memory stor-
age locations. Such a distributed server 203 may operate
by distributing computational tasks and data across its
constitute parts and may communicate with other servers
to perform computational operations.
[0029] Figs. 3 and 4 provide further details of the mobile
electronic device 201 through which a user may work the
method disclosed herein. The mobile electronic device
201 comprises a display 204, the camera 253, and an
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electromagnetic (EM) radiation source 257 for illuminat-
ing the area to be imaged with the camera 253. The mo-
bile electronic device 201 is an example of a user elec-
tronic device by which a camera 253 may be used to
capture image data of an official document 500. This im-
age data may be communicated over the wireless net-
work 301 to the server 203 and stored in the server mem-
ory 444. Other components of the mobile electronic de-
vice 201 include an input device 206, such as a touch
screen or a keyboard, a microphone 258, and an orien-
tation system 249, such as a gyroscope or GPS position-
ing system.
[0030] The memory 244 of the mobile electronic device
201 includes an operating system 223 which stores the
computer-readable code for operating the mobile elec-
tronic device 201. As mentioned, the memory 244 also
includes applications 225, such as identity authentication
application 225, which are downloadable to memory 244
from server 203 via the at least one communication net-
work 302, or are pre-stored on the memory 244. Other
data 227 may also be present in memory 244 such as
current and historical metadata of the mobile electronic
device 201.
[0031] The fixed location device 202 may have similar
components to the mobile electronic device 201. The
components may be integrated into the fixed location de-
vice 202, or may be in communication with the fixed lo-
cation device via a port in the fixed location device 202.
For example, camera 253 may be connected to the fixed
location device 202 via a USB port or similar in the fixed
location device 202.
[0032] In the server 203, application software of the
stored applications 412 executes on the processor 440
to acquire image data pertaining to the official document
500. The result of this extraction may be communicated
back across the wireless network 301 to the mobile elec-
tronic device 201 and displayed on the display 204 to a
user.
[0033] It will be understood that the system 10 de-
scribed above is merely an exemplary system 10 for im-
plementing the disclosed method defined herein.
[0034] An official document 500 may take one of many
forms such as a driving license, a passport, a utility or
other bill, a birth certificate, a benefits book, a state iden-
tity card, or a residency permit. The term "official docu-
ment" is therefore intended to cover any document that
contains structured information that may be used to verify
a person’s identity or an aspect relating a person, for
example their address. The different forms of official doc-
ument 500 may be referred to herein as being a particular
"type" of official document 500, which may be further re-
stricted by the territory of issue. For example, an official
document type might be ’UK passport’, a Finnish driving
licence’, etc.
[0035] Referring to Fig. 5, there is an official document
500, which comprises at least one feature such as a facial
photograph 510, a secondary facial image 520, or one
or more lines of text 550. The at least one feature may

be positioned in set locations within the official document
500. The at least one feature may also have set size and
format. For example, in an exemplary official document
500, there may be positioned at 5 mm in from the left
edge and 20 mm down from the top edge a facial photo-
graph in a particular size and format. For example, the
facial photograph may be 40 mm high and 20 mm wide,
and depict a face formed of colour pixels (representing
the natural colours of the face) at 1200 dots per inch. To
reduce the likelihood of counterfeiting, the structure and
format of the official document 500, and its constituent
features, may be restricted or difficult to obtain and there-
fore reproduce. It will be appreciated that particular types
of official document 500 have particular structures and
formats.
[0036] One particular feature in an official document
500 that is useful for the disclosed method is a facial
representation. The term "facial representation" as used
herein is intended to mean any image of a face contained
in the official document 500, for example facial photo-
graph 510 and secondary facial image 520. Such facial
representations are not restricted to images of faces ob-
tained directly by photography, but also includes images
of faces having one or more characteristics which deviate
from those obtained directly by photography. For exam-
ple, the facial representation may be an image of a face
which is formed of alphanumeric characters, such as that
shown in Fig. 6B.
[0037] Facial representations in an official document
500 have one or more characteristics which are specific
to that type of official document 500. For example, a facial
representation may be formed of pixels, or formed of al-
phanumeric and/or non-alphanumeric characters. In oth-
er types of official document 500, a facial representation
may be visible in visible light, for example a hologram.
Alternatively, a facial representation may only be visible
under ultraviolet or infrared light. Other characteristics
which are present in certain types of official document
500 are also suitable for use with the described method.
These one or more characteristics may be computer-
readable.
[0038] As mentioned, in some types of official docu-
ment 500, a facial representation is formed of pixels. This
is the most common computer-readable characteristic of
a facial representation in an official document. The pixels
may have a range of shades, which may be either grey-
scale shades or colour shades, forming a greyscale facial
representation or a colour facial representation respec-
tively. Alternatively, the pixels may be selected from two
shades or colours to form a binary facial representation.
Where the facial representation is formed of pixels, the
camera 253 of the user electronic device 201, 202 may
be used to capture image data of an official document
500 which contains the facial representation formed of
pixels. This image data may then be read by processor
240 or processor 440. The facial photograph 510 shown
in Fig. 6A is an example of a binary facial representation
formed of pixels.
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[0039] In some types of official document 500, a facial
representation is formed of alphanumeric and/or non-al-
phanumeric characters. Alphanumeric characters may
include both upper- and lower-case letters, A to Z, as
well as the 10 Arabic numerals, 0 to 9. For official docu-
ments 500 written in certain languages, alphanumeric
characters may also include letter variations such as é
and ç. Non-alphanumeric characters may include punc-
tuation characters (for example, !, @, #, (,), ?, /) as well
as symbol characters (for example, ∼, £, +, <, >). Option-
ally, the alphanumeric and/or non-alphanumeric charac-
ters may indicate an aspect relating a person such as a
personal identifier. For instance, in an exemplary official
document 500, the secondary facial image 520 is con-
structed from the letters and numbers that make up the
surname and date of birth of the person. This aspect may
be used to authenticate the official document 500, or to
improve authentication of the official document 500. The
second facial image 520 shown in Fig. 6B is an example
of a facial representation formed of alphanumeric and/or
non-alphanumeric characters.
[0040] Where the facial representation is formed of al-
phanumeric or non-alphanumeric characters, the cam-
era 253 of the user electronic device 201, 202 may be
used to capture image data of an official document 500
which contains the facial representation formed of alpha-
numeric and/or non-alphanumeric. This image data may
then be read by processor 240 or processor 440. Option-
ally, the processor 440 may decipher from the alphanu-
meric and/or non-alphanumeric characters of the image
data an aspect relating to the person.
[0041] It is appreciated that alphanumeric characters
and non-alphanumeric characters are in fact formed of
pixels. Thus, the alphanumeric and/or non-alphanumeric
characters may have a range of shades, which may be
either greyscale shades or colour shades. Alternatively,
the alphanumeric and/or non-alphanumeric characters
may be selected from two shades or colours. However,
where it is mentioned herein that the facial representation
is formed of pixels, it is intended to exclude the possibility
that the facial representation is formed of alphanumeric
or non-alphanumeric characters so as to distinguish
these two types of facial representation.
[0042] In some types of official document 500, a facial
representation is a hologram. Holograms are sometimes
used in an official document 500 as an additional security
feature. Where the facial representation is a hologram,
the camera 253 of the user electronic device 201, 202
may be used to capture image data of an official docu-
ment 500 which contains the hologram. Preferably, the
image data comprises multiple images or a video of the
official document 500. This image data may then be read
by processor 240 or processor 440. Reconstruction of a
two-dimensional image from the hologram may then be
performed by processor 240 or processor 440 using any
suitable image reconstruction algorithm known in the art.
[0043] A facial representation in an official document
500 captured according to the invention does not neces-

sarily have to be normally visible under visible light to a
human. In some types of official document 500, a facial
representation may only be visible under ultraviolet light
or under infrared light. Such facial representations are
sometimes used in an official document 500 as an addi-
tional security feature. For instance, in an exemplary of-
ficial document 500, the secondary facial image 520 may
be printed in ink which is only viewable under ultraviolet
light.
[0044] Where the facial representation is only visible
under ultraviolet light or infrared light, the camera 253 of
the user electronic device 201, 202 generally cannot be
used to capture image data of an official document 500.
Instead, the image data may be captured by an infrared
camera 150 (not shown) or an ultraviolet camera 160
(not shown) which is in communication with the server
203 or the user electronic device 201, 202. This image
data may then be read by processor 240 or processor
440.
[0045] The facial representation characteristics de-
scribed above are merely exemplary based on those
commonly seen in different types of official document
500. The facial representation may have other charac-
teristics such as being formed of a thermochromatic ink,
an ink that is reactive to particular solvents, an optically
variable ink, a magnetic ink, a biometric ink, etc. Suitable
detection methods for such inks which can communicate
with the server 203 or one of the electronic devices 201,
202 are known in the art.

