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Description

BACKGROUND

[0001] Some currently available attitude estimate sys-
tems or inertial navigation systems contain inertial sen-
sors that include both high and low performance gyro-
scopes and high and low performance accelerometers
in which the low performance gyroscopes and acceler-
ometer sense axes are co-aligned parallel to the force of
gravity, when in operation. In some cases, the low per-
formance accelerometer is a micro-electro-mechanical
system (MEMS) accelerometer. The heading estimate
of such a device degrades when the low performance
accelerometer is tilted so that the low performance sense
axis is no longer optimally aligned parallel to the force of
gravity. When this occurs, the sense axis of the low per-
formance accelerometer begins to contribute to the com-
putation of heading by the navigation algorithms and Ka-
lman filter and the estimate of heading is degraded. Like-
wise, when the sense axis of the low performance gyro-
scopes are tilted to be non-parallel to the force of gravity
or non-parallel to true north, the low performance gyro-
scopes begin to contribute to the computation of heading
by the navigation algorithms and Kalman filter and the
estimate of heading is degraded.
[0002] Patent document number US5617317A de-
scribes a method in which inertial sensor information is
combined with GPS information derived from satellite in-
formation signals separately received by a pair of GPS
antennae and separately processed. This information is
processed in a manner to arrive at the offset angle be-
tween the inertial sensor heading angle and true north.
[0003] Patent document number WO2006/113391A2
describes a self-contained, integrated micro-cube-sized
inertial measurement unit is provided wherein accuracy
is achieved through the use of specifically oriented sen-
sors, the orientation serving to substantially cancel noise
and other first-order effects, and the use of a noise-re-
ducing algorithm such as wavelet cascade denoising and
an error correcting algorithm such as a Kalman filter em-
bedded in a digital signal processor device. In a particular
embodiment, a pair of three sets of angle rate sensors
are orientable triaxially in opposite directions, wherein
each set is mounted on a different sector of a base ori-
entable normal to the other two and comprising N gyro-
scopes oriented at 360/N-degree increments, where N =
2. At least one accelerometer is included to provide tri-
axial data.; Signals are output from the angle rate sensors
and accelerometer for calculating a change in attitude,
position, angular rate, acceleration, and/or velocity of the
unit.
[0004] In some cases, the performance of the naviga-
tion algorithms and the Kalman filter is severely degraded
when such a device is highly tilted or rotated from north.
The performance degradation in heading is especially
large when low performance MEMS accelerometers and
gyroscopes are used in some axes.

SUMMARY

[0005] The present invention in its various aspects is
as set out in the appended claims. The present invention
in its various aspects is as set out in the appended claims.
The present application relates to an attitude estimator
system. The attitude estimator system includes a navi-
gation system to output navigation data; a Kalman filter
to output Kalman filter feedback to the navigation system;
and a form observations module executable by a proc-
essor. The navigation system receives input from a first
high performance accelerometer and a first high perform-
ance gyroscope aligned to a first sensor-frame-level axis,
from a second high performance accelerometer and a
second gyroscope aligned to a second sensor-frame-lev-
el axis, and from a third low performance accelerometer
and a third low performance gyroscope aligned to a sen-
sor-frame Z axis. The form observations module receives
input from at least one of the first high performance ac-
celerometer, the first high performance gyroscope, and
the second high performance accelerometer. The form
observations module forms at least one of velocity-de-
rived observations and attitude-derived observations,
and outputs the at least one of velocity-derived observa-
tions and attitude-derived observations to the Kalman
filter. The Kalman filter processes the input from the form
observations module by at least one of: inputting the ve-
locity-derived observations formed in the form observa-
tions module, rotating the velocity-derived observation
into a sensor-frame, and zeroing gains associated with
at least one of the third low performance accelerometer,
and the third low performance gyroscope; or inputting
the attitude-derived observations formed in the form ob-
servations module, the attitude-derived observations be-
ing based on output from at least one of the first high
performance accelerometer, the first high performance
gyroscope, and the second high performance acceler-
ometer.

DRAWINGS

[0006]

Figure 1 is a block diagram of an embodiment of an
attitude estimator system communicatively coupled
to compensated sensors in accordance with the
present invention;
Figure 2 is a block diagram of an embodiment of the
compensated sensors of Figure 1;
Figure 3 is a block diagram of an embodiment of an
attitude estimator system and sensors in a housing
shown with reference to a local-level frame and
north, east, down frame of the earth in accordance
with the present invention;
Figure 4A is a block diagram of an embodiment of
an attitude estimator system in accordance with the
present invention;
Figure 4B is an expanded block diagram of the Ka-
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lman filter of Figure 4A;
Figure 5 is an expanded block diagram of an em-
bodiment of the compute reference attitude module
in the attitude estimator of Figure 4A;
Figure 6A is a block diagram of a module to compute
roll and pitch angle shown in Figure 5;
Figure 6B is a block diagram of a third module to
compute heading angle shown in Figure 5;
Figure 7 is an expanded block diagram of a module
to compute hemispheric heading angle shown in Fig-
ure 6B;
Figure 8A is a block diagram of an embodiment of a
rotate to sensor-frame module shown in Figure 4B;
Figure 8B is an expanded block diagram of an em-
bodiment of a compute Kalman gains module shown
in Figure 4B; and
Figure 9 is a flow diagram of one embodiment of a
method to improve performance in a navigation sys-
tem in accordance with the present invention.

[0007] In accordance with common practice, the vari-
ous described features are not drawn to scale but are
drawn to emphasize features relevant to the present in-
vention. Like reference characters denote like elements
throughout figures and text.

DETAILED DESCRIPTION

[0008] In the following detailed description, reference
is made to the accompanying drawings that form a part
hereof, and in which is shown by way of illustration spe-
cific illustrative embodiments in which the invention may
be practiced. These embodiments are described in suf-
ficient detail to enable those skilled in the art to practice
the invention, and it is to be understood that other em-
bodiments may be utilized and that logical, mechanical
and electrical changes may be made without departing
from the scope of the present invention. The following
detailed description is, therefore, not to be taken in a
limiting sense.
[0009] It is desirable to use a low cost attitude estimator
system that has a low performance accelerometer and
a first low performance gyroscope aligned (when opera-
tional and level) to the vertical direction parallel to the
force of gravity, g, and a second (low or high) perform-
ance gyroscope oriented parallel to north. It is to be un-
derstood that an attitude estimator system is an "inertial
navigation system". The degrading effects resulting from
tilting or rotating such an attitude estimator system are
reduced or eliminated by the attitude estimator systems
and methods described herein. Thus, the attitude esti-
mator systems and methods described herein provide
improved attitude accuracy, especially heading accura-
cy, in a navigation system.
[0010] Figure 1 is a block diagram of an embodiment
of an attitude estimator system 10 communicatively cou-
pled to compensated sensors 125 in accordance with the
present invention. The attitude estimator system 10 in-

