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(54) SELECTING A DOSE PREDICTION MODEL BASED ON CLINICAL GOALS

(57) A clinical goal for radiation treatment of a patient
is set. A dose prediction model 150 is selected from a
number of dose prediction models based on the clinical

goal. A radiation treatment plan is then generated for the
patient using the dose prediction model that was selected
based on the clinical goal.
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Description

BACKGROUND

[0001] The use of radiation therapy to treat cancer is
well known. Typically, radiation therapy involves direct-
ing a beam of high energy proton, photon, or electron
radiation ("therapeutic radiation") into a target volume
(e.g., a tumor or lesion).
[0002] Before a patient is treated with radiation, a treat-
ment plan specific to that patient is developed. The plan
defines various aspects of the therapy using simulations
and optimizations based on past experiences. For exam-
ple, for intensity modulated radiation therapy (IMRT), the
plan can specify the appropriate beam type (e.g., flatten-
ing filter free type) and the appropriate beam energy.
Other parts of the plan can specify, for example, the angle
of the beam relative to the patient, the beam shape, the
placement of boluses and shields, and the like. In gen-
eral, the purpose of the treatment plan is to deliver suf-
ficient radiation to the target volume while minimizing ex-
posure of surrounding healthy tissue to the radiation.
Treatment plans are usually assessed with the aid of
dose-volume histograms (DVHs) that, generally speak-
ing, represent three-dimensional (3D) dose distributions
in two dimensions.
[0003] In IMRT, the planner’s goal is to find a solution
that is optimal with respect to multiple clinical goals that
may be contradictory in the sense that an improvement
toward one goal may have a detrimental effect on reach-
ing another goal. For example, a treatment plan that
spares the liver from receiving a dose of radiation may
result in the stomach receiving too much radiation. These
types of tradeoffs lead to an iterative process in which
the planner creates different plans to find the one best
suited to achieving the desired outcome.
[0004] For example, the planner defines a set of quality
metrics, such as target homogeneity, critical organ spar-
ing, and the like, and respective target values Qi for the
metrics. For planning, the metrics are defined such that
a smaller value is preferred over a larger value. The plan-
ner also defines a relative priority or weight wi for each
of the quality metrics. The task of developing an optimal
plan is then formulated as a quadratic cost function C: C
= sum(wi(Qi-qi)2), where qi is the value of the quality met-
ric that can be achieved for a particular treatment plan.
The optimal plan is determined by minimizing the cost
function C.
[0005] Often it is not easy to determine an optimal plan
based solely on the cost function. For instance, the op-
timal solution of the cost function may not necessarily
describe the clinically best balance between quality met-
rics, or the 3D dose distribution might have some unde-
sirable features that are difficult to represent as a quality
metric.
[0006] One way to assist the planner is a knowledge-
based approach that automatically generates objective
functions so that the resulting plan incorporates and re-

flects present practices utilized in creating the knowledge
base. This typically captures the best practices utilized
at a treatment center, but can also be based on larger
knowledge bases of well-defined treatments gathered
from multiple treatment centers. A treatment plan devel-
oped in this manner can be referred to as a balanced plan.
[0007] Another way to assist the planner is to use a
multi-criteria optimization (MCO) approach for treatment
planning. Pareto surface navigation is an MCO technique
that facilitates exploration of the tradeoffs between clin-
ical goals. For a given set of clinical goals, a treatment
plan is considered to be Pareto optimal if it satisfies the
goals and none of the metrics can be improved without
worsening at least one of the other metrics. The set of
Pareto optimal plans, which also may be referred to as
anchor plans, define a Pareto surface related to the set
of clinical goals. Movement along the Pareto surface re-
sults in tradeoffs between the clinical goals; some metrics
will improve at the cost of worsening one or more other
metrics. The planner can navigate along the Pareto sur-
face and choose a treatment plan that seems to be the
best according to the criteria applied by the planner, or
a treatment plan can be selected automatically based on
its proximity to the Pareto surface.
[0008] However, it can be difficult to define a clinically
meaningful point in the domain represented by the Pareto
surface, and thus the planner might like to search for
treatment plans that are outside of that domain. Thus, a
technique that increases the versatility of current ap-
proaches and makes MCO more effective for a variety
of clinical goals would be of value.
[0009] Also, as the number of criteria in MCO increas-
es, the challenges faced by the planner while navigating
the Pareto surface also increase. Conventionally, navi-
gation is accomplished using sliders in a graphical user
interface. A separate, one-dimensional slider is provided
for each quality metric. When the planner selects and
moves one slider to change the value of the associated
quality metric, the other sliders may move in response
to reflect changes in the values of their associated quality
metrics caused by the change in value of the selected
quality metric. When there is a relatively large number of
quality metrics (e.g., seven or more), navigation of the
Pareto surface can be complicated, and the results of
navigating the Pareto surface can be difficult to interpret.

