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GROUP SELECTION

(57) Methods for secure random selection of t client
devices which from a set of N client devices and methods
for secure computation of inputs of t client devices which
are randomly selected from a set of N client devices are
described. Such random selection method may include
determining an initial binary vector b of weight t by setting
the first t bits to one: bi = 1, 1 ≤ i ≤ t, and all further bits
to zero: bi = 0, t < i ≤ N; each client device i (i=1,...,N) of

the set of N client devices jointly generating a random
binary vector b of weight t in an obfuscated domain on
the basis of the initial binary vector b including: determin-
ing a position n in the binary vector; determining a random
number r in {n,n+1,...N}; and, using the random number
to swap binary values at positions n and r of the binary
vector b.



EP 3 506 547 A1

2

5

10

15

20

25

30

35

40

45

50

55

Description

Field of the invention

[0001] The invention relates to providing security
against user collusion in data analytics using random
group selection, and, in particular, though not exclusively,
to methods and systems for random group selection,
methods and system for secure computation of inputs
using random group selection, client devices and server
devices adapted to execute such methods and a com-
puter program product adapted to execute such meth-
ods.

Background of the invention

[0002] Currently the number of data processing
schemes that require the processing of large sets of pri-
vacy-sensitive data is growing exponentially. Commer-
cial, governmental and academic organizations make
decisions or verify or disprove models, theories or hy-
potheses using big data analytics. These techniques
generally include collecting, organizing and analysing
large sets of privacy-sensitive data in order to discover
descriptive, predictive or even prescriptive insights about
a group or groups of people, organisations or companies.
This information may be of substantial commercial value.
For example, a recommender system may include one
or more network servers that run an algorithm to generate
personal suggestions for individual users on the basis of
data of a large group of users. The data is collected by
client applications running on (mobile) devices of the us-
ers and transmitted to the server using a suitable client-
server protocol.
[0003] Data processing schemes used in big data an-
alytics are based on multiple sets of privacy-sensitive
user inputs, wherein each set of user-inputs may be pro-
vided by a selected group of users, wherein the data
processing may include computations, e.g. one or more
arithmetical operations such as addition, multiplication,
comparison, etc., of the collected data. Privacy-preserv-
ing protocols are used in order to eliminate or at least
limit information leakage during the processing and trans-
mission of the data. Typically, these techniques include
obfuscating the privacy-sensitive data prior to the data
processing and communication, which is typically per-
formed in an untrustworthy environment.
[0004] WO2013066176 and WO2013066177 describe
a privacy-preserving protocol for use in a recommender
system wherein inputs from selected groups of users may
be aggregated and processed in the encrypted domain
using a cryptographic privacy-preserving protocol which
may include the use of a homomorphic cryptographic
system. The problem of such approach however is that
despite the use of cryptographic techniques, information
leakage is still possible. For example, Kononchuk et al.
"Privacy-preserving user data oriented services for
groups with dynamic participation", in Computer Security

(ESORICS) Lecture Notes in Computer Science, 8134,
Springer, Berlin, 2013) have shown that repeating such
a protocol several times with groups of colluding users
may cause information to leak away.
[0005] Kononchuk et al. suggested the so-called ran-
dom user selection approach in order to cope with the
problem of user collusion leading to information leakage.
In this approach, a random subset of users is generated
for the computation of an output function (e.g. computing
suggestions in a recommendation system) on the basis
of a random bit vector, wherein each element of the vector
indicates whether a particular user is selected or not for
computing a current group service. This selection vector
is kept hidden from all parties, including the server that
is computing the aggregation. The use of the random
user selection approach is further described in the article
by Veugen et al., "Improved privacy of dynamic group
services", EURASIP journal on information security,
March 2017.
[0006] In Kononchuk et al. the random bits generation
is solved by having each user randomly generating a
permutation of length N, concatenating these N permu-
tations to one joint random permutation, and using this
to permute an initial vector containing exactly t ones. One
problem associated with this solution is that when the
number of permutations N becomes large (e.g. a random
selection from a set of a million users or more) the per-
mutation process becomes communicational and com-
putational complex. Random bit generation by means of
permutation matrices requires N matrix multiplications,
wherein each matrix multiplication requires exchange of
information between the participating client devices. In
practical implementations however client devices are
heterogeneous devices, typically mobile devices having
limited resources. Hence, the communication and com-
putational complexity of the protocol should be minimized
without compromising the security of the protocol.
[0007] Hence, from the above follows a need in the art
for improved methods and systems for privacy-preserv-
ing random group selection. In particular, there is a need
in the art for methods and systems that enable secure
random selection of a group of client devices and secure
aggregation of privacy sensitive data of a randomly se-
lected group of client devices. This efficiency is typically
important for data analytics, as more efficient algorithms
allow for recommender systems to be more responsive
to changes in user behavior; and packaging of more in-
formation, such as user behavior history, leads to more
accurate predictions.

Summary of the invention

[0008] As will be appreciated by one skilled in the art,
aspects of the present invention may be embodied as a
system, method or computer program product. Accord-
ingly, aspects of the present invention may take the form
of an entirely hardware embodiment, an entirely software
embodiment (including firmware, resident software, mi-
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cro-code, etc.) or an embodiment combining software
and hardware aspects that may all generally be referred
to herein as a "circuit", "module" or "system." Functions
described in this disclosure may be implemented as an
algorithm executed by a microprocessor of a computer.
Furthermore, aspects of the present invention may take
the form of a computer program product embodied in one
or more computer readable medium(s) having computer
readable program code embodied, e.g., stored, thereon.
[0009] Any combination of one or more computer read-
able medium(s) may be utilized. The computer readable
medium may be a computer readable signal medium or
a computer readable storage medium. A computer read-
able storage medium may be, for example, but not limited
to, an electronic, magnetic, optical, electromagnetic, in-
frared, or semiconductor system, apparatus, or device,
or any suitable combination of the foregoing. More spe-
cific examples (a non- exhaustive list) of the computer
readable storage medium would include the following:
an electrical connection having one or more wires, a port-
able computer diskette, a hard disk, a random access
memory (RAM), a read-only memory (ROM), an erasable
programmable read-only memory (EPROM or Flash
memory), an optical fiber, a portable compact disc read-
only memory (CD-ROM), an optical storage device, a
magnetic storage device, or any suitable combination of
the foregoing. In the context of this document, a computer
readable storage medium may be any tangible medium
that can contain, or store a program for use by, or in
connection with, an instruction execution system, appa-
ratus, or device.
[0010] A computer readable signal medium may in-
clude a propagated data signal with computer readable
program code embodied therein, for example, in base-
band or as part of a carrier wave. Such a propagated
signal may take any of a variety of forms, including, but
not limited to, electromagnetic, optical, or any suitable
combination thereof. A computer readable signal medi-
um may be any computer readable medium that is not a
computer readable storage medium and that can com-
municate, propagate, or transport a program for use by,
or in connection with, an instruction execution system,
apparatus, or device.
[0011] Program code embodied on a computer read-
able medium may be transmitted using any appropriate
medium, including, but not limited to, wireless, wireline,
optical fiber, cable, RF, etc., or any suitable combination
of the foregoing. Computer program code for carrying
out operations for aspects of the present invention may
be written in any combination of one or more program-
ming languages, including an object oriented program-
ming language such as Java(TM), Smalltalk, C++ or the
like and conventional procedural programming languag-
es, such as the "C" programming language or similar pro-
gramming languages. The program code may execute
entirely on the user’s computer, partly on the user’s com-
puter, as a stand-alone software package, partly on the
user’s computer and partly on a remote computer, or en-

