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Description

Statement Regarding Federally Sponsored Research or Development

[0001] This invention was made with U.S. Government support under GM0779 awarded by the National Institute of
Health (NIH), and under FEY019454A awarded by the National Eye Institute. The U.S. Government has certain rights
in the invention.

Field of the Invention

[0002] The present invention relates to methods and devices for restoring or improving vision, and for treating blindness
or visual impairment. In particular, the present invention relates to methods and devices for restoring or improving vision
using a set of encoders that produce normal or near-normal retinal output together with a high resolution transducer
targeted to retinal cells.

Background of the Invention

[0003] Retinal prosthetics are targeted for patients with retinal degenerative diseases, such as age-related macular
degeneration (AMD), and retinitis pigmentosa (RP), which together affect 2 million people in the US (Friedman et al.,
2004; Chader et al., 2009) and 25 million worldwide (Chopdar et al., 2003). In both diseases, it is the input side of the
retina that degenerates: cones degenerate in AMD and rods in RP.
[0004] What the prosthetics aim to do is bypass the degenerated tissue and stimulate the surviving cells, so that visual
information can once again reach the brain. The main targets of the prosthetics are the retinal ganglion cells and the
retinal bipolar cells (Loewenstein et al., 2004; Gerding et al., 2007; Winter et al., 2007; Lagali et al., 2008; Chader et al.,
2009; Zrenner et al., 2009; Thyagarajan et al., 2010).
[0005] Currently, the main strategy for retinal prostheses involves the implantation of electrode arrays into the patient’s
retina in close proximity to either the bipolar cells or ganglion cells (Gerding et al., 2007; Winter et al., 2007; Chader et
al., 2009; Zrenner et al., 2009). The patient is then outfitted with a camera/signal-processing device that takes images
and converts them into electronic signals; the signals are then passed to the electrodes, which stimulate the cells
(reviewed in (Chader et al., 2009)). While the patients can see some light, the performance of the devices is still quite
limited: patients are, for example, able to see spots and edges (Nanduri et al., 2008; Chader et al., 2009), which provide
some ability for navigation and gross feature detection, but nothing close to normal vision has been possible. (With
respect to navigation, patients can detect light sources, such as doorways, windows and lamps. With respect to detecting
shapes, patients can discriminate objects or letters if they span ∼7 degrees of visual angle (Zrenner et al., 2009); this
corresponds to about 20/1400 vision (20/200 is the acuity-definition of legal blindness in most places).
[0006] Efforts to improve the electrode-based retinal prosthetics have been directed primarily toward increasing their
resolution; the focus has been on decreasing the size of the electrodes and increasing their density in the arrays (Chader
et al., 2009), as currently, the electrodes range from 50 and 450 microns in diameter (Kelly et al., 2009; Zrenner et al.,
2009; Ahuja et al., 2010), which is 10 to 100 times the size of a retinal cell. While there have been some increases in
resolution, the current technology does not achieve the resolution of the normal retina, as it is not yet practical to stimulate
individual cells with electrodes, and the technical challenge is severe: finer electrodes require more current, which leads
to tissue burning (see, for example, the title and agenda for a recent conference on retinal prosthetics: "The Eye and
The Chip 2010: 2010 Special Emphasis on Retinal Stimulation Safety for Neuro-Prosthetic Devices").
[0007] As an alternative to stimulating cells with electrodes, optogenetics has been used. The optogenetics approach
involves expression of proteins such as channelrhodopsin-2 (ChR2) or one of its derivatives in the ganglion cells or
bipolar cells. ChR2 is light sensitive; cells expressing it undergo voltage changes upon light activation, which allows the
cells to send electrical signals. (Bi et al, 2006; Lagali et al, 2008; Zhang et al, 2009; Tomita et al, 2010) This approach
offers the potential for much higher resolution - cells can, in principle, be stimulated individually. While experiments in
animals have demonstrated that the potential for high resolution is real, the achievement of near normal or even partially
normal vision does not occur as indicated in several recent papers in the field (Bi et al, 2006; Lagali et al, 2008; Zhang
et al, 2009; Thyagarajan et al, 2010; Tomita et al, 2010).
[0008] Little attention has been paid by either leading approach to driving the stimulators (either the electrodes or a
channelrhodopsin) in a way that closely resembles endogenous signaling from retina to brain. Endogenous retinal
signaling is complex. When the normal retina receives an image, it carries out a series of operations on it - that is, it
extracts information from it and converts the information into a code the brain can read.
[0009] Current electrode-based devices have used much simpler signal processing than the retina, e.g., they just
convert light intensity at each point in the image into pulse rate with linear scaling (Loewenstein et al, 2004; Fried et al,
2006; Kibbel et al, 2009; Ahuja et al, 2010). Because of this, the retinal output generated by these devices is very different
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from normal retinal output; the brain is expecting signals in one code and is getting them in another.
[0010] Current optogenetic approaches are similarly limited. Efforts to improve them have focused largely on developing
the properties of channelrhodopsin (e.g., increasing its sensitivity to light and altering its kinetics) and have not devoted
significant effort to mimicking endogenous retinal signal processing (Bi et al, 2006; Lagali et al, 2008; Zhang et al, 2009;
Thyagarajan et al, 2010; Tomita et al, 2010).
[0011] US2009/118794 relates to a visual prosthesis apparatus comprising: a video capture device for capturing a
video image; a video processing unit associated with the video capture device, the video processing unit configured to
convert the video image to stimulation patterns; and a retinal stimulation system configured to stimulate neural tissue
in a subject’s eye based on the stimulation patterns, wherein the video processing unit is configured to be powered on
after a first time interval upon activation of a power button, wherein the video processing unit is configured to be powered
off after a second time interval upon activation of a power button.
[0012] US2009/118793 relates to a video processing unit configured to convert a video image to stimulation patterns
for stimulating neural tissue in a subject’s eye, the video processing unit comprising a video processor for converting a
video image to a digital video stream; a memory for storing the digital video stream; and a video preprocessor data
interface for forming stimulation patterns based on the stored digital video stream.
[0013] US2008/021515 relates to an apparatus and method for retinal stimulation are shown. The method comprises
varied parameters, including frequency, pulse width, and pattern of pulse trains to determine a stimulation pattern and
visual perception threshold.
[0014] US 6,400,989 relates to an adaptive sensory-motor encoder for visual or acoustic prosthesis.
[0015] US 2008/294217 which relates to a medical device for monitoring biological signals.
[0016] WO 2009/126112 which describes retinal image analysis systems and methods.
[0017] R. Eckmiller et al., Dialog Concepts for Learning Retina Encoders, International Conference on Neural Networks,
1997, Volume 4, pp. 2315-2320 which discusses retina implants for blind human beings.
[0018] There exists a need to develop a retinal prosthesis that converts visual input into normal retinal output that the
brain can readily interpret. The retinal prosthesis also needs to provide high resolution signaling, ideally targeting individual
retinal cells such as retinal ganglion cells. The present invention sets forth such a prosthesis; it combines an encoding
step that produces normal or near-normal retinal output together with high resolution transducer to provide normal or
near normal vision to the blind.

Summary of the Invention

[0019] The present invention provides a method in accordance with claim 1, a system in accordance with claim 14
and a non-transitory computer-readable medium in accordance with claim 15.
[0020] The methods and systems of the present invention provide for restoring or improving vision. Vision is restored
or improved using a method that receives a stimulus, transforms the stimulus into a set of codes with a set of encoders,
transforms the codes into signals with an interface, which then activate a plurality of retinal cells with a high resolution
transducer driven by the signals from the interface. Activation of the plurality of retinal cells results in retinal ganglion
cell responses, to a broad range of stimuli, that are substantially similar to the responses of retinal ganglion cells from
a normal retina to the same stimuli.
[0021] The performance of the methods to restore or improve vision may have the following characteristics: (i) the
fraction correct on a forced choice visual discrimination task performed using the codes is at least about 95 percent, 65
percent or 35 percent of the fraction correct on the forced choice visual discrimination task performed using retinal
ganglion cell responses from a normal retina; or, (ii) the Pearson’s correlation coefficient between a test stimulus and
the stimulus reconstructed from the codes when the test stimulus was presented is at least about 0.95, 0.65 or 0.35.
[0022] Alternatively, the performance of the methods to restore or improve vision may have the following characteristics:
(i) the fraction correct on a forced choice visual discrimination task performed using retinal ganglion cell responses from
the activated retina is at least about 95 percent, 65 percent, or 35 percent of the fraction correct on a forced choice visual
discrimination task performed using retinal ganglion cell responses from a normal retina; or (ii) the Pearson’s correlation
coefficient between a test stimulus and the stimulus reconstructed from retinal ganglion cell responses from the activated
retina when the test stimulus is presented is at least about 0.95, 0.65 or 0.35.
[0023] The encoding step can include the following steps: (i) preprocessing the stimulus into a plurality of values, X;
(ii) transforming the plurality of X values into a plurality of firing rates, λm, for a retinal ganglion cell in the retina, m; and,
(iii) generating a code representing spikes from said firing rates. The encoding step can include a step for modifying the
code with a burst elimination step. The code may be non-transiently stored during the burst elimination step. The burst
elimination step can include the steps of: (i) defining the duration of a segment to be examined and a criterion number
of pulses for a segment of said duration; (ii) counting pulses in the segment; and, (iii) if the number of pulses exceeds
the criterion number, replacing the segment by an alternative in which the time between pulses is approximately maximal.
[0024] The encoder can have parameters. The values of these parameters are determined using response data
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obtained from a retina while said retina is exposed to white noise and natural scene stimuli.
[0025] The code can be transformed into output using an interface where the output is a plurality of visible light pulses.
The transducer can be a visible light responsive element, such as, for example, a protein. The protein can be Channel-
rhodopsin-1, Channelrhodopsin-2, LiGluR, ChETA, SFO (step function opsins), OptoXR (light-sensitive GPCR), Volvox
Channelrhodopsin-1, Volvox Channelrhodopsin-2, ChIEF, NpHr, eNpHR, or combinations of any of them.
[0026] The gene encoding the protein can be introduced into the cell using a viral vector. The viral vector can be
recombinant adeno-associated virus. The gene can be expressed selectively in at least one retinal ganglion cell type.
In one embodiment, the gene can be selectively expressed using a two vector cre-lox system, where the expression
patterns of the two vectors overlap only within the selected cell type. In this embodiment, the two vectors are: (a) a first
vector having an inverted gene expressing a light-sensitive protein that is flanked by loxP sites oriented in opposite
directions and that is under the regulation of a promoter for a second gene that is expressed at least in the selected cell
type; and (b) a second vector comprising a Cre recombinase that is under the regulation of a promoter for a third gene
that is expressed at least in the selected cell type and a nonoverlapping set of other cell classes.
[0027] The device implementing the method to restore or improve vision can be used to treat a subject with a retinal
degenerative disease, such as macular degeneration or retinitis pigmentosa. When treated, the subject is able to achieve
at least about 95%, 65% or 35% normal visual acuity as measured with EVA or the ETDRS protocols. Alternatively,
when treated, the subject experiences a change of a factor of two or more using the pattern VEP test or Sweep VEP test.
[0028] The methods of the invention also provide for a method for activating a plurality of retinal cells involving, receiving
a stimulus, transforming the stimulus into a set of codes with a set of encoders, transforming the codes into signals with
an interface and activating a plurality of retinal cells with a high resolution transducer driven by the signals from the
interface. Activation of the plurality of retinal cells results in responses to a broad range of stimuli, where the stimuli
comprise artificial and natural stimuli, and said responses are substantially similar to the responses of normal retinal
cells to the same stimuli.
[0029] Alternatively, the performance of the method to activate a plurality of retinal cells may exhibit the following
characteristics: (i) the fraction correct on a forced choice visual discrimination task performed using the codes is at least
about 95 percent, 65 percent, or 35 percent of the fraction correct on a forced choice visual discrimination task performed
using retinal ganglion cell responses from a normal retina, or where the Pearson’s correlation coefficient between a test
stimulus and the stimulus reconstructed from the codes when the test stimulus was presented is at least about 0.95,
0.65 or 0.35.
[0030] The methods and systems of the invention also provide for an apparatus for restoring or improving vision in a
subject in need thereof, where the apparatus has: (i) a device for receiving a stimulus; (ii) a processing device comprising:
(a) non-transient computer readable media storing a set of encoders to generate a set of codes from the stimulus, (b)
at least one processor, and (c) non-transient computer readable media storing the codes; (iii) an interface for converting
the codes into an output; and, (iv) a high resolution transducer for activating a plurality of retinal cells. The performance
of the apparatus for restoring or improving vision is such that activation of the plurality of retinal cells results in retinal
ganglion cell responses, to a broad range of stimuli, that are substantially similar to the responses of retinal ganglion
cells from a normal retina to the same stimuli. Alternatively, the performance of the apparatus exhibits the following
characteristics: (i) the fraction correct on a forced choice visual discrimination task performed using the codes is at least
about 95 percent, 65 percent or 35 percent of the fraction correct on a forced choice visual discrimination task performed
using retinal ganglion cell responses from a normal retina; or (ii) the Pearson’s correlation coefficient between a test
stimulus and the stimulus reconstructed from the codes when the test stimulus was presented is at least about 0.95,
0.65 or 0.35. When treated with the apparatus for restoring or improving vision, the subject can achieve at least about
35% normal visual acuity as measured with EVS or the ETDRS protocols. Alternatively, the treated subject experiences
a change of a factor of two or more using the pattern VEP test or Sweep VEP test. The apparatus for restoring or
improving vision can be used to treat a subject who has a retinal degenerative disease, such as macular degeneration
or retinitis pigmentosa.
[0031] The methods and systems of the present invention also provide for a non-transitory computer readable medium
having computer-executable instructions. The computer-excutable instructions are a set of instructions for converting
at least one stimulus into non-transitory codes, where the code is capable of activating a plurality of retinal cells with a
high resolution transducer. The performance of the system is such that when measured, the fraction correct on a forced
choice visual discrimination task performed using the codes is at least about 35 percent of the fraction correct on a
forced choice visual discrimination task performed using retinal ganglion cell responses from a normal retina, or the
Pearson’s correlation coefficient between a test stimulus and the stimulus reconstructed from the codes when the test
stimulus was presented is at least about 0.35. The set of instructions has parameters and the values of these parameters
may be determined using response data obtained from a retina while said retina is exposed to white noise and natural
scene stimuli.
[0032] The methods and systems of the present invention also provide for non-transitory computer-readable medium
having computer-executable instruction which has a signal, corresponding to a stimulus, for controlling at least one
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transducer capable of activating at least one cell in an impaired retina to produce a response which is substantially
similar to a response to the stimulus of a corresponding ganglion cell in a normal retina. The signal can be a set of codes,
where when measured for performance, the fraction correct on a forced choice visual discrimination task performed
using the codes is at least about 35 percent of the fraction correct on a forced choice visual discrimination task performed
using retinal ganglion cell responses from a normal retina, or the Pearson’s correlation coefficient between a test stimulus
and the stimulus reconstructed from the codes when the test stimulus was presented is at least about 0.35.
[0033] The methods and systems of the present invention also provide for a method for generating a representation
of a stimulus using an encoder for a retina. The methods comprises the following steps: (i) preprocessing the stimulus
into a plurality of values, X; (ii) transforming the plurality of X values into a plurality of firing rates, λm; and, (iii) converting
the firing rate, λm, to a code. In this case, the performance of the method may be measured as follows: (i) the fraction
correct performance on a discrimination task by the output of the encoder is within 35 percent of the fraction correct
performance on a discrimination task by a normal retina; (ii) the Pearson’s correlation coefficient between the stimulus
reconstructed from the output of the encoder and the original stimulus will be at least about .35, or where performance
of the output of the encoder on an error pattern test is at most about 0.04. The transformation step may involve spatio-
temporally transforming the plurality of X values into a plurality of firing rates, λm, where, λm, for each retinal ganglion
cell in the retina, m, is a function of Lm which is a linear filter corresponding to the spatiotemporal kernel from a mth
retinal ganglion cell, and Nm is a function that describes the mth retinal ganglion cell’s nonlinearity. There may be a
plurality of encoders em, where em is the encoder for the mth ganglion cell. The code may have a discrete plurality of
bits forming a bit stream. Alternatively, the code is a continuous wave.
[0034] The stimulus can be electromagnetic radiation. For example, the electromagnetic radiation can be visible light.
The code can be transformed using an interface into output which may be a plurality of visible light pulses. Activation of
a plurality of cells in a retina with the plurality of visible light pulses can generate at least one first set of spike trains,
where at least a fraction of the cells in the retina have at least one transducer which is a visible light responsive element.
The method for generating a representation of a stimulus using an encoder for a retina can further involve driving
activation of a plurality of cells in a retina with the plurality of visible light pulses to generate at least one first set of spike
trains, where at least a fraction of the cells in the retina have at least one transducer comprising at least one visible light
responsive element. The cells can be retinal ganglion cells. The visible light responsive element can be synthetic pho-
toisomerizable azobenzene regulated K+ (SPARK), deoplarizing SPARK (D-SPARK) or combinations of any of the
foregoing. The visible light responsive element maybe a protein such as, Channelrhodopsin-1, Channelrhodopsin-2,
LiGluR, ChETA, SFO (step function opsins), OptoXR (light-sensitive GPCR), Volvox Channelrhodopsin-1, Volvox Chan-
nelrhodopsin-2, ChIEF, NpHr, eNpHR or combinations of any of the foregoing. The proteins, genes encoding for them
and the viral vectors are all as mentioned previously. The stimulus can vary in a spatio-temporal fashion or may be static.
The present invention also provides for a method for determining a set of parameters for an encoder which has the steps
of: (a) recording electrical signal data comprising action potential times from retinal ganglion cells of a retina while the
retina is exposed to white noise and natural scene stimuli and storing the data; (b) calculating the reverse correlation
between the ganglion cell action potential times and the stimulus intensity is calculated, to determine a starting set of
values for the linear filter Lm; (c) treating Lm as a product of a spatial function and a temporal function wherein the spatial
function is parameterized as a grid of weights, and the temporal function is parameterized as the sum of weighted
temporal basis functions and Nm is assumed to be an exponential function to ensure there are no local maxima; (d)
calculating the likelihood for this set of parameters for the given stimulus and recorded ganglion cell’s responses; (e)
identifying the initial optimal parameters for the spatial function, temporal function, and exponential nonlinearity by
maximizing the likelihood of these parameters; (f) replacing the exponential nonlinearity by a cubic spline; (g) optimizing
the parameters of the spline to maximize the likelihood; (h) optimizing the parameters of the spatial and temporal functions
to maximize the likelihood while holding the results of step (g) constant; (i) step (g) is repeated while holding results of
step (h) constant, and step (h) is repeated; and, (j) step (i) is repeated until the change in likelihood from the two steps
is less than an arbitrarily chosen small number. The foregoing method may be embodied in a nontransitory computer-
readable medium having computer-executable instructions for determining values for a plurality of parameters which
are used for converting at least one first stimulus into a non-transitory code, the parameters for a linear filter, Lm, a spatial
function and a temporal function, where the parameters are determined by the steps comprising: (a) recording electrical
signal data comprising action potential times from retinal ganglion cells of a retina while said retina is exposed to white
noise and natural scene stimuli and storing said data; (b) calculating a reverse correlation between retinal ganglion cell
action potential times and intensity of each stimulus, to determine a starting set of values for the linear filter Lm; (c)
establishing a set of parameters for a spatial function; (d) establishing a set of parameters for a temporal function; (e)
calculating the likelihood for the set of parameters for the spatial function and the temporal function for a given stimulus
and recording responses from the retinal ganglion cell; and, (f) finding optimal sets of parameters for the spatial function,
temporal function, and nonlinearity by maximizing the likelihood of the parameters.
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Brief Description of the Drawings

[0035]

Figure 1 is a schematic of one embodiment of the prosthetic method. The stimulus is shown on the left, followed
by an image - the captured stimulus. The captured stimulus is then processed through a set of encoders, which in
turn drive an interface device. The interface device then fires light pulses at retinal ganglion cells that have been
transfected with a light-sensitive element, channelrhodopsin-2 (ChR2). The retina produces spike patterns similar
to those produced by a healthy retina.