SUMMARY

[0010] In an embodiment, a clinical goal or a set of
clinical goals for radiation treatment of a patient is set. A
dose prediction model is selected from a number of dose
prediction models based on the clinical goal or goals. A
radiation treatment plan is then generated for the patient
using the dose prediction model that was selected based
on the clinical goal or goals. In a set of clinical goals, the
clinical goals can be weighted equally or differently from
one another.
[0011] The selected dose prediction model is generat-
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ed using training data based on a sample of other radi-
ation treatment plans that all have the same clinical goal
or the same set of clinical goals. Each of the other dose
prediction models is also generated using training data
based on a respective sample of radiation treatment
plans that have the same respective clinical goal or the
same respective set of clinical goals. Each prediction
model can thus be indexed by the clinical goal or goals
used to train the model. In an embodiment, each clinical
goal is in a format that is parsable by an application that
is used to select the dose prediction model. Thus, a plan-
ner can input the clinical goal(s), and the application can
identify the clinical goal(s) and select a dose prediction
model accordingly.
[0012] In an embodiment, the radiation treatment plan
that is generated using the selected dose prediction mod-
el is a balanced plan that is generated using radiation
treatment plans accessed from a knowledge base. This
approach is referred to herein as knowledge-based plan-
ning.
[0013] In an embodiment, the values of the quality met-
rics associated with the balanced plan are varied one at
a time (e.g., at increments from their smallest to their
largest possible values) to generate anchor plans that
form or define a Pareto surface.
[0014] By including the use of a clinical goal or set of
clinical goals to select a dose prediction model for knowl-
edge-based planning, the balanced plan can be more
refined because the selected dose prediction model was
trained using those clinical goals. By creating treatment
plans that consider different clinical goals or different em-
phasis on (weighting of) the clinical goals, the region
around the balanced plan can be expanded to include
regions that may not have been previously available for
evaluation. Accordingly, embodiments according to the
present invention are more versatile and the effective-
ness of MCO for a variety of clinical goals is increased.
[0015] The Pareto surface can be displayed in a graph-
ical user interface that also includes a number of sliders
corresponding to a subset of less than the number of
quality metrics associated with the balanced plan and
used to generate the anchor plans. The subset is selected
according to a criterion such as but not limited to a ranking
of the quality metrics, a user input, a correlation between
two or more of the quality metrics, and a knee point in
the Pareto surface.
[0016] Thus, the number of sliders is reduced so that
the planner can focus on the most significant quality met-
rics and tradeoffs. Navigation of the Pareto surface is
less complicated and it is easier to interpret the results
of navigating the Pareto surface.
[0017] This summary is provided to introduce a selec-
tion of concepts in a simplified form that is further de-
scribed below in the detailed description that follows. This
summary is not intended to identify key features or es-
sential features of the claimed subject matter, nor is it
intended to be used to limit the scope of the claimed
subject matter.

BRIEF DESCRIPTION OF DRAWINGS

[0018] The accompanying drawings, which are incor-
porated in and form a part of this specification and in
which like numerals depict like elements, illustrate em-
bodiments of the present disclosure and, together with
the detailed description, serve to explain the principles
of the disclosure.

Figure 1 shows a block diagram of an example of a
computing system upon which the embodiments de-
scribed herein may be implemented.

Figure 2 shows a process that can be implemented
to create and use a dose prediction model in an em-
bodiment according to the present invention.

Figure 3 is a block diagram illustrating an example
of an automated radiation treatment planning system
in an embodiment according to the present invention.

Figure 4 illustrates an embodiment of a knowledge-
based planning system in an embodiment according
to the present invention.

Figure 5 illustrates an example of a first element of
a graphical user interface in an embodiment accord-
ing to the present invention.

Figure 6 illustrates an example of a second element
of a graphical user interface in an embodiment ac-
cording to the present invention.

Figure 7 is a flowchart of an example of a computer-
implemented method for generating a radiation treat-
ment plan in an embodiment according to the present
invention.

Figure 8 is a flowchart of an example of a computer-
implemented method for generating a radiation treat-
ment plan in an embodiment according to the present
invention.