cludes a navigation system 110, a processor 55, and
non-transitory software/firmware 56 in a storage medium
60. The software/firmware 56 includes a Kalman filter
100 and a form observations module 180 in which ob-
servations are computed. The terms "form observations"
and "compute observations" are used interchangeably,
herein. The software/firmware 56 is executed by the proc-
essor 55. In one implementation of this embodiment, the
processor 55 is part of the navigation system 110.
[0011] The compensated sensors 125 (referred to
herein as "sensors 125") include a first accelerometer
151, a second accelerometer 152, and a third acceler-
ometer 153, a first gyroscope 161, a second gyroscope
162, and a third gyroscope 163. As shown in Figure 1,
the first accelerometer 151 and the second accelerom-
eter 152 are high performance (HP) accelerometers,
while the third accelerometer 153 is a low performance
(LP) accelerometer. The third low performance acceler-
ometer 153 is typically lower cost than the high perform-
ance first accelerometer 151 and the high performance
second accelerometer 152. In one implementation of this
embodiment, the third accelerometer 153 is a MEMS ac-
celerometer.
[0012] As shown in Figure 1, the first gyroscope 161
is a high performance gyroscope 161, while the second
gyroscope 162 and the third gyroscope 163 are low per-
formance gyroscopes. The second low performance gy-
roscope 162 and the third low performance gyroscope
163 are typically lower cost than the first high perform-
ance gyroscope 161.
[0013] Figure 2 is a block diagram of an embodiment
of the compensated sensors 125 of Figure 1. The data
from inertial sensors (e.g., accelerometers 151-153
and/or gyroscopes 161-163) is output to a sensor com-
pensation module 145. The sensor compensation mod-
ule contains compensations that affect multiple axis sen-
sors that are implemented to prevent the low perform-
ance sensor from degrading the performance of the high
performance sensors. The sensor compensation module
145 also receives Kalman filter feedback from the Ka-
lman filter 100. Based on input from the accelerometers
151-153, the gyroscopes 161-163, and the Kalman filter
feedback, sensor compensation module 145 outputs
compensated sensor data to the navigation system 110
and to the Kalman filter 100 via the form observations
module 180. In one implementation of this embodiment,
each of the accelerometers 151-153 and the gyroscopes
161-163 have an associated sensor compensation mod-
ule 145 and each of the associated sensor compensation
modules 145 output compensated sensor data to the
navigation system 110 and the Kalman filter 100. Alter-
nately, the sensor compensation module 145 may be lo-
cated in the attitude estimator system 10.
[0014] Figure 3 is a block diagram of an embodiment
of an attitude estimator system 10 and sensors 151-153
and 161-163 in a housing 50 shown with reference to the
north, east, down (NED) frame (XNED, YNED, ZNED) of the
earth 25 in accordance with the present invention. A local
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level frame is the NED frame that is rotated about Z
(Down) by an angle called "wander angle" or "alpha."
When alpha is zero, then the local level frame is equiv-
alent to the NED frame. The local level frame or the "wan-
der azimuth frame" is used to avoid the singularity that
occurs in the NED frame when passing over the North
Pole or South Pole. As shown in Figure 3, the sensor-
frame (Xsf, Ysf, Zsf) of the housing 50 is level, i.e., aligned
with the north, east, down frame of the earth 25 as shown
in Figure 3. The alignment of the sensors 151-153 and
161-163 to the sensor-frame (Xsf, Ysf, Zsf) of the housing
50 is shown in Figure 3. In one implementation of this
embodiment, the housing 50 is inside a targeting system
and the sensor-frame (Xsf, Ysf, Zsf) of the housing 50 is
aligned to the targeting frame of the targeting system. In
another implementation of this embodiment, the sensor-
frame (Xsf, Ysf, Zsf) of the housing 50 is not aligned with
the targeting frame of targeting system. The attitude es-
timator system 10 will operate even if the sensors
151-153 and 161-163 are not aligned with the north, east,
down (NED) frame.
[0015] If the sense axes of the three accelerometers
151-153 are not orthogonally arranged, the sensed data
is mathematically aligned to an orthogonal set of basis
vectors. Likewise, if the sense axes of the three gyro-
scopes 161-163 are not orthogonally arranged, the
sensed data is mathematically aligned to an orthogonal
set of basis vectors in which at least one vector is aligned
to the first sensor-frame axis Xsf. It is to be noted that the
sensor-frame is an arbitrary frame where Xsf is not nec-
essarily aligned to the sense axis of any sensor.
[0016] The first or X accelerometer 151 is mathemat-
ically aligned to the first sensor-frame axis (Xsf). The
sense axis of the X accelerometer 151 is usually physi-
cally collinear to within a few tenths of a degree with the
first sensor-frame axis Xsf. The second or Y accelerom-
eter 152 is mathematically aligned to the second sensor-
frame axis (Ysf). The sense axis of the Y accelerometer
152 is usually physically collinear to within a few tenths
of a degree with the second sensor-frame axis Ysf. The
third or Z accelerometer is mathematically aligned to the
third sensor-frame axis (Zsf). The sense axis of the Z
accelerometer 153 is usually physically collinear to within
a few tenths of a degree with the third sensor-frame axis
Zsf.
[0017] The first or X gyroscope 161 is mathematically
aligned to the first sensor-frame axis (Xsf). The sense
axis of the X gyroscope 161 is physically collinear to with
the first sensor-frame axis Xsf. The second or Y gyro-
scope 162 is mathematically aligned to a second sensor-
frame axis (Ysf). The sense axis of the Y gyroscope 162
is usually physically collinear to within a few tenths of a
degree with the second sensor-frame axis Ysf. The third
or Z gyroscope 163 is mathematically aligned to a third
sensor-frame axis (Zsf). The sense axis of the Z gyro-
scope 163 is usually physically collinear to within a few
tenths of a degree with the third sensor-frame axis Zsf.
[0018] In one implementation of this embodiment, the

first and second accelerometers 151 and 152 are level
accelerometers and the first and second gyroscopes 161
and 162 are level gyroscopes, which are aligned to the
first and second level axes of the north, east, down frame
(e.g., XNED, YNED,) when the housing 50 is level with the
earth 25. In this case, the first sensor-frame axis Xsf is
also referred to herein as the first sensor-frame-level axis
Xsf and the second sensor frame axis Ysf is also referred
to herein as the second sensor-frame-level axis Ysf. In
another implementation, other axes are the level axes.
[0019] Referring back to Figure 1, the form observa-
tions module 180 (shown as form observations 180) in-
puts data from at least one of the high performance sen-
sors and outputs observations to the Kalman filter 100.
The specific observations depend on design of the Ka-
lman filter 100. As defined herein, the term "observation"
refers to an estimated error of a measured value com-
pared to a reference value. It is to be understood that
term "reference" as used herein is an adjective meaning
"true" or correct". Thus, a reference value of any type is
a true value (e.g., correct data). The reference value is
either based on the fact that the unit is known to be sta-
tionary (in which case a reference velocity value is equal
to zero), or is obtained from another sensor, such as GPS
or a magnetometer. The "reference velocity value" is al-
so referred to herein as "reference velocity".
[0020] A direction cosine rotation matrix describes the
rotation between one coordinate system and another.
Therefore, a reference attitude direction cosine matrix
between the sensor-frame (Xsf, Ysf, Zsf) and the local-
level frame (XNED, YNED, ZNED) is a correct direction co-
sine matrix for rotating information between the sensor-
frame (Xsf, Ysf, Zsf) and the local-level frame (XNED, YNED,
ZNED). The direction vectors, velocity vectors, accelera-
tion vectors, and translation (movement) vectors deter-
mined by the sensor measurements are transformed be-
tween rotated reference frames with a 3 by 3 direction-
cosine-matrix.
[0021] In one implementation of the attitude estimator
system 10, the form observations module 180 of Figure
1 forms attitude-derived observations. As defined herein,
attitude-derived observations are formed based on atti-
tude or based on measurements derived from attitude.
Specifically, the attitude-derived observations are based
on high-performance data output from at least one of the
high performance sensors (i.e., the high performance ac-
celerometer 151, the first high performance gyroscope
161, the second high performance accelerometer 152,
and the second gyroscope if it is a high performance gy-
roscope 162). The form observations module 180 inputs
data from high performance sensors, forms attitude-de-
rived observations, and outputs an attitude observation
to the Kalman filter 100. A reference attitude is differ-
enced with a navigation attitude from the navigation sys-
tem 110 to compute the attitude observation. This is re-
ferred to herein as "forming attitude-derived observa-
tions". The Kalman filter 100 processes the input from
the form observations module 180 and updates the atti-
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tude estimate of the navigation system 100. This imple-
mentation reduces the degradation due to the low per-
formance sensors (i.e., the third low performance accel-
erometer 153, the third low performance gyroscope 163,
and the second gyroscope 162, if it is a low performance
gyroscope 162).
[0022] In another implementation of the attitude esti-
mator system 10, the form observations module 180 of
Figure 1 forms velocity-derived observations. As defined
herein, velocity-derived observations are formed based
on velocity or based on measurements derived from po-
sition or velocity. In one implementation of this embodi-
ment, the form observations module 180 of Figure 1 uses
the fact that the attitude estimator system is stationary
(i.e., the reference velocity value equals zero) and out-
puts a navigation frame (Nav frame) velocity observation
to the Kalman filter 100. This is referred to herein as
"forming velocity-derived observations". The Nav frame
velocity measurements are in a frame of reference other
than the sensor frame (Xsf, Ysf, Zsf), such as the NED
frame. Other implementations of the attitude estimator
system 10 use measurements derived from position or
velocity to form velocity observations. This is also re-
ferred to herein as "forming velocity-derived observa-
tions".
[0023] The Kalman filter 100 processes the Nav frame
velocity observation input from the form observations
module 180 by rotating the velocity-derived observation
into the sensor frame, performing standard Kalman filter
operations, and then zeroing selected gains (to reduce
the degradation in the navigation system due to the low
performance sensors) before computing the Kalman filter
corrections that are provided as Kalman filter feedback
to the navigation system 110. As defined herein, zeroing
selected gains is zeroing gains associated with at least
one of the low performance sensors (i.e., at least one of
the third low performance accelerometer 153, the third
low performance gyroscope 163, and the second gyro-
scope 162 if it is a low performance gyroscope 162).
[0024] In yet another implementation of the attitude es-
timator system 10, the form observations module 180 of
Figure 1 forms both attitude-derived observations and
velocity-derived observations and outputs both a velocity
observation and an attitude observation to the Kalman
filter 100. In this embodiment, which is shown in more
detail in Figures 4A and 4B, the form observations mod-
ule 180 includes both a form velocity observation module
198 and a compute attitude observation module 199 (Fig-
ures 4A and 4B). The velocity observation and attitude
observation are input at the Kalman filter 100 from the
form observations module 180 and are processed by the
Kalman filter 100 to generate Kalman filter corrections
(Kalman filter feedback), which are applied to the navi-
gation system 110.
[0025] A display 70 communicatively coupled to the
processor 55 is optional. In one implementation of this
embodiment, the display 70 is communicatively coupled
to the attitude estimator system 10 but is not part of the

