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(54) PREDICTING A SURGE EVENT IN A COMPRESSOR OF A TURBOMACHINE

(57) Systems (200) and methods (300, 400) for pre-
dicting a surge event in a compressor (120) of a turboma-
chine (110) are provided. According to one embodiment
of the disclosure, a system (200) may include one or more
computer processors (220) associated with the turboma-
chine (110). The one or more computer processors (220)
may be operable to receive a plurality of performance
parameters of the compressor (120) and analyze the plu-
rality of performance parameters to determine corrected
performance values of the performance parameters.
Based at least partially on the corrected performance val-
ues, a compressor efficiency may be determined. The
processor (220) may be further operable to standardize
the compressor efficiency for a standard mode of oper-
ation, ascertain historical performance data associated
with the standard mode of operation, and analyze the
compressor efficiency based at least partially on the his-
torical performance data. Based on the analysis of the
compressor efficiency, a surge event may be selectively
predicted.
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Description

TECHNICAL FIELD

[0001] This disclosure relates generally to turboma-
chines, and, more particularly, to systems and methods
for predicting a surge event in a compressor of a tur-
bomachine.

BACKGROUND

[0002] Turbomachines can be utilized in a variety of
applications often requiring operation of a compressor at
a relatively high pressure ratio to achieve a higher effi-
ciency. Such operation of the turbomachine can lead to
a surge event in the compressor, a condition associated
with a disruption of a flow through the compressor. The
possibility of a surge event in the compressor can in-
crease due to various reasons, including accumulation
of dirt in the compressor, grid fluctuations, and so forth.
A surge event can result in a decreased performance of
the compressor. Furthermore, a surge event can result
in continuous pressure oscillations in the compressor or
even cause accelerated turbomachine wear and possible
damage to the turbomachine.
[0003] Some existing turbomachines can use local
sensors and a local controller to monitor the airflow and
pressure rise through the compressor in order to detect
surge events in its early stages. However, the additional
costs associated with local controllers and sensors for a
fleet of turbine engines can be prohibitive. Furthermore,
the cost of the sensors and the installation of these on a
fleet of turbines can make it prohibitively expensive to
retrofit existing turbomachines that have no existing
surge detection systems.
[0004] Some existing solutions can attempt remote de-
tection of a surge event using preinstalled sensors. How-
ever, while this approach can be used to determine a
surge event at its early stage and diminish its event, it
cannot be used to completely prevent the surge event or
avoid a flow reversal in the compressor.

BRIEF DESCRIPTION OF THE DISCLOSURE

[0005] The disclosure relates to systems and methods
for predicting a surge event in a compressor of a tur-
bomachine. According to certain embodiments of the dis-
closure, a system is provided. The system can include
one or more computer processors associated with a tur-
bomachine. The computer processors can be operable
to receive a plurality of performance parameters of a com-
pressor. Upon receipt of the plurality of performance pa-
rameters, the one or more computer processors can be
operable to analyze the plurality of performance param-
eters to determine corrected performance values of the
plurality of performance parameters. Based at least par-
tially on the corrected performance values, a compressor
efficiency can be determined by the one or more com-

puter processors. The one or more computer processors
can be further operable to standardize the compressor
efficiency for a standard mode of operation. Historical
performance data associated with the standard mode of
operation can be ascertained and the compressor effi-
ciency may be analyzed by the one or more computer
processors based, at least partially, on the historical per-
formance data. Furthermore, a surge event can be se-
lectively predicted by the one or more computer proces-
sors based at least partially on the analysis of the com-
pressor efficiency.
[0006] In certain embodiments of the disclosure, a
method is provided. The method can include receiving a
plurality of performance parameters of a compressor by
one or more computer processors associated with a tur-
bomachine. Furthermore, the method can include ana-
lyzing the plurality of performance parameters to deter-
mine corrected performance values of the plurality of per-
formance parameters. Based, at least partially on the cor-
rected performance values, a compressor efficiency can
be determined. The example method can further include
standardizing the compressor efficiency for a standard
mode of operation. Historical performance data associ-
ated with the standard mode of operation can be ascer-
tained to analyze the compressor efficiency based, at
least partially, on the historical performance data. Fur-
thermore, a surge event can be selectively predicted
based at least partially on the analysis of the compressor
efficiency.
[0007] In yet further embodiments of the disclosure, a
system is provided. The system can include at least one
turbomachine including a compressor, a controller in
communication with the at least one turbomachine and
operable to receive a plurality of performance parameters
of the compressor. The system can also include one or
more computer processors. The one or more computer
processors can be operable to receive the plurality of
performance parameters of the compressor from the con-
troller. Additionally, the one or more computer processors
can be operable to analyze the plurality of performance
parameters to determine corrected performance values
of the plurality of performance parameters. Based, at
least partially, on the corrected performance values, the
one or more computer processors can determine a com-
pressor efficiency. The one or more computer processors
can be also operable to standardize the compressor ef-
ficiency for a standard mode of operation. The historical
performance data associated with the standard mode of
operation can be ascertained and the one or more com-
puter processors operable to analyze the compressor
efficiency based at least partially on the historical per-
formance data and selectively predict, based at least par-
tially on the analysis of the compressor efficiency, a surge
event.
[0008] Other embodiments and aspects will become
apparent from the following description taken in conjunc-
tion with the following drawings.
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BRIEF DESCRIPTION OF THE DRAWINGS