Figure 2 is a schematic of an embodiment of the device. On the outward face of each lens region in the pair of
eyeglasses is a camera; signals from the cameras are directed to the processing device, which, in this embodiment,
is located on the arm of the glasses. The processing device controls the light array, which is on the inner face of
each lens region.

Figure 3 shows that the amount of information carried by the encoders (the model cells) closely matches that carried
by their real cell counterparts. For this analysis, we used three stimulus sets - drifting gratings that varied in temporal
frequency, drifting gratings that varied in spatial frequency, and natural scenes. For each cell, we calculated the
mutual information between its model cell’s responses and the stimuli and plotted it against the mutual information
between the real cell’s responses and the stimuli (n=106, 118, and 103, for the three sets of stimuli respectively;
stimulus entropy for each was 5 bits; bin sizes ranged from 250 to 31 ms).

Figure 4 (Figures 4-1,4-2, and 4-3) shows that the posterior stimulus distributions of the encoders (the model cells)
closely match those of their real cell counterparts. A. For each cell, we plotted a pair of matrices. The matrix on the
left gives the posterior for the model cell’s responses (averaged over all responses); the matrix on the right gives
the same for the real cell’s responses. The histogram next to the pair gives a measure of the distance between
them. Briefly, for each row, we computed the mean squared error (MSE) between the model’s posterior and the
real cell’s posterior and then normalized it by dividing it by the MSE between the real cell’s posterior and a randomly
shuffled posterior. A value of 0 indicates that the two rows are identical. A value of 1 indicates that they are as
different as two randomly shuffled rows. (Because of data limitation, occasional cells showed values higher than 1.)
The vertical light grey line indicates the median value of the histogram. B. Histogram of the median values for all
cells in the data set, and histogram of K-L divergences for all cells in the data set (n =106, 118 and 103 cells for the
stimuli, respectively).

Figure 5 shows that the encoders (the model cells) make the same predictions as the real cells. Top left, the model
indicates that ON cells are better able to distinguish among low temporal frequencies than OFF cells under scotopic
conditions, whereas OFF cells are better able to distinguish among high temporal frequencies than ON cells. Bottom
left, the real cells indicate the same. Top, looking across scotopic and photopic conditions, the model indicates that
these differences in the behavior only occur under scotopic conditions: the two cell classes perform approximately
equally well under photopic conditions. Bottom, looking across scotopic and photopic conditions, the real cells
indicate the same. Top, looking across the two conditions again, the model shows that ON and OFF cells perform
well only for a narrow range of frequencies under scotopic conditions, but over a wide range under photopic conditions.
Bottom, looking across the two conditions, again, this prediction held for the real cells as well. Predictions were
made with increasing numbers of cells until there was indication of performance saturation. Error bars are SEM.

Figure 6 shows that the encoders (the model cells) predict the shift in optomotor performance. Left, the model
predicts a shift toward higher temporal frequencies as the animal moves from scotopic to photopic conditions. Right,
the animals’ behavioral performance shifted to higher temporal frequencies, as predicted (n=5 animals). The pre-
diction was robust from 1 cell to saturation (20 cells).

Figure 7 shows that ganglion cell responses produced by the retina prosthesis closely match those produced by
normal retina, whereas ganglion cell responses produced by the standard optogenetic approach (i.e., using ChR2
as the transducer) do not match those produced by normal retina. Movies of natural scenes were presented to three
groups of mouse retinas: retinas from normal mice, retinas from blind mice that were treated with the retina prosthesis
(i.e. the blind retinas were expressing ChR2 in the ganglion cells and were stimulated with movies that had been
processed by the encoders), and retinas from blind mice treated with the standard optogenetic approach (i.e. the
blind retinas were expressing ChR2 in the ganglion cells but were stimulated with movies that had not been processed
by the encoders). Then spike trains were recorded from the ganglion cells of each group.
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Figure 8 shows that the performance of the retina prosthesis on a visual discrimination task closely matches the
performance of the normal retina, whereas the performance of the standard optogenetic method does not. A. Con-
fusion matrices generated when the testing set was obtained from the normal WT retina. On the left are the matrices
for individual ganglion cells, on the right, for a population of cells (20 cells). Fraction correct for the population was
80%. B. Confusion matrices generated when the testing set was obtained from the encoders (note that these
encoders were built from the input/output relations of the WT retina used in panel A). Fraction correct was 79%. C.

Confusion matrices generated when the testing set was generated from a blind retina,

where the ganglion cells were driven with the encoder+transducer. (ChR2). Fraction correct was 64%. D. Confusion
matrices generated when the testing set was generated from a blind retina, where the ganglion cells were driven
with the standard optogenetic method (i.e., ChR2 alone with no encoders). Fraction correct was 7%.

Figure 9 shows that an image reconstructed from the responses of the retinal prosthesis closely matches the original
image while an image reconstructed from the responses of the standard optogenetic method does not. While the
brain does not necessarily reconstruct images, reconstructions serve as a convenient way to compare methods and
give an approximation of the level of visual restoration possible with each approach. A. Original image. B. Image
reconstructed from the responses of the encoders. C. Image reconstructed from the responses of the encoders +
transducers (ChR2). D. Image reconstructed from the responses of the standard optogenetic approach (just ChR2,
as in above figures). Note that panel B is the critical panel, as it shows the output of the encoders, which could be
teamed up with different kinds of transducers. The reconstructions were carried out on our processing cluster in
blocks of 10 X 10 or 7 X 7 checks. As mentioned in the text, we used maximum likelihood, that is, for each block,
we found the array of gray values that maximized the probability of the observed responses (for high dimensional
searches, following Paninski et al. 2007).

Figure 10 shows that tracking occurs with the retina prosthesis. A. Baseline drift (no stimulus present). As mentioned
in the text, blind animals show a drift in eye position, similar to the drift observed with blind humans. B Response
to drifting grating presented using the standard optogenetic method (i.e., presented on the screen as it is). C.
Response to drifting grating presented using the retina prosthesis (i.e., presented on the screen in its encoded form).
When the image has been converted into the code used by the ganglion cells, the animal can track it. Top row, raw
eye position trace, a representative example. Middle row, smooth component (saccades and movement artifacts
removed, see raw trace above). Bottom row, average trajectory across all trials (n=15, 14, and 15 trials, respectively).

Figure 11 shows a schematic of the device. A camera (top) captures stimuli from the visual field. The signals from
the camera are fed to a processing device that executes the encoders. Execution of the encoders proceeds in a
series of steps, indicated in the figure as modules: preprocessing, spatiotemporal transformation, and spike gener-
ation. The output of the spike generation step is nontransiently stored in preparation for conversion to a format
suitable for the transducers, which includes a burst elimination step. The output is then converted to the format
suitable for the transducers in the interface, and the interface then sends its converted signals to the transducers.
Arrows show the flow of signals from specific regions of the visual field through the modules of the encoders, through
the interface device, to the transducers, which are in the retinal cells. The overlapping circles indicate that the
encoders carry information from overlapping regions of the visual field, representing images in a way that is analogous
to that of the normal retina.

Figure 12 illustrates the conversion from image to light pulses for an example encoder. A shows an example movie.
B shows the pre-processed movie and indicates the position of the example encoder that produces the output in C-
E. C shows the output of the spatiotemporal transformation step. D shows the output of the spike generation step.
E shows the light pulses that correspond to the output produced by the spike generation step.

Figure 13 shows that the responses produced by encoders generated from monkey retina to natural movies closely
match those produced by normal monkey retina. Movies of natural scenes were presented to the normal monkey
retina and the virtual retina. The top row shows spike trains from normal monkey ganglion cells; the bottom from
their corresponding model cells (i.e., their encoders).

Figure 14 shows that the performance of the monkey encoders on a visual discrimination task (same task as in
Figure 8) closely matches the performance of normal monkey ganglion cells. A. Confusion matrices generated
when the testing set was obtained from the normal monkey retina. On the left are the matrices for individual ganglion
cells, on the right, for a population of cells (10 cells). Fraction correct for the population was 83%. B. Confusion
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matrices generated when the testing set was obtained from the encoders that were generated from monkey ganglion
cells. Fraction correct was 77%. All analysis was performed as Example 8, Figure 8. Fraction correct using encoder
responses was thus 92.8% of fraction correct using normal monkey ganglion cell responses.

Figure 15 shows that ganglion cell responses produced by the encoders + transducers follow the encoded output
with high fidelity. The encoder’s output was converted into a stream of light pulses, which were presented to a retina
extracted from a doubly transgenic mouse that is blind and that expresses ChR2 in the ganglion cells. A. Light pulses
and the corresponding ganglion cell output. For each pair of rows, the top row shows the times of the light pulses,
while the bottom row shows the times of the action potentials produced by the ChR2-expressing ganglion cell. Each
dot represents the occurrence of a light pulse or ganglion cell action potential. B. Expansion of the circled regions
from (A), showing one-to-one correspondence between light pulses and action potentials. The action potentials
followed the light pulses, and therefore, the encoder, with high fidelity.

Detailed Description of the Invention

[0036] The present invention provides for a method and device for restoring or improving vision, increasing visual
acuity, or treating blindness or visual impairment, or activating retinal cells. The method comprises capturing a stimulus,
encoding the stimulus, transforming the code into transducer instructions at an interface, and transducing the instructions
to retinal cells. The device comprises a way to capture a stimulus, a processing device executing a set of encoders, an
interface, and a set of transducers, where each transducer targets a single cell or a small number of cells; the set of
transducers is referred to as a high resolution transducer. In one embodiment, each encoder executes a preprocessing
step, a spatiotemporal transforming step as well as an output-generating step. The present method can be used for a
retinal prosthesis to generate representations for a broad range of stimuli, including artifical and natural stimuli.
[0037] The present methods and devices may process any type of stimulus. For example, the stimulus may include
visible light, but may also include other types of electromagnetic radiation such as infrared, ultraviolet or other wavelengths
across the electromagnetic spectrum. The stimulus may be a single image or a plurality of images; additionally, the
images may be static or may vary in a spatiotemporal fashion. Simple shapes such as diagrams or comparatively complex
stimuli such as natural scenes may be used. Additionally, the images may be grayscale or in color or combinations of
grey and color. In one embodiment, the stimuli may comprise white noise ("WN") and/or natural stimuli ("NS") such as
a movie of natural scenes or combinations of both.
[0038] The stimulus is converted or transformed into a proxy of normal retinal output, that is, a form of output the brain
can readily interpret and make use of as a representation of an image. The conversion occurs on about the same time
scale as that carried out by the normal or near-normal retina, i.e., the initial retinal ganglion cell response to a stimulus
occurs in a time interval ranging from about 5-300 ms. The methods and devices of the present invention can help
restore near-normal to normal vision, or can improve vision, including both grayscale vision and color vision, in a patient
or affected mammal with any type of retinal degenerative disease where retinal ganglion cells (which may also be referred
to herein as "ganglion cells") remain intact. Nonlimiting examples of retinal degenerative diseases include retinitis pig-
mentosa, age-related macular degeneration, Usher syndrome, Stargardt macular dystrophy, Leber congenital amaurosis
and Bardet-Biedl syndrome, retinal detachment, and retinal vessel occlusion.
[0039] Diseases in which retinal degeneration occurs as a complication include: Snowflake vitreoretinal degeneration;
Choroidal neovasculatization caused by adult-onset foveomacular dystrophy; Bietti crystalline corneoretinal dystrophy;
and diabetic retinopathy. A partial list of diseases in which retinal degeneration occurs as a symptom include: Acerulo-
plasminemia; Adrenoleukodystrophy; Alstrom disease; Alström Syndrome; Asphyxiating Thoracic Dystrophy; Bonne-
man-Meinecke-Reich syndrome; Bonnemann-Meinecke-Reich syndrome; CDG syndrome type 1A; Chorioretinopathy
dominant form - microcephaly; Choroideremia - hypopituitarism; Congenital disorder of glycosylation type 1A; Congenital
Disorders of Glycosylation Type Ia; Cystinosis; Hypotrichosis, syndactyly and retinal degeneration; Jeune syndrome;
Mucolipidosis IV; Mucolipidosis type 4; Mucopolysaccharidoses; Muscle-eye-brain syndrome; Neonatal ALD; Olivopon-
tocerebellar atrophy type 3; Osteopetrosis, autosomal recessive 4; Pigmentary retinopathy; Pseudoadrenoleukodystro-
phy; Retinoschisis, X-linked; Retinoschisis1, X-linked, Juvenile; Santavuori Disease; Spastic paraplegia 15, autosomal
recessive; and Werner syndrome
[0040] The present methods and devices can be used to treat any mammalian subject who has a fraction of retinal
ganglion cells, part of the optic nerve originating therefrom as well as some portion of other functional central visual
system processing functions remaining intact. Conversely, the range of loss of retinal ganglion cells that is treatable with
the methods and devices of the present invention can include only a portion of the total number of retinal ganglion cells
or may encompass the total number of retinal ganglion cells present in the retina.
[0041] The retina prosthesis, like the normal retina, is an image processor - it extracts essential information from the
stimuli it receives, and reformats the information into patterns of action potentials the brain can understand. The patterns
of action potentials produced by the normal retinal are in what is referred to as the retina’s code or the ganglion cell’s
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code. The retina prosthesis converts visual stimuli into this same code, or a close proxy of it, so that the damaged or
degenerated retina can produce normal or near-normal output. Because the retina prosthesis uses the same code as
the normal retina or a close proxy of it, the firing patterns of the ganglion cells in the damaged or degenerated retina,
that is, their patterns of action potentials are the same, or substantially similar, to those produced by normal ganglion
cells. A subject treated with the present devices will have visual recognition ability closely matching the ability of a normal
or near-normal subject.
[0042] As measured by a variety of different criteria described below, the methods and devices of the present invention
reproduce normal or near normal ganglion cell output for a broad range of stimuli, including artifical and natural stimuli.
In the retinal prosthetic method, the methods of the invention use an encoding step, an interfacing step, and a transducing
step. The methods and devices of the present invention can drive the activation of different retinal cell classes, including,
but not limited to, retinal ganglion cells and retinal bipolar cells.
[0043] In one embodiment, the prosthesis targets retinal ganglion cells. In this embodiment, the encoding step converts
visual stimuli into the code, or a close proxy of the code, used by the ganglion cells, and the transducer, via an interface,
drives the ganglion cells to fire as the code specifies. The result is that the damaged or degenerated retina produces
normal or near normal output, that is, normal or near normal firing patterns. In another embodiment, the prosthesis
targets the retinal bipolar cells (i.e., the transducer is targeted to the retinal bipolar cells, which may also be referred to
herein as "bipolar cells"). In this case, the encoding step occurs one stage earlier, that is, the encoding step converts
visual stimuli into a code that will drive the bipolar cells to drive the ganglion cells to produce normal output. The use of
other codes is also possible. In both cases, the prosthesis comprises a set of encoders and a set of transducers that
interact: the encoders drive the transducers. As described below, the encoders drive the transducers via an interface.
The result is a method that causes the retinal output cells to produce normal or near normal firing patterns, and deliver
normal or near normal visual signals to the brain.
[0044] Different encoders may be used, since there are different types of retinal cells. Differences may correspond to
a particular cell type or to the cell position on the retina. When a retina prosthesis has more than one encoder, the
encoders may operate in parallel, either independently or through at least one or more coupling mechanisms.
[0045] As mentioned above, in one embodiment, the retinal prosthesis targets the retinal ganglion cells. In this em-
bodiment, the retinal ganglion cells of a subject (e.g., a blind patient) are first engineered via gene therapy to express
a transducer, e.g., light-sensitive protein (for example, ChR2). The subject then wears glasses that carry a camera, a
processing device executing a set of encoders (one or more), and an interface for generating light pulses. The camera
captures images (stimuli), and passes them through the set of encoders. The encoders perform a series of operations
on the stimuli and convert them into a coded output, that is, patterns (also referred to as streams) of electrical pulses
that correspond to the patterns (or streams) of action potentials the normal ganglion cells would produce to the same
stimuli. The streams of electrical pulses are then converted into streams of light pulses to drive the ChR2-expressing
cells in the subject’s retina. Figure 1 shows schematically the steps of converting a stimulus (an image) into streams of
electrical pulses, which are then converted into streams of light pulses, which then drive the transducers in the retinal
cells. Figure 2 shows an embodiment of the device as it would be provided to patients (the external device that interacts
with the transducers operating in vivo.)
[0046] Alternatively, instead of the patient receiving gene therapy to provide the transducer, ChR2, electrodes are
implanted in the patient’s retina in close proximity to the ganglion cells or bipolar cells. In this case, the patient then
wears glasses that carry a camera and a processing device executing a set of encoders, and the electrical pulses or bit
streams are stored in memory and converted to signals that direct the electrodes to emit electrical pulses that ultimately
drive the ganglion cells to fire.
[0047] The present methods and devices can be used in a mammal, such as a human. Mammals include, but are not
limited to, a rodent (e.g., a guinea pig, a hamster, a rat, a mouse), a primate, a marsupial (e.g., kangaroo, wombat), a
monotreme (e.g., duckbilled platypus), murine (e.g., a mouse), a lagomorph (e.g., a rabbit), canine (e.g., a dog), feline
(e.g., a cat), equine (e.g., a horse), porcine (e.g., a pig), ovine (e.g., a sheep), bovine (e.g., a cow), simian (e.g., a monkey
or ape), a monkey (e.g., marmoset, baboon), an ape (e.g., gorilla, chimpanzee, orangutang, gibbon).
[0048] The methods and devices of the present invention may also be used together with robotic or other type of
mechanical devices, where processing of visual information or light patterns is required.
[0049] The algorithms and/or parameters of the encoders may vary from one patient to another, and may be adjusted
over time with aging or the progression of the disease. In addition, a single patient may be equipped with multiple
encoders in a single prosthesis where the encoders vary by the spatial position on the retina or other factors, such as
cell type, as described herein. The present invention allows ability to conveniently and safely alter the algorithm from
outside the body of the patient. Adjustment of the algorithm may be done by one of ordinary skill in the art.
[0050] The encoder (or the encoding step) and the transducer (or the transducing step) are described below.
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Encoders

[0051] An encoder is an input/output model for a cell in the retina (e.g., a ganglion cell or a bipolar cell). It provides
the stimulus/response relationship. The encoder operates as an algorithm; the algorithm may be executed by a processing
device with dedicated circuitry and/or using computer-readable media, as described herein.
[0052] In one embodiment, the encoders are input/output models for the ganglion cells. These encoders comprise an
algorithm that converts stimuli into patterns of electrical signals that are the same, or substantially similar, to those
produced by normal ganglion cells to the same stimuli. The retinal prosthetic can use multiple encoders which can be
assembled in a parallel manner as shown, for example, in Figure 11, where different segments of the stimulus (or put
another way, different regions of the visual field) are run through separate encoders, which, in turn, control different,
specified transducers. In this embodiment, each encoder may have parameters suited for its targeted transducers, which
may, for example, take into account the location and/or type of retinal cell or cells being emulated by the encoder or
being driven by the encoder’s output. The term "code" can refer to a pattern of electrical pulses that corresponds to a
pattern of action potentials (also referred to as spike trains) that the retina produces in response to a stimulus. The term
"code" may refer to bit streams corresponding to a pattern of spike trains. Each bit may correspond to the activity of one
neuron (e.g., 1 means the neuron fires; 0 means the neuron does not fire). The code may also be a continuous wave.
Any type of waveform may be encompassed by the present invention, including nonperiodic waveforms and periodic
waveforms, including but not limited to, sinusoidal waveforms, square waveforms, triangle waveforms, or sawtooth
waveforms.
[0053] The general overview of operations performed by one embodiment of the encoder is shown in the flowchart
below.