attitude estimator system 10.
[0026] In one implementation of this embodiment, the
sensors 125 are included in the attitude estimator system
10. In another implementation of this embodiment, the
attitude estimator system 10 is a Light Weight North Find-
er (LWNF) of Honeywell, Inc. modified as described here-
in so that the Kalman filter 100 processes the measure-
ment by: 1) inputting the velocity-derived observations
formed in the form observations module, rotating the ve-
locity-derived observation into a sensor-frame, and ze-
roing gains associated with at least one of the low per-
formance accelerometer sensors; or 2) inputting the at-
titude-derived observations (based on output from at
least one of the high performance sensors) formed in the
form observations module. In this latter embodiment, the
LWNF contains the sensors 125, which include one dig-
ital ring laser gyro, two high performance accelerome-
ters, and low performance accelerometers and gyro-
scopes. In one implementation of this embodiment, the
digital ring laser gyro is a GG1320 gyro, the high per-
formance accelerometer is a QA-2000 accelerometer,
and the low performance accelerometers and gyro-
scopes are HG1930 tactical grade MEMS-based IMU,
all produced by Honeywell, Inc. The gyroscopes and ac-
celerometers, which are used to determine azimuth using
gyro-compassing, send changes in velocity and changes
in angle to the processor 55 to compute the current atti-
tude (roll, pitch, and heading) of the system. The inertial
sensors track attitude while the device is operating and
send those signals to the processor 55. The processor
55 determines navigation information, which is the atti-
tude, and, optionally, velocity and position, based on the
outputs of the gyroscopes and the accelerometers. The
processor 55 executes software/firmware 56 to calculate
the new navigation solution when the system moves be-
tween the first position of the attitude estimator and the
second position. Then the processor 55 outputs the nav-
igation information to a display, which allows the user to
see the navigation information, which includes heading.
The user may also see other navigation information in-
cluding whether or not the device is aligned or performing
an alignment, and whether or not the unit is functioning
correctly.
[0027] The processing of the Kalman filter 100, re-
ceives information in the nav frame, processes it to re-
move the effect of the low quality sensors, and then re-
moves the errors modeled by the Kalman filter, associ-
ated with the navigation state, the inertial sensors, and
the aiding sensors, if any. This is done by rotating the
velocity or other similar measurement (e.g., position) into
the sensor frame and then zeroing or inactivating specific
gains computed by the Kalman 100. The gains that are
selected to be zero are dependent on the combination
of high quality and low quality gyroscopes and acceler-
ometers. In one implementation, the Kalman filter gain
from the axis containing the low performance gyroscope
162 into heading is set to zero. The primary effects of
these operations are to improve the ability of the Kalman
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filter 100 to gyro compass and thus estimate heading.
Gyro compassing is the term of the art that refers to the
process of the Kalman filter 100 estimating the heading
of the attitude estimator system 10 while moving at a
constant velocity or while stationary. This also works
when the attitude estimator system 10 is changing ve-
locity, if a reference velocity value is available. Of course,
the Kalman filter 100 may also process changes in atti-
tude and position change measurements, which are not
described herein.
[0028] Navigation data derived from the sensors 125
is normally used in the navigation algorithms to compute
pitch, roll, and heading. Pitch and roll is the angle be-
tween the sensor-frame and the local level or NED frame
(normal to gravity vector) and heading is the angle be-
tween the X-sensor-frame axis and true north. When the
housing 50 is tilted with respect to the local level, the
sensor-frame (Xsf, Ysf, Zsf) rotates (by pitching and/or
rolling) with respect to local level or NED frame, so that
the third low performance accelerometer 153 and the
third low performance gyroscope 163 are no longer
aligned with the force of gravity Fg that is parallel to ZNED.
The Navigation data may include position and velocity.
[0029] Prior art attitude estimator systems do not ac-
count for the errors contributed by the third low perform-
ance accelerometer 153 and the third low performance
gyroscope 163, which are partially aligned with the level
axes (XNED, YNED) when the housing 50 is tilted. Accel-
erometer and gyroscope information, in prior art attitude
estimator systems, is provided to the Kalman filter in a
nav frame, such as NED frame (or local level frame). In
the NED frame (XNED, YNED, ZNED), the ZNED axis is par-
allel to the gravity vector Fg and the XNED axis and YNED
axes are orthogonally arranged in a plane perpendicular
to the ZNED axis. In prior art attitude estimator systems,
information sent to the prior art Kalman filter from the
sensors includes the sensor data from the Z accelerom-
eter and Z gyroscope, which degrade the estimation of
attitude. By rotating navigation frame velocity observa-
tion from the form velocity observation 198 into at least
one or more axis of the sensor-frame (Xsf, Ysf, Zsf) and
then zeroing select Kalman filter gains, the sensitivity to
one or more of the less accurate accelerometer 153, gy-
roscope 162, and gyroscope 163 is removed and the
overall accuracy of the navigation solution is improved.
[0030] In this manner, the attitude estimator system 10
effectively removes the error contribution from the less
accurate Z accelerometer and effectively uses only the
velocity information derived from the high quality X and
Y accelerometers 151 and 152 to aid the Kalman filter
100. Likewise, attitude estimator system 10 effectively
removes the error contribution from the less accurate Z-
body gyroscope 163 and the Y-body gyroscope 162 by
using only the velocity information derived from the high
performance X-body gyroscope 161 to aid the Kalman
filter 100.
[0031] Specifically, the sensitivity to the Z accelerom-
eter 153 is removed so that the Kalman filter 100 does

not propagate the errors due to the Z accelerometer 153
into its estimate of the errors in navigation solution. Sim-
ilarly, the sensitivity to the Z gyroscope 163 and Y gyro-
scope 162 is removed so that the Kalman filter 100 does
not propagate the errors due to the Z gyroscope 163 or
Y gyroscope 162 into its estimate of the errors in navi-
gation solution. This is accomplished by rotating the ob-
servation in the sensor-frame (Xsf, Ysf, Zsf) and then
processing it by the Kalman Filter 100 instead of the Ka-
lman filter 100 processing the observation in the NED
frame (XNED, YNED, ZNED). This also allows the Kalman
filter 100 to more accurately estimate pitch and roll.
[0032] In one implementation of this embodiment, the
Y-body gyroscope 162 is a high performance Y-body gy-
roscope 162, and attitude estimator system 10 does not
remove the contribution from the high performance Y-
body gyroscope 162. In another implementation of this
embodiment, the degradation to the Z-body accelerom-
eter 153 is reduced but the degradation to the Z gyro-
scope 163 or Y gyroscope 162 is not reduced. In yet
another implementation of this embodiment, the degra-
dation to the Z gyroscope 163 is reduced but the degra-
dation to the Z accelerometer 153 or Y gyroscope 162 is
not reduced. In another implementation of this embodi-
ment, the degradation to the Y gyroscope 163 is reduced
but the sensitivity to the Z accelerometer 153 or Y gyro-
scope 163 is not reduced.
[0033] Figure 4A is a block diagram of an embodiment
of an attitude estimator system 11 in accordance with the
present invention. As shown in Figure 4A, the attitude
estimator system 11 includes a navigation system 110,
a form observations module 180, a Kalman filter 100, and
sensors 150. The form observations module 180 includes
a form velocity observation module 198 and a compute
attitude observation module 199. The compute attitude
observation module 199 includes a compute reference
attitude module 200 and a module 210 to form attitude
observation 210, which differences the reference data
and navigation system data. The compute reference at-
titude module 200 is also referred to herein as a "refer-
ence attitude module 200". The "form velocity observa-
tion module 198" is also referred to herein as a "form
velocity observation 198".
[0034] The navigation system 110 outputs the naviga-
tion data (Nav Data) to: the reference attitude module
200; the module 210 to form attitude observation; the
form velocity observation 198; and the Kalman filter 100.
The navigation data includes a nav-to-sensor-frame di-
rection cosine matrix.
[0035] The reference attitude module 200 in the com-
pute attitude observation module 199 inputs sensor data
from either the first gyroscope 161 or from the first ac-
celerometer 151 and the second accelerometer 152. The
reference attitude module 200 outputs a nav-to-sensor-

frame direction cosine matrix (shown as  to the mod-

ule 210 to form attitude observation. The nav-to-sensor-

frame direction cosine matrix  is based on sensor
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data from the first gyroscope 161 or is based on sensor
data from the first accelerometer 151 and the second
accelerometer 152.
[0036] The module 210 to form attitude observation