[0009]

FIG. 1 is a block diagram illustrating an example en-
vironment and system for predicting a surge event
in a compressor of a turbomachine in accordance
with an embodiment of the disclosure.
FIG. 2 is a block diagram showing various modules
of an example system for predicting a surge event,
in accordance with certain embodiments of the dis-
closure.
FIG. 3 is a process flow diagram illustrating an ex-
ample method for predicting a surge event in a com-
pressor of a turbomachine, in accordance with cer-
tain embodiments of the disclosure.
FIG. 4 is a process flow diagram illustrating an ex-
ample method for predicting a surge event in a com-
pressor of a turbomachine, in accordance with cer-
tain embodiments of the disclosure.
FIG. 5 is a plot illustrating example changes in a com-
pressor efficiency over time over a range of units
associated with the same location and electric grid,
in accordance with certain embodiments of the dis-
closure.
FIG. 6 is a plot illustrating example changes in com-
pressor efficiency over time in comparison to chang-
es in power against time for a range of units in dif-
ferent locations, in accordance with certain embod-
iments of the disclosure.
FIG. 7 is a representation showing example clusters
identified by cluster analysis, in accordance with cer-
tain embodiments of the disclosure.
FIG. 8 is a representation showing example data
points identified in relation to clusters, in accordance
with certain embodiments of the disclosure.
FIG. 9 is a representation showing example data
points identified in relation to clusters, in accordance
with certain embodiments of the disclosure.
FIG. 10 is a block diagram illustrating an example
controller for controlling a turbomachine, in accord-
ance with certain embodiments of the disclosure.

DETAILED DESCRIPTION

[0010] The following detailed description includes ref-
erences to the accompanying drawings, which form part
of the detailed description. The drawings depict illustra-
tions, in accordance with example embodiments. These
example embodiments, which are also referred to herein
as "examples," are described in enough detail to enable
those skilled in the art to practice the present subject
matter. The example embodiments may be combined,
other embodiments may be utilized, or structural, logical,
and electrical changes may be made, without departing
from the scope of the claimed subject matter. The follow-
ing detailed description is, therefore, not to be taken in a
limiting sense, and the scope is defined by the appended

claims and their equivalents.
[0011] Certain embodiments described herein relate
to methods and systems for predicting a surge event in
a compressor of a turbomachine. Specifically, an exam-
ple method can utilize an existing framework and sensors
associated with the turbomachine, combined with ma-
chine learning techniques, to predict when a surge event
of a compressor is likely to occur. Understanding effects
of grid fluctuations on surge events can allow efficiently
determining of surge event risks before the occurrence
of an instability in a compressor of the turbomachine.
Additionally, the methods described herein allow moni-
toring multiple turbomachines while using existing hard-
ware, software, and monitoring processes. Moreover, the
methods described herein are sufficiently general to be
applied to multiple turbomachines without customization.
[0012] This disclosure is directed to real-time monitor-
ing of surge events occurring in compressors of a plurality
of turbomachines. In various example embodiments, a
plurality of performance parameters of the compressors
can be collected and analyzed in real-time to determine
corrected performance values of the performance pa-
rameters. The corrected performance values can be
used to calculate the compressor efficiency based on
fired hours of operation. The compressor efficiency can
be standardized for a standard mode of operation and
compared with the established efficiency from historical
events. Additionally, the corrected values of performance
parameters can be processed using a machine learning
model to determine a surge risk score using historical
surge events. Furthermore, the compressor efficiency
can be compared to a threshold compressor efficiency
established for a grid stability of a region associated with
the compressor. Based on the determined surge risk
score, degradation level, and compressor efficiency ex-
ceeding thresholds, a probability of a surge event in the
compressor during a predefined period (e.g., in the near
future) can be predicted, and the predicted surge event
reported to an operator.
[0013] The technical effects of certain embodiments of
the disclosure can include ensuring stable operation of
a turbomachine and avoiding performance decrease and
damage associated with surge events. Further technical
effects of certain embodiments of the disclosure can in-
clude an ability to monitor surge events on a fleet of tur-
bomachine in real time using existing hardware, soft-
ware, and monitoring processes. Additionally, technical
effects of certain embodiments of the disclosure may in-
clude financial benefits resulting from applying potential
safe scenarios based on risk categorization created to
avoid a potential surge event. The following provides the
detailed description of various example embodiments re-
lated to systems and methods for predicting a surge event
in a compressor of a turbomachine.
[0014] Referring now to FIG. 1, a block diagram illus-
trates an example system environment 100 suitable for
implementing systems and methods for predicting a
surge event in a compressor of a turbomachine, in ac-
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cordance with certain embodiments of the disclosure.
Various flow instabilities can occur while operating a tur-
bomachine 110, for example, a surge event in a com-
pressor 120 of the turbomachine 110. The turbomachine
110 may be part of a fleet of a power plant and may
include a gas turbine. The operation of the turbomachine
110 may be managed through a controller 1000. The
controller (or a plurality of controllers) 1000 may interact
with a system 200 for predicting a surge event, an on-
site monitor 150, and/or a central processing unit. Per-
formance parameters of the turbomachine 110 as well
as performance parameters of other turbomachines in
the fleet may be acquired by the controller 1000 or a data
acquisition system (not shown). The performance pa-
rameters may include a mass flow, a compressor effi-
ciency, a compressor extract flow, a compressor dis-
charge temperature, a compressor discharge pressure,
a compressor inlet temperature, a compressor inlet pres-
sure drop, a mean exhaust temperature, a compressor
discharge pressure, a compressor inlet pressure drop,
and so forth. The performance parameters may be col-
lected and stored by the on-site monitor 150.
[0015] The performance parameters can be analyzed
to determine corrected performance values of the per-
formance parameters. The analysis can be performed
by the on-site monitor 150, or alternatively, the perform-
ance parameters can be transmitted for analysis to a cen-
tral processing unit 160. The system 200 for predicting
a surge event can use the performance parameters to
determine corrected performance values of the perform-
ance parameters and calculate a rate of degradation of
the compressor 120 for the corrected compressor effi-
ciency based on fired hours of operation for data points
for a standard mode of operation. The compressor effi-
ciency can be compared with the established rate of deg-
radation from the historical events to predict a risk of oc-
currence of a surge event in the compressor 120 within
a predefined period of time. The predicted surge event
can be reported to an operator 170 via a client device
180. Additionally, a risk associated with the surge event
can be categorized and a recommendation conforming
to the category of the risk provided to the operator 170.
The recommendation can include modifying turbine op-
erations, activating an inlet bleed heat mode, performing
a water wash of the compressor 120, improving filtration,
performing inlet conditioning, and so forth.
[0016] FIG. 2 is a block diagram showing various ex-
ample modules of the system 200 for predicting a surge
event, in accordance with certain embodiments of the
disclosure. The system for predicting a surge event 200
may comprise an on-site monitor 210, one or more com-
puter processors 220, and an optional database 230. The
on-site monitor 210 may communicate with a controller
of the turbomachine or a data acquisition system. The
on-site monitor 210 can monitor and collect performance
parameters of the turbomachine and send the perform-
ance parameters to the one or more computer proces-
sors 220. The one or more computer processors 220 can