DETAILED DESCRIPTION

[0019] Reference will now be made in detail to the var-
ious embodiments of the present disclosure, examples
of which are illustrated in the accompanying drawings.
While described in conjunction with these embodiments,
it will be understood that they are not intended to limit
the disclosure to these embodiments. On the contrary,
the disclosure is intended to cover alternatives, modifi-
cations and equivalents, which may be included within
the spirit and scope of the disclosure as defined by the
appended claims. Furthermore, in the following detailed
description of the present disclosure, numerous specific
details are set forth in order to provide a thorough under-
standing of the present disclosure. However, it will be
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understood that the present disclosure may be practiced
without these specific details. In other instances, well-
known methods, procedures, components, and circuits
have not been described in detail so as not to unneces-
sarily obscure aspects of the present disclosure.
[0020] Some portions of the detailed descriptions that
follow are presented in terms of procedures, logic blocks,
processing, and other symbolic representations of oper-
ations on data bits within a computer memory. These
descriptions and representations are the means used by
those skilled in the data processing arts to most effec-
tively convey the substance of their work to others skilled
in the art. In the present application, a procedure, logic
block, process, or the like, is conceived to be a self-con-
sistent sequence of steps or instructions leading to a de-
sired result. The steps are those utilizing physical ma-
nipulations of physical quantities. Usually, although not
necessarily, these quantities take the form of electrical
or magnetic signals capable of being stored, transferred,
combined, compared, and otherwise manipulated in a
computing system. It has proven convenient at times,
principally for reasons of common usage, to refer to these
signals as transactions, bits, values, elements, symbols,
characters, samples, pixels, or the like.
[0021] It should be borne in mind, however, that all of
these and similar terms are to be associated with the
appropriate physical quantities and are merely conven-
ient labels applied to these quantities. Unless specifically
stated otherwise as apparent from the following discus-
sions, it is appreciated that throughout the present dis-
closure, discussions utilizing terms such as "determin-
ing," "accessing," "selecting," "using," "inputting," "re-
ceiving," "generating," "varying," "parsing," "navigating,"
"displaying," or the like, refer to actions and processes
(e.g., the flowcharts 700 and 800 of Figures 7 and 8,
respectively) of a computing system or similar electronic
computing device or processor (e.g., the computing sys-
tem 100 of Figure 1). The computing system or similar
electronic computing device manipulates and transforms
data represented as physical (electronic) quantities with-
in the computing system memories, registers or other
such information storage, transmission or display devic-
es.
[0022] Portions of the detailed description that follows
are presented and discussed in terms of a method. Al-
though steps and sequencing thereof are disclosed in
figures herein (e.g., Figures 7 and 8) describing the op-
erations of this method, such steps and sequencing are
exemplary. Embodiments are well suited to performing
various other steps or variations of the steps recited in
the flowchart of the figure herein, and in a sequence other
than that depicted and described herein.
[0023] Embodiments described herein may be dis-
cussed in the general context of computer-executable
instructions residing on some form of computer-readable
storage medium, such as program modules, executed
by one or more computers or other devices. By way of
example, and not limitation, computer-readable storage

media may comprise non-transitory computer storage
media and communication media. Generally, program
modules include routines, programs, objects, compo-
nents, data structures, etc., that perform particular tasks
or implement particular abstract data types. The func-
tionality of the program modules may be combined or
distributed as desired in various embodiments.
[0024] Computer storage media includes volatile and
nonvolatile, removable and non-removable media imple-
mented in any method or technology for storage of infor-
mation such as computer-readable instructions, data
structures, program modules or other data. Computer
storage media includes, but is not limited to, random ac-
cess memory (RAM), read only memory (ROM), electri-
cally erasable programmable ROM (EEPROM), flash
memory or other memory technology, compact disk ROM
(CD-ROM), digital versatile disks (DVDs) or other optical
storage, magnetic cassettes, magnetic tape, magnetic
disk storage or other magnetic storage devices, or any
other medium that can be used to store the desired in-
formation and that can accessed to retrieve that informa-
tion.
[0025] Communication media can embody computer-
executable instructions, data structures, and program
modules, and includes any information delivery media.
By way of example, and not limitation, communication
media includes wired media such as a wired network or
direct-wired connection, and wireless media such as
acoustic, radio frequency (RF), infrared and other wire-
less media. Combinations of any of the above can also
be included within the scope of computer-readable me-
dia.
[0026] Figure 1 shows a block diagram of an example
of a computing system 100 upon which the embodiments
described herein may be implemented. In its most basic
configuration, the system 100 includes at least one
processing unit 102 and memory 104. This most basic
configuration is illustrated in Figure 1 by dashed line 106.
The system 100 may also have additional features and/or
functionality. For example, the system 100 may also in-
clude additional storage (removable and/or non-remov-
able) including, but not limited to, magnetic or optical
disks or tape. Such additional storage is illustrated in Fig-
ure 1 by removable storage 108 and non-removable stor-
age 120. The system 100 may also contain communica-
tions connection(s) 122 that allow the device to commu-
nicate with other devices, e.g., in a networked environ-
ment using logical connections to one or more remote
computers.
[0027] The system 100 also includes input device(s)
124 such as keyboard, mouse, pen, voice input device,
touch input device, etc. Output device(s) 126 such as a
display device, speakers, printer, etc., are also included.
[0028] In the example of Figure 1, the memory 104
includes computer-readable instructions, data struc-
tures, program modules, and the like associated with a
dose prediction model 150. However, the dose prediction
model 150 may instead reside in any one of the computer
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storage media used by the system 100, or may be dis-
tributed over some combination of the computer storage
media, or may be distributed over some combination of
networked computers.
[0029] Figure 2 shows a process 200 that can be im-
plemented to create (train and validate) the dose predic-
tion model 150 in an embodiment according to the
present invention. Process 200 can be implemented as
computer-readable instructions stored in a computer-us-
able medium and executed on a computing system like
the system 100 of Figure 1.
[0030] The clinical goals 202 of Figure 2 include (as
computer-readable data) a clinical goal or set of clinical
goals. In general, a clinical goal is a factor that is related
to treatment outcome. The clinical goals offer leeway in
the trade-off between the competing objectives of deliv-
ering doses to a target volume (e.g., diseased tissue)
while minimizing doses to surrounding (e.g., healthy) tis-
sue.
[0031] The clinical goals are used to guide the devel-
opment of a radiation treatment plan describing, among
other parameters, the type of radiation to be used, the
orientation of the radiation therapy beams to be directed
toward patient at multiple beam stations, the shape for
collimation of the beams, and the amount of dose to be
delivered at each station. A clinical goal may also define
constraints or goals for quality metrics such as minimum
and maximum dose amounts and mean dose for partic-
ular tissue volumes (called regions of interest or ROIs),
dose homogeneity, target volume dose distribution, or-
gan-at-risk dose distributions, other normal tissue dose
distributions, and other spatial dose distributions. That
is, as used herein, a clinical goal is different from but may
be related to a quality metric. For example, a clinical goal
might be phrased as "achieve the target dose homoge-
neity limit on the ROI and do not exceed the dose limit
on any overlapping organs." In this example, the quality
metrics could include numerical values for target dose
homogeneity on the ROI and dose limits for each over-
lapping organs. During development of a final radiation
treatment plan, various treatment plans are evaluated by
determining a value for these quality metrics and com-
paring them against their limits and the clinical goals. As
will be described, in an embodiment, the treatment plans
are evaluated by generating a balanced plan using
knowledge-based planning and then generating anchor
plans based on the balanced plan.
[0032] Continuing with reference to Figure 2, the train-
ing data 204 includes, for example, computer-readable
data from previous and existing radiation treatment plans
that will be used to generate a dose prediction model.
The training data is based on a sample of different treat-
ment plans developed for various patients. The training
data may include, for example, dose-volume histograms
(DVHs) for the first sample of treatment plans.
[0033] Embodiments according to the present inven-
tion consider the clinical goals 202 during training and
validation of each dose prediction model. Consider an