Overview of the Method

[0046] The disclosed method is directed towards test-
ing the authenticity of an official document 500. An aspect
of this method is determining whether the image of a face
in each of two of the facial representations contained in
the document correspond to one another, regardless of
any difference in characteristics of the two facial repre-
sentations. For example, referring to the exemplary facial
representations in Fig. 6A and Fig. 6B, the method de-
termines whether the image of a face in facial photograph
510 corresponds to the image of a face in the secondary
facial image 520. Assuming that the facial photograph
510 and secondary facial image 520 are part of an official
document 500, as shown in Fig. 5, the method then de-
termines the authenticity of the document based on
whether the images of faces were deemed to correspond.
[0047] Although in some instances the method de-
scribed above may be performed by a human, such a
determination is difficult for a human to make accurately
as differences in the characteristics of the facial repre-
sentations may obscure any differences in the images of
the faces. In fact, it is often difficult for a human to deci-
pher minor differences appearing in the images of faces
of two facial representations because of differences al-
ready present in the two facial representations as a result
of their different characteristics. The disclosed method
overcomes this problem by implementing the method on
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a computer (for example, user electronic device 201, 202,
or server 203) and using computer processing and com-
puter-vision to exceed the limitations of human vision and
visual analysis.
[0048] Referring to Fig. 7, an overview of the disclosed
method is provided below. The method is preferably per-
formed by processor 440, although the method may al-
ternatively be performed by processor 240, or be per-
formed by processor 440 in conjunction with processor
240.
[0049] The method comprises the basic steps of:

acquiring image data pertaining to the document
(step 710);
performing facial detection on the image data to de-
tect one or more facial representations existing with-
in the document (step 720);
if two or more facial representations are detected
(step 730), selecting a first facial representation and
a second facial representation (step 740);
determining whether the image of a face of the first
facial representation corresponds to the image of a
face of the second facial representation (step 750).

[0050] As noted from the step above, the method is
not restricted to an official document 500, but may also
be used for any document where at least two facial rep-
resentations are present. For instance, the method may
be used with two images of faces to determine if a cop-
yright has been infringed.
[0051] The steps above are now described below in
detail. The additional steps shown in Fig. 7 which are not
mentioned above are optional and are also described
below in detail.

Acquiring Image Data

[0052] With reference to step 710 of Fig. 7, the first
step of the method is to acquire image data pertaining to
the document.
[0053] Acquiring image data pertaining to the docu-
ment preferably comprises acquiring at least one image
of at least a part of the document. The at least one image
may be of at least a page of the document, or a substantial
portion of the page. For example, the at least one image
may comprise at least 90% of the page.
[0054] The at least one image may comprise multiple
images. The multiple images may be, for example, a first
image comprising a first page of an official document 500
and a second image comprising a second page of an
official document 500. For instance, referring to the offi-
cial document 500 in Fig. 5, the first image may be of the
lower page with the facial photograph 510, and the sec-
ond image may be of upper page with the secondary
facial image 520. Alternatively, the at least one image
may consist of a single image. For instance, referring
again to the official document 500 in Fig. 5, the single
image may be of both the upper and lower pages.

[0055] The at least one image may be acquired via a
camera 253 of a user electronic device 201, 202. For
example, image data may be acquired via an identifica-
tion authentication application 225 (or webpage) ac-
cessed via user electronic device 201, 202. When the
application 225 is first accessed it loads and executes
the applications on to the user electronic device 201, 202.
The identification authentication application 225 may
then prompt the user, via display 204 or speaker 256, to
use the camera 253 to take a photograph of an official
document 500, possibly using a separate camera appli-
cation. Additionally or alternatively, the at least one image
may be acquired by transferring from memory 244 of the
user electronic device 201, 202. In such case, the iden-
tification authentication application 225 may allow the us-
er to upload an image stored in memory 244 on the user
electronic device 201, 202.
[0056] For facial representations with certain charac-
teristics, such as those only visible in ultraviolet or infra-
red light, obtaining an image via a camera 253 of the user
electronic device 201, 202 may not be possible. Instead,
the at least one image may be acquired via a separate
infrared camera 150 (not shown) or an ultraviolet camera
160 (not shown) which is in communication with the serv-
er 203 or the user electronic device 201, 202. Where the
infrared camera 150 or the ultraviolet camera 160 is in
communication with the user electronic device 201, 202,
the identification authentication application 225 may
prompt the user, via display 204 or speaker 256, to use
the infrared camera 150 or the ultraviolet camera 160 to
take a photograph of an official document, possibly using
a separate camera application. Alternatively, where the
infrared camera or the ultraviolet camera are in commu-
nication with the server 203, the application 412 may
prompt acquisition of the at least one image via the in-
frared camera 150 or the ultraviolet camera 160.
[0057] Once the at least one image has been acquired,
the at least one image may be stored in memory 244, or
server memory 444. The memory 244 and/or server
memory 444 may include permanent data storage, such
as an optical hard drive, a solid state hard drive, a re-
movable optical disk, etc. Alternatively or additionally,
the memory 244 and/or server memory 444 may include
non-permanent data storage, such as a cache or random
access memory (RAM).
[0058] In some examples, the server memory 444 may
have previously acquired and stored the at least one im-
age. The at least one image may then be acquired via
server memory 444 integrated in or accessible by a serv-
er 203, which is connected at least one communication
network 302, rather than via identification authentication
application 225.
[0059] Acquiring image data pertaining to the docu-
ment may also involve acquiring metadata from the at
least one image. The acquired metadata may include
one or more of: when the image was captured, the size
of the image, the author name, the focal length, the ex-
posure time, the type of user electronic device 201, 202
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and camera 253 used to capture the image, the GPS
coordinates or the location the image was captured at,
etc. This metadata may be used to assist in authenticat-
ing the official document 500.
[0060] Acquiring image data pertaining to the docu-
ment may also involve creating metadata for the at least
one image. The created metadata may include one or
more of: personal details contained in the official docu-
ment 500 such as name, date of birth, address, telephone
number, nationality; and an indication of the type of offi-
cial document 500 (e.g. passport). To achieve this, the
at least one image may be passed through a data ex-
traction pipeline that is capable of classifying the type of
official document 500 in the image and extracting data
from the classified document. One such data extraction
pipeline is described in European patent application no.
18151286.4.
[0061] Once the at least one image has been acquired,
the at least one image may be manipulated before facial
detection is performed. Thus, acquiring image data per-
taining to the document may further comprise manipu-
lating the at least one image to obtain image data per-
taining to the document.
[0062] The purpose of this manipulation is to manipu-
late the image data into a suitable form for facial detec-
tion. For example, the at least one image may be adapted
such that image data pertaining to a particular type of
official document 500 is put in a particular form which is
made consistent for that type of document. Advanta-
geously, by increasing the consistency of the input of the
facial detection step, an improvement in the accuracy
and consistency of the output of the facial detection step
is achieved.
[0063] Manipulating the at least one image to obtain
image data pertaining to the document may comprise
applying one or more image transforms to the at least
one image. The one or more image transforms may in-
clude: rotation, resizing, contrast adjustment, brightness
adjustment, colour adjustment, gamma correction, etc.,
although any other image transformation and editing
techniques may also be used. The one or more image
transforms may be implemented in the disclosed method
by any suitable image transform algorithm known to the
skilled person.
[0064] In some cases, a different image transform may
be applied to each image. For example, each image may
be rotated until the top and bottom edges of the document
appearing in the image are aligned with the horizontal
axis of the image frame. In this case, the size of the ro-
tation is likely to differ for each image, particularly if the
images are captured by camera 253 of user electronic
device 201, 202.
[0065] In some cases, the same image transform may
be applied to each image. For example, the image trans-
form may compensate for a particular characteristic of
camera 253. The characteristic of the camera 253 to be
compensated may be detected from the at least one im-
age, or may be identified by the metadata of the at least