Preprocessing Step

[0054] This is a rescaling step, which may be performed in a preprocessor module of the processing device, that maps
the real world image, I, into quantities, X, that are in the operating range of the spatiotemporal transformation. Note that
I and X are time-varying quantities, that is, I(j,t) represents the intensity of the real image at each location j and time t,
and X(j,t) represents the corresponding output of the preprocessing step. The preprocessing step may map as follows:
I(j,t) is mapped to X(j,t) by X(j,t)=a+bI(j,t), where a and b are constants chosen to map the range of real world image
intensities into the operating range of the spatiotemporal transformation.
[0055] The rescaling can also be done using a variable history to determine the quantities a and b, and a user-operated
switch can be used to set the values of these quantities under different conditions (e.g., different lighting or different
contrast).
[0056] For grayscale images, both I(j,t) and X(j,t) have one value for each location j and time t.
[0057] For color images, the same strategy is used, but it is applied separately to each color channel, red, green, and
blue. In one embodiment, the intensity I(j,t) has three values (I1,I2,I3) for each location j and time t, where the three values
I1, I2, I3 represent the red, green, and blue intensities, respectively. Each intensity value is then rescaled into its corre-
sponding X value (X1, X2, X3) by the above transformation.

Spatiotemporal Transformation Step

[0058] In one embodiment, the transformation is carried out using a linear-nonlinear cascade (reviewed in Chichilnisky
EJ 2001; Simoncelli et al 2004), where the firing rate, λm, for each ganglion cell, m, is given by 

where * denotes spatiotemporal convolution, Lm is a linear filter corresponding to the mth cell’s spatiotemporal kernel,
and Nm is a function that describes the mth cell’s nonlinearity, and, as in the previous section X is the output of the
preprocessing step, j is the pixel location, and t is time. The firing rate, λm, is converted into a code that is used to drive
the interface (discussed subsequently). This spatiotemporal transformation step may be performed by a spatiotemporal
transforming module of the processing device.
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[0059] Lm is parameterized as a product of a spatial function and a temporal function. For example, in one embodiment,
the spatial function consists of a weight at each pixel on a grid (e.g., the digitized image in a camera), but other alternatives,
such as a sum of orthogonal basis functions on the grid, can be used. In this embodiment, the grid consists of a 10 by
10 array of pixels, subserving a total of 26 by 26 degrees of visual space (where each pixel is 2.6 by 2.6 degrees in
visual space), but other alternatives can be used. For example, because the area of visual space that corresponds to a
retinal ganglion cell varies with spatial position on the retina and from species to species, the total array size can vary
(e.g., from at or around from 0.1 by 0.1 degree to 30 by 30 degrees, which corresponds to at or around 0.01 by 0.01
degree to 3 by 3 degrees in visual space for each pixel in a 10 by 10 array of pixels.) It is appreciated that the angle
ranges and size of the pixel array are only provided for illustration of one particular embodiment and that other ranges
of degrees or size of pixel arrays are encompassed by the present invention. For any chosen array size, the number of
pixels in the array can also vary, depending on the shape of the area in visual space that the cell represents (e.g., an
array of at or around from 1 by 1 to 25 by 25 pixels). Similarly, the temporal function consists of a sum of weights at
several time bins and raised cosine functions in logarithmic time at other time bins (Nirenberg et al. 2010; Pillow JW et
al. 2008). Other alternatives, such as a sum of orthogonal basis functions, can also be used.
[0060] In this embodiment, the time samples span 18 time bins, 67 ms each, for a total duration of 1.2 sec, but other
alternatives can be used. For example, because different ganglion cells have different temporal properties, the duration
spanned by the bins and the number of bins needed to represent the cell’s dynamics can vary (e.g., a duration at or
around from 0.5 to 2.0 sec and a number of bins at or around from 5 to 20). Temporal properties can also vary across
species, but this variation will be encompassed by the above range.
[0061] Eq. 1 can also be modified to include terms that modify the encoder’s output depending on its past history (i.e.,
the spike train already produced by cell m), and on the past history of the output of other ganglion cells (Nirenberg et
al. 2010; Pillow JW et al. 2008).
[0062] For both sets of parameters for L (spatial and temporal), the choice of resolution (pixel size, bin size) and span
(number of pixels, number of time bins) is determined by two factors: the need to obtain a reasonably close proxy for
the retina’s code, and the need to keep the number of parameters small enough so that they can be determined by a
practical optimization procedure (see below). For example, if the number of parameters is too small or the resolution is
too low, then the proxy will not be sufficiently accurate. If the number of parameters is too large, then the optimization
procedure will suffer from overfitting, and the resulting transformation (Eq. 1) will not generalize. The use of a suitable
set of basis functions is a strategy to reduce the number of parameters and hence avoids overfitting, i.e., a "dimensionality
reduction" strategy. For example, the temporal function (that covers 18 time bins, 67 ms each) may be parameterized
by a sum of 10 weights and basis functions; see section "Example 1, Method of building the encoder" and (Nirenberg
et al., 2010; Pillow JW et al. 2008)
[0063] The nonlinearities Nm are parameterized as cubic splines, but other parameterizations can be used, such as,
piecewise linear functions, higher-order splines, Taylor series and quotients of Taylor series. In one embodiment, the
nonlinearities Nm are parameterized as cubic spline functions with 7 knots. The number of knots is chosen so that the
shape of the nonlinearity is accurately captured, while overfitting is avoided (see above discussion of overfitting). At
least two knots are required to control the endpoints, and thus the number of knots can range from about 2 to at least
about 12. Knots are spaced to cover the range of values given by the linear filter output of the models.
[0064] For the spatiotemporal transformation step, in addition to the linear-nonlinear (LN) cascade described above,
alternative mappings are also within the scope of the present invention. Alternative mappings include, but are not limited
to, artificial neural networks and other filter combinations, such as linear-nonlinear-linear (LNL) cascades. Additionally,
the spatiotemporal transformation can incorporate feedback from the spike generator stage (see below) to provide
history-dependence and include correlations among the neurons as in (Pillow JW et al. 2008; Nichols et al, 2010). For
example, this can be implemented by convolving additional filter functions with the output of the spike generator and
adding the results of these convolutions to the argument of the nonlinearity in Eq. 1.
[0065] Other models may also be used for the spatiotemporal transformation step. Non-limiting examples of the models
include the model described in Pillow JW et al. 2008, dynamic gain controls, neural networks, models expressed as
solutions of systems of integral, differential, and ordinary algebraic equations approximated in discrete time steps, whose
form and coefficients are determined by experimental data, models expressed as the result of a sequence of steps
consisting of linear projections (convolution of the input with a spatiotemporal kernel), and nonlinear distortions (trans-
formations of the resulting scalar signal by a parameterized nonlinear function, whose form and coefficients are deter-
mined by experimental data, models in which the spatiotemporal kernel is a sum of a small number of terms, each of
which is a product of a function of the spatial variables and a function of the spatial variables and a function of the
temporal variables, determined by experimental data, models in which these spatial and/or temporal functions are
expressed as a linear combination of a set of basic functions, with the size of the set of basis function smaller than the
number of spatial or temporal samples, with the weights determined by experimental data, models in which the nonlinear
functions are composed of one or segments, each of which is a polynomial, whose cut points and/or coefficients are
determined by experimental data, and models that combine the outputs of the above models, possibly recursively, via
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computational steps such as addition, subtraction, multiplication, division, roots, powers, and transcendental functions
(e.g., exponentiation, sines, and cosines).

Spike Generation Step

[0066] In the spike generation step, the ganglion cell firing rates are converted into patterns (also referred to as streams)
of pulses, equivalent to ganglion cell spike trains. This step may be performed by an output generating module of the
processing device.
[0067] In one embodiment, for each cell m, an inhomogeneous Poisson process with instantaneous firing rate λm is
created. In one embodiment, time intervals (bins) of length Δt are used. For each neuron, the output of the spatiotemporal
transformation, λm(t;X) as given in Eq. 1 above is multiplied by Δt, yielding a firing probability. A random number chosen
from a uniform distribution between 0 and 1 is chosen. If this number is less than the firing probability, a spike at the
beginning of this time interval is generated. In one embodiment, Δt is 0.67 ms, but other bin widths may be used. This
number for Δt was chosen in the standard way for generating a Poisson process, that is, the bin width is chosen so that
the product of the bin width and the maximum firing rate is a number much less than 1. The choice of bin size is a
compromise between computational efficiency and enabling high temporal resolution and wide dynamic range. The
choice may be made by one of ordinary skill in the art without undue experimentation. That is, smaller bin sizes increase
computational time, while large bin sizes blur resolution of spike patterns.
[0068] For the spike generation step, alternative approaches can also be used, including, but not limited to, inhomo-
geneous gamma processes and integrate-and-fire processes, and Hodgkin-Huxley spike generators (Izhikevich EM
2007; Izhikevich EM 2010)
[0069] The output of the encoders - the streams of pulses - are ultimately converted to a format suitable for driving
the transducers, for example, electrodes, ChR2 proteins, or other light-sensitive elements. A potential problem is that
the output of a given encoder may include pulse sequences where several pulses occur in rapid succession (a "burst"
of spikes or spike burst or a burst of pulses or pulse burst). If a particular kind of transducer (for example, ChR2) cannot
follow bursts, performance of a prosthesis may be slightly degraded.
[0070] The methods of the present invention provide for elimination of this problem, and this method is referred to as
the burst elimination step or the correcting or modifying step. If an encoder’s output contains a burst sequence, then it
is replaced by an alternative in which the occurrence of very short intervals between spikes (or pulses) is minimized. To
address this, Poisson variations of the code may be generated. To carry this out in a manner compatible with the real
time requirement of the prosthesis, the following operation may be employed: As each brief segment of the spike
generator’s output is generated (that is, the output of the rescaling, spatiotemporal transformation, and spike generating
step) it is inspected. Segments containing a number of pulses greater than or equal to a defined criterion number Nseg
are replaced by segments in which the number of pulses is made equal to Nseg and are approximately equally spaced.
In one embodiment with ChR2, segments are of duration Tseg=33 ms, and the criterion number of pulses for replacement,
Nseg, is 3. Tseg may be chosen between at or about 3 ms to 66 ms, and Nseg may be chosen between at or about 2 to
20. As an alternative to this procedure, the burst elimination step may delete any pulses that occur within a window Twin
of a previous pulse, to ensure that no more than a criterion number Nwin of pulses occur within this window. Here, Twin
may be chosen in the same manner as Tseg above, and Nwin may be chosen in the same manner as Nseg above. The
values of Tseg, Nseg, Twin, and Nwin are selected to accommodate the dynamics of the particular transducer that is being
used.
[0071] As mentioned above the problem of spike bursts can cause degradation of the performance of the encoder.
The problem appears to occur rarely; for example, among the 12,000 1-second long spike trains used to generate the
baby face depicted in Figure 9, the spike correction step was needed for approximately 1% of the pulse sequences.
[0072] Note that our encoder can produce spikes with less variability than the normal retina, typically, because of less
noise. Thus, the encoder can carry more information about stimuli than real cells do.

Determining the values of the parameters for the spatiotemporal transformation

[0073] As mentioned in the previous section, in one embodiment, the spatiotemporal transformation is carried out via
a linear-nonlinear (LN) cascade, as given in Eq. 1. This section describes one method for determining the parameters
for Lm and Nm in that equation. First, the normal biological retina is presented with two kinds of stimuli: white noise (WN)
and a natural scene movie (NS). To generate the encoders used in the data presented in Figures 3-9, 12, 13, and 14
the stimuli were presented for 10 min each, and ganglion cell responses were recorded continuously through both; the
data set comprised the responses to both stimuli. The presentation may last at least about 5 min each, at least about
10 min each, at least about 15 min each or at least about 20 min each, although other time intervals may also be used.
Determination of the length of measurement time may be done by one of ordinary skill in the art without undue experi-
mentation. The values of the parameters, Lm and Nm are then chosen to maximize the log likelihood of the observed
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spike trains under the rate function of Eq. 1, where the log likelihood, Z, is given by 

where all terms are as defined above, and in addition, τm(i) is the time of the ith spike in the mth cell in response to
stimulus X. Note that in Eq. 2, Z depends on Lm and Nm implicitly, because these quantities are involved the calculation
of λm via equation 1. To maximize the log likelihood, the following procedure may be followed. The nonlinearity Nm is
first assumed to be exponential, since in this case, the log likelihood, Z, has no local maxima (Paninski et al. 2007). After
optimizing the linear filters and the exponential nonlinearity (for example, by coordinate-ascent), the nonlinearity is
replaced by a spline. Final model parameters are then determined by alternating stages of maximizing the log likelihood
with respect to (i) the spline parameters and (ii) the filter parameters, until a maximum is reached.
[0074] This approach can also be used for extensions of Eq 1, which may include history dependence and correlations
among ganglion cells as in (Pillow JW et al. 2008; Nichols et al, 2010)
[0075] Alternatively, instead of using maximum likelihood, other suitable optimization methods may be used to deter-
mine the parameters. Non-limiting examples include, optimization of a cost function, such as, the mean-squared error
between the calculated rate function λm for each stimulus X, and the measured firing rate of the mth cell in response to
the stimulus X. Additionally, the parameter estimation procedure can make use of other optimization methods (as alter-
natives to gradient ascent), such as line search or simplex methods. Other optimization techniques may also be used
(see, for example, Pun L 1969).
[0076] The use of WN and NS stimuli to find the parameters for the spatiotemporal transformations, or more generally,
to find the parameters for the encoders (also referred to as the input/output models for the cells), provides for a unique
set of parameters as compared with the use of a single type of stimulus (e.g. either WN or NS alone).
[0077] Developing input/output models for retinal ganglion cells, or other retinal cells has been a long-standing difficult
problem: models that work well for one kind of stimulus do not work well for others. For example, models optimized for
WN stimuli do not perform optimally for NS stimuli and vice versa.
[0078] Strategies to address this problem have focused on using biological approaches, whereby the model has a
mechanism for adaptation incorporated into it to allow it to adapt to different image statistics. Approaches include quasi-
linear models that have components that explicitly adapt (e.g, parameters that depend on the statistics of the input (see,
for example, Victor (1987) where the time constant of a filter was made to explicitly depend on input contrast), or nonlinear
models in which the adaptation is an emergent property of the nonlinear dynamics (see Famulare and Fairhall (2010).
These strategies, however, are not practical to implement in a data-driven way for a broad range of stimuli as needed
for this invention: for the quasi-linear model, the number of parameters is too large for the amount of data that can be
provided in experimental retinal recordings, potentially precluding its use, and for the nonlinear model, even getting off
the ground is difficult, as it’s not clear what functional form should be use for the dynamics (e.g., to get it to accurately
capture responses to both WN and NS).
[0079] As shown in the examples throughout this document, the approach taken here is highly effective, that is, it is
able to produce a very reliable mapping of input/output relations for a broad range of stimuli, including artifical and natural
stimuli. It is effective in large part because WN and NS are complementary. Specifically, in both the temporal and spatial
domains, the NS stimuli are much more heavily weighted towards low frequencies than the WN stimuli (and the WN
stimuli are much more heavily weighted towards high frequencies than the NS stimuli). Their complementary nature has
a major benefit. The combined stimulus sets sample a diverse space of inputs that drives the optimization to a different
location in parameter spaces than would be found by either stimulus set alone. The parameters are not the average of
those found using WN and NS alone, but are a distinct set of model parameters that describe the response to both
stimulus sets and other stimuli (gratings, etc) as well. The latter is what makes the models generalizable; that is, the
latter is what allows the encoders to perform well on a broad range of stimuli (including artificial and natural stimuli), i.e.,
produce responses that are the same, or substantially similar, to those produced by normal retinal cells when exposed
to the same stimuli.
[0080] Although we have described and built the encoders in a modular fashion with a specific set of algorithmic steps,
it is evident that algorithms or devices with substantially similar input/output relationships can be built with different steps,
or in a non-modular fashion, for example, by combining any two or three of the steps in to a single computational unit,
such as an artificial neural network.
[0081] Given the encoders of the present invention, it is possible to generate data sets, without the collection of
physiological data, that can be used, for example, to develop parameters for alternate spatiotemporal transformations,
or to train a neural net, to produce identical or similar output using methods that are well known in the art. The explicit
description of the encoders thus enables the development of prosthetics, as well as other devices, such as, but not
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limited to, bionics (e.g., devices providing supranormal capability) and robotics (e.g., artificial vision systems).
[0082] For example, such an artificial neural network could use an input layer in which each node receives input from
a pixel of the image, followed by one or more hidden layers, whose nodes receive input from the nodes of the input layer
and/or from each other, followed by an output layer, whose nodes receive input from the nodes of the hidden layer(s).
The output nodes’ activity corresponds to the output of the encoder(s). To train such a network, one could use any
standard training algorithm, such as back propagation, with the training input consisting of the stimuli we used to build
our encoder(s) (i.e., white noise and natural scene movies) and the training output consisting of the output of our
encoder(s). This exemplifies that alternative methods could be developed even without collecting further physiological
data. (Duda and Hart 2001)
[0083] The parameters may be developed using various models of the relationships among the neural cells. Parameters
may be developed for neuronal models where the neurons are considered independent, or in which they are coupled
or correlated. For the coupled model, terms are added that allow for a spike occurring in one neuron to influence the
probability of future spikes in other neurons. (Nichols et al 2010; Pillow JW et al. 2008).