receives the reference direction cosine matrix  as in-

put from the reference attitude module 200 and receives
the navigation direction cosine matrix between the sen-
sor frame (Xsf, Ysf, Zsf) and the nav frame as input from

the navigation system 110. Based on these received in-
puts, the module 210 generates the attitude observation
to be output to the Kalman filter 100. As defined herein,
the attitude observation is an estimate of error in the at-
titude of the navigation system 110.
[0037] The form velocity observation 198 inputs a ref-
erence velocity value and receives the navigation data
as input from the navigation system 110. The reference
velocity equals zero if the system is stationary. The form
velocity observation 198 outputs a velocity observation
to the Kalman filter 100 in a nav frame. Thus, the velocity
observation output from the form velocity observation
198 to the Kalman filter 100 is referred to herein as "nav-
igation frame velocity observation". The form velocity ob-
servation 198 computes an observation based on the
difference between the reference velocity value and the
navigation velocity. The availability of reference data and
system design choices determine whether a velocity, a
position change, or a position observation and the frame
of reference is output from the form velocity observation
module 198. Observations formed from velocity, position
change, or the position observation and the frame of ref-
erence are referred to herein as velocity-derived obser-
vations.
[0038] The Kalman filter 100 is executed by the proc-
essor 55 (Figure 1) to generate navigation corrections
that are output as Kalman filter feedback. The navigation
corrections are obtained based on the attitude observa-
tion from the compute attitude observation module 199,
the navigation frame velocity observation from the form
velocity observation 198, and the navigation data from
the navigation system 110.
[0039] In one implementation of this embodiment, the
form velocity observation 198 is not implemented and
the form observations module 180 inputs data from the
first high performance gyroscope 161, the first high per-
formance accelerometer 151, and the second high per-
formance accelerometer 152. In this embodiment, the
compute attitude observation module 199 computes the
reference attitude using the data from these high per-
formance sensors. This reference attitude is differenced
with the navigation attitude input from the navigation sys-
tem 110 to compute the attitude observation. The Kalman
filter 100 processes the attitude observation input from
the compute attitude observation module 199 and up-
dates the attitude estimate of the navigation system 100.
This implementation reduces the degradation due to the
third low performance accelerometer 153, the second
low performance gyroscope 162 and the third low per-

formance gyroscope 163.
[0040] Figure 4B is an expanded block diagram of the
Kalman filter of Figure 4A. Figure 4B shows a block dia-
gram of a recursive solution module 102 of the Kalman
filter 100. Navigation data is input from the navigation
system 110 (Figure 4A) to the recursive solution module
102 in the Kalman filter 100. The recursive solution mod-
ule 102 includes a module 103 to rotate the error into the
sensor-frame (Xsf, Ysf, Zsf) and a compute Kalman gain
module 195. The module 103 inputs navigation frame
velocity observation from the form velocity observation
198 and the attitude observation from the compute atti-
tude observation module 199. The module 103 outputs
a velocity observation matrix and velocity residual to the
Kalman filter 100.
[0041] Figure 5 is an expanded block diagram 13 of
the compute reference attitude module 199 in the attitude
estimator 11 of Figure 4A. The compute attitude obser-
vation module 199 includes the compute reference atti-
tude module 200 and the form attitude observations mod-
ule 210 (also referred to herein as module 210 to form
attitude observations). The compute reference attitude

module 200 in Figure 5 computes the reference data 

which is output to the form attitude observations module
210 as described above with reference to Figure 4A.
[0042] The compute reference attitude module 200 in-
cludes a first module 251, a second module 252, and a
third module 240. The first module 251 determines the
reference level attitude based on data from the high per-
formance accelerometers 151 and 152 (e.g., high accu-
racy acceleration data). The first module 251 includes a
module 230 to compute reference roll and reference pitch
based on the high accuracy acceleration data. The mod-
ule 230 outputs the reference roll and the reference pitch
to the form attitude observations module 210. The mod-
ule 230 also outputs the reference pitch to the third mod-
ule 240.
[0043] The second module 252 computes the naviga-
tion heading based on the on the navigation data from
the navigation system 110. The second module 252 in-
cludes a module to compute earth rate. The second mod-
ule 252 outputs the computed navigation heading, the
earth rate, and the high accuracy gyro data to the third
module 240.
[0044] The third module 240 computes a reference
heading based on: the reference pitch input from the first
module 251; the navigation heading from the second
module 252, the earth rate input from the second module
252, and the high accuracy gyro data from the high per-
formance gyroscope 161 (or high performance gyro-
scopes 161 and 162). The reference heading computed
by the third module 240 is input along with the reference
roll and reference pitch from the first module 251 (as ref-

erence data  to the form attitude observations mod-

ule 210.
[0045] The form attitude observations module 210 dif-
ferences the reference attitude and the navigation atti-
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tude to form an observation. This observation will be used
in the Kalman filter to estimate and correct the navigation
system for errors. In one implementation of this embod-
iment, the form attitude observations module 210 differ-
ences the reference direction cosine matrix and the nav-
igation system direction cosine matrix. The form attitude
observations module 210 outputs an attitude observation
to the Kalman filter 100. The attitude observation is in-
dependent of sensor data from the low performance ac-
celerometer 153 and the low performance gyroscopes
162 and 163. The Kalman filter 100 receives the naviga-
tion data from the navigation system 110. The Kalman
filter 100 generates corrections that are sent to the nav-
igation system 110 and to the sensor compensation mod-
ule 145 (Figure 2) as Kalman filter feedback.
[0046] Figure 6A is a block diagram of a module 230
to compute roll and pitch angle shown in Figure 5. High
accuracy accelerometer data is input to the module 230.
The reference roll and reference pitch are output from
the module 230.
[0047] Figure 6B is a block diagram of a third module
240 to compute heading angle shown in Figure 5. The
attitude (heading), high accuracy gyroscope data, refer-
ence pitch, and earth rate are input to the module 240.
The reference heading is output from the module 240.
The module 240 includes a module 241 to compute hem-
ispheric heading angle. Hemispheric heading is a two
quadrant heading. The high accuracy gyroscope data,
reference pitch, and earth rate are input to the module
241 to compute hemispheric heading angle. Figure 7 is
an expanded block diagram of a module 241 to compute
hemispheric heading angle shown in Figure 6B.
[0048] Figure 8A is a block diagram of an embodiment
of a module 103 to rotate the error into the sensor-frame
(Xsf, Ysf, Zsf) shown in Figure 4B. The module 103 to
rotate the error into the sensor-frame in the Kalman filter
100 rotates the velocity observation from the nav frame
into the sensor frame (Xsf, Ysf, Zsf). In addition, the rows
associated with the velocity states from the state transi-
tion matrix are rotated to sensor frame by module 136.
The rows containing the velocity states are acquired by
the module 137 from the state transition matrix. The mod-
ule 103 to rotate observation to the sensor-frame (Xsf,
Ysf, Zsf) outputs a velocity observation matrix and velocity
residual (velocity observation noise).
[0049] Figure 8B is an expanded block diagram of an
embodiment of a compute Kalman gains module 195
shown in Figure 4B. The compute Kalman gains module
195 includes a module 190 to zero selected gains and a
module 191 to select the gains to set to zero. The com-
pute Kalman gains module 195 inputs the velocity obser-
vation noise and the velocity observation matrix that was
output from the module 103 to rotate the error into the
sensor-frame. The selected gains are zeroed by the mod-
ule 190 to reduce the effect of the sensors that are not
colinear with of the high quality gyroscope 161 or when
processing measurements that are not colinear with the
high quality accelerometers 151 or 152. Kalman gains