one image. For instance, if the metadata of a number of
images indicates a shorter than expected exposure time,
the brightness may be adjusted in the same way for all
of the images originating from camera 253 to compen-
sate for the camera’s characteristics.
[0066] Once the at least one image has been acquired,
it may also be desirable to remove any image data which
is not part of the document. For example, if the image
data contains data representing a background behind
the document, then this background data may be re-
moved. This step is particularly useful if any facial rep-
resentations appear in the background (for example, fa-
cial representations in a document behind the document
being imaged, or the face of a user holding up the doc-
ument), as removing these will improve the accuracy of
the facial detection step. Accordingly, manipulating the
at least one image to obtain image data pertaining to the
document may comprise cropping the at least one image.
[0067] For images where both cropping and transfor-
mation are required, these processes may be performed
in any order.
[0068] Once the at least one image has been acquired,
the image data pertaining to the document may comprise
multiple document images. In other words, each of the
at least one images may form a single document image.
In this case, at least two of the multiple document images
should include a facial representation, otherwise face de-
tection and matching cannot be performed. For example,
referring to the official document 500 in Fig. 5, a first
image of the lower page with the facial photograph 510
may be the first document image, and a second image
of the upper page with the secondary facial image 520
may be a second document image. Without both facial
photograph 510 and secondary facial image 520, face
detection and matching cannot be performed.
[0069] Alternatively, the image data pertaining to the
document may consist of a single document image.
[0070] This means that when the at least one image
comprises multiple images, the multiple images must be
formed into a single document image. In other words, the
step of manipulating the at least one image to obtain data
pertaining to the document may comprise forming a sin-
gle document image from the at least one image. One
exemplary method for forming a single document image
is to position the multiple images adjacent to each other
in a single image frame representing a document image.
In other words, the multiple images are concatenated
into a single document image. For example, referring to
the official document 500 in Fig. 5, a first image of the
lower page with the facial photograph 510, and a second
image of the upper page with the secondary facial image
520 may be positioned in the way shown in Fig. 5 to form
a single document image. Preferably, the single docu-
ment images have at least two facial representations,
otherwise face detection and matching cannot be per-
formed.
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Facial Detection

[0071] With reference to step 720 of Fig. 7, the second
step of the method is to perform facial detection on the
image data to detect one or more facial representations
existing within the document. The aim of this step is to
detect in the official document 500 all facial representa-
tions existing within that document, such as facial pho-
tograph 510 and secondary facial image 520.
[0072] Performing facial detection on the image data
may be performed using at least one face detection al-
gorithm on the image data. A face detection algorithm,
as the name suggests, is an algorithm which detects hu-
man faces within image data. One suitable face detection
algorithm for use with the disclosed method is discussed
in Viola, P., and Jones, M., "Rapid Object Detection Using
a Boosted Cascade of Simple Features," Proceedings of
the 2001 IEEE Computer Society Conference on Com-
puter Vision and Pattern Recognition (CVPR), Vol. 1,
2001, pp. 511-518. This particular face detection algo-
rithm detects, in a cascading manner, a series of features
in the image data that each represent part of a face. For
example, the algorithm may first detect vertical bright
bands in the image data that might represent a nose,
then detect horizontal dark bands that might represent
eyes, and then detect other general patterns associated
with faces. Since the face detection algorithm discussed
in Viola and Jones is based on conventional machine
learning and computer vision techniques, only a small
amount of training image data is required. Another suit-
able face algorithm for use with the disclosed method
that is described in King, D.E., "Dlib-ml: A machine learn-
ing toolkit", Journal of Machine Learning Research, 10,
pp. 1755-1758, 2009, is based on histogram of oriented
gradients (HOG) features and support vector machines
(SVM). Similar to Viola and Jones, the face detection
algorithm in King requires only a small set of training im-
age data.
[0073] When a large set of training image data is avail-
able, a deep learning method may be utilised for face
detection. An exemplary face detection algorithm used
for implementing a deep learning method is described in
Zhang, K., Zhang, Z., Li, Z. and Qiao, Y., "Joint face de-
tection and alignment using multitask cascaded convo-
lutional networks", IEEE Signal Processing Letters,
23(10), pp.1499-1503, 2016.
[0074] In many types of official document 500, there is
variation in the size and hence resolution of each of the
facial representations contained in that official document
500. Typically, the resolution of the facial photograph 510
is found to be higher than that of the secondary facial
image 520. This difference may result in poor perform-
ance for a face detector algorithm which is used to detect
both of the facial photograph 510 and the second facial
image 520. In order to overcome this problem, the
present method may employ two different face detection
algorithms, one for each of the facial photograph 510 and
the second facial image 520.

[0075] Thus, the step of performing facial detection on
the image data may include using a first face detection
algorithm and a second face detection algorithm on the
image data. In such case, the first face detection algo-
rithm may be configured to detect a higher resolution
facial representation than the second face detection al-
gorithm. In this way, the first face detection algorithm may
be configured to detect a first facial representation, such
as facial photograph 510, whereas the second face de-
tection algorithm may be configured to detect a second
facial representation, such as second facial image 520.
[0076] The first and second facial detection algorithms
may be different types of face detection algorithm. For
example, the first face detection algorithm may use the
conventional machine algorithm and computer vision
techniques discussed in Viola and Jones, whilst the sec-
ond face detection algorithm may use the deep learning
method discussed in King. The type of face detection
algorithm may be chosen based on the availability of
training image data. If a large amount of training data is
available, face detection is preferably performed via the
deep learning method.
[0077] To optimise the at least one face detection al-
gorithm, training may be performed via a machine learn-
ing algorithm for a particular facial representation of a
particular official document type, for example for facial
photograph 510 of official document 500. In this way, the
at least one face detection algorithm can be trained to
find a specific facial representation contained in a docu-
ment. As discussed above, this training may use a small
or large amount of image data from sample official doc-
uments and/or computer-generated official document im-
age data.
[0078] Of course, if more than two facial representa-
tions with different resolutions are contained within the
document, then more than two face detection algorithms
may be used on the image data. Generally speaking, the
number of face detection algorithms may be the same
as the number of facial representations typically found in
a particular type of official document 500.
[0079] Once one or more facial representations have
been detected within the document, the one or more fa-
cial representations may be stored in memory 244 and/or
server memory 444.