Determining the signaling patterns to drive bipolar cells to drive ganglion cells to produce normal or near-normal retinal 
output.

[0084] As shown above, the transducers are targeted for ganglion cells. Here, a transducer that targets bipolar cells
is described. In particular, ChR2 is used as an example.
[0085] Here, a method for determining the patterns of light stimulation to give to the ChR2-expressing bipolar cells so
they produce normal ganglion cell firing patterns is provided. Using the ganglion cell for input/output relations, or the
encoders for ganglion cells as described above, the light patterns to drive bipolar cells may be derived through reverse
engineering. Briefly, the transformations known, that is, the transformations from image to ganglion cell output, are used
to find the light patterns that may be presented to the ChR2-expressing bipolar cells to produce that same ganglion cell
output.
[0086] The method is as follows. In a multi-electrode recording experiment, arbitrary light patterns are presented to
the ChR2-expressing bipolar cells, and ganglion cell responses are recorded; these data are used to determine the
transformation between the ChR2-expressing bipolar cells and the ganglion cells. This transformation is then inverted.
The inverse transformation goes from any desired ganglion cell output back to the patterns of light to be presented the
ChR2-expressing bipolar cells.
[0087] To carry this out, the spatiotemporal transformation from bipolar cells to ganglion cells is determined according
to the following equation 

where here S is the input to the ChR2-expressing bipolar cells, and L and N are the linear and nonlinear filters for the
bipolar to ganglion cell transformation, and λ.is the firing rate of the ganglion cell. To obtain the parameters L and N, we
drive the ChR2-expressing bipolar cells with light patterns, record ganglion cell responses, and optimize model param-
eters as described in the section above. With the model parameters in hand, the inputs to ChR2 needed to produce a
desired ganglion cell output can be determined. Formally, this involves inverting the transformation expressed by Eq.
3. For example, the following equation may be used: 

What this equation gives is the next input, S(t), as a function of the desired output λ(t), and the inputs delivered at prior
times, S(t-aΔt). The summation over a spans the range of times for which the filter function L is nonzero. This inversion
algorithm follows from 

by expressing the convolution as a discrete sum and carrying out straightforward algebra.
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[0088] The above equation represents a formal inversion, and to make it practical, the choice of time step, Δt, and the
number of lags, A, can be done empirically, without undue experimentation. Note also that the nonlinearity, N, may not
have a unique inverse, but this is not a problem, since, for these purposes, one just needs a solution, not a unique
solution - that is, one just needs some pattern to drive the bipolar to produce the correct output, that is, normal or near-
normal output. One may, therefore, choose any inverse, as it will work. It is important to note that the ganglion cell
encoders serve as the underpinnings for this approach. The knowledge of the of input/output (stimulus/response) rela-
tionships of the ganglion cells that are provided by the ganglion cell encoders permit the finding of the light patterns
needed to drive the bipolar cells to produce the normal ganglion cell firing patterns, that is, firing patterns that are the
same, or substantially similar, to those produced by normal retinal ganglion cells to the same stimuli.

Transducer:

[0089] A transducer can receive an input signal and drive a neuron to fire or undergo a voltage change upon receiving
this signal. In a preferred embodiment, the transducer targets a single cell and is, for example and without limitation, a
light sensitive protein or an electrode targeting one cell. In other embodiments, the transducer targets a small group of
cells; a small group of cells may consist of one cell, a group of cells, or approximately 100 cells. In a preferred embodiment,
a set of transducers is used and each transducer targets a single cell or a small group of cells as mentioned above. We
refer to this set of transducers as a high resolution transducer. More than one transducer may be targeted to a given
cell or small group of cells; for example channelrhodopsin-2 and halorhodopsin may be targeted to a single cell.
[0090] The transducer may drive any retinal cells to fire or undergo voltage changes, including, but not limited to,
retinal ganglion cells and retinal bipolar cells. An interface device may be used to connect the encoder and transducer.
[0091] The transducer could use any suitable mechanism, and can include, electrodes, optogenetic stimulators, ther-
mostimulators, photo-thermal stimulators, etc. (Wells et al. 2005) In one embodiment, transducers, such as electrodes,
are implanted into the patient’s eye in such a way as to stimulate retinal ganglion cells or retinal bipolar cells. In another
embodiment, direct photo-activation, such as a photo-absorber based system, is used for the transducer.
[0092] Other transducers are within the scope of these teachings, as well as combinations of transducers or multiplexing
of transducers. The transducer may be a light-responsive element, including, but not limited to, a protein, for example
a light-sensitive protein or a light-responsive chemical entity.
[0093] A light-sensitive protein that could serve as a transducer is a light-gated ion channel that is able to generate
transmembrane ion transport in response to light. (Zhang et al. 2009; Lagali et al 2008). A light-sensitive protein may
be responsive to visible light, ultraviolet light, or infrared light. Examples of light-sensitive proteins include, Channelrho-
dopsin-1, Channelrhodopsin-2, LiGluR, ChETA, SFO (step function opsins), OptoXR (light-sensitive GPCR), Volvox
Channelrhodopsin-1, Volvox Channelrhodopsin-2 (ChR2), ChIEF, NpHr, eNpHR and combinations thereof. A light-
sensitive protein or its active fragment may be used as a transducer.
[0094] Examples of light-sensitive chemical entities that may be used as transducers include synthetic photoisomer-
izable azobenzene regulated K+ (SPARK), deoplarizing SPARK (D-SPARK), photoswitchable affinity labels (PALs),
CNB-glutamate, MNI-glutamate, BHC-glutamate and combinations thereof.
[0095] In one embodiment, the transducer is a light-responsive element in retinal ganglion cells. The code generated
by the encoder may be represented by bit streams (e.g., streams of zeros and ones, where zero = no spike, and one =
spike). The bit streams are then converted to streams of light pulses (e.g., zero = no light, and one = light). Because the
ganglion cells contain a light-responsive element (such as a light-sensitive protein, e.g., ChR2) that converts the light
pulses into voltage changes in the membrane, and because ganglion cells are spiking neurons, the light pulses lead to
spike production, that is, to action potential production. If the pulsed light is of the appropriate intensity, e.g., in the range
of 0.4 - 32 mW/mm2, the action potentials can follow the light pulses with almost 1-to-1 matching (as shown in Example
13). Thus the ganglion cell firing patterns follow the signals from the encoders very closely.
[0096] In another embodiment, the transducer is a light-responsive element in retinal bipolar cells. In this case, the
ganglion cells are being driven indirectly: the bipolar cells are stimulated with light, they in turn send signals directly or
indirectly (e.g., through amacrine cells) to the ganglion cells, causing them to fire. In this case, the stimulation provided
to the bipolar cells may be discrete pulses or continuous waves. The light sensitive element, such as ChR2, when it
receives light, causes the bipolar cells to undergo voltage changes and release neurotransmitters to their downstream
neurons, and ultimately causing the ganglion cells to fire.
[0097] Background firing in some cells may interfere with the light-sensitive protein’s (for example, ChR2’s) ability to
follow the encoder’s output. In one embodiment, in order to correct the background firing in a retinal ganglion cell, both
ChR2 and halorhodopsin (or their equivalents) could first be expressed in each cell. When activated by yellow light,
halorhodopsin will hyperpolarize the cell, suppressing firing. When the cell is meant to fire, the yellow light is turned off
and blue light is presented. The blue light activates channelrhodopsin-2 (ChR2), which depolarizes the cell, causing it
to fire an action potential. Thus, the cells can be illuminated with yellow light to suppress background firing, and the light
can be switched from yellow to blue to produce firing. In another embodiment, the same strategy of bi-directional control



EP 2 539 015 B1

17

5

10

15

20

25

30

35

40

45

50

55

can apply to non-spiking cells as well - yellow light would hyperpolarize the cell, and blue light would cause the cells to
depolarize.
[0098] In addition, as discussed above, the encoder sometimes produces a series of spikes in rapid successions (i.e.,
bursting), which a transducer, such as ChR2, may not follow well. To address this, Poisson variations of the code may
be generated. This version of the code is as meaningful to the brain as the normal code, but are adapted to the kinetics
of the transducer. For example, the encoder may be adapted such that the resulting code does not have rapid successions,
which is more accommodating to the kinetics of ChR2. Alternatively, variations of ChR2 that follow spikes more tightly
may be used. See section on Spike Generation above for the explicit strategy.

Vectors for Use with light-sensitive elements

[0099] The gene encoding, for example, a light-sensitive protein, can be introduced into the retinal cells via viral and
non-viral vectors and methods. Viral vectors include, but are not limited to, adenoviruses, adeno-associated viruses,
retroviruses, lentiviruses, herpes viruses, vaccinia viruses, poxviruses, baculoviruses, and bovine papillomoviruses, and
recombinant viruses, such as recombinant adeno-associated virus (AAV), recombinant adenoviruses, recombinant ret-
roviruses, recombinant poxviruses, and other known viruses in the art. (Ausubel et al 1989; Kay et al 2001; and Walther
and Stein 2000; Martin et al. 2002; van Adel et al. 2003; Han et al, 2009; U.S. Patent Publication No. 20070261127),
Methods for assembly of the recombinant vectors are well-known (see, e.g., Published PCT Application WO2000015822
and other references cited herein).
[0100] An adeno-associated virus is one embodiment. Multiple different serotypes have been reported, including,
AAV1, AAV2, AAV3, AAV4, AAV5 and AAV6. The AAV sequences employed in generating the vectors, and capsids,
and other constructs used in the present invention may be obtained from a variety of sources. For example, the sequences
may be provided by AAV type 5, AAV type 2, AAV type 1, AAV type 3, AAV type 4, AAV type 6, or other AAV serotypes
or other adenoviruses, including presently identified human AAV types and AAV serotypes yet to be identified. A variety
of these viral serotypes and strains are available from the American Type Culture Collection, Manassas, Va., or are
available from a variety of academic or commercial sources. Alternatively, it may be desirable to synthesize sequences
used in preparing the vectors and viruses of the invention with known techniques; these techniques may utilize AAV
sequences which are published and available from a variety of databases. The source of the sequences utilized in
preparation of the constructs of the invention, is not a limitation of the present invention. Similarly, the selection of the
species and serotype of AAV that provides these sequences is within the skill of the artisan and does not limit the
following invention. The AAV may be self-complementary. (Koilkonda et al 2009)
[0101] The vector of the invention may be constructed and produced using the materials and methods described
herein, as well as those known to those of skill in the art. Such engineering methods used to construct any embodiment
of this invention are known to those with skill in molecular biology and include genetic engineering, recombinant virus
engineering and production, and synthetic biology techniques. See, e.g., Sambrook et al, and Ausubel et al., cited above;
and Published PCT Application WO1996013598. Further, methods suitable for producing a rAAV cassette in an aden-
oviral capsid have been described in U.S. Patent. Nos. 5,856,152 and 5,871,982. Methods for delivery of genes to the
cells of the eye are likewise well known to the art. See, e.g., Koilkonda et al., 2009 and U.S. Patent Publication
20100272688.
[0102] The gene may also be delivered through other non-viral methods known in the art, including, but not limited to,
plasmids, cosmids and phages, nanoparticles, polymers (e.g., polyethylenimine), electroporation, liposomes, Transit-
TKO transfection reagent (Mirus Bio, Madison, USA). Cai et al. 2010; , Liao et al. 2007; Turchinovich et al. 2010) A
detailed review of possible techniques for transforming genes into desired cells of the eye is taught by Wright. (Wright
1997) It may also be possible to use encapsulated cell technology as developed by Neurotech (Lincoln, RI, USA).

Regulatory Sequences

[0103] The vector may include appropriate expression control sequences including, but not limited to, transcription
initiation, termination, promoter and enhancer sequences; efficient RNA processing signals such as splicing and poly-
adenylation signals; sequences that stabilize cytoplasmic mRNA; sequences that enhance translation efficiency (i.e.,
Kozak consensus sequence); sequences that enhance protein stability; and when desired, sequences that enhance
protein processing and/or secretion. A large number of different expression control sequences, e.g., native, constitutive,
inducible and/or tissue-specific, are well known in the art and may be utilized to drive expression of the gene, depending
upon the type of expression desired. The selection of the appropriate expression sequences can be accomplished by
one of ordinary skill in the art without undue experimentation.
[0104] For eukaryotic cells, expression control sequences typically include a promoter, an enhancer, such as one
derived from an immunoglobulin gene, SV40, cytomegalovirus, etc., and a polyadenylation sequence which may include
splice donor and acceptor sites. The polyadenylation sequence generally is inserted following the transgene sequences