be part of the on-site monitor 210, a central processing
unit, or another external device.
[0017] The one or more computer processors 220 can
include a programmable processor, such as a microcon-
troller, a central processing unit, and so forth. In other
embodiments, the one or more computer processors 220
can include an application-specific integrated circuit or a
programmable logic array, such as a field programmable
gate array, designed to implement the functions per-
formed by the system for predicting a surge event 200.
[0018] In various embodiments, the system for predict-
ing a surge event 200 may be deployed on the on-site
monitor 210 associated with the turbomachine or on the
central processing unit. Alternatively, the system 200 for
predicting a surge event may reside outside the on-site
monitor 210 or the central processing unit and be provid-
ed remotely via a cloud-based computing environment.
The database 230 can be operable to receive and store
the performance parameters and/or historical data asso-
ciated with surge events.
[0019] The one or more computer processors 220 can
be operable to receive the performance parameters of
the compressor of the turbomachine. The performance
parameters can include a mass flow, a compressor effi-
ciency, a compressor discharge temperature, a com-
pressor extract flow and operational data such as a com-
pressor inlet temperature, a discharge temperature,
mean exhaust temperature, and so forth. The perform-
ance parameters can be analyzed to determine corrected
performance values of the performance parameters. Us-
ing the corrected performance values, the one or more
computer processors 220 can calculate a rate of degra-
dation for a corrected compressor efficiency based on a
range of fired hours of operation for specific data points.
The compressor efficiency can be compared with the es-
tablished rate of degradation associated with historical
events. The one or more computer processors 220 can
use the corrected values of the mass flow, compressor
efficiency, compressor discharge temperature, compres-
sor extract flow and operational data such as compressor
inlet temperature, discharge temperature and mean ex-
haust temperature to calculate a surge risk score of the
compressor based on a machine learning model estab-
lished using historical surge events. In some embodi-
ments of the disclosure, the machine learning model in-
cludes a cluster model. The machine learning model can
be applied to classify the turbomachine with respect to a
surge risk score based on the corrected performance val-
ues.
[0020] In some embodiments of the disclosure, the one
or more computer processors 220 compare the value of
compressor efficiency with static thresholds based on
grid stability of the region where the compressor is locat-
ed. The comparison results can be considered in predict-
ing a surge event of the compressor. When the surge
risk score falls within certain ranges associated with
surge events, the one or more computer processors 220
can determine that there is a probability that the com-
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pressor may surge within a certain period in future and
a predicted surge event can be reported to an operator.
Based on classification of the surge event risk, recom-
mendations can be issued and provided to the operator.
The recommendations can include mitigating actions that
can help preventing an occurrence of the surge event,
for example, modifying turbine operation, activating an
inlet bleed heat mode, performing a water wash, improv-
ing filtration, performing an inlet conditioning, and so
forth.
[0021] FIG. 3 depicts a process flow diagram illustrat-
ing an example method 300 for predicting a surge event
in a compressor of a turbomachine, in accordance with
certain embodiments of the disclosure. The method 300
may be performed by processing logic that may comprise
hardware (e.g., dedicated logic, programmable logic, and
microcode), software (such as software run on a general-
purpose computer system or a dedicated machine), or a
combination of both. In one example embodiment of the
disclosure, the processing logic resides at the one or
more computer processors 220 that can be part of the
on-site monitor 150 or the central processing unit 160
shown in FIG. 1, which, in turn, can reside on a remote
device or on a server, for example, in a cloud-based en-
vironment. The one or more computer processors 220
may comprise processing logic. It should be appreciated
by one of ordinary skill in the art that instructions said to
be executed by the on-site monitor 150 or the central
processing unit 160 may, in fact, be retrieved and exe-
cuted by one or more computer processors 220. The on-
site monitor 150 or the central processing unit 160 can
also include memory cards, servers, and/or computer
disks. Although the on-site monitor 150 or the central
processing unit 160 can be operable to perform one or
more steps described herein, other control units may be
utilized while still falling within the scope of various em-
bodiments of the disclosure.
[0022] As shown in FIG. 3, the method 300 may com-
mence at operation 305 with receiving performance pa-
rameters of a compressor. The performance parameters
can be acquired by a controller or a data acquisition sys-
tem associated with the turbomachine and collected from
the controller or the data acquisition system by local com-
puters at the turbomachine (i.e. on-site monitor). The per-
formance parameters collected for prediction of a surge
event can include a mass flow, a compressor efficiency,
a compressor extract flow, a compressor discharge tem-
perature, a compressor discharge pressure, a compres-
sor inlet temperature, a compressor inlet pressure drop,
a mean exhaust temperature, and so forth. At operation
310, the performance parameters can be analyzed to
determine corrected performance values of the perform-
ance parameters. Additionally, data sanity and integrity
can be performed based on a data quality check and/or
an out of range check. If poor quality data or out of range
data is detected, such data can be discarded. These
checks can be important to minimize alarms that do not
provide any value to downstream customers. Data quality