tirely on the remote computer or server. In the latter sce-
nario, the remote computer may be connected to the us-
er’s computer through any type of network, including a
local area network (LAN) or a wide area network (WAN),
or the connection may be made to an external computer
(for example, through the Internet using an Internet Serv-
ice Provider).
[0012] Aspects of the present invention are described
below with reference to flowchart illustrations and/or
block diagrams of methods, apparatus (systems), and
computer program products according to embodiments
of the invention. It will be understood that each block of
the flowchart illustrations and/or block diagrams, and
combinations of blocks in the flowchart illustrations
and/or block diagrams, can be implemented by computer
program instructions. These computer program instruc-
tions may be provided to a processor, in particular a mi-
croprocessor or central processing unit (CPU), of a gen-
eral purpose computer, special purpose computer, or
other programmable data processing apparatus to pro-
duce a machine, such that the instructions, which exe-
cute via the processor of the computer, other program-
mable data processing apparatus, or other devices cre-
ate means for implementing the functions/acts specified
in the flowchart and/or block diagram block or blocks.
[0013] These computer program instructions may also
be stored in a computer readable medium that can direct
a computer, other programmable data processing appa-
ratus, or other devices to function in a particular manner,
such that the instructions stored in the computer readable
medium produce an article of manufacture including in-
structions which implement the function/act specified in
the flowchart and/or block diagram block or blocks.
[0014] The computer program instructions may also
be loaded onto a computer, other programmable data
processing apparatus, or other devices to cause a series
of operational steps to be performed on the computer,
other programmable apparatus or other devices to pro-
duce a computer implemented process such that the in-
structions which execute on the computer or other pro-
grammable apparatus provide processes for implement-
ing the functions/acts specified in the flowchart and/or
block diagram block or blocks.
[0015] The flowchart and block diagrams in the figures
illustrate the architecture, functionality, and operation of
possible implementations of systems, methods and com-
puter program products according to various embodi-
ments of the present invention. In this regard, each block
in the flowchart or block diagrams may represent a mod-
ule, segment, or portion of code, which comprises one
or more executable instructions for implementing the
specified logical function(s). It should also be noted that,
in some alternative implementations, the functions noted
in the blocks may occur out of the order noted in the
figures. For example, two blocks shown in succession
may, in fact, be executed substantially concurrently, or
the blocks may sometimes be executed in the reverse
order, depending upon the functionality involved. It will
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also be noted that each block of the block diagrams
and/or flowchart illustrations, and combinations of blocks
in the block diagrams and/or flowchart illustrations, can
be implemented by special purpose hardware-based
systems that perform the specified functions or acts, or
combinations of special purpose hardware and computer
instructions.
[0016] It is an objective of the invention to reduce or
eliminate at least one of the drawbacks known in the prior
art. In an aspect, the invention may relate to a method
for secure computation of inputs of t client devices which
are randomly selected from a set of N client devices,
wherein the method may comprise: each client device i
(i=1,...,N) of the set of N client devices generating a ran-
dom binary vector b of weight t in an obfuscated domain,
preferably an encrypted domain or a secret-sharing do-
main, the generating including using random numbers to
randomly swap bit values bi at different positions i
(i=1,...,N) in the binary vector; each client device i
(i=1,...,N) transforming an input value xi into the obfus-
cated domain and determining the product bi · xi of bit
value bi at position i of the random binary vector and the
input value xi in the obfuscated domain; and, performing
a secure computation in the obfuscated domain on the
basis of the products bi · xi (i=1,...,N).
[0017] Hence, the method provides a computationally
and communicationally efficient scheme for secure se-
lection of a random group of client devices from a set of
N client devices. Additionally, the method provides a
computationally and communicationally efficient scheme
for performing secure computations on the basis of the
input values of the randomly selected client devices. Both
the random selection and the computations are executed
in the obfuscated domain so that neither the client devic-
es, nor devices external to the client devices, e.g. a serv-
er, have knowledge about the group that is selected for
the computation, or about the computation itself (e.g. the
input values and/or the outcome of the computation). The
secure random bit generation protocol takes not more
than 3tN secure multiplications. This is a more efficient
way (i.e. compared to Kononchuk et al) of securing the
privacy of users is secured against collusion by malicious
users.
[0018] The invention is particular useful for big data
analytics applications that involve multi-party computa-
tions in which the privacy of users needs to be secured.
These applications include (but not limited to) online or
cloud-based processing of private-sensitive data for rec-
ommender systems, processing metrics in television and
multimedia applications (e.g. audience ratings of channel
usage in television broadcast or streaming applications),
processing of financial data of commercial and/or insti-
tutional organisations, etc.
[0019] In an embodiment, generating a random binary
vector may include: determining an initial binary vector
b of weight t by setting the first t bits to one: bi =1, 1≤ i ≤
t, and all further bits to zero: bi = 0, t< i ≤ N; generating
a random binary vector on the basis of the initial binary

vector, the generating including determining a position n
in the binary vector and determining a random number r
in {n,n+1,...N} and using the random number to swap
binary values at positions n and r of the binary vector b.
[0020] In an embodiment, the swapping of the bits may
be based on a delta function δi

n, wherein δi
n = 1, if a

random value rn = i, and δi
n = 0, for all other i positions

in the vector.
[0021] In an embodiment, the delta function δi

n may be
defined on the basis of a polynomial function Di

n(x): 

wherein dj represent coefficients of the Lagrange poly-
nomial Di

n(x).
[0022] In an embodiment, the obfuscated domain may
be based on a homomorphic cryptosystem, preferably
an additively homomorphic cryptosystem.
[0023] In an embodiment, the random generated bina-
ry vector may include encrypted random bits [bi], 1 ≤ i ≤
N, such that ∑ibi = t; wherein the client device i processes
its input xi on the basis of the binary vector of encrypted
bits by computing [xi · bi] = [bi]xi; and, wherein the secure
computation in the obfuscated domain is based on the
computed values [xi ·bi] (i=1,...,N).
[0024] In an embodiment, the method may further in-
clude: each of the client devices i transmitting the com-
puted value [xi ·bi] to a server, preferably an aggregation
server; and, the server performing the secure computa-
tion on the basis of the computed values [xi ·bi] (i=1,...,N).
[0025] In an embodiment, the method may further in-
clude: each of the client devices transmitting the com-
puted value [xi ·bi] to one or more client devices; and, the
one or more client devices performing the secure com-
putation on the basis of [xi ·bi] (i=1,...,N).
[0026] In an embodiment, the obfuscated domain may
be based on a secret-sharing system, preferably the se-
cret-sharing system being based on a modulo computa-
tion using a fixed prime p.
[0027] In an embodiment, the random generated bina-
ry vector may include secret-shared random bits 〈bi〉, 1
≤ i ≤ N, such that ∑i bi= t; wherein the client device i
determines a secret share 〈xi〉 using the fixed prime p,
and the clients jointly compute 〈bi ·xi〉; and wherein the
secure computation in the obfuscated domain is based
on the computed values 〈bi ·xi〉 (i=1,...,N).
[0028] In a further aspect, the invention may relate to
a system for secure computation of inputs of t client de-
vices which are randomly selected from a set of N client
devices. In an embodiment, the system may comprise:
a set of client devices i (i=1,...,N), each client device com-
prising a computer readable storage medium having
computer readable program code embodied therewith,
the program code including an obfuscation function, pref-
erably a homomorphic encryption function, or a secret-
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sharing function, for performing computations in an ob-
fuscated domain and a processor, preferably a micro-
processor, coupled to the computer readable storage
medium, wherein responsive to executing the first com-
puter readable program code, wherein the processor is
configured to perform executable operations comprising:
generating a random binary vector b of weight t in an
obfuscated domain, preferably an encrypted domain or
a secret-sharing domain, the generating including using
random numbers to randomly swap bit values bi at dif-
ferent positions i (i=1,...,N) in the binary vector; trans-
forming an input value xi into the obfuscated domain, and
determining the product bi · xi of bit value bi at position i
of the random binary vector and the input value xi in the
obfuscated domain; and, transmitting the computed
product bi · xi to a server system or to a further client
device, wherein the server or the further client device is
configured to perform a secure computation in the ob-
fuscated domain on the basis of the products bi · xi
(i=1,...,N) computed by each client device i (i=1,...,N).
[0029] In a further aspect, the invention may relate to
client apparatus for use in a system for secure compu-
tation of inputs of t client devices, which are randomly
selected from a set of N client devices. In an embodiment,
the client device may comprise: a computer readable
storage medium having computer readable program
code embodied therewith, the program code including
an obfuscation function, preferably a homomorphic en-
cryption function or a secret-sharing function, for per-
forming computations in an obfuscated domain and a
processor, preferably a microprocessor, coupled to the
computer readable storage medium, wherein responsive
to executing the first computer readable program code,
wherein the processor is configured to perform execut-
able operations comprising: generating a random binary
vector b of weight t in the obfuscated domain, the gen-
erating including using random numbers to randomly
swap bit values bi at different positions i (i=1,...,N) in the
binary vector; and, transforming an input value xi into the
obfuscated domain and determining the product bi · xi of
bit value bi at position i of the random binary vector and
the input value xi in the obfuscated domain.
[0030] In an embodiment, the executable operations
may further comprise: transmitting the computed product
bi · xi to a server system or to a further client device,
wherein the server or the further client device is config-
ured to perform a secure computation in the obfuscated
domain on the basis of the products bi · xi (i=1,...,N) com-
puted by each client device i (i=1,...,N).
[0031] In a further aspect, the invention relates to a
method for secure random selection of t client devices
from a set of N client devices. In an embodiment, the
method may comprise: determining an initial binary vec-
tor b of weight t by setting the first t bits to one: bi = 1, 1
≤ i ≤ t, and all further bits to zero: bi = 0, t < i ≤ N; each
client device i (i=1,...,N) of the set of N client devices
jointly generating a random binary vector b of weight t in
an obfuscated domain on the basis of the initial binary