are output from the module 190 for processing by the
Kalman filter 100.
[0050] Figure 9 is a flow diagram of one embodiment
of a method 900 to improve performance in a navigation
system 110 in accordance with the present invention.
The navigation system 110 is communicatively coupled
to a first high performance accelerometer 151 and a first
high performance gyroscope 161 aligned to a first sen-
sor-frame-level axis (Xsf), a second high performance
accelerometer 152 and a second gyroscope 162 aligned
to a second sensor-frame-level axis (Ysf), a third low per-
formance accelerometer 153 and a third low performance
gyroscope 163 aligned to a third sensor frame axis (Zsf).
At block 902, at least one observation is computed based
on input to a form observations module 180 from at least
one of the first high performance gyroscope 161, the first
high performance accelerometer 151, and the second
high performance accelerometer 152. The computing of
the observation is based on a difference between at least
one reference value and at least one associated naviga-
tion value input from the navigation system to the form
observations module. The at least one reference value
includes at least one of a reference velocity value, a ref-
erence position change, a reference position value, a ref-
erence heading value, a reference pitch value, and a ref-
erence roll value, any one or more of which are used to
form velocity-derived observations. For example, if the
reference value is a reference heading, the associated
navigation value is a navigation heading; if the reference
value is a reference velocity, the associated navigation
value is a navigation value. In one implementation of
block 902, the at least one observation is computed
based on input to a form observations module 180 from
at least one high performance sensor including a second
high performance gyroscope 162.
[0051] At block 904, the at least one observation is
output to a Kalman filter 100 from the form observations
module 180.
[0052] At block 906, error corrections are output as Ka-
lman filter feedback from the Kalman filter 100 so that
the degradation due to the third low performance accel-
erometer 153, the second low performance gyroscope
162, and the third low performance gyroscope 163 is re-
duced. The degradation due to the third low performance
accelerometer 153, the second low performance gyro-
scope 162, and the third low performance gyroscope 163
is reduced by at least one of rotating errors into a sensor-
frame and/or zeroing gains from at least one of the third
low performance accelerometer, the second low per-
formance gyroscope, or the third low performance gyro-
scope. In one implementation of block 906, error correc-
tions are output as Kalman filter feedback from the Ka-
lman filter 100 to reduce degradation due to low sensors
including a second low performance gyroscope 162.
[0053] In one implementation of this embodiment, the
form observations module 180 includes a compute atti-
tude observation module 199 that improves performance
because only the high accuracy sensors are used in form-
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ing the attitude observation. The compute attitude obser-
vation module 199 includes a compute reference attitude
module 200 and a module 210 to form attitude observa-
tion (Figures 4A and 4B). In this case, computing the at
least one observation based on input to a form observa-
tions module 180 includes computing a reference attitude

direction cosine matrix  at the compute reference

attitude module 200 based on data from at least one of
the first high performance accelerometer 151, the first
high performance gyroscope 161, and the second high
performance accelerometer 152 and a second gyro-
scope 162 if it is a high performance gyroscope 162; in-
putting the reference attitude direction cosine matrix at
the module 210 to form attitude observation in the form
observations module 180; and computing at least one
observation at the module 210 to form attitude observa-
tion. The attitude observation is sent to the Kalman filter.
[0054] In another implementation of this embodiment,
the form observations module 180 also includes a form
velocity observation module 198 (Figures 4A and 4B). In
this case, computing the at least one observation based
on input to the form observations module 180 further in-
cludes computing the at least one observation at the form
velocity observation module 198. Then method 900 also
includes differencing a navigation velocity from the nav-
igation system 110 and a reference velocity value and
outputting a velocity observation to the Kalman filter 100
from the form observations module 198.
[0055] In yet another implementation of this embodi-
ment, the form observations module 180 only includes a
form velocity observation module 198. In this case, com-
puting the at least one observation based on input to a
form observations module 180 includes computing the
at least one observation at the form velocity observation
module 198. Then method 900 includes differencing a
navigation velocity from the navigation system 110 and
a reference velocity value, and outputting a velocity ob-
servation to the Kalman filter 100 from the form obser-
vations module 198.
[0056] In yet another implementation of this embodi-
ment, the form observations module 180 is a compute
attitude observation module 199 that includes a first mod-
ule 251, a second module 252, and a third module 240
(Figure 5). In this case, the method 900 includes com-
puting a reference roll value and a reference pitch value
based on input to the first module 251 from the first high
performance accelerometer 151 and the second high
performance accelerometer 152; and computing a refer-
ence attitude value based on input to the second module
252 from the first high performance gyroscope 161. The
method 900 also includes outputting a reference heading
value from the third module 240; and differencing a nav-
igation heading from the navigation system 110 and the
reference heading value from the third module 240 at the
form attitude observations module 210. The at least one
observation is output to the Kalman filter by outputting
an attitude observation from the form attitude observa-

tions module 210 to the Kalman filter 100.
[0057] The methods and techniques described here
may be implemented in digital electronic circuitry, or with
a programmable processor (for example, a special-pur-
pose processor or a general-purpose processor such as
a computer) firmware, software, or in combinations of
them. Apparatus embodying these techniques may in-
clude appropriate input and output devices, a program-
mable processor, and a storage medium tangibly em-
bodying program instructions for execution by the pro-
grammable processor. A process embodying these tech-
niques may be performed by a programmable processor
executing a program of instructions to perform desired
functions by operating on input data and generating ap-
propriate output. The techniques may advantageously
be implemented in one or more programs that are exe-
cutable on a programmable system including at least one
programmable processor coupled to receive data and
instructions from, and to transmit data and instructions
to, a data storage system, at least one input device, and
at least one output device. Generally, a processor will
receive instructions and data from a read-only memory
and/or a random access memory.
[0058] Storage devices suitable for tangibly embody-
ing computer program instructions and data include all
forms of non-volatile memory, including by way of exam-
ple semiconductor memory devices, such as EPROM,
EEPROM, and flash memory devices; magnetic disks
such as internal hard disks and removable disks; mag-
neto-optical disks; and DVD disks. Any of the foregoing
may be supplemented by, or incorporated in, specially-
designed application-specific integrated circuits (ASICs).

Example Embodiments

[0059] Example 1 includes an attitude estimator sys-
tem, comprising a navigation system to output navigation
data; a Kalman filter to output Kalman filter feedback to
the navigation system; and a form observations module
executable by a processor, wherein the navigation sys-
tem receives input from a first high performance accel-
erometer and a first high performance gyroscope aligned
to a first sensor-frame-level axis, from a second high per-
formance accelerometer and a second gyroscope
aligned to a second sensor-frame-level axis, and from a
third low performance accelerometer and a third low per-
formance gyroscope aligned to a sensor-frame Z axis,
wherein the form observations module: receives input
from at least one of the first high performance acceler-
ometer, the first high performance gyroscope, and the
second high performance accelerometer, forms at least
one of velocity-derived observations and attitude-derived
observations, and outputs the at least one of velocity-
derived observations and attitude-derived observations
to the Kalman filter, and wherein the Kalman filter proc-
esses the input from the form observations module by at
least one of: inputting the velocity-derived observations
formed in the form observations module, rotating the ve-
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locity-derived observation into a sensor-frame, and ze-
roing gains associated with at least one of the third low
performance accelerometer, and the third low perform-
ance gyroscope; and inputting the attitude-derived ob-
servations formed in the form observations module, the
attitude-derived observations being based on output
from at least one of the first high performance acceler-
ometer, the first high performance gyroscope, and the
second high performance accelerometer.
[0060] In Example 2, the attitude estimator system of
Example 1 can optionally comprise wherein the second
gyroscope aligned to the second sensor-frame-level axis
is a second high performance gyroscope, and wherein
the form observations module receives input from at least
one of the first high performance accelerometer, the first
high performance gyroscope, the second high perform-
ance accelerometer, and the second high performance
gyroscope.
[0061] In Example 3, the attitude estimator system of
Example 1 can optionally comprise wherein the second
gyroscope aligned to the second sensor-frame-level axis
is a second low performance gyroscope, and wherein
the Kalman filter processes the input from the form ob-
servations module by zeroing gains associated with least
one of the third low performance accelerometer, the sec-
ond low performance gyroscope, and the third low per-
formance gyroscope.
[0062] In Example 4, the attitude estimator system of
any of Examples 1-3 can optionally comprise: the first
high performance accelerometer; the first high perform-
ance gyroscope; the second high performance acceler-
ometer; the second gyroscope; the third low performance
accelerometer; the third low performance gyroscope;
and a sensor compensator, wherein the first high per-
formance accelerometer, the first high performance gy-
roscope, the second high performance accelerometer,
the second gyroscope, the third low performance accel-
erometer, and the third low performance gyroscope are
communicatively coupled to output data to the sensor
compensator, wherein the sensor compensator inputs
the Kalman filter feedback from the Kalman filter and out-
puts compensated sensor data based on the Kalman fil-
ter feedback.
[0063] In Example 5, the attitude estimator system of
any of Examples 1-4 can optionally comprise: wherein
the form observations module comprises; a form obser-
vations module to input a reference value, to difference
the reference value and a navigation input from the nav-
igation system, and to output an observation to the Ka-
lman filter based on the difference between the reference
value and the navigation input.
[0064] In Example 6, the attitude estimator system of
any of Examples 1-5 can optionally comprise: wherein
the Kalman filter includes: a module to rotate an error
into the sensor-frame; and a compute Kalman gains mod-
ule to zero selected gains.
[0065] In Example 7, the attitude estimator system of
any of Examples 1-6 can optionally comprise: wherein