can be poor for multiple reasons, such as broken data
connection between controller and on-site monitor, mis-
configuration of tags, and so forth. In addition, values
associated with the collected data can be unreasonable.
For instance, a compressor discharge pressure can drop
to a real value of 0 while the turbine is online. This data
can be filtered out and not considered in the downstream
analysis.
[0023] Once the corrected performance values are de-
termined and data integrity of the sensors is verified, the
method can proceed at operation 315 with determining
a compressor efficiency based on the corrected perform-
ance values. The compressor efficiency can be charac-
terized by a rate of degradation of the compressor effi-
ciency based on fired hours operation at baseload.
[0024] At operation 320, the compressor efficiency can
be standardized for a standard mode of operation. Fur-
thermore, it can be determined whether data points as-
sociated with the performance parameters are sufficient
for analyzing the performance data. This check can be
performed to ensure that all baseline values are being
calculated at same standard operation mode. The stand-
ard operation mode can include a steady state part load
mode or a base load mode.
[0025] At operation 325, historical performance data
associated with the standard mode of operation can be
ascertained. The historical performance data can include
data concerning historical surge events. This data can
used to construct a machine learning model which can
be applied to calculate a surge risk score of the compres-
sor based on the corrected performance values and to
classify the turbomachine with respect to the surge risk
score.
[0026] The compressor efficiency can be analyzed
based on the historical performance data at operation
330. The analysis may include determining whether the
rate of degradation of the compressor efficiency is great-
er than thresholds established based on the historical
performance data. Furthermore, the analysis may be
used to determine whether the surge risk score is equal
or greater than the surge risk score of historical events.
Additionally, it can be determined whether the value of
the compressor efficiency is less than a threshold com-
pressor efficiency established for a grid stability of a re-
gion associated with the compressor.
[0027] Based on the analysis of the compressor effi-
ciency, a surge event can be selectively predicted at op-
eration 335. Specifically, if any of the described compo-
nents of the analysis is true, it can be determined that
the probability of the compressor surge within a certain
future period exceeds a predetermined level. The pre-
dicted surge event can be then reported to an operator,
for example, by providing an alarm through visual and/or
audio means, sending notifications, and so forth. Further-
more, the surge event risk can be assigned a category
and one or more recommendations concerning risk mit-
igation corresponding to the category can be issued and
provided to the operator.
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[0028] The described method can be distributed and
implemented by a plurality of turbomachines across the
world using the on-site monitor without installing special
hardware/software. In addition, this method can be exe-
cuted within a cloud-based environment.
[0029] FIG. 4 depicts a process flow diagram illustrat-
ing an example method 400 for predicting a surge event
in a compressor of a turbomachine, in accordance with
certain embodiments of the disclosure. At an optional
operation 405, an on-site monitor can send operational
data associated with a turbomachine to a central
processing unit. The operational data can include per-
formance parameters of a combustor of the turboma-
chine, for example, performance parameters including
at least one of the following: a mass flow, a compressor
efficiency, a compressor extract flow, a compressor dis-
charge temperature, a compressor discharge pressure,
a compressor inlet temperature, a compressor inlet pres-
sure drop, a mean exhaust temperature, and so forth. At
operation 410, corrected values for various performance
parameters can be calculated. At operation 415, data
quality and out-of-range sensor checks can be performed
for the calculated outputs of the performance parame-
ters. Based on the checks, prediction reliability can be
raised and the number of false alarms can be minimized.
[0030] At operation 420, a slope for compressor effi-
ciency can be calculated for a rolling window of the fired
hours of operation at a steady state part load mode or a
base load mode. At operation 425, a cluster model can
be calculated based on historical data collected from the
on-site monitor and performance tags. Although in the
example embodiment illustrated by FIG. 4, the calcula-
tion is performed using a cluster model, other models
and machine learning techniques can be used to perform
the calculation. At operation 430, availability of data for
all parameters can be checked to determine whether data
points associated with the performance parameters are
sufficient for analyzing the performance data. If the data
is available for all parameters, a risk score can be deter-
mined using the cluster model built using historical surge
event data at operation 435. No action is taken if the data
for all parameters is not available.
[0031] Based on the data obtained in operations
405-435, an analysis is performed to determine a prob-
ability of a surge event. The risk score calculated at op-
eration 435 can be compared to a surge cluster number
at operation 440. Furthermore, at operation 455, the iden-
tified value of the compressor efficiency is analyzed to
determine whether the rate of degradation of the com-
pressor efficiency exceeds thresholds established for the
historical performance data. At operation 460, the meth-
od 400 can proceed to determine whether the corrected
compressor efficiency is greater than static thresholds.
In case of a positive answer to any of the analysis com-
ponents 440, 455, or 460, a review of additional data can
be requested to corroborate result and increase the con-
fidence level of the prediction. The review can be made
by the personnel of the turbomachine or a fleet of tur-