vector b, a bit i in the random binary vector b signalling
if client device i is selected or not, the generation of the
random binary vector including: determining a position n
in the binary vector; determining a random number r in
{n,n+1,...N}; and, using the random number to swap bi-
nary values at positions n and r of the binary vector b.
[0032] The secure random selection process may be
used in any multi-party computation scheme that requires
secure selection of t users (client devices) from a group
of N users (client devices).
[0033] In an embodiment, the swapping of the binary
values at positions n and r may be based on a delta func-
tion δi

n, wherein δi
n = 1, if a random value rn = i, and δi

n

= 0, for all other i positions in the vector. In an embodi-
ment, the delta function δi

n may be defined on the basis
of a polynomial function Di

n (x) : 

wherein dj represent coefficients of the Lagrange poly-
nomial Di

n(x).
[0034] In an embodiment, the obfuscated domain may
be based on a homomorphic cryptosystem, preferably
an additive homomorphic cryptosystem.
[0035] In an embodiment, determining a random
number r may further include: each client device i gen-
erating 1 random bits, 0 ≤ j < 1, where 1 is such that 2l-1

≤ N - n < 2l, encrypting the random bits αi
j using the

homomorphic cryptosystem; each client device i comput-
ing l encrypted random bits [αj], 0 ≤ j < 1, wherein
[αj]=[α1

j⊕ α2
j ⊕ ... ⊕ αN

j]); each client device i computing
an encrypted random number [r] on the basis of the en-
crypted random bits [αj].
[0036] In an embodiment, the computation of the en-
crypted random number may include

 
[0037] In an embodiment, the obfuscated domain may
be based on a secret-sharing system, preferably the se-
cret-sharing system being based on a modulo computa-
tion using a fixed prime p.
[0038] In an embodiment, the determining of a random
number r may further include: each client device i may
generating 1 random bits αi

j , 0 ≤ j < 1, where 1 is such

that 2l-1 ≤ N - n < 2l, transforming the random bits to the
secretly-shared domain; the client devices jointly com-
pute 1 secretly-shared random bits 〈αj〉, 0 ≤ j < 1 wherein
〈αj〉 = 〈α1

j⊕ α2
j ⊕ ... ⊕ αN

j〉;

each client device i computing the secretly shared ran-
dom number 〈r〉 on the basis of the secretly-shared ran-
dom bits 〈αj〉. In an embodiment, the computation of the
secretly-shared random number may include
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[0039] The invention may also relate to a program
product comprising software code portions configured
for, when run in the memory of a computer, executing
any of the method steps described above.
[0040] The invention will be further illustrated with ref-
erence to the attached drawings, which schematically
will show embodiments according to the invention. It will
be understood that the invention is not in any way re-
stricted to these specific embodiments.

Brief description of the drawings

[0041]

Fig. 1 schematically depicts a system for secure
computation of inputs of a randomly selected group
of client devices according to an embodiment of the
invention;
Fig. 2 schematically depicts randomly selected
group of client devices in an obfuscated domain ac-
cording to an embodiment of the invention;
Fig. 3 depicts a method for secure computation of
inputs of a randomly selected group of client devices
according to an embodiment of the invention;
Fig. 4 depicts a method for secure computation of
inputs of a randomly selected group of client devices
according to another embodiment of the invention;
Fig. 5 depicts a method for secure computation of
inputs of a randomly selected group of client devices
according to yet another embodiment of the inven-
tion;
Fig. 6 is a block diagram illustrating an exemplary
data computing system that may be used for exe-
cuting methods and software products described in
this disclosure.

Detailed description

[0042] The embodiments in this disclosure generally
relate privacy-preserving random group selection
schemes and multi-party computation schemes, such as
used in data-analytics, using such privacy-preserving
random group selection, in particular privacy-preserving
multi-party computation schemes wherein a random se-
curely selected group of client devices may jointly com-
pute a function on the basis of privacy-sensitive user da-
ta. Fig. 1 schematically depicts a system for secure com-
putation of inputs of a randomly selected group of client
devices according to an embodiment of the invention.
The system may comprise client devices 1021,2 and, in
some embodiments, at least one server 112, e.g. an ag-
gregation server. Each client device may comprise a
processor 1061,2 adapted to run one or more applica-
tions, e.g. software applications including software code
when executed by the processor configuring the client
device to collect or generate privacy sensitive user data,