example in which there are two dose prediction models.
Each of the prediction models is trained using a respec-
tive set of training data. In embodiments according to the
invention, the first dose prediction model is generated
using training data from previous and existing radiation
treatment plans that were/are based on a first clinical
goal or a first set of clinical goals, and the second dose
prediction model is generated using training data from
previous and existing radiation treatment plans that
were/are based on a second clinical goal or a second set
of clinical goals (different from the first).
[0034] The process 200 is now described for a dose
prediction model 150 using a first set of training data 204
that considers a first clinical goal or a first set of clinical
goals 202 as just described. For ease of discussion, such
training data will be referred to herein as goal-specific
training data. The process 200 can be repeated for each
dose prediction model that is to be generated using the
appropriate goal-specific training data as described in
the above example.
[0035] In the model training phase 210, the dose pre-
diction model 150 is developed and trained using the
goal-specific training data 204. In the model validation
phase 212, the dose prediction model 150 is evaluated
based on its performance on the goal-specific training
data (e.g., its ability to accurately model the training data
and the DVHs for the training data) as well as its ability
to satisfactorily predict validation data based on another
(second) sample of treatment plans (e.g., its ability to
accurately model the validation data and the DVHs for
the validation data). The adequacy of the dose prediction
model 150 is demonstrated by its capability to satisfac-
torily model and predict both the goal-specific training
data and the validation data.
[0036] Goal-specific training data included in the mod-
el training phase 210 can be appropriately considered
and assessed using a regression model, for example,
until the dose prediction model 150 is produced. Once
the goal-specific training data can be satisfactorily pre-
dicted using the dose prediction model 150, then the data
included in the validation phase 212 can be used to in-
dependently test and verify the accuracy of the model.
Model development is an iterative process between train-
ing and validation that proceeds until the validation data
is satisfactorily predicted.
[0037] In this manner, a dose prediction model (the
model 150) that is based on a particular clinical goal or
set of clinical goals is generated. As noted, the process
200 can be repeated using different sets of training data
and clinical goal(s) to create additional dose prediction
models. Each dose prediction model can be identified by
its own unique model identifier (ID). Metadata for a dose
prediction model can be stored with the model or asso-
ciated with the model in a database using the model ID.
Model data (e.g., data to be used by the data prediction
model 150) can also be stored with the model or associ-
ated with the model in a database using the model ID.
[0038] The dose prediction model 150 may be used to
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predict dose parameters for a treatment plan correspond-
ing to a particular patient. The dose prediction model 150
may be implemented as a DVH estimation model, where
the predicted quantity is a dose volume histogram. In
other embodiments, the prediction model 150 also gen-
erates a prediction based on a distance to a target (DTH)
histogram, which expresses the distance from an ROI to
a radiation target. In yet other embodiments, the dose
prediction model 150 is implemented as any other model
suitable for predicting dosage (as a dose histogram or
spatial 3D dose distribution) for a radiation treatment
plan.
[0039] The dose prediction model 150 can then be
used to develop a radiation treatment plan for a particular
patient by receiving patient-specific information (e.g., ge-
ometry information) that is input to and processed by the
model. The input patient-specific information may con-
tain any combination of parameters that can practically
affect the radiation treatment plan. For example, the pa-
tient-specific information may be organized as a vector
or a data structure including feature elements for: size
and shape of the target volume; location of the target
volume; size and shape of an organ at risk; type of an
organ at risk; a part of the target volume that overlaps an
organ; and a part of an organ that overlaps the target
volume.
[0040] Figure 3 is a block diagram illustrating an ex-
ample of an automated radiation treatment planning sys-
tem 300 in an embodiment according to the present in-
vention. The system 300 includes an input interface 310
to receive input information 301, a data processing com-
ponent 320 that implements the dose prediction model
150, and an output interface 330. The system 300 in
whole or in part may be implemented as a software pro-
gram, hardware logic, or a combination thereof on/using
the computing system 100 (Figure 1).
[0041] The input information 301 includes the patient-
specific information 302 (such as that described above)
and also includes model information 303. The model in-
formation 303 includes one or more clinical goals. The
clinical goal or goals are used by an application executed
by the system 300 to automatically select an appropriate
dose prediction model 150. That is, the dose prediction
model 150 is selected according to the clinical goal(s)
that are input to the system 300. Alternatively, a lookup
can be performed based on the input clinical goal(s), and
a model ID corresponding to the goal(s) can be identified
and used to select the appropriate dose prediction model
150. In an embodiment, each clinical goal is in a format
that is parsable by the application that is used to select
the dose prediction model.
[0042] The patient-specific information 302 is provided
to and processed by the dose prediction model 150. The
dose prediction model 150 yields a prediction result, e.g.,
an achievable dose distribution prediction. A radiation
treatment plan based on the prediction result can then
be generated. In an embodiment, the prediction result is
accompanied by parameters indicative of the quality of