bomachines (a product services and/or operations
team). For the review, the data indicating that a surge
risk is present can be visually provided and emphasized
(e.g., highlighted) for presentation to the personnel.
Thereafter, the personnel can analyze additional infor-
mation, such as the last offline water wash date, historical
performance alarms, grid stability of that region, and so
forth. The results of the review can be received from the
personnel. At operation 465, it can be determined wheth-
er the review confirms the existence of an issue. If the
existence of the issue is confirmed, a predicted surge
event is reported at operation 470. Additionally, mitiga-
tion recommendations can be provided at operation 475.
[0032] FIG. 5 is a plot 500 illustrating example changes
in compressor efficiency over time for a range of turboma-
chine units, in accordance with one or more example
embodiments of the disclosure. The plot 500 shows com-
pressor efficiency 518 against a timeline 520 for eight
turbomachines located within the same grid, shown as
units A-K. The data points for each of the units A-K illus-
trate changes in the compressor efficiency 518 with time
before and after surge events experienced by unit J and
unit K. The times of occurrence of the surge events are
marked by lines 502-516.
[0033] FIG. 6 is a plot 600 illustrating example changes
in compressor efficiency over time as compared to
changes of power against time, in accordance with cer-
tain example embodiments of the disclosure. The plot
600 shows changes in power 624 against timeline 620
for five units demonstrated by signatures 602-608. These
five units are associated with an alternative location.
Compressor efficiency 622 against timeline 620 is illus-
trated for the same units by signatures 612-618. Surge
events experienced in the location of the illustrated five
units are marked by line 626 and line 628.
[0034] Data illustrated by FIG. 5 and FIG. 6 can be
used to build a machine learning model, such as, for ex-
ample, a cluster model. Data points indicative of a com-
pressor efficiency, for example, a mass flow, a compres-
sor efficiency, a compressor extract flow, a compressor
discharge temperature, a compressor discharge pres-
sure, a compressor inlet temperature, a compressor inlet
pressure drop, a mean exhaust temperature, and so
forth, such as illustrated in FIG. 5 and FIG. 6, can be
partitioned into groups (clusters) based on their similarity.
Using the cluster model, clusters for both types of units
of FIG. 5 and FIG. 6 can be found.
[0035] FIG. 7 is a representation 700 illustrating exam-
ple clusters identified by cluster analysis for units of FIG.
5 and FIG. 6, in accordance with one or more example
embodiments of the disclosure. Based on available data,
clusters 708-722 can be identified. Data points of units
of FIG. 5 and FIG. 6 can be analyzed against the identified
clusters.
[0036] FIG. 8 is a representation 800 showing example
data points for units A-K identified in relation to clusters.
The data points can demonstrate compressor efficiency
818 of the units A-K against a timeline 820. The analysis
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performed against clusters can show that surge events
of unit J and unit K fall in cluster 714 (see FIG. 7). Other
units that have not experienced a surge event can be
associated with clusters 706 and 716. Therefore, com-
pressor parameters falling within cluster 714 for units in
location of the units A-K can be predictive of a surge
event.
[0037] FIG. 9 is a representation 900 showing example
data points for units 602-606 identified in relation to clus-
ters. The data points can demonstrate compressor effi-
ciency 918 of the units 602-606 against a timeline 920.
The analysis of the clusters can show that surge events
of unit 604 and unit 606 fall in cluster 720 (see FIG. 7).
Unit 602 has not experienced a surge event and is as-
sociated with cluster 714 (see FIG. 7). Therefore, com-
pressor parameters falling within cluster 720 for units in
location of the units 602-606 can be used to predict a
surge event.
[0038] Thus, further data associated with combustor
parameters of a turbomachine can be used to calculate
a risk score using the cluster model illustrated by FIG. 7
and determine whether a risk score of a combustor is
equal to a surge cluster number. Based on the risk score,
a determination of a probability of a surge event to occur
in the combustor within a certain period of time can be
made. The determination based on the risk score can be
analyzed along with other factors associated with surge
events.
[0039] FIG. 10 depicts a block diagram illustrating an
example controller 1000 for predicting a surge event in
a compressor of a turbomachine, in accordance with an
embodiment of the disclosure. More specifically, the el-
ements of the controller 1000 may be used to acquire
operational data of a turbomachine and control operation
of the turbomachine to introduce mitigation actions when
a surge event is predicted. The controller 1000 may in-
clude a memory 1010 that stores programmed logic 1020
(e.g., software) and may store data 1030, such as the
performance parameters of the compressor of the tur-
bomachine, specifically, a mass flow, a compressor effi-
ciency, a compressor extract flow, a compressor dis-
charge temperature, a compressor discharge pressure,
a compressor inlet temperature, a compressor inlet pres-
sure drop, a mean exhaust temperature, and so forth.
The memory 1010 also may include an operating system
1040.
[0040] A processor 1050 may utilize the operating sys-
tem 1040 to execute the programmed logic 1020, and in
doing so, may also utilize the data 1030. A data bus 1060
may provide communication between the memory 1010
and the processor 1050. Users may interface with the
controller 1000 via at least one user interface device
1070, such as a keyboard, mouse, control panel, or any
other devices capable of communicating data to and from
the controller 1000. The controller 1000 may be in com-
munication with the turbomachine online while operating,
as well as in communication with the turbomachine offline
while not operating, via an input/output (I/O) interface