e.g. medical data, financial data, user behaviour data,
commercially sensitive data, etc. Hereafter, privacy sen-
sitive user data associated with client device i may be
referred to in short as private data mi.
[0043] A client device may be implemented on a user
apparatus, e.g. a smart phone, a computer, a server, a
(smart) television, a vehicle or any consumer or industrial
electronic apparatus that is configured to process and/or
generate private data. Client devices may typically com-
prise a wireless or a hardwired communication interface
allowing client devices to communicate with each other
or with network elements, e.g. servers, in the network.
The client devices and the server may use a secure pro-
tocol, in particular a secure multi-party computation pro-
tocol based on an obfuscation scheme, e.g. an encryp-
tion scheme or secret sharing scheme, which ensures
secure communication between the client devices and
the aggregation server 112. The server may comprise a
processor 116 adapted to process the private data in the
obfuscated domain. Communication between the client
devices and the server device in the network may be
based on a suitable client server protocol 1201,2 e.g. an
HTTP protocol or the like. Further, during the execution
of the secure multi-party computation protocols de-
scribed in this application, client devices may exchange
information with each other using a central model, e.g. a
trusted server or using a decentralized communication
model on the basis of a suitable peer-to-peer protocol
121, e.g. the well-known BitTorrent protocol or a deriva-
tive thereof.
[0044] In an embodiment, when the system of Fig. 1
is configured to process data in the encrypted domain,
the secure protocol may be based on a homomorphic
cryptosystem. The homomorphic cryptosystem may
comprise an encryption function E and a decryption func-
tion D, wherein a homomorphically encrypted value E(x)
may be notated in short as [x], wherein the homomorphic
properties of the cryptosystem allow certain computa-
tions in the encrypted domain. For example, in an em-
bodiment, the homomorphic cryptosystem may be an ad-
ditively homomorphic crypto system having the property
[x1] · [x2] = [x1 + x2]. The well-known ElGamal cryptosys-
tem may be designed to have additively homomorphic
properties. The processing of the data by the aggregation
server in the encrypted domain may include one or more
computations, e.g. additions and/or multiplications. In an
embodiment, the computations may be part of a data
processing algorithm that is used by a data analytics ap-
plication.
[0045] In an embodiment, the homomorphic cryptosys-
tem may be configured as a so-called homomorphic
threshold cryptosystem. Examples of homomorphic
threshold cryptosystems are described in the article by
Y. Desmedt and Y. Frankel, with title "threshold crypto-
systems", CRYPTO 1989, P.308-315, Springer-Verlag.
The threshold homomorphic cryptosystem is associated
with key information 1101,2, including public key informa-
tion, e.g. a public encryption key e that is shared by the
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client devices and the aggregator server, and secret key
information including a secret decryption key d, which
may be secret-shared among the client devices. Each
client device i may be provided with a decryption share
di of the secret decryption key d, wherein the decryption
operation needs to be jointly performed by sufficiently
many clients.
[0046] An example of a privacy-preserving computing
system that is based on a threshold homomorphic cryp-
tosystem is described in a related European patent ap-
plication EP 17177653.7 with title "Privacy preserving
computation protocol for data analytics", which is here-
with incorporated by reference into the description of this
application.
[0047] In another embodiment, when the system of
Fig. 1 is configured to process data in the secret-shared
domain, the secure protocol may be based on a secret-
sharing system. An example of such secret-sharing sys-
tem is described in the article by Damgard et al., "Un-
conditionally secure constant-rounds multi-party compu-
tation for equality, comparison, bits and exponentiation",
In: Halevi, S., Rabin, T. (eds.) TCC 2006, LNCS, vol.
3876, pp. 285-304. Springer, Heidelberg. In such secret-
sharing scheme, values are usually computed on the ba-
sis of a modulo operation using a fixed prime p. Having
a secret sharing 〈x〉 means that each client device i has
a (meaningless) share xi, such that ∑ixi mod p = x. Adding
two secret-shared values is simply locally adding the
shares. Multiplying two secret-shared values 〈x〉 and 〈y〉
however, requires a protocol and communication be-
tween the parties. As a prerequisite, the parties should
hold secret-sharings of three random numbers a, b, and
c, such that c = (a · b) mod p.
[0048] In the system of Fig. 1, the client devices may
form a group of N client devices, wherein each client de-
vice CDi of index i (i=1,...,n) may comprise an obfuscation
function 1081,2, e.g. encryption function E of an homo-
morphic cryptosystem, in order to obfuscate private data
mi 1041,2 before sending the data to the aggregation serv-
er. Further, the aggregator server may comprise a de-
obfuscation function 118, e.g. a decryption function D of
the homomorphic cryptosystem, so that - after process-
ing the obfuscated private data in the obfuscated domain
- it can access the cleartext result of the processing by
transforming the obfuscated result back to the cleartext
domain. A storage medium 122, e.g. a database, con-
nected to the aggregation server may comprise client
information 124 regarding client devices that may partic-
ipate in the aggregation process. Such client information
may include location information, e.g. an URL or a net-
work address, and client identifiers {CDi} for uniquely
identifying each client device. Alternatively, and/or addi-
tionally, a client device (identified by a client identifier)
may be associated with an index i, preferably a countable
index i, (i.e. a quantity which can take on a set of integer
values and is used to designate one out of a number of
possible values associated with this value). This index
may hereafter be referred to as a client index. The client

information may be used by the server to establish data
connections with the different client devices.
[0049] The secure protocol is configured as a privacy-
preserving protocol allowing a server processor 116 to
securely process, e.g. aggregate, private data mi of a
group of (at least) t client devices randomly selected from
N client devices without the risk that the server and/or
client devices learn the individual private data mi and
without leaking information of user inputs to sources. Se-
lection of the client devices by the aggregation server
may be realized by a selector 114.
[0050] In many big data applications, the aggregation
process is repeated multiple times wherein each time the
selector 114 may select a different group of client devices
from the N client devices. However, as shown by Konon-
chuk et al., when the computing system repeats the ag-
gregation process a number of times for different groups
of users, information about the private data may leak
away. For example, when the aggregator server would
collude with t - 1 users, it is possible to obtain the private
input of any other user in this way.
[0051] This information leakage problem may be ad-
dressed by implementing the selector 114 as a secure
random group selection processor. This selector may
trigger the N client devices to execute a random group
selection protocol. As shown in Fig. 2, this protocol is
adapted to randomly select a subgroup H 204 of t client
devices from a group G 202 of N client devices, such that
neither the user of the aggregator server 206, nor the
users of the client devices can influence the result. In an
embodiment, such random selection may be realized by
the client devices jointly generating a set of (homomor-
phically) encrypted bits [bi], 1 ≤ i ≤ N, such that ∑ibi = t.
To avoid the ’dummy user’ attack, the protocol for gen-
erating the bits should be secure, even when only one
user is honest.
[0052] Prior art solutions include a random group se-
lection process that involves the execution of permuta-
tions in the encrypted domain resulting in a computation-
heavy protocol, which renders the protocol not, or at least
less, suitable for practical applications. It is an aim of the
embodiments in this application to provide an efficient
privacy-preserving random group selection process
which eliminates, or at least reduces, the risk of leakage
of privacy sensitive information in multi-party computa-
tion schemes, which are often used in data analytics ap-
plications. In an embodiment, such random group selec-
tion process may be used in a privacy-preserving com-
puting system as described with reference to Fig. 1. Such
system may be part of a multi-party computation system,
e.g. a recommender system as e.g. described with ref-
erence to WO2013066176 and WO2013066177.
[0053] The random group selection processes used in
the embodiment of this application may be based on a
set of bits, e.g. a binary vector bi, 1≤ i ≤ N, which is used
to identify which client device in a set of N client devices
is selected. For example, setting the k-th bit of the vector
to one (i.e. bk = 1) may indicate that client device with
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client index i=k has been selected to participate in a multi-
party computation scheme, e.g. secure data aggregation
process. Hence, randomly selecting a group of client de-
vices includes securely and randomly setting t bits in the
vector to one. The random group selection process ac-
cording to the invention thus includes the generation of
a binary vector of weight t, using a random bit generation
method in a domain in which the bits are obfuscated, e.g.
the encrypted domain or the secret-sharing domain.
[0054] The random binary vector generation may in-
clude a swapping process, wherein random numbers are
used to swap two bits in the binary vector. This process
may include an initial step in which a binary vector of
weight t is initialized by setting the first t bits to one: bi =
1, 1 ≤ i ≤ t, and all further bits to zero: bi = 0, t < i ≤ N.
Thereafter, a bit swapping process may be repeated t
times. An example of such bit swapping protocol may
look as follows.
[0055] For n = 1 to t do:

1. Client devices jointly generate a random number
r in {n,n+1, ...N};
2. Each client device swaps the binary values at po-
sitions n and r of vector b.