the prediction, such as reliability of the result (e.g., af-
fected by the internal coherence of the training data),
complexity of the predicted plan, and probability of the
result.
[0043] Figure 4 illustrates an embodiment of a knowl-
edge-based planning system 400 incorporating a com-
bination of patient records and statistical models for gen-
erating radiation treatment plans in an embodiment ac-
cording to the present invention. In the example of Figure
4, the system 400 includes a knowledge base 402 and
a treatment planning tool set 410. The knowledge base
402 includes patient records 404 (e.g., radiation treat-
ment plans), treatment types 406, and statistical models
408. The treatment planning tool set 410 in the example
of Figure 4 includes a current patient record 412, a treat-
ment type 414, a medical image processing module 416,
an optimizer 418, a dose distribution module 420, and a
final radiation treatment plan 422.
[0044] The treatment planning tool set 410 searches
through the knowledge base 402 (through the patient
records 404) for prior patient records that are similar to
the current patient record 412. The statistical models 408
can be used to compare the predicted results for the cur-
rent patient record 412 to a statistical patient. Using the
current patient record 412, a selected treatment type 406,
and selected statistical models 408, the tool set 410 gen-
erates a radiation treatment plan 422. A radiation treat-
ment plan developed in this manner (e.g., the treatment
plan 422) can be referred to as a balanced plan.
[0045] More specifically, based on past clinical expe-
rience, when a patient presents with a particular diagno-
sis, stage, age, weight, sex, co-morbidities, etc., there
can be a treatment type that is used most often. By se-
lecting the treatment type that the planner has used in
the past for similar patients, a first-step treatment type
414 can be chosen. The medical image processing mod-
ule 416 provides automatic contouring and automatic
segmentation of two-dimensional cross-sectional slides
(e.g., from computed tomography or magnetic resonance
imaging) to form a 3D image using the medical images
in the current patient record 412. Dose distribution maps
are calculated by the dose distribution module 420.
[0046] The knowledge base 402 can be searched for
a combination of objectives that can be applied by the
optimizer 418 to determine a dose distribution. For ex-
ample, an average organ-at-risk dose-volume histogram,
a mean cohort organ-at-risk dose-volume histogram, and
average organ-at-risk objectives can be selected from
the knowledge base 402. In embodiments according to
the present invention, the optimizer 418 uses the dose
prediction model 150 to help shape the dose distribution.
Accordingly, the optimizer 418 can provide a 3D dose
distribution, fluences, and associated dose-volume his-
tograms for the current patient. By using the dose pre-
diction model 150, which is trained and validated as de-
scribed above, those results are expected to fall within
the historically accepted range for a patient with a similar
disease type and treatment type.