1080. More specifically, one or more of the controllers
1000 may take part in collection of operational data of
the turbomachine, such as, but not limited to, receive
operational data associated with a compressor of the tur-
bomachine, transmit the operational data to an on-site
monitor, receive a notification of a predicted surge event,
report the predicted surge event, implement a mitigation
action associated with the predicted surge event based
on a command of an operator. Additionally, it should be
appreciated that other external devices or multiple other
turbomachines may be in communication with the con-
troller 1000 via the i/o interface 1080. In the illustrated
embodiment, the controller 1000 may be located remote-
ly with respect to the turbomachine; however, it may be
co-located or even integrated with the turbomachine. Fur-
ther, the controller 1000 and the programmed logic 1020
implemented thereby may include software, hardware,
firmware, or any combination thereof. It should also be
appreciated that multiple controllers 1000 may be used,
whereby different features described herein may be ex-
ecuted on one or more different controllers.
[0041] Accordingly, certain embodiments described
herein can allow for real-time monitoring process of surge
events occurring within the compressor of a turboma-
chine, such as, for example, a gas turbine, on a plurality
of turbomachines. The prediction of surge events may
be accomplished through the use of machine learning
models based on historical surge events. Additionally,
rate of degradation of the compressor as well as com-
pressor efficiency compared with the static thresholds
based on grid stability of the region where the compressor
is present can be considered in prediction of a surge
event. By using the on-site monitor and existing hard-
ware/software/signals, the method for predicting a surge
event in a compressor of a turbomachine can be applied
to multiple turbomachines to provide monitoring without
customization. Additionally, the method can be executed
in a cloud-based environment performing the same
processing.
[0042] References are made to block diagrams of sys-
tems, methods, apparatuses, and computer program
products according to example embodiments. It will be
understood that at least some of the blocks of the block
diagrams, and combinations of blocks in the block dia-
grams, may be implemented at least partially by compu-
ter program instructions. These computer program in-
structions may be loaded onto a general purpose com-
puter, special purpose computer, special purpose hard-
ware-based computer, or other programmable data
processing apparatus to produce a machine, such that
the instructions which execute on the computer or other
programmable data processing apparatus create means
for implementing the functionality of at least some of the
blocks of the block diagrams, or combinations of blocks
in the block diagrams discussed.
[0043] These computer program instructions may also
be stored in a computer-readable memory that can direct
a computer or other programmable data processing ap-
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paratus to function in a particular manner, such that the
instructions stored in the computer-readable memory
produce an article of manufacture including instruction
means that implement the function specified in the block
or blocks. The computer program instructions may also
be loaded onto a computer or other programmable data
processing apparatus to cause a series of operational
steps to be performed on the computer or other program-
mable apparatus to produce a computer implemented
process such that the instructions that execute on the
computer or other programmable apparatus provide
steps for implementing the functions specified in the
block or blocks.
[0044] One or more components of the systems and
one or more elements of the methods described herein
may be implemented through an application program
running on an operating system of a computer. They also
may be practiced with other computer system configura-
tions, including hand-held devices, multiprocessor sys-
tems, microprocessor based or programmable consumer
electronics, mini-computers, mainframe computers, and
the like.
[0045] Application programs that are components of
the systems and methods described herein may include
routines, programs, components, data structures, and so
forth that implement certain abstract data types and per-
form certain tasks or actions. In a distributed computing
environment, the application program (in whole or in part)
may be located in local memory or in other storage. In
addition, or alternatively, the application program (in
whole or in part) may be located in remote memory or in
storage to allow for circumstances where tasks are per-
formed by remote processing devices linked through a
communications network.
[0046] Many modifications and other embodiments of
the example descriptions set forth herein to which these
descriptions pertain will come to mind having the benefit
of the teachings presented in the foregoing descriptions
and the associated drawings. Thus, it will be appreciated
that the disclosure may be embodied in many forms and
should not be limited to the example embodiments de-
scribed above. Therefore, it is to be understood that the
disclosure is not to be limited to the specific embodiments
disclosed and that modifications and other embodiments
are intended to be included within the scope of the ap-
pended claims. Although specific terms are employed
herein, they are used in a generic and descriptive sense
only and not for purposes of limitation.
[0047] Various aspects and embodiments of the
present invention are defined by the following clauses:

1. A method for predicting a surge event in a com-
pressor of a turbomachine, the method comprising:

receiving, by one or more computer processors
associated with a turbomachine, a plurality of
performance parameters of a compressor;
analyzing, by one or more computer processors,

the plurality of performance parameters to de-
termine corrected performance values of the
plurality of performance parameters;
based at least partially on the corrected perform-
ance values, determining, by one or more com-
puter processors, a compressor efficiency;
standardizing, by one or more computer proc-
essors, the compressor efficiency for a standard
mode of operation;
ascertaining, by one or more computer proces-
sors, historical performance data associated
with the standard mode of operation;
analyzing, by one or more computer processors,
the compressor efficiency based at least partial-
ly on the historical performance data; and
based at least partially on the analysis of the
compressor efficiency, selectively predicting, by
one or more computer processors, a surge
event.