[0056] After execution of this bit swapping protocol,
each bit bi is one with probability t/N. It only requires the
generation of t random numbers and performing t swaps
instead of generating N random permutations and N
times permuting all items. The randomly generated vec-
tor represents a randomly selected group of client devic-
es, wherein a bit at the k-th position in the vector signal
indicates whether client device with index k is part of the
selected group. In order to avoid leakage of the selection
process to unauthorized users, the swapping protocol is
executed in an obfuscated domain. Transforming the
swapping protocol to such obfuscated domain, e.g. the
encrypted domain or the secret-sharing domain, is how-
ever not a trivial exercise. This will be illustrated in more
detail in the embodiments hereunder.
[0057] In an embodiment, the bit swapping protocol
may be executed in the encrypted domain using e.g. a
homomorphic encryption system. In that case, a binary
vector b of encrypted bits may be generated in which the
first t encrypted bits may be set to one: [bi] = [1], 1≤ i ≤ t
and the rest of the encrypted bits may be set to zero: [bi]
= [0], t < i ≤ N. Further, t encrypted random numbers [rn],
1 ≤ n ≤ t, need to be generated by the system such that
rn is uniformly drawn from the set {n, n + 1, ... N}.
[0058] Thereafter, a bit swapping process may be ex-
ecuted in which the encrypted random numbers [rn] are
used to swap encrypted bits in the binary vector.
[0059] In order to process bits of the binary vector, a
suitable bit manipulation function may be used. In an em-
bodiment, a delta function δi

n may be used for processing
bits in the binary vector, wherein δi

n = 1, if rn = i, and 0,
for all other i positions in the vector. Hence, the delta
function sets the bit at position rn in the binary vector to

one, and to 0 for all other positions.
[0060] In order to transform the delta function to an
obfuscated domain, the function may be defined on the
basis of a Lagrange interpolation scheme wherein a func-
tion Di

n(x) may define the following polynomial:

Here, the coefficients dj represent coefficients of the La-
grange polynomial Di

n(x). Based on this function, δi
n can

be constructed as follows: δi
n = Di

n(rn), n ≤ i ≤ N, which
represents a bit on position rn in the binary vector. This
function can be transformed into the encrypted domain
using an additively homomorphic cryptosystem and the
Lagrange coefficients dj: 

[0061] As shown by this expression, the homomorphic
encryption transforms the summation into a product. This
encrypted delta function may be used to process, e.g.
swap, bits in the encrypted domain. This way, a bit swap-
ping process may be executed in the encrypted domain,
which includes swapping t encrypted bits of the binary
vector on the basis of encrypted random numbers.
[0062] A process of securely generating random bits,
e.g. in the form of a random binary vector, according to
an embodiment of the invention may look as follows:
For n = 1 to t do

1. a set of N client devices jointly generate an en-
crypted random number [r], such that r ∈ {n,n+1,N};
2. the client devices jointly compute [rj], for each j, 1
≤ j ≤ N - n, using secure multiplications;

a. for i= n to N do:

i. each user computes the coefficients dj, 0
≤ j ≤ N - n, of the polynomial Di

n(x);
ii. each client device computes

 

b. each client device computes

 after N - n + 1 joint
secure multiplications, such that b = br;

c. set [bn] = [b] (bn ← br);
d. for i = n to N do
each client device computes
[bi] = [δi

n] · [bi] · [δi
n ·bi]-1 after a joint secure

multiplication of [δi
n] and [bi] (br ← bn).
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[0063] In step 2.d of the protocol above, the new value
of bi becomes δi

n + bi - δi
n ·bi, which equals 1, if δi

n = 1,
and bi, if δi

n = 0. Since bn = 1, and δi
n =1 exactly when

i=r, we get br ← bn, where the other bi remain unaltered.
This secure random bit generation protocol takes not
more than 3tN secure multiplications and t random
number generations. In contrast, the generation by
means of permutation matrices as described in the prior
art requires N matrix multiplications, which sums up to
N4 secure multiplications.
[0064] In the above-described random bit generation
protocol, the N client devices need to jointly generate an
encrypted random number r, r ∈ {n,n+1,...,N}.
[0065] In an embodiment, such encrypted random
number may be generated by the client devices as fol-
lows:

1. each client device i may generate 1 random bits
αi

j, 0 ≤ j < 1, where 1 is such that 2l-1 ≤ N - n < 2l,
and encrypts the random bits using an homomorphic
cryptosystem;
2. the client devices jointly compute 1 random bits
[αj], 0 ≤ j < 1, which can be computed using N secure
multiplications, since the exclusive-or α1 ⊕ α2 = α1
+ α2 - 2α1 ·α2 (here αj are truly random as long as
the user of one client device is honest: [αj]=[a1

j⊕ α2
j

⊕ ... ⊕ αN
j]);

3. the client devices jointly compute

   
4. the client devices check whether r ≤ N - n, by se-
curely computing the encrypted comparison bit [γ]
where γ = 1, if r ≤ N - n, and 0, otherwise (this step
may be executed within l secure multiplications,
since the encrypted bits [αj] of r are given);
5. the client devices decrypt γ and if γ=1, [r]←[r+n] =
[r] · [n].

[0066] If γ = 1, this protocol securely generates an en-
crypted random number r from the set {n,n+1,...,N}. The
computation of the comparison is known per se. An ex-
ample of such computation is described in B. Schoen-
makers and P. Tuyls, Practical Two-Party Computation
based on the Conditional Gate, ASIACRYPT 2004, Lec-
ture Notes in Computer Science 3329 (2004) 119136.
Springer-Verlag. Typically, to generate many bounded
random numbers, per random number four executions
of the protocol above is sufficient.
[0067] In the above-described protocol, the client de-
vices use a secure multiplication protocol, which is de-
scribed hereunder in greater detail. In this scheme, ini-
tially, the client devices hold encryptions of additively ho-
momorphically encrypted numbers [x] and [y], and would
like to securely compute an encryption [x·y] of the prod-
uct. To that end, the client devices may execute the fol-
lowing steps:

1. each client device i may generate two large ran-
dom numbers rix and ri

y, encrypt both numbers [ri
x]

and [ri
y], and broadcast the two encryptions to all

other client devices;
2. each client device may compute two encrypted
random numbers

 and

 
3. the client devices may then compute [x+rx] = [x] ·
[rx] and [y+ry] = [y] · [ry], and decrypt both values into
x + rx and y + ry;
4. client device i may further compute [zi] = ([ry] ·
[y])rix ·[x]riy, and broadcast it to all other client devices;
5. the client devices then compute [z] = [(x + rx) · (y
+ ry)] · (Πi[zi])-1.

[0068] In the scheme above, the integers x + rx and y
+ ry may be safely decrypted, since the values of x and
y are additively blinded by a large random number, which
is unknown to each party. It can be shown that z = x·y:
(x+rx) · (y+ry) = xy + xry + rxy + rxry = xy + ∑izi.
[0069] In an embodiment, the above-described priva-
cy-preserving random group selection process may be
used for secure aggregation of private data. Fig. 3 depicts
a method for secure computation of inputs of a randomly
selected group of client devices according to an embod-
iment of the invention. In a first step 300, a server may
initiate a random group selection process in order to se-
curely aggregate data from the selected group of client
devices. In step 302, the client devices may jointly gen-
erate encrypted random bits bi wherein bi, 1 ≤ i ≤ N, forms
a random binary vector of obfuscated bits, the random
binary vector being generated by randomly swapping bits
in the obfuscated domain. Thereafter, each client device
may generate an obfuscated user input xi and determine
the product xi ·bi in the obfuscated domain (step 304).
Each client device then transmits the obfuscated product
xi ·bi to an aggregation server (step 306), which may use
the products to perform secure computation in the ob-
fuscated domain (step 308). The obfuscated result y of
secure computation may be transmitted back to (part of)
the client devices, which may de-obfuscate the obfuscat-
ed result y (step 308).
[0070] The method allows secure computation of user
inputs of t client devices, which are randomly selected
from a group of N client device. The process includes a
secure selection of client devices in the obfuscated do-
main, so that neither the client devices, nor the server,
know which inputs are used in the computation. Here,
the number t may be selected on the basis of various
considerations including e.g. the computation and com-
munication time that is needed in order to process data
of the selected client devices, the trust in the network,
etc. The selection includes an efficient bit swapping proc-
ess. The process may be implemented using different
obfuscation schemes.
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[0071] Fig. 4 depicts a method for secure computation
of inputs of a randomly selected group of client devices
according to another embodiment of the invention. In this
embodiment, a homomorphic cryptosystem is used to
obfuscate the privacy-sensitive user data and the
processing of these user data. As shown in the figure, in
a first step 400, a server may initiate a random group
selection process in order to securely aggregate data
from a selected group of client devices. Thereafter, the
following steps may be executed:

1.N client devices may jointly generate encrypted
random bits [bi], 1 ≤ i ≤ N, such that ∑ibi = t (step 402);
2. client device i may process its input xi on the basis
of the binary vector of encrypted bits by computing
[xi ·bi] = [bi]xi (step 404), and transmit the computed
value [xi ·bi] to a server, e.g. an aggregation server
(step 406);
3. the server may process the inputs: [y] = [∑ixi ·bi]
= Πi[xi ·bi] (step 408), and transmit the result to one
or more client devices (step 410).