Facial Representation

[0080] With reference to step 730 of Fig. 7, the third
step is to determine whether two or more facial repre-
sentations have been detected. This may be achieved
by, for example, summing the number of facial represen-
tations stored in memory 244 and/or server memory 444,
or storing in memory 224 and/or server memory 444 a
total of the number of facial representations detected.
[0081] If it is identified that two or more facial repre-
sentations have been detected, then the method pro-
ceeds to step 740. However, with reference to optional
step 731 of Fig. 7, if less than two facial representations
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have been detected, a flag may be set in memory 244
and/or server memory 444 which identifies the document
as being invalid. A "valid" document is defined as a doc-
ument which comprises at least two facial representa-
tions.
[0082] Once a flag has been set in memory 224 and/or
server memory 444, an indicator may be transmitted to
the user electronic device 201, 202, prompting the user
to acquire image data from a second document, as per
step 732 of Fig. 7. For example, the identification authen-
tication application 225 may display an error message
and prompt the user, via display 204 or speaker 256, to
provide a different document. Steps 710 to 730 may be
repeated until a valid document is provided by the user.
[0083] With reference to step 740 of Fig. 7, once a valid
document is provided, the next step is to select a first
facial representation and a second facial representation
from the two or more facial representations that have
been detected.
[0084] Preferably, selecting a first facial representation
and a second facial representation is performed auto-
matically based on one or more computer-readable char-
acteristics of the detected facial representations. The
computer-readable characteristics are those described
above. The first facial representation may be selected to
have certain computer-readable characteristics, where-
as the second facial representation may be selected to
have other computer-readable characteristics. For ex-
ample, the first facial representation may be a facial rep-
resentation formed of pixels, such as facial photograph
510, and the second facial representation may be a facial
representation formed of alphanumeric and/or non-al-
phanumeric characters, such as secondary facial image
520.
[0085] Additionally or alternatively, selecting a first fa-
cial representation and a second facial representation
may be performed automatically based on the type of
official document 500. In particular, the format of the par-
ticular type of official document 500 and its facial repre-
sentations may be taken into consideration for selecting
the first and second facial representations. For example,
in exemplary official document 500 of Fig. 5, the facial
photograph 510 may always be selected as the first facial
representation, and the secondary facial image 520 may
always be selected as the second facial representation.
Thus, in addition to, or as an alternative to, using the
characteristics of the facial representation, the first and
second facial representations may be selected based on
size, format, and/or position of the facial representation
within the official document 500.
[0086] Alternatively, selecting a first facial representa-
tion and a second facial representation may be per-
formed automatically by random selection. Any suitable
randomised selection algorithm may be used to imple-
ment this selection.
[0087] With reference to Fig. 7, once the first and sec-
ond facial representations are selected, the method may
proceed to step 750 to determine if the image of a face

in the first and second facial representations correspond.
Optionally, if three or more facial representations have
been detected, then a third facial representation and a
fourth facial representation may be selected, and step
750 may additionally determine if the image of a face in
the third and fourth facial representations correspond.
This may be repeated for a fifth and sixth facial repre-
sentation, etc., until all of the pairs of facial representa-
tions in the official document 500 have been tested.
[0088] The selection of the third, fourth, fifth, sixth, etc.
facial representation may be performed in a similar way
to the section of the first and second facial representation,
as described above

Determining Correspondence

[0089] With reference to step 750 of Fig. 7, the next
step is to determine whether the image of a face of the
first facial representation corresponds to the image of a
face of the second facial representation. The aim of this
step is to ascertain whether the images of faces con-
tained in the official document 500 are based on identical
photographs of an identical person. Put another way, the
step aims to ascertain whether the facial representations
are derived from the same original photograph of a per-
son.
[0090] By "correspond" it is meant that the image of a
face of the first and second facial representations have
a high degree of similarity, and thus a high likelihood of
being the same image of a face.
[0091] In such case, the likelihood of being the same
image of a face may be greater than a first threshold T1,
where the first threshold may be one of: 50%, 60%, 70%,
80%, or 90%.
[0092] Optionally, the step of determining whether the
image of a face of the first facial representation corre-
sponds to the image of a face of the second facial rep-
resentation may include determining whether the image
of a face of the first facial representation matches the
image of a face of the second facial representation. By
"matches" it is meant that the image of a face of the first
and second facial representations are required to have
a higher degree of similarity than that required for corre-
spondence, and thus a higher likelihood of being the
same image of a face than for those deemed to corre-
spond. In such case, the likelihood of being the same
image of a face may be greater than a second threshold
T2, where the second threshold may be one of: 95%,
99%, 99.5%, or 99.9%.
[0093] The required level of similarity will generally be
defined by the exact application of the disclosed method.
The specified threshold values given above are therefore
merely exemplary.
[0094] The step of determining whether the image of
a face of the first facial representation corresponds or
matches to the image of a face of the second facial rep-
resentation may be achieved by directly comparing the
intensities of pixels that facial representations contain.
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However, the utilisation of pixel intensities could result in
an inaccurate determination of whether the official doc-
ument 500 is authentic. This is because pixel intensities
are usually affected by different factors such as occlu-
sion, illumination conditions, etc. particularly when the
pixel intensities are derived from image data captured by
a camera 253 of a user electronic device 201, 202. In
order to overcome these problems, the disclosed method
extracts features from each facial representation in order
to perform the determination of correspondence or
matching.
[0095] In particular, referring to Fig. 8, the step of de-
termining whether the image of a face of the first facial
representation corresponds to the image of a face of the
second facial representation may comprise at least the
steps of:

extracting at least one feature from each of the first
facial representation and the second facial represen-
tation (step 753);
combining the extracted features to produce a pair-
feature representation (step 754); and
determining whether the image of a face of the first
facial representation corresponds to the image of a
face of the second facial representation using the
pair-feature representation (step 755).

[0096] Each feature that is extracted from the first facial
representation preferably corresponds to each feature
that is extracted from the second facial representation.
For instance, if the feature extracted from the first facial
representation is the jawline, then the jawline will also be
extracted from the second facial representation. Similar-
ly, if the feature extracted from the first facial represen-
tation is the iris, then the iris will also be extracted from
the second facial representation.
[0097] The extracted features may take many forms,
such as a vector form or a bitmap form (also referred to
as a raster form). The extracted features may be in a
particular form for a particular extracted feature, depend-
ing on which form is most suitable for that type of feature.
For example, if the extracted feature is the jawline, which
can be represented as a single continuous line, then the
extracted feature may take a vector form. In another ex-
ample, if the extracted feature is the iris, which can be
represented as a colour image, then the extracted feature
may take a bitmap form.
[0098] Extracting the at least one feature from each of
the first facial representation and the second facial rep-
resentation may be performed by extracting holistic fea-
tures from a preselected facial region. Suitable features
for extraction may include, for example, one or more of:
the forehead, which is bordered laterally by the temples
and inferiorly by eyebrows and ears; the eyes, sitting in
the orbit and protected by eyelids, and eyelashes; the
nose, in particular its shape, the nostrils, and nasal sep-
tum; the cheeks covering the maxilla and mandibular (or
jaw), the extremity of which is the chin; and the mouth,