the form observations module includes: a compute atti-
tude observation module; and a form observations mod-
ule, wherein the compute attitude observation module
includes: a first module to compute a reference roll and
a reference pitch based on data from the first high per-
formance accelerometer and the second high perform-
ance accelerometer; a second module to determine a
navigation heading based on the navigation data; and a
third module to compute a reference heading value
based on: the reference pitch input from the first module;
the navigation heading input from the second module;
an earth rate input from the second module; and high
accuracy gyro data from the first high performance gy-
roscope.
[0066] In Example 8, the attitude estimator system of
Example 7 can optionally comprise: wherein the form ob-
servations module takes a difference between a naviga-
tion heading from the navigation system and the refer-
ence heading value from the third module and outputs
an attitude observation to the Kalman filter.
[0067] In Example 9, the attitude estimator system of
Example 1 can optionally comprise: a compute velocity
observation to input the navigation data from the naviga-
tion system, to input a reference velocity, and to form a
navigation frame velocity observation, and a compute
attitude observation module including: a compute refer-
ence attitude module to input sensor data from the first
gyroscope and to output reference data, and a module
to form attitude observations, the module configured to
difference the reference data and the navigation data,
and to output an attitude observation to the Kalman filter.
[0068] In Example 10, the attitude estimator system of
any of Examples 1-9 can optionally comprise the proc-
essor to execute the Kalman filter.
[0069] Example 11 includes a method to improve per-
formance of a navigation system communicatively cou-
pled to a first high performance accelerometer and a first
high performance gyroscope aligned to a first sensor-
frame-level axis, a second high performance accelerom-
eter and a second gyroscope aligned to a second sensor-
frame-level axis, and a third low performance acceler-
ometer and a third low performance gyroscope aligned
to a third sensor frame axis, the method comprising: com-
puting at least one observation based on input to a form
observations module from at least one of the first high
performance gyroscope, the first high performance ac-
celerometer, and the second high performance acceler-
ometer, outputting error corrections as Kalman filter feed-
back from the Kalman filter wherein degradation of the
navigation system due to the third low performance ac-
celerometer, and the third low performance gyroscope
is reduced.
[0070] Example 12 includes a method to improve per-
formance of a navigation system communicatively cou-
pled to a first high performance accelerometer and a first
high performance gyroscope aligned to a first sensor-
frame-level axis, a second high performance accelerom-
eter and a second high performance gyroscope aligned
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to a second sensor-frame-level axis, and a third low per-
formance accelerometer and a third low performance gy-
roscope aligned to a third sensor frame axis, the method
comprising: computing at least one observation based
on input to a form observations module from at least one
of the first high performance gyroscope, the first high
performance accelerometer, the second high perform-
ance accelerometer, and the second high performance
gyroscope, outputting error corrections as Kalman filter
feedback from the Kalman filter wherein degradation of
the navigation system due to the third low performance
accelerometer, and the third low performance gyroscope
is reduced.
[0071] Example 13 includes a method to improve per-
formance of a navigation system communicatively cou-
pled to a first high performance accelerometer and a first
high performance gyroscope aligned to a first sensor-
frame-level axis, a second high performance accelerom-
eter and a second low performance gyroscope aligned
to a second sensor-frame-level axis, and a third low per-
formance accelerometer and a third low performance gy-
roscope aligned to a third sensor frame axis, the method
comprising: computing at least one observation based
on input to a form observations module from at least one
of the first high performance gyroscope, the first high
performance accelerometer, and the second high per-
formance accelerometer, outputting error corrections as
Kalman filter feedback from the Kalman filter wherein
degradation of the navigation system due to at least one
of the third low performance accelerometer, the second
low performance gyroscope, and the third low perform-
ance gyroscope is reduced.
[0072] In Example 14, the method of Examples 11-13
can optionally comprise: wherein the form observations
module includes a compute reference attitude module
and a module to form attitude observation, wherein com-
puting the at least one observation based on input to the
form observations module comprises: computing a ref-
erence attitude direction cosine matrix at the compute
reference attitude module based on data from at least
one of the first high performance accelerometer, the first
high performance, and the second high performance ac-
celerometer; inputting the reference attitude direction co-
sine matrix at the module to form attitude observation in
the form observations module; and computing an attitude
observation at the module to form attitude observation,
and wherein outputting at least one observation to the
Kalman filter comprises: outputting the attitude observa-
tion to the Kalman filter from the module to form attitude
observation.
[0073] In Example 15, the method of any of Examples
11-14 can optionally comprise: wherein the form obser-
vations module further includes a compute velocity ob-
servation module, wherein the computing the at least one
observation further comprises: differencing a navigation
velocity from the navigation system and a reference ve-
locity value, and wherein outputting at least one obser-
vation to the Kalman filter further comprises: outputting

a velocity observation to the Kalman filter from the com-
pute velocity observation module.
[0074] In Example 16, the method of Examples 11-13
can optionally comprise: wherein the form observations
module includes a compute velocity observation module,
wherein the computing the at least one observation
based on input to a form observations module comprises:
differencing a navigation velocity from the navigation sys-
tem and a reference velocity value, and wherein output-
ting at least one observation to the Kalman filter compris-
es: outputting a velocity observation to the Kalman filter
from the compute velocity observation module.
[0075] In Example 17, the method of Examples 11-13
can optionally comprise: wherein the form observations
module is a compute attitude observation module com-
prising a first module, a second module, and a third mod-
ule, the method further comprising: computing a refer-
ence roll value and a reference pitch value based on input
to the first module from the first high performance accel-
erometer and the second high performance accelerom-
eter; computing a reference attitude value based on input
to the second module from the first high performance
gyroscope; outputting a reference heading value from
the third module; and differencing a navigation heading
from the navigation system and the reference heading
value from the third module at a form observations mod-
ule, wherein outputting the at least one observation to
the Kalman filter comprises: outputting an attitude obser-
vation from the form observations module to the Kalman
filter.
[0076] Example 18 includes a program product for im-
proving performance of a navigation system communi-
catively coupled to a first high performance accelerom-
eter and a first high performance gyroscope aligned to a
first body-frame-level axis, a second high performance
accelerometer and a second gyroscope aligned to a sec-
ond body-frame-level axis, a third low performance ac-
celerometer and a third low performance gyroscope
aligned to a third body-frame axis, the program-product
comprising a processor-readable medium on which pro-
gram instructions are embodied, wherein the program
instructions are operable, when executed by at least one
processor included in an attitude estimator system com-
municatively coupled to the navigation system, to cause
the attitude estimator system to: compute at least one
observation based on input to a form observations mod-
ule from at least one of the first high performance gyro-
scope, the first high performance accelerometer, and the
second high performance accelerometer; output the at
least one observation to a Kalman filter from the form
observations module; and output error corrections as Ka-
lman filter feedback from the Kalman filter.
[0077] In Example 19, the program product of Example
18 can optionally comprise: wherein the form observa-
tions module includes a compute reference attitude mod-
ule and a module to form attitude observation, wherein
the program instructions are further operable, when ex-
ecuted by the at least one processor included in the at-
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titude estimator system communicatively coupled to the
navigation system, to cause the attitude estimator system
to: compute a reference attitude direction cosine matrix
at the compute reference attitude module based on data
from at least one of the first high performance acceler-
ometer, the first high performance, and the second high
performance accelerometer; input the reference attitude
direction cosine matrix at the module to form attitude ob-
servation in the form observations module; and compute
an attitude observation at the module to form attitude
observation.
[0078] In Example 20, the program product of any of
Examples 18 and 19 can optionally comprise: the form
observations module further includes a compute velocity
observation module, wherein the program instructions
are further operable, when executed by the at least one
processor included in the attitude estimator system com-
municatively coupled to the navigation system, to cause
the attitude estimator system to: difference a navigation
velocity from the navigation system and a reference ve-
locity value, wherein the outputting the at least one ob-
servation to the Kalman filter comprises: output a velocity
observation to the Kalman filter from the compute velocity
observation module.
[0079] In Example 21, the program product of Example
18 can optionally comprise: wherein the form observa-
tions module includes a compute velocity observation
module, wherein the program instructions are further op-
erable, when executed by the at least one processor in-
cluded in the attitude estimator system communicatively
coupled to the navigation system, to cause the attitude
estimator system to: difference a navigation velocity from
the navigation system and a reference velocity value,
wherein outputting at least one observation to the Kalman
filter comprises: output a velocity observation to the Ka-
lman filter from the compute velocity observation module.
[0080] In Example 22, the program product of Example
18 can optionally comprise: wherein the form observa-
tions module is a compute attitude observation module
comprising a first module, a second module, and a third
module, wherein the program instructions are further op-
erable, when executed by the at least one processor in-
cluded in the attitude estimator system communicatively
coupled to the navigation system, to cause the attitude
estimator system to: compute a reference roll value and
a reference pitch value based on input to the first module
from the first high performance accelerometer and the
second high performance accelerometer; compute a ref-
erence attitude value based on input to the second mod-
ule from the first high performance gyroscope; output a
reference heading value from the third module; and dif-
ference a navigation heading from the navigation system
and the reference heading value from the third module
at a form observations module, wherein outputting the at
least one observation to the Kalman filter comprises: out-
put an attitude observation from the form observations
module to the Kalman filter.
[0081] Although specific embodiments have been il-

lustrated and described herein, it is appreciated by those
of ordinary skill in the art that any arrangement, which is
calculated to achieve the same purpose, may be substi-
tuted for the specific embodiment shown. This application
is intended to cover any adaptations or variations of the
present invention. Therefore, it is manifestly intended that
this invention be limited only by the claims and the equiv-
alents thereof.