[0072] In case threshold decryption is used, the aggre-
gator may request t users to decrypt [y]. In an embodi-
ment, this may be combined with verifiable aggregation
to assure that the aggregator added all inputs. Such
scheme is described in a related European patent appli-
cation EP 17177653.7 with title "Privacy preserving com-
putation protocol for data analytics". This way, the ag-
gregator obtains y= ∑i∈Hxi, where the set H = {i|bi = 1} is
randomly chosen, and hidden from all parties.
[0073] In a further embodiment, a secret-sharing
based secure multi-party computation system may be
used to generate the random bits. The random bits bi
may be computed and are secret-shared between N cli-
ent devices. If desired, it is possible to transform such a
shared secret to a homomorphically encrypted bit [bi].
This way, an aggregation server may add up encrypted
inputs (as described hereunder in more detail).
[0074] When using secret-sharing, (as e.g. described
in the article by Damgard et al., "Unconditionally secure
constant-rounds multi-party computation for equality,
comparison, bits and exponentiation"), each secret value
x is secret-shared which is indicated by the notation 〈x〉.
[0075] Similar to the above-described embodiment re-
lated to homomorphic encryption, the main problem is
how to securely generate N secret-shared bits 〈bi〉, such
that ∑ibi= t. Also in this case, prior art solutions suggesting
to generate N random permutations of length N, and con-
catenating these to one random permutation, will lead to
very inefficient and computational heavy processes.
Translating the random bit generation process of the in-
vention into the secret-sharing domain will provide a very
efficient and secure random group selection process.
[0076] The protocol for securely multiplying two secret-
shared numbers however differs from a secure multipli-
cation based on (threshold) homomorphic encryption. In
particular, in a secret-sharing scheme, values are com-

puted on the basis of a modulo of a fixed prime p. Hence,
having a secret share 〈x〉 means that each party i has a
(meaningless) share xi, such that ∑ixi mod p = x. Adding
two secret-shared values is simply a client device locally
adding the shares. Multiplying two secret-shared values
〈x〉 and 〈y〉 however, requires a protocol and communi-
cation between client devices. As a prerequisite, the cli-
ent devices should hold secret-sharings of three random
numbers a, b, and c, such that c = (a · b) mod p. Then,
a multiplication may look as follows:

1. the client devices locally compute 〈d〉 = 〈x〉 + 〈a〉,
and 〈e〉 = 〈y〉 + 〈b〉;
2.the client devices reveal the secrets d and e by
broadcasting their shares of these two numbers;
3. the client devices compute 〈z〉 = de - d ·〈b〉 - e ·〈a〉
+ 〈c〉.

wherein z = x ·y, since x ·y =(d-a)(e-b)= de - db - ae + ab.
[0077] Given the secure multiplication protocol for se-
cret-sharings, the secure random bit generation protocol
in the encrypted domain can be easily translated into the
secret-share domain by using 〈.〉 instead of [.].
[0078] The secure random bit generation protocol in
the secret-share domain may include an initialization
process wherein a binary vector of secret-shared bits
may be generated, in which the first t secret-shared bits
may be set to one: 〈bi〉 = 〈1〉, 1≤ i ≤ t and the rest of the
secretly shared bits may be set to zero: 〈bi〉 = 〈0〉, t < i ≤ N.
[0079] Thereafter, a bit swapping process may be ex-
ecuted in the secret-shared domain, which includes
swapping t secret-shared bits of the binary vector in a
similar way as described above with reference to the
swapping process in the encrypted domain. In an em-
bodiment, the process may look as follows:
For n = 1 to t do

1. a set of N client devices jointly generate a secret-
shared random number 〈r〉, such that r ∈
{n,n+1,...,N};
2. the client devices jointly compute 〈rj〉, for each j, 1
≤ j ≤ N - n, using secure multiplications;

a. for i= n to N do:

i. each client device computes the coeffi-
cients dj, 0 ≤ j ≤ N - n, of the polynomial
Di

n(x);
ii. each client device computes

 

b. each client device computes 〈b〉 = ∑i=n..N 〈δi
n

·bi〉, after N - n + 1 joint secure multiplications,
such that b = br;
c. set 〈bn〉 = 〈b〉;
d. for i = n to N do
each client device computes 〈bi〉 = 〈δi

n〉+ 〈bi〉- 〈δi
n
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·bi〉 after a joint secure multiplication of 〈δi
n〉 and

〈bi〉.

[0080] In the above-described random bit generation
protocol, the client device need to jointly generate an
encrypted random number r, r ∈ {n,n+1,..., N}. In an em-
bodiment, such encrypted random number may be gen-
erated by the client devices as follows:

1. each client device i may generate 1 random bits
αi

j , 0 ≤ j < 1, where 1 is such that 2l-1 ≤ N - n < 2l,
and transform the random bits to the secretly-shared
domain;
2. the client devices jointly compute 1 random bits
〈αj〉, 0 ≤ j < l: 〈αj〉 =〈α1

j⊕ α2
j ⊕ ... ⊕ αN

j〉, which can
be computed within N secure multiplications, since
the exclusive-or α1 ⊕ α2 = α1 + α2 - 2α1 ·α2 (here αj

are truly random as long as the user of one client
device is honest);
3. the client devices jointly compute

 
4. the client devices check whether r ≤ N - n, by se-
curely computing the comparison bit 〈γ〉, where γ =
1, if r ≤ N - n, and 0, otherwise. This can be done
within 1 secure multiplications, since the secret-
shared bits 〈αj〉 of r are given;
5. the client devices de-obfuscates γ and if γ=1, 〈r〉←
〈r+n〉= 〈r〉 + 〈n〉.

[0081] If γ = 1, this protocol securely generates a se-
cret-shared random number r from the set {n,n+1,...,N}.
Typically, to generate many bounded random numbers,
per random number four executions of the protocol above
should suffice.
In general, an addition of two encrypted values [x] and
[y] is computed by [x+y] = [x] · [y], whereas secret-shared
values are just (locally) added: (x+y) = 〈x〉 + 〈y〉. Similarly,
[c ·x] = [x]C becomes 〈c ·x〉 = 〈x〉 ·c, which is locally mul-
tiplying (modulo p) each share with the known number c.
[0082] Fig. 5 depicts a method for secure computation
of inputs of a randomly selected group of client devices
according to yet another embodiment of the invention. In
this embodiment, a secret-sharing scheme is used to ob-
fuscate the privacy-sensitive user data and the process-
ing of these user data. In this embodiment, instead of a
server, an aggregation server, calculating the aggregat-
ed user input, the aggregation may be implemented in a
decentralized scheme wherein the aggregation is per-
formed jointly by the client devices. In that case, either a
client device or an external device, e.g. a server may
trigger the start of the random group selection (step 500).
Thereafter, the following steps may be executed:

1. N client devices may jointly generate encrypted
random bits 〈bi〉, 1 ≤ i ≤ N, such that ∑i bi = t (step
502) ;
2. client device i may determine a secret-sharing 〈xi〉

using the fixed prime p and private share xi, jointly
with the other client devices (in the semi-honest mod-
el, which is easily achieved by setting the local
shares of the other players to zero), and jointly com-
pute 〈bi ·xi〉 by means of a secure multiplication (step
504);
3. the secret-shared result 〈y〉 may be determined
on the basis of the shares, e.g. by locally adding the
corresponding shares: y = ∑ixibi (step 506).