EP 2 539 015 B1

18

5

10

15

20

25

30

35

40

45

50

55

and before the 3•ITR sequence. In one embodiment, the bovine growth hormone polyA is used.
[0105] Another regulatory component of the vector useful in the methods of the present invention is an internal ribosome
entry site (IRES). An IRES sequence, or other suitable systems may be used to produce more than one polypeptide
from a single gene transcript. An IRES (or other suitable sequence) is used to produce a protein that contains more than
one polypeptide chain or to express two different proteins from or within the same cell. An example of an IRES is the
poliovirus internal ribosome entry sequence, which supports transgene expression in retinal cells.
[0106] The selection of the promoter to be employed in the vector may be made from among a wide number of
constitutive or inducible promoters that can express the selected transgene in an ocular cell. In one embodiment, the
promoter is cell-specific. The term "cell-specific" means that the particular promoter selected for the recombinant vector
can direct expression of the selected transgene in a particular ocular cell type. In an embodiment, the promoter is specific
for expression of the transgene in retinal ganglion cells. In an embodiment, the promoter is specific for expression of
the transgene in bipolar cells.
[0107] As discussed above, each class of retinal ganglion cells or retinal bipolar cells uses its own code. In one
embodiment of the invention, only one class of ganglion cells is targeted. Expression of the light-sensitive protein may
be controlled by a cell-specific promoter. For example, the mGluR6 promoter may be employed to control expression
in ON-bipolar cells. (Ueda et al. 1997). For example, the light-sensitive protein may be expressed in retinal ganglion
cells via a ganglion cell-specific gene promoter, for example, Thy-1. (Arenkiel et al 2007; Barnstable et al 1984)
[0108] In one embodiment, the transducer will be targeted to a specific class of retinal cells using a specific two vector
cre-lox system described here (for a description of cre-lox methodology in general, see Sauer (1987). For example,
ChR2, may be targeted to a subset of OFF ganglion cells as follows: In one viral vector, the inverted ChR2 gene may
be flanked by loxP sites oriented in opposite directions under the regulation of the calretinin promoter; calretinin is
expressed in a subset of OFF retinal ganglion cells and in some amacrine cells (Huberman et al, 2008). Then a second
viral vector may be introduced that expresses Cre recombinase under the regulation of the Thy-1 (promoter, a promoter
expressed in retinal ganglion cells (Barnstable et al 1984). Since the Thy 1 promoter will express the Cre recombinase
only in ganglion cells, the inverted ChR2 will only get flipped and expressed in these cells, and not the amacrine cells.
The expression of correctly oriented ChR2 will occur only cells where both the calretinin promoter and the Thy 1 promoter
are active, that is, the subset of OFF retinal ganglion cells. (Note that both the Thy 1 and calretinin promoters may be
active in areas outside of the retina, but they won’t cause expression of the genes in the vectors, because the vectors
are only applied to the eye, specifically, the retina).
[0109] The idea can also be done in reverse (useful depending on the promoters we have): e.g., we can use Thy1 to
drive CHR2 in ganglion cells. We put it in the correct orientation and with lox sequences flanking it. We then use another
promoter, for example, the GABA A receptor promoter, to activate Cre recombinase in some subset of ganglion cells.
The Cre will invert the ChR2 in those cells, shutting it off - so the ChR2 will only be active in cells that express Thy-1
and that do express the other promoter. It does not matter if the Cre is also activated in other classes, because the ChR2
isn’t in them, so there’s no ChR2 to turn off.
[0110] These same approaches apply to other classes of retinal ganglion cells. Their targeting can be achieved using
alternate promoters in place of the calretinin promoter, such as the SPIG1-promoter (Yonehara et al 2008, Yonehara et
al 2009), the DRD4-promoter (Huberman et al 2009), promoters for neurofilament proteins (Nirenberg and Cepko, 1993),
and other promoters that drive expression in subsets of ganglion cells, such as those identified in Siegert et al. (2009).
The two vector Cre-Lox system described here readily extends to targeting other classes of cells as well. Promoter
analysis can be used to identify promoter functional fragments and derivatives (McGowen at al 1998; 4:2; Bookstein et
al. 1990).
[0111] In one embodiment, multiple classes of retinal neurons are targeted , and different transducers, such as different
ChR2 derivatives, may be expressed in different classes of cells. The different transducers, for example, the different
ChR2 derivatives, could differ in their properties including excitation wavelengths. Therefore, the codes may be delivered
to specific classes of cells by presenting the codes in different wavelengths. For example, if we put a blue-sensitive
transducer only in OFF cells, then we can selectively drive OFF cells by delivering in blue the light pulses produced by
the OFF cell code. The other cell classes will not respond to the blue light and thus will not be driven by the OFF cell code.
[0112] The architecture of the ganglion cell layer (GCL) of the primate retina also allows for targeting of specific cell
types. Ganglion cell bodies lie within the GCL. Near the fovea, the GCL is at its maximal thickness, and contains several
layers of cell bodies. The cell bodies of different types of cells lie in different positions within the GCL. For example, ON
cell bodies lie closer to the retinal surface (closer to the vitreous) than OFF cell bodies (Perry and Silveira, 1988). Thus
they can be preferentially targeted. This can be done, for example, by low-dose infection with a viral vector (e.g., an
AAV carrying ChR2); low dose infection will preferentially target cells closer to the surface. This approach is not limited
to the fovea, but can apply to any region of the retina where the GCL contains multiple sublayers.
[0113] In another embodiment, the light-responsive element may be expressed in bipolar cells. For example, an
mGluR6 ChR2 plasmid (Ueda et al. 1997; U.S. Patent Publication 20090088399)) or other high efficiency adeno-asso-
ciated virus may be used to target the light-responsive element, for example, a gene encoding channelrhodopsin-2, to
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bipolar cells. (Morgans CW at al 2009; Cardin JA, et al 2010; Petrs-Silva et al. 2009; Petersen-Jones et al. 2009; Mancuso
et al. 2009) Bipolar cell-specific promoters may also be used, such as promoters to glutamate receptor genes expressed
in ON bipolar cells (see Lagali et al. 2008) or promoters for dystrophin (Fitzgerald et al. 1994). Promoter analysis can
be used to identify promoter functional fragments and derivatives (McGowen at al 1998; 4:2; Bookstein et al. 1990)
[0114] Examples of constitutive promoters which may be included in the vector of this invention include, without
limitation, the CMV immediate early enhancer/chicken • -actin (C•A) promoter-exon 1-intron 1 element, the RSV LTR
promoter/enhancer, the SV40 promoter, the CMV promoter, the 381 bp CMV immediate early gene enhancer, the
dihydrofolate reductase promoter, the phosphoglycerol kinase (PGK) promoter, and the 578 bp CBA promoter-exon1-
intron1. (Koilkonda et al 2009). Promoter analysis can be used to identify promoter functional fragments and derivatives
(McGowen at al 1998; 4:2; Bookstein et al. 1990)
[0115] Alternatively, an inducible promoter is employed to express the transgene product, so as to control the amount
and timing of the ocular cell’s production. Such promoters can be useful if the gene product proves to be toxic to the cell
upon excessive accumulation. Inducible promoters include those known in the art and those discussed above including,
without limitation, the zinc-inducible sheep metallothionine (MT) promoter; the dexamethasone (Dex)-inducible mouse
mammary tumor virus (MMTV) promoter; the T7 promoter; the ecdysone insect promoter; the tetracycline-repressible
system; the tetracycline-inducible system; the RU486-inducible system; and the rapamycin-inducible system. Any type
of inducible promoter that is tightly regulated may be used. Other types of inducible promoters which may be useful in
this context are those which are regulated by a specific physiological state, e.g., temperature, acute phase, a particularly
differentiation state of the cell, or in replicating cells only.
[0116] Selection of these and other common vector and regulatory elements are conventional and many such se-
quences are commercially available. See, e.g., Sambrook et al 1989 and Ausubel et al. 1989). Of course, not all vectors
and expression control sequences will function equally well to express all of the transgenes of this invention. However,
one of skill in the art may make a selection among these expression control sequences without departing from the scope
of this invention. Suitable promoter/enhancer sequences may be selected by one of skill in the art using the guidance
provided by this application. Such selection is a routine matter and is not a limitation of the molecule or construct. For
instance, one may select one or more expression control sequences, operably link the sequence to a transgene of
interest, and insert the the expression control sequence and the transgene into a vector. The vector may be packaged
into an infectious particle or virion following one of the methods for packaging the vector taught in the art.
[0117] The vector containing the desired light-sensitive element and cell-specific promoter for use in the target ocular
cell as detailed above is preferably assessed for contamination by conventional methods and then formulated into a
pharmaceutical composition intended for retinal injection. Such formulation involves the use of a pharmaceutically and/or
physiologically acceptable vehicle or carrier, particularly one suitable for intravitreal, retinal, or subretinal injection, such
as buffered saline or other buffers, e.g., HEPES, to maintain pH at appropriate physiological levels. A variety of such
known carriers are provided in Published PCT Application WO2002082904. If the virus is to be stored long-term, it may
be frozen in the presence of glycerol.
[0118] According to the method of this invention for treating an ocular disorder characterized by retinal degeneration,
the pharmaceutical composition described above is administered to the subject having such a blinding disease by
intravitreal, retinal, or subretinal injection. Methods for the ocular administration of vectors are well known to the art.
See, e.g., Koilkonda et al., 2009 and U.S. Patent Publication 20100272688.
[0119] An effective amount of a vector carrying a nucleic acid sequence encoding the desired light-sensitive element
under the control of the cell-specific promoter sequence may range between about 13109 to 231012 infectious units in
a volume of between about 150 to about 800 microliters. The infectious units are measured as described in McLaughlin
et al, 1988 . More desirably, an effective amount is between about 131010 to 231011 infectious units in a volume of
between about 250 to about 500 microliters. Still other dosages in these ranges may be selected by the attending
physician, taking into account the physical state of the subject, preferably human, being treated, the age of the subject,
the particular ocular disorder and the degree to which the disorder, if progressive, has developed.
[0120] It may also be desirable to administer subsequent dosages of the pharmaceutical compositions of this invention.
For example, depending upon the duration of the transgene within the ocular target cell, one may deliver booster dosages
at 6 month intervals, or yearly following the first administration.
[0121] Such booster dosages and the need therefore can be monitored by the attending physicians, using, for example,
the retinal and visual function tests and the visual behavior tests as described herein. Other similar tests may be used
to determine the status of the treated subject over time. Selection of the appropriate tests may be made by the attending
physician. Still alternatively, the method of this invention may also involve injection of a larger volume of virus-containing
solution in a single or multiple injection to allow levels of visual function close to those found in normal retinas.
[0122] The code may be converted into light pulses by means of an optical source, such as, but not limited to, an LED
array, a DLP Chip, a scanning laser beam or an LCD with appropriate sources. Interfaces for light-sensitive elements
are described more fully below.
[0123] In another embodiment, the transducers are electrodes. Through the electrodes, the electrical pulses produced
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by the encoder drive the ganglion cells, either directly or via bipolar cells, or a combination thereof, to fire according to
the encoded pulses. The implanted electrode can be, but is not limited to, an electrode such as described in U.S. Patent
Nos. 6533798 and 7149586; U.S. Patent Publication Nos. 20080249588, 20090326623, and 20080221653.
[0124] Examples of vectors using AAV and light sensitive proteins that may be used in this prosthetic, are, but not
limited to, sc-mGluR6 - hChR2 - GFP, mGluR6 - hChR2 - GFP, sc-smCBA-CHR2-GFP, sc-smCBA-CHR2-GFP, Flex-
CBA-Chief-GFP. (Bill Hauswirth, personal communication) A more recent vector using the L7 promoter, which is active
in bipolar cells, may also be used, in for example, AAV2 or AAV2-Y444F or AAV2-Y444,500,730F. (See for example
Sheridan C 2011; Published PCT applications WO1998048027, WO2001094605, WO2002082904, WO2003047525,
WO2003080648, WO2003093479, WO2003104413, WO2005080573, WO2007127428, WO2010011404)

Device:

[0125] A prosthetic device to implement the methods described herein comprises the following elements, which may
be interconnected physically, wirelessly, optically, or by other means known in the art.

(1) Camera

[0126] The camera acquires images with high fidelity. In one embodiment, the camera is based around a charge-
coupled device (CCD), such as Point Grey Firefly MV (capable of 752x480 pixels, 8 bits/pixel, at 60 frames per second)
(Point Grey Research, Richmond, BC, Canada). Transmitting images from the camera to the processing device in real-
time requires a high bandwidth connection. For example, a data transfer of greater than 20 MB/sec can be achieved
using a USB 2.0 interface between the camera and processing device.
[0127] The camera can be replaced by any device that can capture visual images with high spatial and temporal
resolution, and then transfer these images to the processing device. These devices include, but are not limited to, devices
based on charge-coupled devices (CCDs); active pixel sensors (APS) such as complimentary metal-oxide-semiconductor
(CMOS) sensors, thin-film transistors (TFTs), arrays of photodiodes; and the combinations thereof.
[0128] The camera can be interfaced with the processing device using any connection capable of high speed data
transfer, including, but not limited to, serial interfaces, such as IEEE 1394 or USB 2.0; parallel interfaces; analog interfaces,
such as NTSC or PAL; a wireless interface; the camera could be integrated onto the same board as the processing device.

(2) Processing device

[0129] The processing device implements the encoders which performs the conversion from images to the code in
real-time.
[0130] The processing device, e.g., hand-held computer, can be implemented using any device capable of receiving
a stream of images and transforming them into output in real-time. This includes, but is not limited to, a combination
general purpose processor (GPP)/digital signal processor (DSP); a standard personal computer, or a portable computer
such as a laptop; a graphical processing unit (GPU); a field-programmable gate array (FPGA) (or a field-programmable
analog array (FPAA), if the input signals are analog); an application-specific integrated circuit (ASIC) (if an update is
needed, the ASIC chip would need to be replaced); an application-specific standard product (ASSP); a stand-alone
DSP; a stand-alone GPP; and the combinations thereof.
[0131] In one embodiment, the processing device is a hand-held computer (Beagleboard, Texas Instruments, Dallas,
TX), based around a dual-core processor that integrates a general purpose processor (GPP) and a digital signal processor
(DSP) onto a single chip. This platform is capable of highly-parallel computation and requires much less power than a
typical portable computer (∼2 Watts or less, compared to 26 Watts for a standard laptop computer). This allows the
transformation to be computed in real-time, on a device that is portable and can be powered on a single battery for long
periods of time. For example, typical laptop batteries, with charge capacities in the range of 40-60 Watt-hours, could
run the processor continuously for about 20-30 hours. In another embodiment, the processing device is small in size so
that it can be attached to eye glasses worn by a patient.
[0132] For a given location in space, the transformations specified by the encoders are applied to the series of input
images, producing encoded output to drive the targeted cell at the desired location in space. In one embodiment, where
the targeted cells are retinal ganglion cells, the output of the encoders is a train of electronic pulses that specify the time
at which the retinal ganglion cell should fire. The time of each pulse is calculated with sub-millisecond resolution. The
majority of the computation takes place on the DSP, while the GPP is used to direct the image data from the camera to
the processor’s memory, and to synchronize the camera and DSP.
[0133] In one embodiment, where the targeted cells are retinal ganglion cells, the output of the processing device is
formatted as follows: for a given time t, the output is a matrix of bits where the element at position (x,y) corresponds to
the state of ganglion cell at position (x,y): it is 1 if the cell should fire a spike at time t, 0 if the cell should not fire a spike
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at time t. The dimensions of this matrix are sized such that they match the number of ganglion cells that can be stimulated.
The output of the encoders is then stored in memory and converted to signals to drive the transducers via an output
interface (see the description under the subheading "(4) Output Interfaces" below). The conversion occurs in blocks. In
one embodiment, the output of the encoder is stored for 16.66 ms and then converted as a block. Blocks ranging from
5 ms to 66.66 ms may be used, where the minimum block length in time is determined by the time delay between stimulus
onset and ganglion cell first spike.

(3) Transducer

[0134] The transducer receives signals from the device, via the output interface, and activates the targeted cells as
specified by the encoders. The transducer is detailed above in the section "Transducer."

(4) Output Interfaces

[0135] The output interface translates the encoded output (from the processing device) into a form that can drive the
transducer. Several output interfaces are possible, depending on the transducer that has been chosen. For example, if
the retinal ganglion cell encoders are paired with a light-sensitive transducer (such as ChR2) that is expressed in retinal
ganglion cells, the output interface may be a digital light processing (DLP) device. This DLP device would output pulses
of light that correspond to the encoded ganglion cell output it receives from the encoder device. The pulses of light would
then drive the transducer in the ganglion cells, causing the ganglion cells to fire as the encoder specifies. In this example,
the output interface functions as follows: the output of the encoders is sent from the processing unit to the output interface
(DLP). The output interface then converts the binary data, which represents action potential times, into light pulses,
using a digital micromirror device (DMD) that is paired with a high intensity light emitting diode (LED). The DMD is a grid
of mirrors whose position can be switched with high temporal and spatial resolution. When the encoders dictate that the
ganglion cell at position (x,y) should fire an action potential, the mirror at position (x,y) on the device is switched to the
"on" position for a brief period (e.g., millisecond-timescale), and then switched back to the "off" position. This reflects
light from the LED onto the retina for a brief period, causing a light pulse at position (x,y). This light pulse drives the
retinal ganglion cell at position (x,y) to fire.
[0136] In one embodiment, the device is paired with the light-sensitive transducer ChR2, expressed in retinal ganglion
cells, and the output interface is a digital light processing (DLP) device as described above (TI DLP Pico Projector
Development Kit v2.0, Texas Instruments, Dallas, TX). The standard light source on the DLP device may be replaced
with a high intensity LED, intense enough to activate ChR2 (Cree XP-E Blue LED, Cree, Durham NC). As mentioned
above, the DLP contains a digital micromirror device (DMD) (DLP1700A, Texas Instruments, Dallas, TX), which consists
of a grid of mirrors, each of which can be switched to reflect the light from the LED onto the retina when the retinal
ganglion cell at that location should fire. Data is sent from the encoding device to the output interface over a High
Definition Multimedia Interface (HDMI, 22 MB/sec). The position of each mirror on the DMD is controlled with high
temporal resolution - when an encoder dictates that a ganglion cell should fire an action potential, the mirror at the
corresponding location is switched to the "on" position for a brief time period (1.4ms). The mirror switching states causes
the device to output a pulse of light to the corresponding location, which drives the targeted retinal ganglion cell to fire
an action potential. The mirror switching time may be shorter or longer, for example from 0.1ms to 10ms, depending on
the amount of light required to activate the cell. In this embodiment, the array of mirrors on the DMD is 480 by 320
mirrors, and is thus capable of targeting over 150,000 locations (e.g., cells) independently. The DLP could also have
more mirrors, e.g. 1024 by 768 mirrors, as in the case of the DLP5500A (Texas Instruments, Dallas, TX), and thus could
stimulate many more locations independently. Data transfer between the encoding device and the interface follows
standard specifications, as laid out in Texas Instruments Application Report DLPA021 - January 2010 - "Using the DLP
Pico 2.0 Kit for Structured Light Applications" .
[0137] The DLP is one example of a potential output interface. The output interface could also be implemented using
any device capable of activating the transducer it is paired with. For light-activated transducers, this includes, but is not
limited to, Digital micromirror devices; LED arrays; Spatial light modulators; Fiber optics; Lasers; Xenon lamps; Scanning
mirrors; Liquid-crystal displays (LCDs), and the combinations thereof.

(Golan L, et al 2009; Grossman N et al., 2010)

[0138] For transducers based on electrodes, the output interface could consist of any device capable of driving current
into the electrodes, which are known in the art.
[0139] (5) One or more or any part thereof of the techniques described herein, including the encoder (which may
include preprocessing, spatiotemporal transformation, spike generation, and burst elimination steps) and optimization
of parameters for the encoder, can be implemented in computer hardware or software, or a combination of both. The
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methods can be implemented in computer programs using standard programming techniques following the method and
figures described herein. Program code is applied to input data to perform the functions described herein and generate
output information. The output information is applied to one or more output devices such as a display monitor. Each
program may be implemented in a high level procedural or object oriented programming language to communicate with
a computer system. However, the programs can be implemented in assembly or machine language, if desired. In any
case, the language can be a compiled or interpreted language. Moreover, the program can run on dedicated integrated
circuits preprogrammed for that purpose.
[0140] Each such computer program is preferably stored on a storage medium or device (e.g., ROM or magnetic
diskette) readable by a general or special purpose programmable computer, for configuring and operating the computer
when the storage media or device is read by the computer to perform the procedures described herein. The computer
program can also reside in cache or main memory during program execution. The analysis, preprocessing, and other
methods described herein can also be implemented as a computer-readable storage medium, configured with a computer
program, where the storage medium so configured causes a computer to operate in a specific and predefined manner
to perform the functions described herein. In some embodiments, the computer readable media is tangible and substan-
tially non-transitory in nature, e.g., such that the recorded information is recorded in a form other than solely as a
propagating signal.
[0141] In some embodiments, a program product may include a signal bearing medium. The signal bearing medium
may include one or more instructions that, when executed by, for example, a processor, may provide the functionality
described above. In some implementations, signal bearing medium may encompass a computer-readable medium, such
as, but not limited to, a hard disk drive, a Compact Disc (CD), a Digital Video Disk (DVD), a digital tape, memory, etc.
In some implementations, the signal bearing medium may encompass a recordable medium, such as, but not limited
to, memory, read/write (R/W) CDs, R/W DVDs, etc. In some implementations, signal bearing medium may encompass
a communications medium such as, but not limited to, a digital and/or an analog communication medium (e.g., a fiber
optic cable, a waveguide, a wired communications link, a wireless communication link, etc.). Thus, for example, the
program product may be conveyed by an RF signal bearing medium, where the signal bearing medium is conveyed by
a wireless communications medium (e.g., a wireless communications medium conforming to the IEEE 802.11 standard).
[0142] It is to be understood that any of the signals and signal processing techniques may be optical or digital or analog
in nature, or combinations thereof.
[0143] As mentioned above, the output of the encoders is stored in blocks for conversion to signals to drive the
transducers (via the output interface). For example, in one embodiment, where the output interface produces light pulses
using a DLP, the output of the encoders is translated into signals to control the states of the mirrors in the DLP (either
reflect toward the retina or reflect away from the retina). The conversions are performed in blocks. In one embodiment,
the output of the encoders is stored for 16.66 ms and converted as a block. Blocks ranging from 5 ms to 66.66 ms may
be used, where the minimum block length in time is chosen to correspond to the minimum time delay between stimulus
onset and ganglion cell first response (in normal WT retinas). An additional advantage of the block storage is that it
allows for the burst elimination step described in the section entitled, "Spike Generation Step" under the section entitled,
"Encoders" to be performed.