with the upper lip divided by the philtrum, and the teeth.
These features are merely exemplary, and other features
may be selected. Alternatively, other features may be
determined by an automated means using facial land-
marks. In particular, as is further discussed below, once
facial landmark localisation is performed on the first and
second facial representations, and the at least one fea-
ture may be extracted using image patches around the
facial landmarks.
[0099] Once at least one feature has been extracted
from each of the first facial representation and the second
facial representation, the extracted features may be com-
bined to produce a pair-feature representation. The pair-
feature representation is named as such because it si-
multaneously represents the features present in the first
facial representation and the second facial representa-
tion.
[0100] In some instances, the step of combining the
extracted features may include combining at least one
feature extracted from the first facial representation with
at least one corresponding feature extracted from the
second facial representation to form a pair-feature rep-
resentation. In such a case, the pair-feature representa-
tion is associated with a single corresponding feature
from each of the first facial representation and the second
facial representation. Preferably, where more than one
feature is extracted from each of the first facial represen-
tation and the second facial representation, each of the
features extracted from the first facial representation are
combined with each of the corresponding features ex-
tracted from the second facial representation to form mul-
tiple pair-feature representations. In such a case, each
of the multiple pair-feature representations is associated
with a single corresponding feature of each of the first
facial representation and the second facial representa-
tion.
[0101] In other instances, the step of combining the
extracted features may include combining all features
extracted from the first facial representation with all fea-
tures extracted from the second facial representation. In
such instances, there will exist only a single pair-feature
representation for the first facial representation and the
second facial representation.
[0102] Several exemplary methods are described
herein for combining the extracted features. However,
the disclosed method should not be considered limited
by these methods. Any other methods known to the
skilled person for combining the extracted features may
also be used with the disclosed method.
[0103] In some exemplary methods, the step of com-
bining the extracted features may comprise concatenat-
ing the extracted features of the first facial representation
with the extracted features of the second facial represen-
tation. Concatenation of the extracted features causes
the features to be placed adjacent to one another in a
single representation space in order to form a pair-feature
representation. For instance, in the jawline example men-
tioned above, the pair-feature representation would con-
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sist of a first vector representing the jawline from the first
facial representation and a second vector representing
the jawline from the second facial representation.
[0104] In some exemplary methods, the step of com-
bining the extracted features may comprise adding the
extracted features of the first facial representation to the
extracted features of the second facial representation. In
other exemplary methods, the step of combining the ex-
tracted features may comprise subtracting the extracted
features of the second facial representation from the ex-
tracted features of the first facial representation, or sub-
tracting the extracted features of the first facial represen-
tation from the extracted features of the second facial
representation. Addition or subtraction of the extracted
features causes the features to be amalgamated together
in a single representation space in order to form a pair-
feature representation. For instance, in the iris example
mentioned above, the pair-feature representation may
consist of a single bitmap image created by subtracting
each of the pixels of the bitmap image of the iris from the
second facial representation from each of the pixels of
the bitmap image of the iris from the first facial represen-
tation.
[0105] For concatenation, addition or subtraction of ex-
tracted features, the extracted features may be required
to have the same width, height and data type. In other
words, the extracted features may be required to be in
the same representation space. Methods for transform-
ing the facial representations to achieve this are further
discussed below.
[0106] Once the extracted features have been com-
bined into a single pair-feature representation, or multiple
pair-feature representations, it should be determined
whether the image of a face of the first facial represen-
tation corresponds to the image of a face of the second
facial representation using the pair-feature representa-
tion.
[0107] The method used to determine whether the im-
ages of faces correspond may depend on the form of the
pair-feature representation. For instance, in the jawline
example mentioned above, where the pair-feature rep-
resentation consists of a first vector representing the jawl-
ine from the first facial representation and a second vec-
tor representing the jawline from the second facial rep-
resentation, the determination may be made based on
how closely the vectors match, i.e. the distance between
the vectors. In the iris example mentioned above, where
there pair-feature representation consists of a single bit-
map image, the determination may be made based on
the extent of null values or near null values in the bitmap
image. Note that these methods are merely exemplary,
and other methods for determining whether the images
of faces correspond are also considered within the scope
of the disclosed method.
[0108] The methods for determining whether the im-
ages of faces correspond are performed by processor
240 or processor 440 to speed up the processing time
and avoid bottlenecking, rather than by manual checks

performed by a human. However, since there are many
different forms of pair-feature representation, conven-
tionally the identity authentication application 225 or
stored applications 412 would be required to be manually
programmed with a multitude of methods for determining
whether the images of faces correspond, with each of
the multitude of methods relating to a particular form of
pair-feature representation. Moreover, since the number
of different types of official document 500 is vast, and
there are consequently many different forms of facial rep-
resentation (i.e. facial representations with different char-
acteristics), a significant number of different methods
would conventionally need to be manually programmed
for determining whether the images of faces correspond.
Such extensive manual programming is extremely time
consuming.
[0109] In order to avoid the need for extensive manual
programming, and to allow for the method to adapt to
new forms of pair-feature representation easily, deter-
mining whether the image of a face of the first facial rep-
resentation matches the image of a face of the second
facial representation is performed using a machine learn-
ing algorithm. The machine learning algorithm deter-
mines whether a pair-feature representation is indicative
of corresponding images of faces in the first facial rep-
resentation and the second facial representation. Put an-
other way, the machine learning algorithm is trained to
classify pair-feature representations into those which are
formed of images of faces which correspond, and those
which are formed of images of faces which do not corre-
spond.
[0110] The machine learning algorithm, such as a sup-
port vector machine (SVM), may be trained to classify
the pair-feature representations using sample pair-fea-
ture representations. Typically a small number of around
10 or 20 sample pair-feature representations of a partic-
ular form are required by the machine learning algorithm
to classify pair-feature representations into those which
are formed of images of faces which correspond, and
those which are formed of images of faces which do not
correspond, with an acceptable degree of accuracy. The
sample pair-feature representations used for training
may be determined using sample official documents
and/or computer-generated official document image da-
ta.
[0111] As mentioned above, the one or more features
for extraction may be selected or determined by more
complex means. In such a case, referring back to Fig. 8,
the step of determining whether the image of a face of
the first facial representation corresponds to the image
of a face of the second facial representation may further
comprise, prior to the extracting:
determining at least one feature for extraction from each
of the first facial representation and the second facial
representation (step 752).
[0112] As mentioned above, facial landmark localisa-
tion may be performed on the first and second facial rep-
resentations to determine at least one feature for extrac-
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tion from each of the first and second facial representa-
tions. Various methods may be used for facial landmark
localisation, such as conventional machine learning
methods, as described in Matthews, I. and Baker, S.,
"Active appearance models revisited", International Jour-
nal of Computer Vision, 60(2), pp.135-164, 2004, and
deep machine learning methods, as described in Yang,
J., Liu, Q. and Zhang, K., "Stacked hourglass network
for robust facial landmark localisation," IEEE Conference
on Computer Vision and Pattern Recognition Workshops
2017, pp. 2025-2033, and Trigeorgis, G., Snape, P.,
Nicolaou, M.A., Antonakos, E. and Zafeiriou, S., "Mne-
monic descent method: A recurrent process applied for
end-to-end face alignment," Proceedings of the IEEE
Conference on Computer Vision and Pattern Recogni-
tion, 2016, pp. 4177-4187.
[0113] Additionally or alternatively, determining at
least one feature for extraction from each of the first facial
representation and the second facial representation may
be performed via a computer vision algorithm. Suitable
computer vision algorithms include KAZE algorithms, Lo-
cal Binary Patterns (LBP) algorithms, Scale Invariant
Feature Transform (SIFT) algorithms, and speeded up
robust features (SURF) algorithms, and the like. One suit-
able KAZE algorithm for use with the disclosed method
is described in Alcantarilla P. F., Bartoli A., and Davison
A. J., "KAZE features", European Conference on Com-
puter Vision 2012 Oct 7, pp. 214-227. One suitable LBP
algorithm for use with the disclosed method is described
in Ojala T., Pietikainen M., Maenpaa T., "Multiresolution
gray-scale and rotation invariant texture classification
with local binary patterns", IEEE Transactions on pattern
analysis and machine intelligence, 24(7), 971-87, 2002.
One suitable SIFT algorithm for use with the disclosed
method is described in Lowe, D. G., "Distinctive image
features from scale-invariant keypoints", International
journal of computer vision, 60(2), 91-110, 2004. One suit-
able SURF algorithm for use with the disclosed method
is described in Bay, H., Ess, A., Tuytelaars, T., & Van
Gool, L. "Speeded-up robust features (SURF)," Compu-
ter vision and image understanding, 110(3), 346-359,
2008.
[0114] Additionally or alternatively, determining at
least one feature for extraction from each of the first facial
representation and the second facial representation may
be performed via a Deep Neural Network (DNN). One
suitable DNN for use with the disclosed method is de-
scribed in Parkhi, O. M., Vedaldi, A., & Zisserman, A.
"Deep Face Recognition", in BMVC Vol. 1, No. 3, p. 6,
2015. Another suitable DNN for use with the disclosed
method is described in Simonyan, K. and Zisserman, A.,
"Very deep convolutional networks for large-scale image
recognition," arXiv:1409, 1556, 2014. The DNN may be
trained by deep learning. Deep learning is a class of ma-
chine learning algorithm which characteristically uses a
cascade of multiple layers of nonlinear processing units
for extracting features, where each successive layer uses
the output from the previous layer as input.