Claims

1. A method to improve performance of a navigation
system (110) communicatively coupled to sensors
(125) including a first accelerometer (151) and a first
gyroscope (161), a second accelerometer (152) and
a second gyroscope (162), and a third accelerometer
(153) and a third gyroscope (163), wherein at least
one of the first accelerometer and second acceler-
ometer is more accurate than the third accelerometer
and wherein at least one the first gyroscope and the
second gyroscope is more accurate than the third
gyroscope, the method comprising:

computing at least one observation, wherein an
observation is an estimated error of a measured
value compared to a reference value, based on
input to a form observations module (180), from
at least one of the first gyroscope, the first ac-
celerometer, and the second accelerometer;
outputting the at least one observation to a Ka-
lman filter (100) from the form observations
module;
inputting observations formed in the form obser-
vations module at a module (103) in the Kalman
filter to rotate an error into a sensor-frame (Xsf,
Ysf, Zsf);
rotating the observation into the sensor-frame;
zeroing selected gains associated with at least
one of the third accelerometer and the third gy-
roscope at a compute Kalman gains module
(195) in the Kalman filter; and
outputting error corrections as Kalman filter
feedback from the Kalman filter.

2. The method of claim 1, wherein the form observa-
tions module (180) includes a compute reference at-
titude module (199), in which reference attitude ob-
servations are computed, and a module to form at-
titude observation (210), wherein computing the at
least one observation based on input to the form ob-
servations module comprises:

computing a reference attitude direction cosine

matrix  between the sensor-frame (Xsf,

Ysf, Zsf) and the local-level frame (XNED, YNED,

ZNED), which is a correct direction cosine matrix
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for rotating information between the sensor-
frame (Xsf, Ysf, Zsf) and the local-level frame

(XNED, YNED, ZNED), at the compute reference

attitude module based on data from the first ac-
celerometer (151), the first gyroscope (161), and
the second accelerometer (152);
inputting the reference attitude direction cosine
matrix at the module to form attitude observation
in the form observations module; and
computing an attitude observation at the module
to form attitude observation, and wherein out-
putting at least one observation to the Kalman
filter (100) comprises:
outputting the attitude observation to the Ka-
lman filter from the module to form attitude ob-
servation.

3. The method of claim 2, wherein the form observa-
tions module (180) further includes a form velocity
observation module (198), in which velocity obser-
vations are computed, wherein the computing the at
least one observation further comprises:

differencing a navigation velocity output as part
of navigation data from the navigation system
(110) and a reference velocity value obtained
from at least one of the sensors (125), and
wherein outputting at least one observation to
the Kalman filter (100) further comprises:

outputting a velocity observation to the Ka-
lman filter from the compute velocity obser-
vation module.

4. The method of claim 1, wherein the form observa-
tions module (180) includes a form velocity obser-
vation module (198), in which velocity observations
are computed, wherein the computing the at least
one observation based on input to the form obser-
vations module comprises:

differencing a navigation velocity output as part
of navigation data from the navigation system
(110) and a reference velocity value obtained
from at least one of the sensors (125), and
wherein outputting at least one observation to
the Kalman filter (100) comprises:

outputting a velocity observation to the Ka-
lman filter from the compute velocity obser-
vation module.

5. The method of claim 1, wherein the form observa-
tions module (180) is a compute attitude observation
module (199), in which attitude observations are
computed, comprising a first module (241), a second
module (252), and a third module (240), the method

further comprising:

computing a reference roll value and a reference
pitch value based on high accuracy acceleration
data input to the first module from the first ac-
celerometer (151) and the second accelerome-
ter (152);
computing a reference attitude value based on
input from at least one of the sensors (125) to
the second module from the first gyroscope
(161);
outputting a reference heading value from the
third module; and
differencing a navigation heading from the nav-
igation system (110) and the reference heading
value from the third module at the form obser-
vations module, wherein outputting the at least
one observation to the Kalman filter (100) com-
prises:

outputting an attitude observation from the
form observations module to the Kalman fil-
ter.

Patentansprüche

1. Verfahren zum Verbessern der Leistungsfähigkeit
eines Navigationssystems (110), das mit Sensoren
(125), die einen ersten Beschleunigungsmesser
(151) und ein erstes Gyroskop (161), einen zweiten
Beschleunigungsmesser (152) und ein zweites Gy-
roskop (162) und einen dritten Beschleunigungs-
messer (153) und ein drittes Gyroskop (163) umfas-
sen, kommunikationstechnisch gekoppelt ist, wobei
der erste Beschleunigungsmesser und/oder der
zweite Beschleunigungsmesser genauer sind als
der dritte Beschleunigungsmesser und wobei das
erste Gyroskop und/oder das zweite Gyroskop ge-
nauer sind als das dritte Gyroskop, wobei das Ver-
fahren Folgendes umfasst:

Berechnen mindestens einer Beobachtung, wo-
bei eine Beobachtung ein geschätzter Fehler ei-
nes gemessenen Werts im Vergleich zu einem
Bezugswert ist, auf der Grundlage einer Einga-
be an ein Beobachtungsbildungsmodul (180)
von dem ersten Gyroskop und/oder dem ersten
Beschleunigungsmesser und/oder dem zweiten
Beschleunigungsmesser;
Ausgeben mindestens einer Beobachtung an
ein Kalman-Filter (100) von dem Beobachtungs-
bildungsmodul;
Eingeben von Beobachtungen, die in dem Be-
obachtungsbildungsmodul (103) gebildet wer-
den, in ein Modul (103) in dem Kalman-Filter,
um einen Fehler in einen Sensorrahmen (Xsf,
Ysf, Zsf) zu drehen;
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Drehen der Beobachtung in den Sensorrahmen;
Setzen auf null ausgewählter Zuwächse, die
dem dritten Beschleunigungsmesser und/oder
dem dritten Gyroskop zugeordnet sind, in einem
Modul (195) zum Berechnen der Kalman-Zu-
wächse in dem Kalman-Filter und
Ausgeben von Fehlerberichtigungen als Kal-
man-Filterrückmeldung von dem Kalman-Filter.

2. Verfahren nach Anspruch 1, wobei das Beobach-
tungsbildungsmodul (180) ein Bezugshöhenberech-
nungsmodul (199), in dem Bezugshöhenbeobach-
tungen berechnet werden, und ein Modul, um eine
Höhenbeobachtung (210) zu bilden, einschließt, wo-
bei das Berechnen der mindestens einen Beobach-
tung auf der Grundlage der Eingabe in das Beob-
achtungsbildungsmodul Folgendes umfasst:

Berechnen einer Bezugshöhenrichtungskosi-

nusmatrix  zwischen dem Sensorrahmen

(Xsf, Ysf, Zsf) und dem Ortsebenenrahmen

(XNED, YNED, ZNED), die eine korrekte Rich-

tungskosinusmatrix zum Drehen von Informati-
onen zwischen dem Sensorrahmen (Xsf, Ysf, Zsf)

und dem Ortsebenenrahmen (XNED, YNED,

ZNED) ist, in dem Bezugshöhenberechnungs-

modul auf der Grundlage von Daten von dem
ersten Beschleunigungsmesser (151), dem ers-
ten Gyroskop (161) und dem zweiten Beschleu-
nigungsmesser (152);
Eingeben der Bezugshöhenrichtungskosinus-
matrix in das Modul, um in dem Beobachtungs-
bildungsmodul eine Höhenbeobachtung zu bil-
den, und
Berechnen einer Höhenbeobachtung in dem
Modul, um eine Höhenbeobachtung zu bilden,
wobei das Ausgeben von mindestens einer Be-
obachtung an das Kalman-Filter (100) Folgen-
des umfasst:

Ausgeben der Höhenbeobachtung an das
Kalman-Filter von dem Modul, um eine Hö-
henbeobachtung zu bilden.