Methods to measure performance of the encoder and the prosthetic

[0144] The following describes the procedure for measuring the performance of the encoder and the prosthetic. Per-
formance can be measured in at least three different ways: by performance on a forced choice visual discrimination
task, or accuracy on a Bayesian stimulus reconstruction test, or performance on an error pattern test. The term "test
stimulus" that will be used herein, refers to a stimulus or a stimuli, which is presented to an animal for evaluation of
performance of the encoders or encoders+transducers (i.e., the retinal prosthetic). The term "stimulus reconstructed"
that will be used herein, refers to a reconstruction of the stimulus using methods described herein. The term "activated
retina" refers to a retina treated with encoders+transducers; this includes transducers targeted to ganglion cells or bipolar
cells.
[0145] It is important that the task used to measure prosthetic performance falls into a range of difficulty that allows
meaningful information to be obtained, as the task used in Example 8 shows. Briefly, the task must be difficult enough
(i.e. must use a stimulus set rich enough) that the normal retinal responses provide information about the stimuli, but
do not perform perfectly on the task. For example, in the task shown in the example, the fraction correct using the
responses from the normal retina, was 80%, satisfying this criterion. If the task used is too hard, such that the normal
retina’s performance is near chance, then matching is of limited use to a performance analysis. Conversely, if the task
chosen is too easy (e.g., requiring just gross discriminations, such as black versus white, and where the fraction correct
for the responses from the normal retina is near 100%), then prosthetic methods that are far from approximating the
retina’s natural code and provide nothing close to normal vision could appear to do well. Thus, it is critical to use an
appropriately challenging test, as was used in the accompanying examples. The use of a challenging test also allows
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one to determine if the prosthesis is performing better than the retina (i.e., entering into the domain of "bionic vision").
[0146] To evaluate performance on a forced choice visual discrimination task, a known test in the art, a confusion
matrix is used (Hand DJ. 1981). A confusion matrix shows the probability that a response to a presented stimulus will
be decoded as that stimulus. The vertical axis of the matrix gives the presented stimulus (i), and the horizontal axis gives
the decoded stimulus (j). The matrix element at position (i,j) gives the probability that stimulus i is decoded as stimulus
j. If j=i, the stimulus is decoded correctly, otherwise, the stimulus is decoded incorrectly. Put simply, elements on the
diagonal indicate correct decoding; elements off the diagonal indicate confusion.
[0147] In this task, an array of stimuli is presented, specifically, stimuli containing natural scenes (see below for
requirement for stimuli for this task), and the extent to which the stimuli can be distinguished from each other, based on
the responses of the ganglion cells and/or encoders, is measured. For the data generated in Figure 8, which is used to
set the criterion for performance on the discrimination task described here, the responses of the ganglion cells were
recorded with a multi-electrode array as in Pandarinath et al, 2010, and the stimuli were presented on a computer monitor.
[0148] A training set is obtained in order to build response distributions (the "training set"), and another set is obtained
to be decoded to calculate the confusion matrix (the "test set").
[0149] To decode the responses in the test set, one determines which of the stimuli sj was the most likely to produce
it. That is, one determines the stimulus sj for which p(r|sj) was maximal. Bayes theorem is used, which states that
p(sj|r)=p(r|sj)p(sj)/p(r), where p(sj|r) is the probability that the stimulus sj was present, given a particular response r;
p(r|sj) is the probability of obtaining a particular response r given the stimulus sj; and p(sj) is the probability that the
stimulus sj was present. p(sj) is set equal for all stimuli in this experiment and so, by Bayes Theorem, p(s|rj) is maximized
when p(r|sj) is maximized. When p(sj) is uniform, as it is here, this method of finding the most likely stimulus given a
response is referred to as maximum likelihood decoding (Kass et al. 2005; Pandarinath et al. 2010; Jacobs et al. 2009).
For each presentation of stimulus si that resulted in a response r that was decoded as the stimulus sj, the entry at position
(i,j) in the confusion matrix is incremented.
[0150] To build the response distributions needed for the decoding calculations used to make the confusion matrices
(i.e., to specify p(r|sj) for any response r), the procedure is as follows. The response r was taken to be the spike train
spanning 1.33 sec after stimulus onset and binned with 66.7 ms bins, as in the examples in this document where confusion
matrices were generated. The spike generation process is assumed to be an inhomogeneous Poisson process, and the
probability p(r|sj) for the entire 1.33 s response is calculated as the product of the probabilities for each 66.7 ms bin.
The probability assigned to each bin is determined by Poisson statistics, based on the average training set response in
this bin to the stimulus sj. Specifically, if the number of spikes of the response r in this bin is n, and the average number
of spikes in the training set responses in this bin is h, then the probability assigned to this bin is (hn/n!)exp(-h). The
product of these probabilities, one for each bin, specifies the response distributions for the decoding calculations used
to make the confusion matrices.
[0151] Once the confusion matrices are calculated, overall performance in the forced choice visual discrimination task
is quantified by "fraction correct", which is the fraction of times over the whole task that the decoded responses correctly
identified the stimuli. The fraction correct is the mean of the diagonal of the confusion matrix.
[0152] Given this procedure, 4 sets of analyses are performed. For each one, the responses from the WT retina are
used for the training set and a different set of responses is used for the test set, as outlined below:

(1) The first set should consist of responses from the WT retina. This is done to obtain the fraction correct produced
by normal ganglion cell responses.
(2) The second set should consist of the responses from the encoders (the responses from the encoders, as indicated
throughout this document, are streams of electrical pulses, in this case, spanning 1.33 sec after stimulus presentation,
and binned with 66.7 ms, as are the WT ganglion cell responses). Responses from this test set yield a measure of
how well the encoders perform, given the response distributions of the normal WT retina. The basis for this is that
the brain is built to interpret the responses of the normal WT retina (i.e., the naturally encoded responses.) When
responses from the encoder are used as a test set, one obtains a measure of how well the brain would do with our
proxy of the normal retinal responses (our proxy of the retina’s code).
(3) The third set should consist of responses from a retina of a blind animal driven by the encoders + transducers
(ChR2), where the responses are of the same duration and bin size as above. This set provides a measure of how
well the encoder performs after its output has been passed through the transducer in real tissue.
(4) Finally, the last set consists of the responses from a retina of a blind animal driven by just the transducer (ChR2),
with responses of the same duration and bin size as above. This gives us a measure of how well the standard
optogenetic method performs. This is essentially a control experiment to show that the discrimination task provides
an adequate test, as explained in the paragraph above concerning appropriate difficulty of the test.

[0153] As shown in Example 8, the encoder’s performance in the forced choice visual discrimination task was 98.75%
of the normal retina’s performance, the complete system’s performance, that is, the performance of the current embod-
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iment of the encoder+transducer, was 80% of the normal retina’s performance, and the performance of the standard
method (just transducer alone) was less than 10% of the normal retina’s performance (8.75%). Thus, when tested in
vitro or in an animal model, the performance of the prosthesis in the forced choice visual discrimination task, as measured
by "fraction correct", will be at least about 35%, 50%, 60%, 70%, 80%, 90%, 95% , 99%, or 100% of the performance
of the normal retina, or better than the normal retina, measured as described above. Note that 35% is about 4 times
better than the performance of the optogenetic approach in Example 8. Likewise, the performance of the encoder by
itself, because it can be used in conjunction with other transducers or for other purposes, such as but not limited to robot
vision, will be at least about 35%, 50%, 60%, 70%, 80%, 90%, 95%, 99%, or 100% of the performance of the normal
retina, or better than the normal retina, measured as described above.
[0154] The performance of the encoder may also be measured using stimulus reconstruction. Stimulus reconstruction
uses a standard maximum likelihood approach to determine the most likely stimulus presented given a set of spike trains
(reviewed in Paninski, Pillow, and Lewi, 2007). While the brain does not reconstruct stimuli, reconstructions serve as a
convenient way to compare methods and give an approximation of the level of visual restoration possible with each
approach.
[0155] The stimulus should be a uniform gray screen for 1 second, followed by a given image for 1 second, preferably
a human face. Each pixel of the stimulus must span a reasonable region of visual space, so that features of the image,
in this case a face can be discerned. This criterion is satisfied by a choice of 35 by 35 pixels per face, as shown in Figure
9. This is consistent with the fact that facial recognition makes use of spatial frequencies at least as high as 8 cycles
per face, which requires at least 32 pixels in each dimension for adequate sampling (Rolls et al, 1985). In the example
shown in Figure 9, which uses mouse, each pixel corresponded to 2.6 degrees by 2.6 degrees of visual space. This in
turn corresponds to approximately 12-20 ganglion cells on the mouse retina.
[0156] Reconstructing the stimulus consists of a search over the space of all possible stimuli to find the most likely
stimulus given the measured population response r. To find the most likely stimulus given r, Bayes’ theorem, p(s|r) =
p(r|s) * p(s) / p(r) used. Because the a priori stimulus probability p(s) is assumed to be constant for all s, maximizing
p(s|r) is equivalent to maximizing p(r|s).
[0157] To determine p(r|s), it is assumed that the cells’ responses are conditionally independent that is, it is assumed
that p(r|s) is the product of the probabilities p(rj|s), where p(rj|s) is the probability that the jth cell’s response is rj, given
the stimulus s. The rationale for this assumption is that it has been shown that deviations from conditional independence
are small, and contribute only a small amount to the information carried (Nirenberg et al, 2001; Jacobs et al, 2009) and
to the fidelity of stimulus decoding.
[0158] To calculate p(rm|s) for a given cell m, the response rm is taken to be the spike train of the mth cell spanning
1 sec after stimulus onset and binned with 0.67 ms bins. Since the spike generation process is assumed to be an
inhomogeneous Poisson process, the probability p(rm|s) for the entire 1 sec response is calculated as the product of
the probabilities assigned to each bin. The probability assigned to each bin is determined by Poisson statistics based
on the cell’s expected firing rate in this bin to the stimulus s. The cell’s expected firing rate is calculated from Eq. 1 (see
section "The Encoders," under "Spatiotemporal Transformation Step"), as the quantity λm(t;X), where X in eq. 1 is taken
to be the stimulus s, and t is the time of the bin. Finally, the probability of the response for the population of cells, p(r|s),
is calculated by multiplying the probabilities of the responses of the individual cells p(rj|s).
[0159] To find the most likely stimulus sj for the population response, r, standard gradient ascent techniques are used.
The goal is to find the stimulus sj that maximizes the probability distribution p(r|s). Since the stimulus space is high-
dimensional, the gradient ascent method is used as it provides an efficient way to search through this high-dimensional
space. The procedure is as follows. The search starts at a random point in stimulus space, sk. The probability distribution
p(r|sk) for this stimulus is evaluated, and the slope of this probability distribution with respect to each dimension of the
stimulus is calculated. A new stimulus sk+1, is then created by changing the stimulus sk in the direction of increasing
probability (as determined from the slope of the probability distribution). This process is continued iteratively until the
probability of the stimulus starts to increase by only a marginal amount, i.e., until the peak of p(r|s) is reached. Note that
because the probability distribution is not strictly log-concave, there exists the possibility of getting stuck in local maxima.
To verify that this is not occurring, reconstructions using multiple random starting points must be performed to confirm
that they converge to the same peak.
[0160] To compare the performance of the prosthetic methods, reconstructions must be performed from 3 sets of
responses: 1) responses from the encoders, 2) responses from a blind retina, where the ganglion cells are driven by
the encoders+transducers (ChR2), and 3) responses from a blind retina, where the ganglion cells were driven by just
the transducers (i.e., just ChR2). The reconstructions should be carried out on processing clusters in blocks of 10 X 10
or 7 X 7 pixels, so as to make comparisons to the results in the Examples (Figure 9 specifically).
[0161] To obtain a large enough dataset for the complete reconstruction, it may be necessary to move the image
systematically across the region of retina one is recording from, so that responses to all parts of the image can be
obtained with a single or small number of retinas. Approximately 12,000 ganglion cell responses were recorded for each
image in Figure 9. The performance should be the same or substantially similar to that shown in Figure 9B. Not only
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is it possible to tell that the image is a baby’s face, but one can also tell that it is this particular baby’s face, a particularly
challenging task.
[0162] To quantify the differences in the performance of the methods, each method’s reconstruction must be compared
with the original image. This is done by calculating the standard Pearson correlation coefficient between the reconstructed
image’s values at each pixel, and that of the real image. With this measure, a correlation coefficient of 1 indicates that
all of the original image’s information was perfectly retained, while a correlation coefficient of 0 indicates that the resem-
blance of the reconstruction to the real image was no greater than chance.
[0163] As shown in Figure 9, the results were as follows: for the encoders alone, the correlation coefficient was 0.897;
for the encoders plus transducers, the correlation coefficient was 0.762, and for the transducers alone (corresponding
to the current art), the correlation coefficient was 0.159. Thus, just as we found for the discrimination task, the performance
of the encoders+transducers was several-fold better than the performance of the current art.
[0164] Thus, when tested in vitro or in an animal model, the performance of the prosthesis, as measured by recon-
struction accuracy may be as follows: The Pearson’s correlation coefficient between the reconstruction from the re-
sponses of the encoders+transducers (the retinal prosthetic) and the original image will be at least
about .35, .50, .60, .70, .80, .90, .95, or 1.0. Likewise, the Pearson’s correlation coefficient between the reconstruction
from the encoder’s responses and the original image,, will be at least about .35, .50, .60, .70, .80, .90, .95, or 1.0, or will
perform better than the normal retina, measured as described above. Note that .35 is >2 times better than the performance
of the optogenetic method in Example 8.
[0165] An additional test that can be performed on the confusion matrix data is a test that focuses on the pattern of
errors, the "Error Pattern Test," which is measured using a standard measure in the art, the mean squared error (MSE).
To test the effectiveness of the encoders and the encoders+transducers (i.e., the prosthetic method), the error pattern
is evaluated for sets (2), (3), and (4) above, since this quantity is calculated with reference to the set (1). The extent to
which the error pattern for each set ((2), (3), or (4)) matches that of the WT (i.e., the normal) (set (1)) is quantified by
the mean-squared error (MSE), which is defined as the average of the square of the difference between the elements
of the confusion matrix determined for one of the test sets ((2), (3), or (4)), and the WT (set (1)). The rationale for this
test is that the pattern of decoding errors indicate which stimuli are likely to be confused by the brain when it receives
the retinal output, i.e., which stimuli cannot be distinguished from each other. As can be seen in Example 8, the normal
(WT) retina has a range of performance - there are some stimuli that can be readily distinguished by the responses of
the real cells, and some that cannot. For example, as shown in the top right confusion matrix of Figure 8 in Example 8,
the responses of the population of WT ganglion cells are clearly able to distinguish 10 of the 15 stimuli presented
(indicated by the 10 bright squares along the diagonal of the matrix); in contrast, the responses of the population of WT
ganglion cells show confusion for the remaining 5 stimuli (as indicated by the presence of off-diagonal squares). The
Error Pattern Test provides a way to quantify the extent to which the responses of the encoders, the encoders+trans-
ducers, and the transducers alone, distinguish or confuse the same stimuli. It measures the extent to which the confusion
matrices for sets (2), (3), and (4) match that of set (1); specifically, it calculates the average of the square of the difference
between the elements of the test confusion matrices (sets (2), (3), and (4)) and the WT (set (1)). To develop a retinal
prosthetic that provides normal or near-normal vision, it is necessary that the neural signals being sent to the brain (i.e.,
the ganglion cell firing patterns) provide the same information that normal cells provide, that is, that stimuli that are
normally distinguished are distinguished, and stimuli that are normally perceived as similar remain that way (are perceived
as such when the prosthetic is used).
[0166] When the data from Example 8 was used to measure the error pattern, the results were the following: the
encoder’s performance yielded an MSE of 0.005; that is, the match to the error pattern of the normal retina was very
close. The complete system’s performance (encoders+transducers) yielded an MSE of 0.013, also very close. The
transducer alone yielded an MSE of 0.083, a much higher value, indicating that the match to the normal error pattern
was poor. Thus, when tested in vitro or in an animal model, the match to the error pattern of the real retina, as measured
by MSE, may be at most about 0.04, 0.03, 0.02, 0.01, or 0.005. Note that 0.04 indicates a match that is at least twice
as good (since 0.04 is less than half of 0.083) as the optogenetic approach in Example 8, and the encoder+transducer
yields a match of 0.013, substantially better than that.
[0167] In order to test a prosthetic using the methods described herein, mammalian retinas with transducers applied
to the same retinal cell classes are obtained, as are wild type retinas of the same species. The tests described above
are then executed. For all the analyses above, the results should be consistent across retinas of the same type, for
example at least about five retinas.

Measures of Clinical Utility

Visual acuity.

[0168] The World Health Organization (WHO) defines low vision as best corrected distant visual acuity in the better
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eye less than 20/60 but 20/400 or better, or widest diameter of the visual field subtending an angle of less than 20
degrees but greater than 10 degrees, and blindness as best corrected distant visual acuity in the better eye of less than
20/400 or less or widest diameter of the visual field subtending an angle of less than 10 degrees. In the United States,
legal blindness is defined as best corrected distant visual acuity of 20/200 or less in the better eye or widest diameter
of visual field subtending less than 20 degrees. Most North American states require best corrected visual acuity with
both eyes of 20/40 for an unrestricted driving license. (Riordan-Eva 2010)
[0169] Since the early 1980’s the standard measure of visual acuity for clinical trials has been the Early Treatment of
Diabetic Retinopathy Study (ETDRS) chart, which has five letters on each row and spacing between letters and rows
equal to the letter size, with a geometric progression of letter sizes. (Kniestedt and Stamper, 2003; (Ferris FL et al 1982;
ETDRS report number 7). An electronic equivalent test has been developed and validated and is now widely used,
known as the electronic visual acuity test ("EVA") (Beck RW et al 2003; Cotter SA, et al 2003).
[0170] Protocols for testing visual acuity are known in the art. A standard protocol using ETDRS chart is as follows.

A. Visual Acuity Chart: Modified Bailey-Lovie

[0171] The ETDRS visual acuity charts 1 and 2 are used for standardized measurement of visual acuity. Acuity testing
of all subjects, regardless of visual acuity, begins at four meters. Two ETDRS Visual Acuity Charts are used for the
measurement of visual acuity, each with a different letter sequence. The right eye will always be tested with Chart 1 and
the left eye with Chart 2.

B. Illumination of Visual Acuity Charts and Room

[0172] Each clinic must have/use an ETDRS light box for the ETDRS visual acuity charts during any study acuity
testing if the EVA is non-functional. The light box should be hung on the wall or placed on a stand (that can be purchased
from the Lighthouse for the Blind in New York) at a height such that the top of the 3rd row of letters (0.8 LogMAR) is 49
+ 2 inches (124.5 + 5.1 cm) from the floor. Room lighting should be approximately 50 foot-candles and should be uniform
between the subject and the light box. The distance from the center of the exam chair to the Visual Acuity Chart should
be 4.0 meters.