2. The method of clause 1, wherein the analyzing of
the compressor efficiency includes:

constructing a machine learning model based
at least partially on historical surge events; and
using the machine learning model to classify the
turbomachine with respect to a surge risk score
based on the corrected performance values.

3. The method of clause 1, wherein the analyzing of
the compressor efficiency includes comparing the
compressor efficiency to a threshold compressor ef-
ficiency established for a grid stability of a region
associated with the compressor.

4. The method of clause 1, wherein the compressor
efficiency is further based at least partially on a range
of fired hours associated with the compressor.

5. The method of clause 1, wherein the standard
mode of operation includes a steady state part load
mode and a base load mode.

6. The method of clause 1, wherein the performance
parameters include at least one of the following: a
mass flow, a compressor efficiency, a compressor
extract flow, a compressor discharge temperature,
a compressor discharge pressure, a compressor in-
let temperature, a compressor inlet pressure drop,
and a mean exhaust temperature.

7. The method of clause 1, wherein the plurality of
performance parameters of the compressor is pro-
vided by a controller associated with the turboma-
chine or a data acquisition system.

8. The method of clause 1, wherein the determining
of the compressor efficiency includes determining
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that data points associated with the performance pa-
rameters are sufficient for analyzing performance of
the compressor.

9. The method of clause 1, wherein the determining
of the corrected performance values of the perform-
ance parameters includes:

performing one or more of the following: a data
quality check and an out of range check asso-
ciated with data related to the corrected perform-
ance values;
determining that quality of the data is poor or
that the data is out of range; and
based on the determination, selectively discard-
ing poor quality data and out of range data.

10. The method of clause 1, wherein the analyzing
of the compressor efficiency includes determining
that a rate of degradation of the compressor efficien-
cy is greater than thresholds established for the his-
torical performance data.

11. The method of clause 1, further comprising re-
porting the predicted surge event to an operator.

12. The method of clause 1, further comprising:

categorizing a risk associated with the surge
event; and
issuing a recommendation based on a category
of the risk.

13. The method of clause 12, wherein the recom-
mendation includes at least one of the following:
modifying turbine operation, activating an inlet bleed
heat mode, performing a water wash, improving fil-
tration, and performing an inlet conditioning.

14. A system for predicting a surge event in a com-
pressor of a turbomachine, the system comprising:

one or more computer processors associated
with a turbomachine and operable to:

receive a plurality of performance parame-
ters of a compressor;
analyze the plurality of performance param-
eters to determine corrected performance
values of the performance parameters;
based at least partially on the corrected per-
formance values, determine a compressor
efficiency;
standardize the compressor efficiency for a
standard mode of operation;
ascertain historical performance data asso-
ciated with the standard mode of operation;
analyze the compressor efficiency based at

least partially on the historical performance
data; and
based at least partially on the analysis of
the compressor efficiency, selectively pre-
dict a surge event.

15. The system of clause 14, wherein the plurality of
performance parameters of the compressor is pro-
vided by a data acquisition system or a controller
associated with the turbomachine.

16. The system of clause 14, further comprising an
on-site monitor associated with the turbomachine
and operable to collect the plurality of performance
parameters of the compressor.

17. The system of clause 14, wherein the compres-
sor efficiency is further based at least partially on a
range of fired hours associated with the compressor.

18. The system of clause 14, wherein the perform-
ance parameters include at least one of the following:
a mass flow, a compressor efficiency, a compressor
extract flow, a compressor discharge temperature,
a compressor discharge pressure, a compressor in-
let temperature, a compressor inlet pressure drop,
and a mean exhaust temperature.

19. The system of clause 14, wherein the one or
more computer processors are associated with a
central processing unit of the turbomachine.

20. A system comprising:

at least one turbomachine including a compres-
sor;
a controller in communication with the at least
one turbomachine and operable to receive a plu-
rality of performance parameters of the com-
pressor;
one or more computer processors operable to:

receive the plurality of performance param-
eters of the compressor;
analyze the plurality of performance param-
eters to determine corrected performance
values of the performance parameters;
based at least partially on the corrected per-
formance values, determine a compressor
efficiency;
standardize the compressor efficiency for a
standard mode of operation; ascertain his-
torical performance data associated with
the standard mode of operation;
analyze the compressor efficiency based at
least partially on the historical performance
data; and
based at least partially on the analysis of
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the compressor efficiency, selectively pre-
dict a surge event.