Such decentralized scheme may also be implemented
in the encrypted domain wherein the aggregation calcu-
lation [y] = [∑ixi ·bi] = Πi[xi · bi] may be performed by one
or more client devices, or all client devices of the N client
devices. In that case, each client device is configured to
transmit or broadcast the securely computed products
[bi ·xi] to the other N-1 client devices in the set. Hence,
in case an external device (or one of the client devices)
needs the result of the aggregation, the one or more client
devices can perform the aggregation calculation, and de-
crypt the aggregation result.
[0083] An advantage of such scheme is that it is no
longer necessary to verify the aggregation step per-
formed by the aggregator server. Hence, this way, com-
putations on the secret (and randomised) user data,
which is usually done by a central server, may be per-
formed by the client devices. This enables schemes per-
forming all kinds of computations on the user data, with-
out restricting to the homomorphic property of the en-
cryption system.
[0084] The systems and methods for privacy-preserv-
ing computation of private data as described in this ap-
plication are particularly useful for implementation in data
analytics applications, which require the processing of
large amounts of privacy sensitive data. An example of
such data analytics application may be a secure privacy-
preserving recommender system, wherein a group of
participants (voters) may register with the platform, and
install an electronic voting application on their computer
or mobile device.
[0085] The problem of preserving data privacy of us-
ers, who repeatedly join the execution of a service with
different groups, is present in many data analytics appli-
cations requiring multi-party computation, including for
example recommendation systems (see Z Erkin, et al,
Generating private recommendations efficiently using
homomorphic encryption and data packing, IEEE Trans.
Inform. Forensics Secur. 7(3), 1053-1066, 2012), aggre-
gating data in smart grids, reputation systems (see e.g.
J Kacprzyk, Group decision making with a fuzzy linguistic
majority, Fuzzy Sets Syst, 18, 105-118, 1986), unsuper-
vised machine learning (see e.g. F Anselmi et al., Unsu-
pervised learning of invariant representations with low
sample complexity: the magic of sensory cortex or a new
framework for machine learning? J. Theor. Comput. Sci.
633(C), 112-121 (2016). CBMM, MIT, arX-
iv:1311.4158v5), collective decision-making (see e.g.A
Mathes, Folksonomies-cooperative classification and
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communication through shared metadata, Comput. Me-
diated Commun. 47, 1-28, 2004). nr. 10), data clustering
(see e.g. Z Erkin et al., in IEEE International Workshop
on Information Forensics and Security, Privacy-preserv-
ing user clustering in a social network, IEEE, Washing-
ton, 2009), and social classification (see e.g. H Kargupta
et al, in ICDM, IEEE Computer Society, On the privacy
preserving properties of random data perturbation tech-
niques, IEEE, Washington, 2003, pp. 99-106). The em-
bodiments in this disclosure can be advantageously used
in such data analytics applications to eliminate or at least
reduce undesired information leakage and to secure the
privacy of users against collusion by malicious users dur-
ing the execution of such services.
[0086] The systems and methods described in this ap-
plication may be used in any data analytics application
that requires an aggregated result (e.g. a sum and/or
product) of private data of individual users. For example,
possible data analytics applications may include the
processing of medical data, e.g. online processing of clin-
ical data or medical records of patients, processing data
of voting and secret ballot schemes, processing metrics
in television and multimedia applications (e.g. audience
ratings of channel usage in television broadcast or
streaming applications), processing of financial data of
commercial and/or institutional organisations, etc.
[0087] Fig. 6 is a block diagram illustrating exemplary
data processing systems described in this disclosure.
Data processing system 600 may include at least one
processor 602 coupled to memory elements 604 through
a system bus 606. As such, the data processing system
may store program code within memory elements 604.
Further, processor 602 may execute the program code
accessed from memory elements 604 via system bus
606. In one aspect, data processing system may be im-
plemented as a computer that is suitable for storing
and/or executing program code. It should be appreciated,
however, that data processing system 600 may be im-
plemented in the form of any system, including a proc-
essor and memory, that is capable of performing the func-
tions described within this specification.
[0088] Memory elements 604 may include one or more
physical memory devices such as, for example, local
memory 608 and one or more bulk storage devices 610.
Local memory may refer to random access memory, or
other non-persistent memory device(s) generally used
during actual execution of the program code. A bulk stor-
age device may be implemented as a hard drive or other
persistent data storage device. The processing system
600 may also include one or more cache memories (not
shown) that provide temporary storage of at least some
program code in order to reduce the number of times
program code must be retrieved from bulk storage device
610 during execution.
[0089] Input/output (I/O) devices depicted as input de-
vice 612 and output device 614 optionally can be coupled
to the data processing system. Examples of input device
may include, but are not limited to, for example, a key-

board, a pointing device such as a mouse, or the like.
Examples of output device may include, but are not lim-
ited to, for example, a monitor or display, speakers, or
the like. Input device and/or output device may be cou-
pled to data processing system either directly or through
intervening I/O controllers. A network adapter 616 may
also be coupled to data processing system to enable it
to become coupled to other systems, computer systems,
remote network devices, and/or remote storage devices
through intervening private or public networks. The net-
work adapter may comprise a data receiver for receiving
data that is transmitted by said systems, devices and/or
networks to said data and a data transmitter for transmit-
ting data to said systems, devices and/or networks. Mo-
dems, cable modems, and Ethernet cards are examples
of different types of network adapter that may be used
with data processing system 650.
[0090] As pictured in FIG. 6, memory elements 604
may store an application 618. It should be appreciated
that data processing system 600 may further execute an
operating system (not shown) that can facilitate execu-
tion of the application. Application, being implemented in
the form of executable program code, can be executed
by data processing system 600, e.g., by processor 602.
Responsive to executing application, data processing
system may be configured to perform one or more oper-
ations to be described herein in further detail.
[0091] In one aspect, for example, data processing
system 600 may represent a client data processing sys-
tem. In that case, application 618 may represent a client
application that, when executed, configures data
processing system 600 to perform the various functions
described herein with reference to a "client". Examples
of a client can include, but are not limited to, a personal
computer, a portable computer, a mobile phone, or the
like.
[0092] In another aspect, data processing system may
represent a server. For example, data processing system
may represent an (HTTP) server in which case applica-
tion 618, when executed, may configure data processing
system to perform (HTTP) server operations. In another
aspect, data processing system may represent a module,
unit or function as referred to in this specification.
[0093] The terminology used herein is for the purpose
of describing particular embodiments only, and is not in-
tended to be limiting of the invention. As used herein, the
singular forms "a", "an", and "the" are intended to include
the plural forms as well, unless the context clearly indi-
cates otherwise. It will be further understood that the
terms "comprises" and/or "comprising", when used in this
specification, specify the presence of stated features, in-
tegers, steps, operations, elements, and/or components,
but do not preclude the presence or addition of one or
more other features, integers, steps, operations, ele-
ments, components, and/or groups thereof.
[0094] The corresponding structures, materials, acts,
and equivalents of all means or step plus function ele-
ments in the claims below are intended to include any

21 22 



EP 3 506 547 A1

13

5

10

15

20

25

30

35

40

45

50

55

structure, material, or act for performing the function in
combination with other claimed elements as specifically
claimed. The description of the present invention has
been presented for purposes of illustration and descrip-
tion, but is not intended to be exhaustive or limited to the
invention in the form disclosed. Many modifications and
variations will be apparent to those of ordinary skill in the
art, without departing from the scope and spirit of the
invention. The embodiment was chosen and described
in order to best explain the principles of the invention and
the practical application, and to enable others of ordinary
skill in the art to understand the invention for various em-
bodiments with various modifications as are suited to the
particular use contemplated.

Claims

1. A method for secure computation of inputs of t client
devices which are randomly selected from a set of
N client devices comprising:

each client device i (i=1,...,N) of the set of N client
devices jointly generating a random binary vec-
tor b of weight t in an obfuscated domain, pref-
erably an encrypted domain or a secret-sharing
domain, wherein bit i in the random binary vector
b signals if client device i is selected or not and
wherein, during the generation of the random
binary vector, random numbers are used to ran-
domly swap bit values bi at different positions i
(i=1,...,N) in the binary vector;
each client device i (i=1,...,N) transforming an
input value xi into the obfuscated domain and
determining the product bi · xi of bit value bi at
position i of the random binary vector and the
input value xi in the obfuscated domain;
performing a secure computation in the obfus-
cated domain on the basis of the products bi · xi
(i=1,...,N).