9 10 



EP 3 342 461 A1

7

5

10

15

20

25

30

35

40

45

50

55

[0047] In an embodiment, the values of the quality met-
rics associated with the balanced plan (the treatment plan
422) are varied one at a time (e.g., at increments from
their smallest to their largest possible values) to generate
anchor plans (Pareto optimal plans) that form or define
a Pareto surface that can be used in a multi-criteria op-
timization (MCO) approach for radiation treatment plan-
ning.
[0048] In another embodiment, the clinical goals can
be varied (that is, different dose prediction models can
be selected based on a different clinical goal or goals)
and other balanced plans can be generated. The other
balanced plans can be represented graphically (e.g., as
a Pareto surface) and/or can be used to generate addi-
tional anchor plans that can be represented as a Pareto
surface. By browsing through the other balanced plans,
the planner can visualize the tradeoffs made in the var-
ious plans.
[0049] Figure 5 illustrates an example of a first element
of a graphical user interface (GUI) 500 that can be dis-
played on an output device 126 (a display device) of the
computing system 100 (Figure 1) in an embodiment ac-
cording to the present invention. In the example of Figure
5, the first element includes a representation of a Pareto
surface 510. As noted above, the Pareto surface 510
represents a set of anchor plans 512 that are generated
using a balanced plan that is generated using a dose
prediction model 150 that is selected according to a clin-
ical goal or set of clinical goals and was trained and val-
idated using that goal or those goals as previously de-
scribed herein (not all of the anchor plans are indicated
in the figure). In essence, the anchor plans represent the
best point in each dimension of the Pareto surface 510.
The balanced plan (not represented in the figure) may
lie on the Pareto surface 510 or it may lie within the hull
of the convex surface.
[0050] Figure 6 illustrates an example of a second el-
ement of the GUI 500 that can be displayed on an output
device 126 (a display device) of the computing system
100 (Figure 1) in an embodiment according to the present
invention. In the example of Figure 6, the second element
includes a number of interactive sliders 610. The sliders
610 can be used to navigate the Pareto surface 510 of
Figure 5. Each of the sliders 610 corresponds to a re-
spective quality metric. In an embodiment, the quality
metrics are specified such that a smaller value is better,
in which case the sliders 610 in the example of Figure 6
are configured so that moving a slider down results in an
improvement in the corresponding quality metric. Move-
ment of one or more of the sliders 610 may change the
positions of one or more of the other sliders. Different
types of sliders, oriented the same or differently from the
sliders 610, can be used; that is, the invention is not lim-
ited to the type or orientation of the sliders in the example
of Figure 6.
[0051] Significantly, the number of sliders 610 included
in the GUI 500 is less than the number of quality metrics
associated with the balanced plan and used to generate

the anchor plans. In general, the subset of the quality
metrics represented by the sliders 610 is selected ac-
cording to a criterion such as but not limited to a ranking
of the quality metrics, a user input, a correlation between
two or more of the quality metrics, and a knee point in
the Pareto surface. While three sliders are shown in Fig-
ure 6, the present invention is not so limited. That is, in
particular, the number of sliders is not limited to the
number of dimensions shown in the first GUI element,
nor do the sliders need to correspond to the names on
the axes of the Pareto surface 510. For example, as
shown in the example of Figure 6, there can be a fourth
slider associated with spinal dose even though the Pareto
surface in the example of Figure 5 does not have an axis
labeled as such. Movement of the fourth slider may
change the positions of the other three sliders and hence
can still affect the navigation of the Pareto surface.
[0052] The user input may include a selection of the
quality metrics to be represented in the GUI 500. For
example, a planner can be presented with a list of all
quality metrics associated with the Pareto surface 510
and can select which quality metrics are to be represent-
ed using one of the sliders 610. Different quality metrics
are related to clinical goals with different priorities. The
priorities can be specified by the planner before MCO is
executed or they can be defined in a template or protocol.
One criterion that can be used is to select quality metrics
that are related to higher priority clinical goals. It is pos-
sible that the quality metrics are related to multiple clinical
goals with varying priorities. In that case, the selection
criterion can be weighted by the clinical goal that can be
achieved using the set of treatment plans used in MCO
(e.g., within the ranges that can be navigated on the Pare-
to surface 510).
[0053] Another criterion that can be used for selecting
which quality metrics are to be represented using the
sliders 610 is based on an analysis of the correlation
between quality metrics. Different quality metrics may be
highly correlated to one another. When there are strongly
correlated quality metrics, the quality metric whose value
drives the values of the other, correlated quality metrics
can be selected and the other correlated quality metrics
may not be selected.
[0054] Even if quality metrics are not highly correlated,
the Pareto surface between them may have a significant
knee point (a point at which a small change in the value
of one of the quality metrics causes a large change in
the value of another one of the quality metrics). In such
cases, it is unlikely that the planner will need to tune the
mutual balance of these quality metrics and can select
one but not the other.
[0055] It is also possible to combine and represent mul-
tiple quality metrics using a single slider. Also, even if a
quality metric is not selected, its value can still be calcu-
lated when the sliders are moved and can be presented
in the GUI 500 (e.g., in a table).
[0056] The selection of which quality metrics to repre-
sent using the sliders 610 can be done by the planner or
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it can be done automatically based on the above criteria.
If done automatically, the planner can make adjustments
to the number of sliders 610 and to the quality metrics
selected.
[0057] Figure 7 is a flowchart 700 of an example of a
computer-implemented method for generating a radia-
tion treatment plan in an embodiment according to the
present invention. The flowchart 700 can be implemented
as computer-executable instructions residing on some
form of computer-readable storage medium (e.g., using
the computing system 100 of Figure 1).
[0058] In block 702 of Figure 7, dose prediction models
are generated using respective sets of training data,
where each of the sets of training data based on a re-
spective clinical goal or set of clinical goals. In an em-
bodiment, the dose prediction models are generated as
described above in conjunction with Figure 2, for exam-
ple.
[0059] In block 704 of Figure 7, a clinical goal or a set
of clinical goals for radiation treatment of a patient is set,
accessed, or received.
[0060] In block 706, a dose prediction model is select-
ed from the dose prediction models (block 702) based
on the clinical goal or goals (block 704).
[0061] In block 708, a radiation treatment plan is gen-
erated for the patient using the dose prediction model
(block 706) that was selected based on the clinical goal
or goals as described above in conjunction with Figure
3, for example.
[0062] In an embodiment, the radiation treatment plan
that is generated using the selected dose prediction mod-
el is a balanced plan that is generated using radiation
treatment plans accessed from a knowledge base as de-
scribed in conjunction with Figure 4, for example. In an
embodiment, the values of the quality metrics associated
with the balanced plan are varied one at a time (e.g., at
increments from their smallest to their largest possible
values) to generate anchor plans that form or define a
Pareto surface.
[0063] By including the use of a clinical goal or set of
clinical goals to select a dose prediction model for knowl-
edge-based planning, the balanced plan can be more
refined because the selected dose prediction model was
trained using those clinical goals. By creating treatment
plans that consider different clinical goals or different em-
phasis on (weighting of) the clinical goals, the region
around the balanced plan can be expanded to include
regions that may not have been previously available for
evaluation. Accordingly, embodiments according to the
present invention are more versatile and the effective-
ness of MCO for a variety of clinical goals is increased.
[0064] The Pareto surface can be displayed in a graph-
ical user interface that also includes a number of sliders
corresponding to a subset of less than the number of
quality metrics associated with the balanced plan and
used to generate the anchor plans. The subset is selected
according to a criterion such as but not limited to a ranking
of the quality metrics, a user input, a correlation between