Claims

1. A method (300, 400) for predicting a surge event in
a compressor (120) of a turbomachine (110), the
method (300 400) comprising:

receiving (305, 405), by one or more computer
processors (220) associated with a turboma-
chine (110), a plurality of performance parame-
ters of a compressor (120);
analyzing (310, 410), by one or more computer
processors (220), the plurality of performance
parameters to determine corrected perform-
ance values of the plurality of performance pa-
rameters;
based at least partially on the corrected perform-
ance values, determining (315), by one or more
computer processors (220), a compressor effi-
ciency;
standardizing (320), by one or more computer
processors (220), the compressor efficiency for
a standard mode of operation;
ascertaining (325), by one or more computer
processors (220), historical performance data
associated with the standard mode of operation;
analyzing (330), by one or more computer proc-
essors (220), the compressor efficiency based
at least partially on the historical performance
data; and
based at least partially on the analysis of the
compressor efficiency, selectively predicting
(335), by one or more computer processors
(220), a surge event.

2. The method (300, 400) of claim 1, wherein the ana-
lyzing (330) of the compressor efficiency includes:

constructing a machine learning model based
at least partially on historical surge events; and
using the machine learning model to classify the
turbomachine (110) with respect to a surge risk
score based on the corrected performance val-
ues.

3. The method (300, 400) of claim 1, wherein the ana-
lyzing (330) of the compressor efficiency includes
comparing the compressor efficiency to a threshold
compressor efficiency established for a grid stability
of a region associated with the compressor (120).

4. The method (300, 400) of claim 1, wherein the com-
pressor efficiency is further based at least partially
on a range of fired hours associated with the com-
pressor (120) and wherein the standard mode of op-

eration includes a steady state part load mode and
a base load mode.

5. The method (300, 400) of claim 1, wherein the per-
formance parameters include at least one of the fol-
lowing: a mass flow, a compressor efficiency, a com-
pressor extract flow, a compressor discharge tem-
perature, a compressor discharge pressure, a com-
pressor inlet temperature, a compressor inlet pres-
sure drop, and a mean exhaust temperature and
wherein the plurality of performance parameters of
the compressor (120) is provided by a controller
(1000) associated with the turbomachine (110) or a
data acquisition system.

6. The method (300, 400) of claim 1, wherein the de-
termining (315) of the compressor efficiency (818,
918) includes determining (430) that data points as-
sociated with the performance parameters are suf-
ficient for analyzing performance of the compressor
(120).

7. The method (300) of claim 1, wherein the determin-
ing (310) of the corrected performance values of the
performance parameters includes:

performing one or more of the following: a data
quality check and an out of range check asso-
ciated with data related to the corrected perform-
ance values;
determining that quality of the data is poor or
that the data is out of range; and
based on the determination, selectively discard-
ing poor quality data and out of range data.

8. The method (300, 400) of claim 1, wherein the ana-
lyzing (455) of the compressor efficiency includes
determining that a rate of degradation of the com-
pressor efficiency is greater than thresholds estab-
lished for the historical performance data and further
comprising reporting (470) the predicted surge event
to an operator (170)..

9. The method (300, 400) of claim 1, further comprising:

categorizing a risk associated with the surge
event; and
issuing a recommendation based on a category
of the risk;
wherein the recommendation includes at least
one of the following: modifying turbine opera-
tion, activating an inlet bleed heat mode, per-
forming a water wash, improving filtration, and
performing an inlet conditioning.

10. A system (200) for predicting a surge event in a com-
pressor (120) of a turbomachine (110), the system
(200) comprising:
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one or more computer processors (220) asso-
ciated with a turbomachine (110) and operable
to:

receive a plurality of performance parame-
ters of a compressor (120);
analyze the plurality of performance param-
eters to determine corrected performance
values of the performance parameters;
based at least partially on the corrected per-
formance values, determine a compressor
efficiency;
standardize the compressor efficiency for a
standard mode of operation;
ascertain historical performance data asso-
ciated with the standard mode of operation;
analyze the compressor efficiency based at
least partially on the historical performance
data; and
based at least partially on the analysis of
the compressor efficiency, selectively pre-
dict a surge event.

11. The system (200) of claim 10, wherein the plurality
of performance parameters of the compressor (120)
is provided by a data acquisition system or a con-
troller (1000) associated with the turbomachine
(110).

12. The system (200) of claim 10, further comprising an
on-site monitor (150) associated with the turboma-
chine (110) and operable to collect the plurality of
performance parameters of the compressor (120)
and wherein the performance parameters include at
least one of the following: a mass flow, a compressor
efficiency, a compressor extract flow, a compressor
discharge temperature, a compressor discharge
pressure, a compressor inlet temperature, a com-
pressor inlet pressure drop, and a mean exhaust
temperature.

13. The system (200) of claim 10, wherein the compres-
sor efficiency is further based at least partially on a
range of fired hours associated with the compressor
(120).

14. The system (200) of claim 10, wherein the one or
more computer processors (220) are associated with
a central processing unit (160) of the turbomachine
(110).

15. A system (200) comprising:

at least one turbomachine (110) including a
compressor (120);
a controller (1000) in communication with the at
least one turbomachine (110) and operable to
receive a plurality of performance parameters

of the compressor (120);
one or more computer processors (220) opera-
ble to:

receive the plurality of performance param-
eters of the compressor (120);
analyze the plurality of performance param-
eters to determine corrected performance
values of the performance parameters;
based at least partially on the corrected per-
formance values, determine a compressor
efficiency;
standardize the compressor efficiency for a
standard mode of operation; ascertain his-
torical performance data associated with
the standard mode of operation;
analyze the compressor efficiency based at
least partially on the historical performance
data; and
based at least partially on the analysis of
the compressor efficiency, selectively pre-
dict a surge event.
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