2. A method according to claim 1 wherein generating
a random binary vector b of weight t in an obfuscated
domain includes:

determining an initial binary vector b of weight t
by setting the first t bits to one: bi = 1, 1 ≤ i ≤ t,
and all further bits to zero: bi = 0, t < i ≤ N;
generating a random binary vector on the basis
of the initial binary vector, the generating includ-
ing determining a position n in the binary vector
and determining a random number r in
{n,n+1,...N} and using the random number to
swap binary values at positions n and r of the
binary vector b.

3. Method according to claims 1 or 2 wherein the swap-
ping of the bits is based on a delta function δi

n, where-

in δi
n = 1, if a random value rn = i, and δi

n = 0, for all
other i positions in the vector, preferably the delta
function δi

n being defined on the basis of a polyno-
mial function Di

n(x):

wherein dj represent coefficients of the Lagrange pol-
ynomial Di

n(x).

4. Method according to any of claims 1-3 wherein the
obfuscated domain is based on a homomorphic cryp-
tosystem, preferably an additive homomorphic cryp-
tosystem.

5. Method according to claim 4 wherein the random
generated binary vector includes encrypted random
bits [bi], 1 ≤ i ≤ N, such that ∑ibi = t; wherein the client
device i processes its input xi on the basis of the
binary vector of encrypted bits by computing [xi ·bi]
= [bi]xi; and, wherein the secure computation in the
obfuscated domain is based on the computed values
[xi ·bi] (i=1,...,N).

6. The method according to claims 3 or 4 further includ-
ing:

each of the client devices i transmitting the com-
puted value [xi ·bi] to a server, preferably an ag-
gregation server; and,
the server performing the secure computation
on the basis of the computed values [xi ·bi]
(i=1,...,N).

7. The method according to claims 3 or 4 further includ-
ing:

each of the client devices transmitting the com-
puted value [xi ·bi] to one or more client devices;
and,
the one or more client devices performing the
secure computation on the basis of [xi ·bi]
(i=1,...,N).

8. Method according to any of claims 1-3 wherein the
obfuscated domain is based on a secret-sharing sys-
tem, preferably the secret-sharing system being
based on a modulo computation using a fixed prime
p.

9. Method according to claim 8 wherein the random
generated binary vector includes secretly-shared
random bits 〈bi〉, 1 ≤ i ≤ N, such that ∑i bi = t; wherein
the client device i determines a secret sharing 〈xi〉
using the fixed prime p, and uses 〈xi〉 to compute 〈xi
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·bi〉; and wherein the secure computation in the ob-
fuscated domain is based on the computed values
〈bi · xi〉 (i=1,...,N).

10. A system for secure computation of inputs of t client
devices which are randomly selected from a set of
N client devices comprising:
a set of client devices i (i=1,...,N), each client device
comprising a computer readable storage medium
having computer readable program code embodied
therewith, the program code including an obfusca-
tion function, preferably a homomorphic encryption
function or a secret-sharing function, for performing
computations in an obfuscated domain and a proc-
essor, preferably a microprocessor, coupled to the
computer readable storage medium, wherein re-
sponsive to executing the first computer readable
program code, wherein the processor is configured
to perform executable operations comprising:

generating a random binary vector b of weight t
in an obfuscated domain, preferably an encrypt-
ed domain or a secret-sharing domain, the gen-
erating including using random numbers to ran-
domly swap bit values bi at different positions i
(i=1,...,N) in the binary vector;
transforming an input value xi into the obfuscat-
ed domain, and determining the product bi · xi
of bit value bi at position i of the random binary
vector, and the input value xi in the obfuscated
domain; and,
transmitting the computed product bi · xi to a
server system or to a further client device,
wherein the server or the further client device is
configured to perform a secure computation in
the obfuscated domain on the basis of the prod-
ucts bi · xi (i=1,...,N) computed by each client
device i (i=1,...,N).

11. A client apparatus for use in a system for secure
computation of inputs of t client devices which are
randomly selected from a set of N client devices,
preferably a system according to claim 10, compris-
ing:
a computer readable storage medium having com-
puter readable program code embodied therewith,
the program code including an obfuscation function,
preferably a homomorphic encryption function or a
secret-sharing function, for performing computa-
tions in an obfuscated domain and a processor, pref-
erably a microprocessor, coupled to the computer
readable storage medium, wherein responsive to ex-
ecuting the first computer readable program code,
wherein the processor is configured to perform ex-
ecutable operations comprising:

generating a random binary vector b of weight t
in the obfuscated domain, the generating includ-

ing using random numbers to randomly swap bit
values bi at different positions i (i=1,...,N) in the
binary vector;
transforming an input value xi into the obfuscat-
ed domain and determining the product bi · xi of
bit value bi at position i of the random binary
vector and the input value xi in the obfuscated
domain; and, optionally,
transmitting the computed product bi · xi to a
server system or to a further client device,
wherein the server or the further client device is
configured to perform a secure computation in
the obfuscated domain on the basis of the prod-
ucts bi · xi (i=1,...,N) computed by each client
device i (i=1,...,N).

12. A method for secure random selection of t client de-
vices from a set of N client devices comprising:

determining an initial binary vector b of weight t
by setting the first t bits to one: bi = 1, 1 ≤ i ≤ t,
and all further bits to zero: bi = 0, t < i ≤ N;
each client device i (i=1,...,N) of the set of N client
devices jointly generating a random binary vec-
tor b of weight t in an obfuscated domain on the
basis of the initial binary vector b, a bit i in the
random binary vector b signalling if client device
i is selected or not, the generation of the random
binary vector including:

determining a position n in the binary vector;
determining a random number r in
{n,n+1,...N}; and,
using the random number to swap binary
values at positions n and r of the binary vec-
tor b.

13. Method according to claim 12 wherein the swapping
of the binary values at positions n and r is based on
a delta function δi

n, wherein δi
n = 1, if a random value

rn = i, and δi
n = 0, for all other i positions in the vector,

preferably the delta function δi
n being defined on the

basis of a polynomial function Di
n(x): 

wherein dj represent coefficients of the Lagrange pol-
ynomial Di

n(x).

14. Method according to claims 12 or 13 wherein the
obfuscated domain is based on a homomorphic cryp-
tosystem, preferably an additive homomorphic cryp-
tosystem and wherein determining a random
number r further includes:
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each client device i generating 1 random bits ,
0 ≤ j < 1, where 1 is such that 2l-1 ≤ N - n < 2l,
encrypting the random bits αi

j using the homo-
morphic cryptosystem;
each client device i computing 1 encrypted ran-
dom bits [αj], 0 ≤ j < 1, wherein [αj] = [α1

j⊕ α2
j

⊕ ... ⊕ αN
j]);

each client device i computing an encrypted ran-
dom number [r] on the basis of the encrypted
random bits [αj], preferably the computing in-
cluding

 

15. Method according to claims 12 or 13 wherein the
obfuscated domain is based on a secret-sharing sys-
tem, preferably the secret-sharing system being
based on a modulo computation using a fixed prime
p; and wherein determining a random number r fur-
ther includes:

each client device i may generating 1 random
bits αi

j, 0 ≤ j < 1, where 1 is such that 2l-1 ≤ N -
n < 2l,
transforming the random bits to the secretly-
shared domain;
the client devices jointly compute 1 secretly-
shared random bits 〈αj〉, 0 ≤ j < 1 wherein 〈αj〉 =
〈α1

j⊕ α2
j ⊕ ... ⊕ αN

j〉;
each client device i computing the secretly
shared random number 〈r〉 on the basis of the
secretly shared random bits 〈αj〉, preferably the

computing including  
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