two or more of the quality metrics, and a knee point in
the Pareto surface.
[0065] Figure 8 is a flowchart 800 of an example of a
computer-implemented method for generating a radia-
tion treatment plan in an embodiment according to the
present invention. The flowchart 800 can be implemented
as computer-executable instructions residing on some
form of computer-readable storage medium (e.g., using
the computing system 100 of Figure 1).
[0066] In block 802 of Figure 8, a first element of a GUI
is displayed on a display device of the computing system
100 (Figure 1). In an embodiment, the first element in-
cludes a Pareto surface representing a number of radi-
ation treatment plans (e.g., anchor plans) as described
above in conjunction with Figure 5, for example.
[0067] As described herein, there are a number of qual-
ity metrics and respective quality metric values associ-
ated with the radiation treatment plans that are repre-
sented in the display. In an embodiment, the radiation
treatment plans are generated by varying the quality met-
ric values one at a time in a dose prediction model that
is selected according to a clinical goal specified for the
radiation treatment plans as described herein.
[0068] In block 804 of Figure 8, a second element of
the GUI is also displayed on the display device. In an
embodiment, the second element includes a number of
sliders corresponding to a subset of less than the number
of quality metrics (the number of sliders is less than the
number of quality metrics considered in the development
of the balanced and anchor plans) as described above
in conjunction with Figure 6, for example. Thus, the
number of sliders is reduced so that the planner can focus
on the most significant quality metrics and tradeoffs. Nav-
igation of the Pareto surface is less complicated and it is
easier to interpret the results of navigating the Pareto
surface.
[0069] In block 806 of Figure 8, a user input based on
a movement of at least one of the sliders is received.
[0070] In block 808, the Pareto surface (block 802) is
navigated in response to the user input.
[0071] Embodiments according to the invention are
thus described. These embodiments can be used to plan
different types of external beam radiotherapy other than
IMRT including, for example, image-guided radiotherapy
(IGRT), RapidArc™ radiotherapy, stereotactic body ra-
diotherapy (SBRT), and stereotactic ablative radiother-
apy (SABR).
[0072] Although the subject matter has been described
in language specific to structural features and/or meth-
odological acts, it is to be understood that the subject
matter defined in the appended claims is not necessarily
limited to the specific features or acts described above.
Rather, the specific features and acts described above
are disclosed as example forms of implementing the
claims.
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Claims

1. A computer-implemented method, comprising:

accessing a clinical goal for radiation treatment
of a patient;
selecting a first dose prediction model from a
plurality of dose prediction models according to
the clinical goal; and
generating a radiation treatment plan for the pa-
tient, said generating comprising executing the
first dose prediction model selected according
to the clinical goal.