[0115] In some instances, the at least one feature may
consist of multiple features. For example, the at least one
feature may consist of two features, the jawline and the
iris. The multiple features may include at least one feature
determined by a computer vision algorithm and at least
one feature determined by a DNN. Thus, in the example,
the jawline may be determined by a computer vision al-
gorithm such as a KAZE algorithm, and the iris by a DNN.
[0116] As a consequence of the above-mentioned
steps for determining whether the images of faces cor-
respond contained in the document correspond, in par-
ticular step 752, the disclosed method can easily be ap-
plied to new official document 500 types, with limited
manual input. For instance, the only manual input re-
quired for a new document type (where it is assumed that
there is limited training data) is that the feature extraction
method should preferably be made via a computer vision
algorithm rather than via a DNN.
[0117] As mentioned above, in some types of official
document 500, the facial representations may have dif-
ferent characteristics. As a consequence of these differ-
ent characteristics, face matching the image of a face of
the first facial representation and the image of a face of
the second facial representation to ascertain whether the
images of faces are derived from the same original pho-
tograph of a person, without additional processing steps,
may result in poor matching accuracy. For example, re-
ferring to Figs. 6A and 6B, if facial photograph 510 is
directly compared to secondary facial image 520, then it
may be found that the images of faces do not correspond,
even though the facial representations are derived from
the same original photograph of a person. To address
this, the disclosed method provides a means for moving
the facial representations into the same representation
space, causing the face matching is performed on imag-
es of faces in the same representation space. Moving
the facial representations into the same representation
space is performed by applying at least one transform to
at least one of the first facial representation and the sec-
ond facial representation.
[0118] Thus, referring back to Fig. 8, the step of deter-
mining whether the image of a face of the first facial rep-
resentation corresponds to the image of a face of the
second facial representation may further comprise, prior
to the extracting or determining:
applying at least one transform to at least one of the first
facial representation and second facial representation
such that the first facial representation and the second
facial representation are in the same representation
space.
[0119] In some cases, a first extracting or determining
method may be performed prior to applying the at least
one transform, and a second extracting or determining
method, different from the first, performed after the at
least one transform has been applied. For example, a
facial landmark localisation method may be performed
prior to applying the at least one transform, and a com-
puter vision algorithm and/or a DNN performed after the
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at least one transform has been applied.
[0120] In some cases, a first transform may be applied
to the first facial representation to transform the first facial
representation into the representation space of the sec-
ond facial representation. Alternatively, a second trans-
form, different from the first, may applied to the second
facial representation to transform the second facial rep-
resentation into the representation space of the first facial
representation. Alternatively, a third transform, different
from the first or second transform, may be applied to the
first facial representation and a fourth transform, different
from the first, second, or third transform, may be applied
to the second facial representation to transform both the
first facial representation and the second facial represen-
tation into a representation space different from the rep-
resentation space of the first facial representation and
the representation space of the second facial represen-
tation.
[0121] Where the first facial representation is selected
to be a particular facial representation of a particular type
of official document 500, and the second facial represen-
tation is selected to be another facial representation of
that particular type of official document 500, the transform
between the representation spaces of the first and sec-
ond facial representation will be consistent documents
of that type. For example, the transform between facial
photograph 510 and secondary facial image 520 of offi-
cial document 500 in Fig. 5 will be the same as the trans-
form for another document of the same type. Thus, the
at least one transform may be trained via a machine
learning algorithm such as a DNN. A DNN that is suitable
for use with the disclosed method is the Generative Ad-
versarial Network described in Isola, P., Zhu, J.Y., Zhou,
T. and Efros, A.A., "Image-to-image translation with con-
ditional adversarial networks", IEEE Conference on
Computer Vision and Pattern Recognition, 2017. This
training may use a large amount of image data from sam-
ple official documents and/or computer-generated official
document image data of a particular type of official doc-
ument 500. For example, a database containing M pairs
of images, where M greater than 50, where each pair
contains two facial representations of the same face may
be used to train the DNN.
[0122] Alternatively, the at least one transform may be
estimated by determining the common space between
the first facial representation and the second facial rep-
resentation using components analysis techniques such
the Linear Discriminant Analysis (LDA).
[0123] As mentioned above, the disclosed method can
easily be applied to new document types for authenticat-
ing those documents. For new official document 500
types where the second facial representation of an official
document 500 is displayed in a different representation
space, then the at least one transform should be retained.
Optionally, the face detection algorithm that is employed
to detect the second facial representation may also be
retrained.

Authentication

[0124] The method discussed above for determining
whether images of faces contained in a document cor-
respond to each other is useful for testing the authenticity
of an official document 500. In particular, the determina-
tion of whether the official document 500 is authentic may
be based on whether the image of a face in the first facial
representation corresponds to the image of a face in the
second facial representation.
[0125] Generally speaking, when the image of a face
in the first facial representation corresponds to the image
of a face in the second facial representation, the docu-
ment is deemed to be an authentic official document 500.
However, there are a few exceptional circumstances
where the document may not be deemed to be an au-
thentic official document 500, even if the first and second
facial representations correspond. For example, if more
than two facial representations were present in the doc-
ument, and the images of faces in the first and second
facial representations correspond, but the images of fac-
es in the third and fourth representations do not corre-
spond, then the document may not be deemed to be an
authentic official document 500. Thus, for most types of
official document 500, if at least one of the pairs of facial
representations do not correspond then the document
may not be deemed to be authentic. Likewise, if all of the
pairs of facial representations correspond then the doc-
ument may be deemed to be authentic. However, this is
not necessarily true for all types of official document 500,
for example types of official document 500 where images
of more than one person’s face are purposefully present
in the official document 500 (e.g. a document with facial
images of a parent and a child). In that case, a suitable
number of pairs of facial representations should have
corresponding images of faces. Using metadata which
indicates the type of official document 500 may be useful
in determining which facial representations should have
corresponding images of faces.
[0126] A flag may be set in memory 244 and/or server
memory 444 which identifies whether the document is
deemed authentic or not based on whether the images
of faces correspond. With reference to Fig. 7, step 760,
if the images of faces correspond, a flag may be set in
memory 244 and/or server memory 444 which identifies
the document as being authentic. Similarly, with refer-
ence to Fig. 7, step 770, if the images of faces (of at least
one pair) do not correspond, a flag may be set in memory
244 and/or server memory 444 which identifies the doc-
ument as being not authentic.
[0127] It is noted that deeming or not deeming a doc-
ument to be authentic is different from establishing
whether the document is in fact authentic or counterfeit.
Optionally, where a document is deemed to be not au-
thentic, manual checks may be performed on the docu-
ment to establish whether the document is in fact authen-
tic or counterfeit. Accordingly, an indicator of the flag and
other relevant data, such as document images or images
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or faces present in the document, may be transmitted to
the an operator of the server 203 and/or a third party for
manual checking. In some instances, only a sample of
the documents not deemed to be authentic may be sent
to the third party for manual checking. The operator of
the server 203 and/or third party preferably has expertise
in the particular type of official document 500 deemed to
be not authentic.
[0128] If the flag is stored in the server memory 444,
an indicator of the flag may be transmitted to a user elec-
tronic device 201, 202. The indicator may take the form
of an electronic message transmitted to the user elec-
tronic device 201, 202, and may be readable by the iden-
tification authentication application 225. For example, the
identification authentication application 225 may, in the
case of a document that is deemed to be authentic, re-
ceive an indicator that validation of the document has
been successful. Alternatively, the identification authen-
tication application 225 may, in the case of a document
that is deemed to be not authentic, receive an indicator
that validation of the document has not been successful.
[0129] Once the indicator has been received by the
user electronic device 201, 202, the user may be alerted
of the indicator. For example, the identification authenti-
cation application 225 may cause display 204 of user
electronic device to read "VALIDATION SUCCESSFUL"
or "VALIDATION UNSUCCESSFUL", or to show a sym-
bol to denote whether validation of the official document
500 has been successful, such as a tick or a cross. In
another case, the identification authentication application
225 may cause speaker 256 to play a sound to denote
whether validation of the official document 500 has been
successful.
[0130] In some instances, it may be preferable for the
identification authentication application 225 not to cause
the display 204 or speaker 256 to alert the user that val-
idation has not been successful (i.e. the document is
deeded not to be authentic) . Similarly, it may be prefer-
able not to transmit the indicator of the flag to a user
electronic device 201, 202 when validation has not been
successful. This is intended to avoid raising suspicions
to the user about documents which are suspected to be
counterfeit so that appropriate action can be taken by the
operator of the server 203 or a third party.
[0131] The following is a list of aspects of the disclo-
sure, and forms part of the description.