C. Best-Corrected Visual Acuity Measurements

[0173] The right eye is tested first and then the left eye. The subject is seated such that the distance from the center
of the exam chair to the ETDRS Visual Acuity Chart is 4.0 meters. This testing distance is always used first even if the
subject could not be refracted at four meters. In addition to the occluder in the trial frame, the left eye is occluded with
an eye patch or pad placed beneath the trial frames. With the lens correction obtained by subjective refraction in the
trial frame, the subject is asked to read ETDRS Visual Acuity Chart 1 from the top with the right eye. It is emphasized
to the subject that each answer will be scored so adequate time should be allowed for each letter in order to achieve
the best identification. The subject is instructed that all of the figures to be read are letters and that there are no numbers.
[0174] The examiner records each letter identified correctly by the subject as he/she reads the chart by circling the
corresponding letter on the ETDRS score sheet (or study form). Letters read incorrectly, or for which no guesses are
made, are not marked on this form. Each letter read correctly is scored as one point. The score for each line (including
zero if no letters were read correctly on that line) and the total score for the eye are recorded on the form, as soon as
the four meter testing has been completed.
[0175] If the number of letters read correctly at four meters is less than twenty, the test should be repeated at one
meter and both the four-meter and one-meter totals should be recorded on the ETDRS score sheet (or study form). Both
eyes should be tested at four meters before the subject is moved up to the one-meter test distance. It is strongly advised
that the total number of letters correctly read at four meters be calculated as soon as the four meter testing has been
concluded in order to identify subjects who require 1 meter testing. Prior to actual testing at one-meter, + 0.75 D sphere
should be added to the correction already in the trial frame to compensate for the new distance. The subject must sit
for testing at the one-meter distance.
[0176] The same procedure for obtaining visual acuity for the right eye is used for the left eye, except that ETDRS
Visual Acuity Chart 2 is used. Chart 1 should never be exposed to the left eye and chart 2 should never be exposed to
the right eye, even when switching charts and occlusion.

Poor Vision Testing (Testing for Light Perception)

[0177] If the subject cannot identify any letters on visual acuity testing of an eye (i.e., letter score = 0), the eye is tested
for light perception with the indirect ophthalmoscope as the light source. The testing procedure can be performed
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according to the investigator’s usual routine. The following procedure is indicated:

Room lighting should remain at the level of normal visual acuity testing. The trial frame should be removed, and the
subject should close the opposite eye and occlude it by making a tight seal with the palm around the orbit and the
bridge of the nose. The indirect ophthalmoscope light should be in focus at three feet, and the rheostat set at six
volts. From a distance of three feet the beam should be directed in and out of the eye at least four times; the subject
should be asked to respond when he/she sees the light. If the examiner is convinced that the subject perceives the
light, vision should be recorded as light perception, otherwise as no light perception.

Calculating the Visual Acuity Score

[0178] After each measurement of visual acuity, the visual acuity score for the visit is calculated. The visual acuity
score is defined by the number of letters read correctly, as follows:

• If twenty or more letters are read correctly at the four-meter test distance, the visual acuity score is equal to the
number of letters (N) read correctly at four meters +30. If one or more but less than twenty letters are read correctly
at four-meter distance, the visual acuity score is equal to the number of letters read correctly at four meters plus the
number of letters read correctly at one meter in the first six lines.

• If no letters are read correctly at either the four-meter distance or the one-meter distance, the visual acuity score is
0, and testing for light perception should be performed as described below.

[0179] Visual acuity using the ETDRS chart is scored as follows, separately for each eye, with testing at 4 meters:

[0180] If the total number correct is 20 or more, the score is the total number correct plus 30. If the total number correct
is less than 20 than the patient is tested on same chart at 1 meter and the score is recorded.

Line Acuity Letters correct

1 (top) 20/200

2 20/160

3 20/125

4 20/100

5 20/80

6 20/63

7 20/50

8 20/40

9 20/32

10 20/25

11 20/20

12 20/16

13 20/12.5

14 20/10

total letters

Line Acuity Letters correct

1 (top) 20/800

2 20/640

3 20/500

4 20/400
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[0181] The visual acuity letter score is then equal to the total number of letters read correctly at 4.0 meters, plus the
total number of letters read correctly at 1.0 meter in the first six lines.
[0182] The measures of visual acuity, (e.g. "20/20") may also be expressed as percentages of normal visual acuity if
20/20 is taken as normal vision, as per the following table:

[0183] Effectiveness of treatment may therefore be expressed as increased in the number of letters read, which is
easily translated to the number of lines gained in the EVA test or on the ETDRS chart, or effectiveness can be expressed
as achieving a given percentage of normal vision.
[0184] For example, treatment with the device will increase visual acuity at least by 15 letters, on the ETDRS chart or
EVA test. 15 letters represents 3 lines on they ETDRS chart. If a patient presents with low vision of 20/100, treatment
with the method will improve the patient’s vision to 20/50 vision, which is 76% of normal vision, or near-normal vision.
[0185] Treatment with the device will increase visual acuity at least by 18 letters, at least by 21 letters, at least by 24
letters, at least by 27 letters, at least by 30 letters, at least by 33 letters on the ETDRS chart or EVA test, depending on

(continued)

Line Acuity Letters correct

5 20/320

6 20/250

total correct

VISUAL ACUITY PERCENTAGE OF EFFICIENCY

20/20 100%

20/25 96%

20/30 91%

20/35 87%

20/40 84%

20/45 80%

20/50 76%

20/60 70%

20/70 64%

20/80 58%

20/90 53%

20/100 49%

20/110 45%

20/120 41%

20/140 34%

20/160 29%

20/200 20%

20/240 13%

20/320 7%

20/400 5%

20/480 2%

20/800 1%

<20/800 0%
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where the patient starts and efficacy of the particular course of treatment.
[0186] Based on in vitro results described above and in the examples with regard to the performance on a forced
choice visual discrimination task, accuracy on a Bayesian stimulus reconstruction test, and performance on an error
pattern test, and on the in vivo results described in the examples, treatment with the inventive method will improve vision
to 34%, 41%, 45%, 49%, 53%, 58%, 64%, 70%, 76%, 80%, 84%, 87%, 91%, 96%, and 100% of normal visual acuity.
[0187] Objective electrophysiological tests in humans may consist of any of the following: One test is the flash visual
evoked response (VEP), where an improvement consists of a change from an absent response to a present response.
The appearance of a response is an objective indicator that visual signals reach the brain (Chiappa 1997). This test
provides a coarse measure of visual function; it indicates that signals have reached the brain. It does not provide
information about resolution.
[0188] Based on in vitro results described above and in the examples with regard to the performance on a forced
choice visual discrimination task, accuracy on a Bayesian stimulus reconstruction test, and performance on an error
pattern test, and on the in vivo results described in the examples, treatment with the device will provide a positive result
on the flash visual evoked response.
[0189] A second test, one that addresses pattern signals, is the pattern VEP, either elicited by transient or steady-
state stimuli, where an improvement consists of (a) a change from an absent response to a present response or, (b) a
decrease by a factor of two or more in the smallest check size that leads to a detectable response, or, (c) an increase
by a factor of two or more in the spatial frequency that leads to a detectable response. (a) is an objective indicator that
visual signals have reached the brain, as in the flash VEP test, above. (b) and (c) are objective indicators that visual
resolution (acuity) has improved by a factor of two, and thus indicates an improvement that is relevant to visual function
and perception. Although the VEP is a standard clinical test, our use of it is different from the clinical routine, in which
latency is the primary measurement (Chiappa 1997); our goal is to use it to measure acuity rather than detect conduction
delay. By measuring the VEP as a function of check size or grating spatial frequency, visual acuity can be determined
(Bach, M et al 2008).
[0190] Based on in vitro results described above and in the examples with regard to the performance on a forced
choice visual discrimination task, accuracy on a Bayesian stimulus reconstruction test, and performance on an error
pattern test, and on the in vivo results described in the examples, treatment with the device will lead to test results from
the pattern VEP test as follows: (a) a change from an absent response to a present response or, (b) a decrease by a
factor of two or more in the smallest check size that leads to a detectable response, and (c) an increase by a factor of
two or more in the spatial frequency that leads to a detectable response.
[0191] Sweep VEP, where an improvement consists of (a) an increase by a factor of two or more in the spatial frequency
that leads to a detectable response, or (b) a decrease by a factor of two or more in the minimum contrast that leads to
a detectable response. (a) is similar to acuity measured by the pattern VEP, above; (b) is an objective measure of
contrast sensitivity (gray-level discrimination), which is also relevant to visual function. The sweep-VEP is established
as a reliable objective means to assess both acuity (Norcia and Tyler 1985) and contrast sensitivity (Norcia AM et al 1989).
[0192] Based on in vitro results described above and in the examples with regard to the performance on a forced
choice visual discrimination task, accuracy on a Bayesian stimulus reconstruction test, and performance on an error
pattern test, and on the in vivo results described in the examples, treatment with the device will lead to test results from
the Sweep VEP test as follows: (a) an increase by a factor of two or more in the spatial frequency that leads to a detectable
response, and (b) a decrease by a factor of two or more in the minimum contrast that leads to a detectable response.
[0193] For the above tests, the "factor of two" criterion for acuity is chosen because this is approximately a three-line
improvement on a standard Snellen or ETDRS eyechart (e.g., from 20/400 to 20/200), a change that is generally rec-
ognized as both statistically and functionally significant. Similarly, a "factor of two" criterion is chosen for contrast sensitivity
because this corresponds to a two-step improvement on the standard Pelli-Robson contrast-sensitivity eyechart (Pelli
DG et al 1988), which is also generally recognized as both statistically and functionally significant.
[0194] Other methods to measure clinical efficacy are well known in the art. (Maguire et al 2008) Objective measures
include, but not limited to, evaluation of the pupillary light reflex (PLR), full-field electroretinography (ERG) (including
bilateral full-field ERG), and nystagmus testing. International Society for Clinical Electrophysiology of Vision standard
guideline may be followed for the analyses. Pupil responses may be recorded simultaneously in both eyes. (Kawasaki
et al 1995) Nystagmus may be characterized qualitatively and quantitatively by analysis of motion paths in videos taken
at baseline and at various desired time points post-treatment. Interpupillary distances may be measured directly from
video frames. Subjective measures include, but not limited to, standard tests of visual acuity (VA), kinetic visual field,
and mobility testing to assess the ability of the subjects to navigate an obstacle course. For mobility testing, different
mazes may be used each time the test is performed and number of obstacles avoided or hit, number of landmarks
identified and time spent in the maze can then be assessed.
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(Simonelli et al 2010)

[0195] The examples are offered to illustrate, but not to limit, the claimed invention.

Example 1 Method of Building the Encoders

Constructing the encoders using an linear-nonlinear-poisson (LNP) cascade

[0196] The parameters for the encoders were constructed from the responses to two sets of stimuli: binary spatio-
temporal white noise (WN) and a grayscale natural scene movie (NS) recorded in New York City’s Central Park. Both
stimuli were presented at a frame rate of 15 Hz, and had the same mean luminance (0.24 mW/cm2 on the retina) and
contrast (root-mean-squared (RMS) contrast was 0.087 mW/cm2). For the preprocessing step, we chose a=0, and
b=255/0.48 mW/cm2, so that the visual stimuli are mapped into the numerical range 0-255 (as described above in section
entitled, "Encoders".
[0197] To determine the spatiotemporal transformation, we used a linear-nonlinear model as described above in the
same section (see also, Victor and Shapley 1979; Paninski et al. 2007; Pillow et al. 2008; Nirenberg et al. 2010).
Parameters for the model were determined by maximizing the likelihood that the model would produce the experimentally-
observed spike trains elicited by the stimuli, as in Nirenberg et al, 2010; similar methods are in Paninski et al. 2007;
Pillow et al. 2008, as maximum likelihood optimizations are well known in the art.
[0198] For the data in the following examples, neurons were modeled independently. For each neuron, m, the firing
rate λm was determined as in Eq. 1. Each neuron’s linear filter was assumed to be a product of a spatial function (on a
10x10 array of pixels, centered on the receptive field) and a temporal function (18 time bins, 67 ms each, total duration
1.2 sec). Dimensionality was reduced by assuming the temporal function to be a sum of 10 impulses and basis functions
(raised cosines in log time), as in Nirenberg et al., 2010, following Pillow et al. 2008.
[0199] The nonlinearities were parameterized as cubic spline functions with 7 knots. Knots were spaced to cover the
range of values given by the linear filter output of the encoders.
[0200] As mentioned above, parameters were fit using a standard optimization procedure, as in Nirenberg et al, 2010,
following Pillow et al, 2008, Paniniski, 2007. The quantity maximized is the log likelihood of the observed spike trains
under the model, as in Eq 2. Because each neuron is independent, the optimization of each neuron’s parameters could
be carried out independently. To maximize the log likelihood, we used the same procedure as described in the text
following Eq. 2 above, which we briefly reiterate here: We began by assuming that the nonlinearity N was exponential,
since in this case, the log likelihood Z has no local maxima (Paninski, et al. 2007). After optimizing the linear filters and
an exponential nonlinearity (by coordinate ascent), the nonlinearity was replaced by a spline. Final encoder parameters
were then determined by alternating stages of maximizing the log likelihood with respect to (i) the spline parameters
and (ii) the filter parameters, until a maximum was reached, as described in (Nirenberg et al. 2010), which also discusses
the justification of this approach.
[0201] Models that take into account history dependence and correlations were also built. Correlations between neurons
were modeled using coupling kernels, following the method of (Pillow et al. 2008).
[0202] For the spike generation step, for each cell m, we created an inhomogeneous Poisson process with instanta-
neous firing rate λm. We consider time intervals (bins) of length Δt=0.67 ms.
[0203] Note that Figures 3-6,13 and 14 compare the performance of encoders and real cells. Figures 7-9 also compare
the performance of the encoders, when combined with the transducers. For these experiments, the output of the encoders
is passed through an interface that produces light pulses to drive the ChR2 in the ganglion cells. Two methods were
used to take the output from the encoders and produce light pulses to drive ChR2. In the first method, the output of the
encoders was used to control an LCD panel (Panasonic PT-L104, Panasonic, Secaucus, NJ). The LCD panel was placed
in front of a set of 7 high-intensity blue LEDs (Cree XP-E Blue, Cree, Durham NC). Squares on the LCD panel conveyed
the output of the encoders for the ganglion cell in the given location. For each frame, the squares were set to the highest
intensity (255) if the encoders dictated that the ganglion cell should fire a spike within that frame, or the lowest intensity
(0) if the ganglion cell should not fire a spike within that frame. If the LCD panel’s intensity was high (255) at a location,
the light from the blue LEDs was passed through; if not, the light was blocked. The output of the LCD panel was focused
onto the retina. The intensity of the light at the 255 position at the retina was 0.5 mW/mm2. Each frame lasted 16.7 ms.
A second method was used where precise spike timing was required. For this method, an LED (Cree XP-E Blue, Cree,
Durham NC) drove the ganglion cells directly. The output state of the LED was controlled by a computer-generated 5V
TTL pulse, which was sent through a control/amplification circuit as described by Campagnola et al., 2008. The LED
turned on when the TTL pulse was high (5V), and off when the pulse was low (0V). The output of an encoder was used
to drive the TTL pulse through a computer’s parallel port using custom software. When the encoder specified that a
spike should occur, the TTL pulse was driven high (5V) for 1 ms, and then was turned off again. The intensity of the
LED pulse at the retina was 1 mW/mm2 during the on state.
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[0204] The responses of the transducer alone to visual stimuli (Figures 8C, 9D) were recorded using two methods.
For the natural movie (Figure 8C), the ganglion cells were driven using the LED, again controlled by TTL pulses. The
output of the LED was set to match the intensity of the natural movie at a ganglion cell’s receptive field location, using
pulse code modulation. TTL pulses were 1 ms wide. More pulses within a frame represented brighter intensities, while
fewer pulses represented dimmer intensities, with linear scaling between intensity and pulse rate. The pulse rate of the
LED was updated every 66.7 ms to match the intensity of the natural movie at that frame. The highest intensity of the
movie was mapped to the peak firing rate of the encoder for the given ganglion cell - this was typically between 8 and
12 pulses per 66.7 ms frame. For the baby face responses (Figure 9D), the ganglion cells were driven using the LCD
panel. The brightness of the LCD panel (0-255) was set to match the intensity of the baby face movie (0-255) at a given
ganglion cell’s receptive field location. The intensity of the LED was 1 mW/mm2 at the retina, and the intensity of the
LCD at maximum brightness was 0.5 mW/mm2, as described in the previous section.

Example 2 - Determining the Parameters for the Spatiotemporal Transformation

[0205] We describe a procedure to determine the parameters for the spatiotemporal transformations. Parameters
discussed are as in the section "Encoders" above.
[0206] In this example, first, the experiment is performed, and ganglion cell responses to WN and NS stimuli are
collected (see "Example 1 - Method of Building the Encoders" for an example of stimuli). Next, the reverse correlation
between the ganglion cell action potential times and the stimulus intensity is calculated, to determine a starting set of
values for the linear filter Lm. Next, the linear filter is assumed to be separable, a product of a spatial function and a
temporal function. The spatial function is parameterized as a 10 by 10 grid of weights, and the temporal function is
parameterized as the sum of 10 weighted temporal basis functions. At this stage, the nonlinearity Nm is assumed to be
an exponential function to ensure there are no local maxima. Next, the likelihood for this set of parameters is calculated
for the given stimulus and recorded ganglion cell’s responses. The next step is to find the optimal parameters for the
spatial function, temporal function, and exponential nonlinearity, by maximizing the likelihood of these parameters using
gradient ascent (as is well described, see: Paninski et al., 2007, Pillow et al., 2008, Nirenberg et al., 2010). After these
parameters are optimized, the exponential nonlinearity is replaced by a 7-knot cubic spline, which more accurately
describes the cell’s responses. Next, the parameters of the spline are optimized to maximize the likelihood. Subsequently,
the parameters of the spatial and temporal functions are optimized to maximize the likelihood given the new spline
parameters. These two steps (optimizing the spline parameters while holding the spatial and temporal functions constant,
then optimizing the spatial and temporal functions while holding the spline parameters constant) are repeated until the
change in likelihood from the two steps is less than an arbitrarily chosen small number.

Example 3 Comparison of Amount of Information Carried by Virtual Retinal Cell and Real Retinal Cell

[0207] To build the data set, we recorded the responses of several hundred mouse retinal ganglion cells (515 cells)
to a broad range of stimuli, including natural and artificial stimuli, which for this experiment was checkerboard, natural
scenes, and drifting gratings. For each cell, we constructed its encoder (also referred to as its virtual retinal cell, or model
cell). This was achieved as follows. We presented WN (white noise) and NS (natural or naturalistic stimuli) stimuli to
retinas and recorded the responses of the ganglion cells and parameterized the stimulus/response relationship for each
cell, as described above. We then tested the encoders using additional natural scene and drifting grating responses.
Thus, all tests were performed using novel stimuli.
[0208] Figure 3 shows the results of the information analysis. We recorded from several hundred ganglion cells and
modeled their responses. We then presented a large array of stimuli to both the model cells and the real cells - stimuli
that were not used to build the encoders. We calculated the amount of information each virtual cell carried about the
stimuli and compared it to the amount of information carried by its real cell counterpart. As shown in the figure, the virtual
cells carried nearly all the information carried by the real cells. Each stimulus set was presented to at least 100 real cells
so that we had substantial data for each analysis. We then assessed the robustness of the results by carrying out the
calculations multiple times. As expected, the information carried by the real cells increased with the increase in temporal
resolution, and, as shown in the figure, the information carried by the virtual cells followed suit.