2. The method of Claim 1, wherein the first dose pre-
diction model is generated using training data based
on a sample of other radiation treatment plans that
also have the clinical goal, wherein each dose pre-
diction model of the plurality of dose prediction mod-
els is associated with a respective clinical goal and
wherein said each dose prediction model is gener-
ated using training data based on a respective sam-
ple of radiation treatment plans that have the same
respective clinical goal.

3. The method of Claim 1 or 2, wherein said generating
further comprises:

accessing radiation treatment plans in a knowl-
edge base; and
using the radiation treatment plans to generate
the radiation treatment plan.

4. The method of Claim 1, 2 or 3, wherein said gener-
ating further comprises:

accessing radiation treatment plans in a knowl-
edge base;
using the radiation treatment plans to generate
a balanced plan, wherein the balanced plan has
associated therewith a number of quality metrics
and respective quality metric values;
varying the quality metric values one at a time
to generate anchor plans that define a Pareto
surface; and
navigating the Pareto surface in a graphical user
interface that also comprises a number of sliders
corresponding to a subset of less than the
number of quality metrics.

5. The method of Claim 4, wherein the subset is select-
ed according to a criterion selected from the group
consisting of: a ranking of the quality metrics; a user
input; a correlation between two or more of the quality
metrics; and a knee point in the Pareto surface.

6. The method of Claim 1, 2, 3, 4 or 5, wherein the
clinical goal is in a format that is parsable by an ap-

plication that performs said selecting.

7. A computing system comprising:

a central processing unit, CPU; and
memory coupled to the CPU and having stored
therein instructions that, if executed by the com-
puting system, cause the computing system to
execute operations comprising:

accessing a knowledge base comprising a
plurality of dose prediction models;
selecting a first dose prediction model from
the plurality of dose prediction models ac-
cording to a clinical goal for radiation treat-
ment of a patient; and
generating a radiation treatment plan for the
patient, said generating comprising execut-
ing the first dose prediction model selected
according to the clinical goal.

8. The system of Claim 7, wherein each dose prediction
model of the plurality of dose prediction models is
associated with a respective clinical goal and where-
in said each dose prediction model is generated us-
ing training data based on a respective sample of
radiation treatment plans that have the same respec-
tive clinical goal.

9. The system of Claim 7 or 8, wherein the radiation
treatment plan is a balanced plan, wherein said gen-
erating further comprises:

accessing radiation treatment plans in the
knowledge base; and
using the radiation treatment plans to generate
the balanced plan.

10. The system of Claim 7, 8 or 9, further comprising a
display device operable for displaying a graphical
user interface comprising the Pareto surface and a
number of sliders corresponding to a subset of less
than the number of quality metrics, wherein said gen-
erating further comprises:

accessing radiation treatment plans in the
knowledge base;
using the radiation treatment plans to generate
a balanced plan, wherein the balanced plan has
associated therewith a number of quality metrics
and respective quality metric values;
varying the quality metric values one at a time
to generate anchor plans that define the Pareto
surface;
receiving a user input comprising a movement
of at least one of the sliders; and
navigating the Pareto surface in the graphical
user interface responsive to the user input.
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11. The system of Claim 10, wherein the subset is se-
lected according to a criterion selected from the
group consisting of: a ranking of the quality metrics;
a user input; a correlation between two or more of
the quality metrics; and a knee point in the Pareto
surface.

12. The system of Claim 7, 8, 9, 10 or 11, wherein the
clinical goal is in a format that is parsable by an ap-
plication that performs said selecting.

13. A computing system, comprising:

a central processing unit, CPU;
a display device coupled to the CPU;
memory coupled to the CPU and having stored
therein instructions that, when executed by the
computing system, cause the computing system
to execute a method comprising:

displaying, on the display device, a first el-
ement of a graphical user interface, the first
element comprising a Pareto surface rep-
resenting a plurality of radiation treatment
plans, wherein there are a number of quality
metrics and respective quality metric values
associated with the radiation treatment
plans and wherein the radiation treatment
plans are generated by varying the quality
metric values one at a time in a dose pre-
diction model that is selected according to
a clinical goal specified for the radiation
treatment plans;
displaying, on the display device, a second
element of the graphical user interface, the
second element comprising a number of
sliders corresponding to a subset of less
than the number of quality metrics;
receiving a user input comprising a move-
ment of at least one of the sliders; and
navigating the Pareto surface in the graph-
ical user interface responsive to the user
input.

14. The system of Claim 13, wherein the subset is se-
lected according to a criterion selected from the
group consisting of: a ranking of the quality metrics;
a user input; a correlation between two or more of
the quality metrics; and a knee point in the Pareto
surface.

15. The system of Claim 13 or 14, wherein the method
further comprises:

accessing a knowledge base comprising a plu-
rality of dose prediction models; and
selecting the dose prediction model from the plu-
rality of dose prediction models according to the

clinical goal, wherein the clinical goal is in a for-
mat that is parsable by an application that per-
forms said selecting, wherein the dose predic-
tion model is generated using training data
based on other radiation treatment plans that
also have the clinical goal.
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