Aspect 1. A computer-implemented method for de-
termining whether images of faces contained in a
document correspond to each other, the method
comprising:

acquiring image data pertaining to the docu-
ment;
performing facial detection on the image data to
detect one or more facial representations exist-
ing within the document;
if two or more facial representations are detect-

ed, selecting a first facial representation and a
second facial representation;
determining whether the image of a face of the
first facial representation corresponds to the im-
age of a face of the second facial representation.

Aspect 2. The computer-implemented method of as-
pect 1, wherein acquiring image data pertaining to
the document comprises acquiring at least one im-
age of at least a part of the document.

Aspect 3. The computer-implemented method of as-
pect 2, wherein the at least one image is acquired
using a visible-light camera.

Aspect 4. The computer-implemented method of as-
pect 3, wherein the camera is integrated in a user
electronic device.

Aspect 5. The computer-implemented method of as-
pect 2, wherein the at least one image is acquired
using an ultraviolet camera.

Aspect 6. The computer-implemented method of as-
pect 2, wherein the at least one image is acquired
using an infrared camera.

Aspect 7. The computer-implemented method of as-
pect 2, wherein the at least one image is acquired
by transferring from a memory.

Aspect 8. The computer-implemented method of as-
pect 7, wherein the memory is integrated in a user
electronic device.

Aspect 9. The computer-implemented method of as-
pect 7, wherein the memory is integrated in or ac-
cessible by a web server.

Aspect 10. The computer-implemented method of
any of aspects 2 to 9, wherein the at least one image
comprises multiple images.

Aspect 11. The computer-implemented method of
any of aspects 2 to 9, wherein the at least one image
consists of a single image.

Aspect 12. The computer-implemented method of
any of aspects 2 to 11, wherein the at least one image
is stored in a memory once acquired.

Aspect 13. The computer-implemented method of
any of aspects 2 to 12, further comprising manipu-
lating the at least one image to obtain image data
pertaining to the document.

Aspect 14. The computer-implemented method of
aspect 13, wherein manipulating the at least one im-
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age to obtain image data pertaining to the document
comprises applying one or more image transforms
to the at least one image.

Aspect 15. The computer-implemented method of
aspect 14, wherein the one or more image trans-
forms comprise one or more of: rotation, resizing,
contrast adjustment, brightness adjustment, colour
adjustment, gamma correction, of the at least one
image.

Aspect 16. The computer-implemented method of
any of aspects 13 to 15, wherein manipulating the
at least one image to obtain image data pertaining
to the document comprises cropping the at least one
image.

Aspect 17. The computer-implemented method of
any of aspects 13 to 15, wherein manipulating the
at least one image to obtain data pertaining to the
document comprises forming a single document im-
age from the at least one image.

Aspect 18. The computer-implemented method of
any preceding aspect, wherein the image data per-
taining to the document consists of a single docu-
ment image.

Aspect 20. The computer-implemented method of
aspect 18, wherein the document image comprises
multiple facial representations.

Aspect 21. The computer-implemented method of
any of aspects 1 to 17, wherein the image data per-
taining to the document comprises multiple docu-
ment images.

Aspect 22. The computer-implemented method of
aspect 21, wherein at least two of the multiple doc-
ument images comprise a facial representation.

Aspect 23. The computer-implemented method of
any preceding aspect, wherein performing facial de-
tection on the image data comprises using at least
one face detection algorithm.

Aspect 24. The computer-implemented method of
aspect 23, wherein performing facial detection on
the image data comprises using a first face detection
algorithm and a second face detection algorithm on
the image data.

Aspect 25. The computer-implemented method of
aspect 24, wherein the first face detection algorithm
is configured to detect the first facial representation.

Aspect 26. The computer-implemented method of
any of aspects 24 or 25, wherein the second face

detection algorithm is configured to detect the sec-
ond facial representation.

Aspect 27. The computer-implemented method of
any of aspects 23 to 26, wherein the at least one
face detection algorithm is trained via a machine
learning algorithm.

Aspect 28. The computer-implemented method of
any preceding aspect, wherein each of the one or
more facial representations comprises an image of
a face.

Aspect 29. The computer-implemented method of
any preceding aspect, wherein each of the one or
more facial representation has one or more compu-
ter-readable characteristics.

Aspect 30. The computer-implemented method of
aspect 29, wherein the facial representation is
formed of alphanumeric characters.

Aspect 31. The computer-implemented method of
aspect 29, wherein the facial representation is
formed of pixels.

Aspect 32. The computer-implemented method of
aspect 31, wherein the pixels are varying shades.

Aspect 33. The computer-implemented method of
aspect 32, wherein the pixels are greyscale.

Aspect 34. The computer-implemented method of
aspect 32, wherein the pixels are colour.

Aspect 35. The computer-implemented method of
aspect 29, wherein the facial representation is a
hologram.

Aspect 36. The computer-implemented method of
aspect 29, wherein the facial representation is visible
under visible light.

Aspect 37. The computer-implemented method of
aspect 29, wherein the facial representation is visible
under ultraviolet light only.

Aspect 38. The computer-implemented method of
aspect 29, wherein the facial representation is visible
under infrared light only.

Aspect 39. The computer-implemented method of
any preceding aspect, wherein selecting a first facial
representation and a second facial representation is
performed automatically based on one or more de-
tected computer-readable characteristics of the de-
tected facial representations.
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Aspect 40. The computer-implemented method of
aspect 39, wherein the first facial representation is
formed of pixels.

Aspect 41. The computer-implemented method of
any of aspects 39 or 40, wherein the second facial
representation is formed of alphanumeric charac-
ters.

Aspect 42. The computer-implemented method of
any of aspects 1 to 38, wherein selecting a first facial
representation and a second facial representation is
performed automatically by random selection.

Aspect 43. The computer-implemented method of
any preceding aspect, wherein if three or more rep-
resentations are detected, selecting a third facial rep-
resentation and a fourth facial representation and
performing the determining step using the third facial
representation and the fourth facial representation.

Aspect 44. The computer-implemented method of
any preceding aspect, wherein determining whether
the image of a face of the first facial representation
corresponds to the image of a face of the second
facial representation comprises determining wheth-
er the image of a face of the first facial representation
matches the image of a face of the second facial
representation.

Aspect 45. The computer-implemented method of
any preceding aspect, wherein determining whether
the image of a face of the first facial representation
corresponds to the image of a face of the second
facial representation comprises:

extracting at least one feature from each of the
first facial representation and the second facial
representation;
combining the extracted features to produce a
pair-feature representation; and
determining whether the image of a face of the
first facial representation corresponds to the im-
age of a face of the second facial representation
using the pair-feature representation.

Aspect 46. The computer-implemented method of
aspect 45, further comprising determining at least
one feature for extraction from each of the first facial
representation and the second facial representation.

Aspect 47. The computer-implemented method of
aspect 46, wherein the determining is performed via
a computer vision algorithm.

Aspect 48. The computer-implemented method of
47, wherein the computer vision algorithm is a KAZE
algorithm.

Aspect 49. The computer-implemented method of
aspect 47, wherein the computer vision algorithm is
a Local Binary Patterns (LBP) algorithm.

Aspect 50. The computer-implemented method of
aspect 46, wherein the determining is performed via
a Deep Neural Network (DNN).

Aspect 51. The computer-implemented method of
aspect 50, wherein the DNN is trained by deep ma-
chine learning.

Aspect 52. The computer-implemented method of
any of aspects 46 to 51, wherein the at least one
feature consist of multiple features.

Aspect 53. The computer-implemented method of
aspect 52, wherein the multiple features includes at
least one feature determined by a computer vision
algorithm and at least one feature determined by a
DNN.

Aspect 54. The computer-implemented method of
any of aspects 45 to 53, wherein combining the ex-
tracted features comprises combining at least one
feature extracted from the first facial representation
with at least one corresponding feature extracted
from the second facial representation.