3. Verfahren nach Anspruch 2, wobei das Beobach-
tungsbildungsmodul (180) ferner ein Geschwindig-
keitsbeobachtungsbildungsmodul (198) umfasst, in
dem Geschwindigkeitsbeobachtungen berechnet
werden, wobei das Berechnen der mindestens einen
Beobachtung ferner Folgendes umfasst:

Bilden einer Differenz zwischen einer Navigati-
onsgeschwindigkeitsausgabe als Teil von Navi-
gationsdaten von dem Navigationssystem (110)
und einem Bezugsgeschwindigkeitswert, der
von mindestens einem der Sensoren (125) er-

halten wird, wobei das Ausgeben mindestens
einer Beobachtung an das Kalman-Filter (100)
ferner Folgendes umfasst:

Ausgeben einer Geschwindigkeitsbeob-
achtung an das Kalman-Filter von dem
Geschwindigkeitsbeobachtungsberech-
nungsmodul.

4. Verfahren nach Anspruch 1, wobei das Beobach-
tungsbildungsmodul (180) ein Geschwindigkeitsbe-
obachtungsbildungsmodul (198) umfasst, in dem
Geschwindigkeitsbeobachtungen berechnet wer-
den, wobei das Berechnen der mindestens einen Be-
obachtung auf der Grundlage der Eingabe von dem
Beobachtungsbildungsmodul Folgendes umfasst:

Bilden einer Differenz zwischen einer Navigati-
onsgeschwindigkeitsausgabe als Teil von Navi-
gationsdaten von dem Navigationssystem (110)
und einem Bezugsgeschwindigkeitswert, der
von mindestens einem der Sensoren (125) er-
halten wird, wobei das Ausgeben mindestens
einer Beobachtung an das Kalman-Filter (100)
ferner Folgendes umfasst:

Ausgeben einer Geschwindigkeitsbeob-
achtung an das Kalman-Filter von dem
Geschwindigkeitsbeobachtungsberech-
nungsmodul.

5. Verfahren nach Anspruch 1, wobei das Beobach-
tungsbildungsmodul (180) ein Höhenbeobachtungs-
berechnungsmodul (199) ist, in dem Höhenbeob-
achtungen berechnet werden, das ein erstes Modul
(241), ein zweites Modul (252) und ein drittes Modul
(240) umfasst, wobei das Verfahren ferner Folgen-
des umfasst:

Berechnen eines Bezugsrollwerts und eines Be-
zugsnickwerts auf der Grundlage einer Be-
schleunigungsdateneingabe hoher Genauig-
keit, die in das erste Modul von dem ersten Be-
schleunigungsmesser (151) und dem zweiten
Beschleunigungsmesser (152) eingegeben
werden;
Berechnen eines Bezugshöhenwerts auf der
Grundlage einer Eingabe von mindestens ei-
nem der Sensoren (125) in das zweite Modul
von dem ersten Gyroskop (161);
Ausgeben eines Bezugssteuerkurswerts von
dem dritten Modul und
Bilden einer Differenz zwischen einem Naviga-
tionssteuerkurs von dem Navigationssystem
(110) und dem Bezugssteuerkurswert von dem
dritten Modul in dem Beobachtungsbildungsmo-
dul, wobei das Ausgeben der mindestens einen
Beobachtung an das Kalman-Filter (100) Fol-
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gendes umfasst:

Ausgeben einer Höhenbeobachtung von
dem Beobachtungsbildungsmodul an das
Kalman-Filter.

Revendications

1. Procédé d’amélioration de la performance d’un sys-
tème de navigation (110) couplé de manière à com-
muniquer avec des capteurs (125) comportant un
premier accéléromètre (151) et un premier gyrosco-
pe (161), un deuxième accéléromètre (152) et un
deuxième gyroscope (162), et un troisième accélé-
romètre (153) et un troisième gyroscope (163), dans
lequel au moins l’un du premier accéléromètre et du
deuxième accéléromètre est plus précis que le troi-
sième accéléromètre, et dans lequel au moins l’un
du premier gyroscope et du deuxième gyroscope est
plus précis que le troisième gyroscope, le procédé
comprenant :

le calcul d’au moins une observation, une ob-
servation étant une erreur estimée d’une valeur
mesurée comparée à une valeur de référence,
en fonction d’une entrée dans un module de for-
mation d’observations (180), depuis au moins
l’un du premier gyroscope, du premier accélé-
romètre et du deuxième accéléromètre ;
la production en sortie de l’au moins une obser-
vation vers un filtre de Kalman (100) par le mo-
dule de formation d’observations ;
l’entrée d’observations formées dans le module
de formation d’observations au niveau d’un mo-
dule (103) dans le filtre de Kalman pour faire
tourner une erreur dans un système de coor-
données de capteur (Xsf, Ysf, Zsf) ;
la rotation de l’observation dans le système de
coordonnées de capteur ;
la mise à zéro de gains sélectionnés associés
à au moins l’un du troisième accéléromètre et
du troisième gyroscope au niveau d’un module
de calcul de gains de Kalman (195) dans le filtre
de Kalman ; et
la production en sortie de corrections d’erreurs
comme rétroaction de filtre de Kalman du filtre
de Kalman.

2. Procédé selon la revendication 1, dans lequel le mo-
dule de formation d’observations (180) comporte un
module de calcul d’assiette de référence (199), le-
quel calcule des observations d’assiette de référen-
ce, et un module de formation d’observations d’as-
siette (210), dans lequel le calcul de l’au moins une
observation en fonction d’une entrée dans le module
de formation d’observations comprend :

le calcul d’une matrice de cosinus de sens d’as-

siette de référence  entre le système de

coordonnées de capteur (Xsf, Ysf, Zsf) et le sys-

tème de coordonnées au niveau local (XNED,

YNED, ZNED), laquelle est une matrice de cosinus

de sens correct pour tourner les informations
entre le système de coordonnées de capteur
(Xsf, Ysf, Zsf) et le système de coordonnées au

niveau local (XNED, YNED, ZNED), dans le module

de calcul d’assiette de référence en fonction de
données provenant du premier accéléromètre
(151), du premier gyroscope (161) et du deuxiè-
me accéléromètre (152) ;
l’entrée de la matrice de cosinus de sens d’as-
siette de référence au niveau du module pour
former une observation d’assiette dans le mo-
dule de formation d’observations ; et
le calcul d’une observation d’assiette au niveau
du module de formation d’observation d’assiet-
te, et dans lequel la production en sortie d’au
moins une observation vers le filtre de Kalman
(100) comprend :

la production en sortie de l’observation d’as-
siette vers le filtre de Kalman par le module
de formation d’observation d’assiette.

3. Procédé selon la revendication 2, dans lequel le mo-
dule de formation d’observations (180) comprend en
outre un module de formation d’observations de vi-
tesse (198), lequel calcule des observations de vi-
tesse, dans lequel le calcul de l’au moins une obser-
vation comprend en outre :

la différenciation d’une vitesse de navigation
produite en sortie en tant que partie de données
de navigation par le système de navigation (110)
et d’une valeur de vitesse de référence obtenue
depuis au moins l’un des capteurs (125), et dans
lequel la production en sortie d’au moins une
observation vers le filtre de Kalman (100) com-
prend en outre :

la production en sortie d’une observation de
vitesse vers le filtre de Kalman par le mo-
dule de calcul d’observation de vitesse.

4. Procédé selon la revendication 1, dans lequel le mo-
dule de formation d’observations (180) comporte un
module de formation d’observations de vitesse
(198), lequel calcule des observations de vitesse,
dans lequel le calcul de l’au moins une observation
en fonction de l’entrée dans le module de formation
d’observations comprend :

la différenciation d’une vitesse de navigation
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produite en sortie en tant que partie de données
de navigation par le système de navigation (110)
et d’une valeur de vitesse de référence obtenue
depuis au moins l’un des capteurs (125), et dans
lequel la production en sortie d’au moins une
observation vers le filtre de Kalman (100) com-
prend:

la production en sortie d’une observation de
vitesse vers le filtre de Kalman par le mo-
dule de calcul d’observation de vitesse.

5. Procédé selon la revendication 1, dans lequel le mo-
dule de formation d’observations (180) est un mo-
dule de calcul d’observations d’assiette (199), lequel
calcule des observations d’assiette, comprenant un
premier module (241), un deuxième module (252)
et un troisième module (240), le procédé comprenant
en outre :

le calcul d’une valeur de tangage de référence
et d’une valeur de roulis de référence sur une
entrée de données d’accélération de haute pré-
cision dans le premier module depuis le premier
accéléromètre (151) et le deuxième accéléro-
mètre (152) ;
le calcul d’une valeur d’assiette de référence en
fonction d’une entrée depuis au moins l’un des
capteurs (125) dans le deuxième module depuis
le premier gyroscope (161) ;
la production en sortie d’une valeur de cap de
référence depuis le troisième module ; et
la différenciation d’un cap de navigation du sys-
tème de navigation (110) et de la valeur de cap
de référence du troisième module au niveau du
module de formation d’observations, dans le-
quel la production en sortie de l’au moins une
observation vers le filtre de Kalman (100)
comprend :

la production en sortie d’une observation
d’assiette par le module de formation d’ob-
servations vers le filtre de Kalman.
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