Aspect 55. The computer-implemented method of
aspects 45 to 53, wherein combining the extracted
features comprises combining all features extracted
from the first facial representation with all features
extracted from the second facial representation.

Aspect 56. The computer-implemented method of
any of aspects 45 to 55, wherein combining the ex-
tracted features comprises concatenating the ex-
tracted features of the first facial representation with
the extracted features of the second facial represen-
tation.

Aspect 57. The computer-implemented method of
any of aspects 45 to 55, wherein combining the ex-
tracted features comprises adding the extracted fea-
tures of the first facial representation to the extracted
features of the second facial representation.

Aspect 58. The computer-implemented method of
any of aspects 45 to 55, wherein combining the ex-
tracted features comprises subtracting the extracted
features of the second facial representation from the
extracted features of the first facial representation,
or subtracting the extracted features of the first facial
representation from the extracted features of the
second facial representation.

Aspect 59. The computer-implemented method of
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any of aspects 45 to 58, wherein determining wheth-
er the image of a face of the first facial representation
matches the image of a face of the second facial
representation is performed using a machine learn-
ing algorithm.

Aspect 60. The computer-implemented method of
aspect 59, wherein the machine learning algorithm
is trained using pair-feature representations.

Aspect 61. The computer-implemented method of
any preceding aspect, further comprising:
prior to the determining, applying at least one trans-
form to at least one of the first facial representation
and second facial representation such that the first
facial representation and the second facial represen-
tation are in the same representation space.

Aspect 62. The computer-implemented method of
aspect 61, wherein a first transform is applied to the
first facial representation to transform the first facial
representation into the representation space of the
second facial representation.

Aspect 63. The computer-implemented method of
aspect 61, wherein a second transform is applied to
the second facial representation to transform the
second facial representation into the representation
space of the first facial representation.

Aspect 64. The computer-implemented method of
aspect 61, wherein a first transform is applied to the
first facial representation and a second transform is
applied to the second facial representation to trans-
form both the first facial representation and the sec-
ond facial representation into a representation space
different from the representation space of the first
facial representation and the representation space
of the second facial representation.

Aspect 65. The computer-implemented method of
any of aspects 61 to 64, wherein the at least one
transform is trained via a machine learning algorithm.

Aspect 66. A computer-implemented method for
testing the authenticity of a document comprising the
method of any preceding aspect, and further com-
prising:
determining whether the document is authentic
based on whether the image of a face in the first
facial representation corresponds to the image of a
face in the second facial representation.

Aspect 67. The computer-implemented method of
aspect 66, further comprising:
if the images of faces correspond, setting a flag in
memory which identifies the document as being au-
thentic.

Aspect 68. The computer-implemented method of
aspect 66, further comprising:
if the images of faces do not correspond, setting a
flag in memory which identifies the document as not
being authentic.

Aspect 69. The computer-implemented method of
aspect 66, further comprising:
if less than two facial representations are detected,
setting a flag in memory which identifies the docu-
ment as being invalid.

Aspect 70. The computer-implemented method of
aspect 69, further comprising:
transmitting an indicator prompting the user to ac-
quire image data from a second document, and re-
peating the method for the second document.

Aspect 71. The computer-implemented method of
any of aspects 67 to 69, further comprising:
transmitting an indicator of the flag to a user elec-
tronic device

Aspect 72. The computer-implemented method of
aspect 71, further comprising alerting the user of the
indicator received by user electronic device.

Aspect 73. A computer-readable medium compris-
ing executable instructions for performing the meth-
od of any one of the preceding aspects.

Aspect 74. A computer comprising a processor con-
figured to execute executable code stored in mem-
ory, wherein the executable code comprises instruc-
tions for performing the method of any one of the
preceding aspects.

[0132] The present invention has been described
above by way of example only, and modifications of detail
may be made which fall within the scope of the invention
which is defined by the appended claims.

Claims

1. A computer-implemented method for determining
whether images of faces contained in a document
correspond to each other, the method comprising:

acquiring image data pertaining to the docu-
ment;
performing facial detection on the image data to
detect one or more facial representations exist-
ing within the document;
if two or more facial representations are detect-
ed, selecting a first facial representation and a
second facial representation;
determining whether the image of a face of the
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first facial representation corresponds to the im-
age of a face of the second facial representation.

2. The computer-implemented method of claim 1,
wherein acquiring image data pertaining to the doc-
ument comprises acquiring at least one image of at
least a part of the document.

3. The computer-implemented method of claim 2,
wherein the at least one image is acquired using a
visible-light camera, an ultraviolet camera, or an in-
frared camera, or by transferring from a memory.

4. The computer-implemented method of any of claims
2 to 3, further comprising manipulating the at least
one image to obtain image data pertaining to the
document,
optionally comprising one or more of: applying one
or more image transforms to the at least one image,
cropping the at least one image, and forming a single
document image from the at least one image.

5. The computer-implemented method of any preced-
ing claim, wherein performing facial detection on the
image data comprises using at least one face detec-
tion algorithm.

6. The computer-implemented method of claim 5,
wherein performing facial detection on the image da-
ta comprises using a first face detection algorithm
and a second face detection algorithm on the image
data,
optionally wherein the first face detection algorithm
is configured to detect the first facial representation
and the second face detection algorithm is config-
ured to detect the second facial representation.

7. The computer-implemented method of any preced-
ing claim, wherein each of the one or more facial
representation has one or more of the following com-
puter-readable characteristics:

the facial representation is formed of alphanu-
meric characters;
the facial representation is formed of pixels, op-
tionally wherein the pixels are pixels are varying
shades, greyscale, or colour;
the facial representation is a hologram;
the facial representation is visible under visible
light;
the facial representation is visible under ultravi-
olet light only; and
the facial representation is visible under infrared
light only.

8. The computer-implemented method of any preced-
ing claim, wherein selecting a first facial representa-
tion and a second facial representation is performed

automatically based on one or more detected com-
puter-readable characteristics of the detected facial
representations.

9. The computer-implemented method of any preced-
ing claim, wherein determining whether the image
of a face of the first facial representation corresponds
to the image of a face of the second facial represen-
tation comprises:

extracting at least one feature from each of the
first facial representation and the second facial
representation;
combining the extracted features to produce a
pair-feature representation; and
determining whether the image of a face of the
first facial representation corresponds to the im-
age of a face of the second facial representation
using the pair-feature representation.

10. The computer-implemented method of claim 9, fur-
ther comprising determining at least one feature for
extraction from each of the first facial representation
and the second facial representation via a computer
vision algorithm or a deep neural network.

11. The computer-implemented method of claims 9 or
10, wherein combining the extracted features com-
prises one or more of:

concatenating the extracted features of the first
facial representation with the extracted features
of the second facial representation;
adding the extracted features of the first facial
representation to the extracted features of the
second facial representation;
subtracting the extracted features of the second
facial representation from the extracted features
of the first facial representation; and
subtracting the extracted features of the first fa-
cial representation from the extracted features
of the second facial representation.

12. The computer-implemented method of any preced-
ing claim, further comprising prior to the determining:
applying at least one transform to at least one of the
first facial representation and second facial repre-
sentation such that the first facial representation and
the second facial representation are in the same rep-
resentation space.

13. The computer-implemented method of claim 12,
wherein a first transform is applied to the first facial
representation to transform the first facial represen-
tation into the representation space of the second
facial representation, or
wherein a second transform is applied to the second
facial representation to transform the second facial
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representation into the representation space of the
first facial representation, or
wherein a first transform is applied to the first facial
representation and a second transform is applied to
the second facial representation to transform both
the first facial representation and the second facial
representation into a representation space different
from the representation space of the first facial rep-
resentation and the representation space of the sec-
ond facial representation.

14. A computer-implemented method for testing the au-
thenticity of a document comprising the method of
any preceding claim, and further comprising:
determining whether the document is authentic
based on whether the image of a face in the first
facial representation corresponds to the image of a
face in the second facial representation.

15. A computer comprising a processor configured to
execute executable code stored in memory, wherein
the executable code comprises instructions for per-
forming the method of any one of the preceding
claims.
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