Example 4 Comparison of Quality of Information Carried by Virtual Retinal Cell and Real Retinal Cell

[0209] Figure 4 shows that the quality of the information carried by the virtual cells and the real cells is also the same.
For each cell in Figure 4, we compared the posterior stimulus distributions generated by the virtual cell’s responses
with the posterior stimulus distributions generated by the real cell’s responses. Figure 4A shows several examples, and
Figure 4B shows histograms of the results for all the cells in the dataset.
[0210] To understand what the matrices show, we go through one in detail - the one in the top left corner of panel of
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panel A of Figure 4-1. The vertical axis gives the presented stimuli, and the horizontal axis gives the "decoded" stimuli
(that is, the posterior distribution of stimuli). In the top row, there is a single bright square, and it is located at the left-
most position. What this means is that when the presented stimulus is the grating with the lowest temporal frequency,
the decoded stimulus will be correct - that is, the posterior stimulus distribution is sharply peaked (as indicated by the
single bright square), and the peak is at the correct position (the position that corresponds to the lowest temporal
frequency). In contrast, in the bottom row of the matrix, there is no single bright spot, just a stretch of red squares on
the right region of the row. What this means is that when the presented stimulus is the highest temporal frequency
grating, the decoding will likely fall short - the posterior is broad and providing only limited information about what the
stimulus is. It’s indicating that the stimulus is likely a high frequency grating, but it’s not indicating which high frequency
in particular.
[0211] The significance of this figure is two-fold. It shows, first, there are many different kinds of posteriors among the
real cells (e.g. there are many types of ganglion cells in terms of their visual responses and sensitivities to stimuli); and,
second, that the virtual cells accurately reproduce them, e.g., some cells provide information about low frequencies,
others provide information about high frequencies, or show complex patterns, etc. But in nearly all cases, with several
hundred cells examined, the behavior of the real cell is captured by the encoder: The posterior produced by each virtual
cell closely matches that produced by the real cell. This provides strong evidence that the virtual cells can serve as
proxies for the real cells.

Example 5 Retinal Ganglion Cell Response Prediction By the Encoders

[0212] We used our encoders to make a set of predictions about the behavior of the ganglion cell classes, and then
tested the predictions. The predictions in this case focused on differences in the way ON and OFF cells pull out motion
information, specifically, slow motion.
[0213] This was achieved as follows. First, we constructed an encoder for the cell. We presented WN and NS stimuli
to wt (wild type) retinas and recorded the responses of the ganglion cells and parameterized the stimulus/response
relationship as described above. The ganglion cell population included both ON and OFF cells. We separately generated
parameters for ON and OFF cells and used the parameters to generate ON and OFF encoders. To make the predictions,
we set up a visual discrimination task. We presented the different versions of the encoder with drifting gratings that
varied in temporal frequency and obtained responses. We then decoded the responses (using Bayesian (i.e. maximum
likelihood) as described herein). On each trial of the task, we asked: given the responses, what was the most likely
frequency of the grating. Then, for all trials we tallied the fraction of times the correct answer was obtained. To make
specific predictions about ON and OFF cells, we performed the task with populations made up exclusively of ON cells
or exclusively of OFF cells. We also ran the task with encoders in which the parameters were determined using both
scotopic (night light) and photopic (daylight) light levels, since ganglion cells are known to behave differently under these
conditions (Purpura et al 1990; Troy et al 2005; Troy et al 1999).
[0214] Several results quickly emerged. The first one was that ON cells were better able to distinguish among low
temporal frequencies (slow motion) than OFF cells, under scotopic conditions. The second was that OFF cells were
better able to distinguish among high temporal frequencies than ON cells, also under scotopic conditions. The third was
that these differences existed only under scotopic conditions: the two cell classes performed approximately equally well
under photopic conditions. Finally, the last one was that ON and OFF cells performed well only for a narrow range of
frequencies under scotopic conditions, but over a wide range under photopic conditions.
[0215] We then tested the predictions. We started with electrophysiological measurements. We presented the same
stimuli to the retina on a multi-electrode array and recorded ganglion cell responses. We then decoded them as we
decoded the virtual cell responses, i.e., using maximum likelihood. As shown in Figure 5, the real cells make the same
predictions as the virtual cells, thus indicating, in a bottom line test, that the virtual cells can serve as proxies for the real
cells.

Example 6 Animal Behavior Prediction By the Encoder

[0216] Finally, we moved to predictions about behavior. For this, we used an optomotor task because it is a) simple,
b) readily quantifiable, and c) allows us to selectively probe a single cell class by itself, the ON cells (only ON cells project
to the accessory optic system (AOS), which drives this behavior) (Dann and Buhl 1987; Giolli et al 2005). In this task,
the animal (a wt mouse) is presented with a drifting grating, and it either tracks it or fails to track it. So to make predictions
about behavior, we asked the encoders the same question as we asked the animal: is the grating present or absent?
We used an approach parallel to the one used for testing predictions in the electrophysiological experiments - that is,
we decoded the responses using maximum likelihood. The only difference is that for the comparison with behavior, we
decoded the encoders’ responses into just two alternatives (grating present versus grating absent), since this corresponds
to the alternatives of the behavioral task. Finally, for both the animal and the encoders, we presented stimuli that
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represented photopic (daylight) or scotopic (night light) conditions and measured contrast sensitivity, which is defined
as the contrast at which 75 percent of the stimuli were correctly decoded, as is standard for 2-alternative forced choice
psychophysics. As shown in Figure 6, the encoders correctly predict the shift in optomotor performance.

Example 7 Retinal Ganglion Cell Firing Patterns Generated By the Encoders

[0217] We presented movies of natural scenes and recorded ganglion cell responses from retinas taken from three
groups of animals: a) normal animals, (briefly: retinas were extracted from wild type (WT) mice; the retinas were then
presented with movies of natural scenes, and the firing patterns of the ganglion cells were recorded) (Figure 7 top), b)
blind animals that were treated with the retinal prosthetic (briefly: retinas were extracted from doubly transgenic mice
bred in our lab from commercially available sources, which have retinal degeneration and which also express channel-
rhodopsin-2 in retinal ganglion cells; the retinas were presented with the encoded natural scene movies and the firing
patterns of the ganglion cells were recorded) (Figure 7 middle), and c) blind animals treated with the approaches of
current optogenetic prostheses (briefly: retinas were extracted from the same doubly transgenic mice as above; the
retinas were then presented with natural scene movies (no encoding) and ganglion cell firing patterns were recorded)
(Figure 7 bottom).
[0218] In the normal retinas, the movies are converted into patterns of action potentials (also referred to as spike
trains) by the retinal circuitry. The spike trains from the normal retinas are shown in Figure 7, top. In the retinas from
the blind animals treated with the encoder/transducer method, the movies are converted into spike trains by the encod-
er/transducer (Figure 7, middle). As shown in the figure, the spike trains produced by this method closely match those
produced by normal ganglion cells. This happens because the encoders reproduce ganglion cell spike trains very reliably,
and because ChR2 has fast enough kinetics to follow the output of the encoders. Thus, we were able to mimic normal
retinal input/output relations. For comparison, see Figure 7, bottom; this shows the output of the standard optogenetic
method (which is just the transducer, i.e., just ChR2 as in Lagali et al 2008; Tomita et al 2010; Bi A et al. 2006; Zhang
et al. 2009; Thyagarajan et al. 2010. In this case, the stimuli (the natural scene movies) are activating the ChR2 directly.
While this approach makes the ganglion cells fire, the firing patterns it produces are not the normal firing patterns.

Example 8 Performance of the encoders and of the retinal prosthetic

[0219] We assessed the performance of the encoder and prosthetic in three ways: using a discrimination task method
(Figure 8), image reconstruction (Figure 9), and performance on a behavioral task (optomotor) (Figure 10). The meas-
ures and results are presented below.

Performance on a visual discrimination task

[0220] We started with the discrimination task. Briefly, we presented an array of stimuli and measured the extent to
which they could be distinguished from each other, based on the responses of the ganglion cells (or encoders). For
ganglion cell recordings, stimuli were presented on a computer monitor, and ganglion cell responses were recorded with
a multi-electrode array as in Pandarinath et al, 2010.
[0221] To decode the responses in the test set, we determined which of the stimuli sj was the most likely to produce
it. That is, we determined the stimulus sj for which p(r|sj) was maximal. This was done via Bayes theorem, which states
that p(sj|r)=p(r|sj)p(sj)/p(r), where p(sj|r) is the probability that the stimulus sj was present, given a particular response
r; p(r|sj) is the probability of obtaining a particular response r given the stimulus sj; and p(sj) is the probability that the
stimulus sj was present. Because p(sj) was set equal for all stimuli in this experiment, Bayes Theorem means that p(s|rj)
is maximized when p(r|sj) is maximized. (When p(sj) is uniform, as it was in this case, this method of finding the most
likely stimulus given a response is referred to as maximum likelihood decoding (Kass et al. 2005; Pandarinath et al.
2010; Jacobs et al. 2009). For each presentation of stimulus si that resulted in a response r that was decoded as the
stimulus sj, the entry at position (i,j) in the confusion matrix was incremented.
[0222] To build the response distributions needed for the decoding calculations used to make the confusion matrices
(i.e., to specify p(r|sj) for any response r), we proceeded as follows. The response r was taken to be the spike train
spanning 1.33 sec after stimulus onset and binned with 66.7 ms bins. Since the spike generation process is assumed
to be an inhomogeneous Poisson process, the probability p(r|sj) for the entire 1.33 s response was calculated as the
product of the probabilities for each 66.7 ms bin. The probability assigned to each bin was determined by Poisson
statistics, based on the average training set response in this bin to the stimulus sj. Specifically, if the number of spikes
of the response r in this bin is n, and the average number of spikes in the training set responses in this bin is h, then the
probability assigned to this bin is (hn|n!)exp(-h). The product of these probabilities, one for each bin, specifies the response
distributions for the decoding calculations used to make the confusion matrices. Results similar to those shown in Figure
8 were obtained with a range of bin sizes (50 to 100 ms) and random assignments to training and test sets.
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[0223] Once the confusion matrices were calculated, overall performance was quantified by "fraction correct", which
is the fraction of times over the whole task that the decoded responses correctly identified the stimuli. The fraction correct
is the mean of the diagonal of the confusion matrix. Given this procedure, we performed 4 sets of analyses. For each
one, we used the responses from the WT retina for the training set and a different set of responses for the test set. We
generated 4 test sets.

(1) The first set consisted of responses from the WT retina. This is done to obtain the fraction correct produced by
normal ganglion cell responses.
(2) The second set consisted of the responses from the encoders (the responses from the encoders are, as indicated
throughout this document, streams of electrical pulses, in this case, spanning 1.33 sec after stimulus presentation,
and binned with 66.7 ms, as are the WT ganglion cell responses). When we use the responses from the encoders
as the test set, we obtain a measure of how well the encoders perform, given the response distributions of the normal
WT retina. In other words, we start with the assumption that the brain is built to interpret the responses of the normal
WT retina (i.e., the naturally encoded responses.) When we use the responses from the encoders as our test set,
we obtain a measure of how well the brain would do with our proxy of the normal retinal responses (our proxy of
the retina’s code).
(3) The third set consisted of the responses from a blind animal driven by the encoders and transducers (ChR2 in
the ganglion cells), with the responses of the same duration and bin size as above. This set gives us a measure of
how well the encoders perform after their output has been passed through the transducer in real tissue. (While the
transducer follows the encoder very closely, it is not perfect, and this provides a measure of how well the complete
system (the encoders+transducers) performs.
(4) Finally, the last set consists of the responses from a blind animal driven by just the transducers (ChR2 in the
ganglion cells), with responses of the same duration and bin size as above. This gives us a measure of how well
the standard optogenetic method performs.

[0224] The results are shown in Figure 8. Figure 8A shows the confusion matrixes generated when the test set was
obtained from the normal WT retina. On the left are the matrices for individual ganglion cells, on the right, for a population
of cells (20 cells). As shown, the individual cells each carry a fair amount of information; together as a population, they
can discriminate nearly all stimuli in the set. The fraction correct was 80%. Figure 8B shows the confusion matrixes
generated when the test set was obtained from the encoders (note that these encoders were built from the input/output
relations of the WT retina used in Figure 8A). The fraction correct was extremely close to that produced by the WT
retina 79%. Figure 8C shows the results for the complete system (the encoders+transducers). The individual cells do
not carry quite as much information, but together as a population, they perform very well. The fraction correct was 64%.
Finally, Figure 8D shows the results with the standard optogenetic method. The individual cells here carry little information,
and even as a population, they are still quite limited. The fraction correct was 7%, close to chance. Thus, the incorporation
of the encoders, that is, the incorporation of our proxy of the retina’s neural code, even for a small population of 20 cells,
has a very large effect and can dramatically boosted prosthetic performance.
[0225] Finally, to summarize these data, we compared the percent performances of the encoders alone (Figure 8B),
the encoders+transducers (Figure 8C), and the standard optogenetic method (Figure 8D) to that of the normal retina
(Figure 8A). Results are as follows: the encoders’ performance was 98.75% of the normal retina’s performance, the
complete system’s performance, that is, the performance of the current embodiment of the encoders+transducers, was
80% of the normal retina’s performance, and the performance of the standard method (just transducer alone) was less
than 10% of the normal retina’s performance (8.75%).

Reconstructing stimuli from the ganglion cell (or encoder) responses

[0226] Next, we performed stimulus reconstructions. Stimulus reconstruction uses a standard maximum likelihood
approach to determine the most likely stimulus presented given a set of spike trains (reviewed in Paninski, Pillow, and
Lewi, 2007). While the brain does not reconstruct stimuli, reconstructions serve as a convenient way to compare prosthetic
methods and to give an approximation of the level of visual restoration possible with each approach.
[0227] The stimulus consisted of a uniform gray screen for 1 second, followed by a given image for 1 second, preferably
a human face. Note that each pixel of the stimulus must span a reasonable region of visual space, so that features of
the image, in this case a face, can be discerned. This criterion was satisfied by the choice of 35 by 35 pixels per face,
as shown in Figure 9. This is consistent with the fact that facial recognition makes use of spatial frequencies at least as
high as 8 cycles per face, which requires at least 32 pixels in each dimension for adequate sampling (Rolls et al., 1985).
In the example shown in Figure 9, which uses mouse, each pixel corresponded to 2.6 degrees by 2.6 degrees of visual
space. This in turn corresponds to approximately 12-20 ganglion cells on the mouse retina.
[0228] Reconstructing the stimulus consists of a search over the space of all possible stimuli to find the most likely
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stimulus given the measured population response r. To find the most likely stimulus given r, we used Bayes’ theorem,
p(s|r) = p(r|s) * p(s) / p(r). Because the a priori stimulus probability p(s) is assumed to be constant for all s, maximizing
p(s/r) is equivalent to maximizing p(r|s).
[0229] To determine p(r|s), it is assumed that the cells’ responses are conditionally independent that is, it is assumed
that p(r|s) is the product of the probabilities p(rj|s), where p(rj|s) is the probability that the jth cell’s response is rj, given
the stimulus s. The rationale for this assumption is that it has been shown that deviations from conditional independence
are small, and contribute only a small amount to the information carried (Nirenberg et al, 2001; Jacobs et al, 2009) and
to the fidelity of stimulus decoding.
[0230] To calculate p(rm|s) for a given cell m, the response rm was taken to be the spike train of the mth cell spanning
1 sec after stimulus onset and binned with 0.67 ms bins. Since the spike generation process is assumed to be an
inhomogeneous Poisson process, the probability p(rm|s) for the entire 1 sec response was calculated as the product of
the probabilities assigned to each bin. The probability assigned to each bin was determined by Poisson statistics based
on the cell’s expected firing rate in this bin to the stimulus s. The cell’s expected firing rate is calculated from Eq. 1 (see
section "The Encoders," under "Spatiotemporal Transformation Step"), as the quantity λm(t;X), where X in Eq. 1 is taken
to be the stimulus s, and t is the time of the bin. Finally, the probability of the response for the population of cells, p(r|s),
is calculated by multiplying the probabilities of the responses of the individual cells p(rj|s).
[0231] To find the most likely stimulus sj for the population response, r, we used standard gradient ascent techniques.
Since we wished to find the stimulus sj that maximizes the probability distribution p(r|s), and the stimulus space is high-
dimensional, the gradient ascent method provides an efficient way to search through this high-dimensional space. Briefly,
we began by starting at a random point in stimulus space, sk. We evaluated the probability distribution p(r|sk) for this
stimulus, and also calculated the slope of this probability distribution with respect to each dimension of the stimulus. We
then created a new stimulus sk+1, by changing the stimulus sk in the direction of increasing probability (as determined
from the slope of the probability distribution). This process continued iteratively until the probability of the stimulus
increased only a marginal amount, i.e., until we reached the peak of p(r|s). Note that because the probability distribution
is not strictly log-concave, there exists the possibility of getting stuck in local maxima. To verify that this was not occurring,
we performed the reconstructions using multiple random starting points and confirmed that they converged to the same
peak.
[0232] To compare the performance of the prosthetic methods, we performed reconstructions using 3 sets of responses:
1) the responses of the encoders, 2) the responses from a blind retina, where the ganglion cells were driven by the
encoders + transducers (ChR2), and 3) responses from a blind animal, where the ganglion cells were driven by just the
transducers (i.e., just ChR2). The reconstructions were carried out on our processing cluster in blocks of 10 X 10 or 7
X 7 pixels.
[0233] The results are shown in Figure 9. To obtain a large enough dataset for the complete reconstruction, we moved
the image systematically across the region of retina we were recording from, so that responses to all parts of the image
could be obtained with a single or small number of retinas. Approximately 12,000 ganglion cell responses were recorded
for each image. Figure 9A shows the original image. Figure 9B shows the image produced by the responses of just
the encoder. Not only is it possible to tell that the image is a baby’s face, but one can also tell that it is this particular
baby’s face, a particularly challenging task. Figure 9C shows the image produced by the responses from the encod-
ers/transducers. While not quite as good, it’s still close. Finally, Figure 9D shows the image produced by the responses
from the standard method (i.e., just ChR2). This image is much more limited. The results of this figure, again, indicate
that incorporation of the retina’s code has substantial impact on the quality of the performance.
[0234] To quantify the differences in the performance of the methods, we compared each method’s reconstruction
with the original image. To do this, we calculated the standard Pearson correlation coefficient between the reconstructed
image’s values at each pixel, and that of the real image. Thus, a correlation coefficient of 1 indicates that all of the original
image’s information was perfectly retained, while a correlation coefficient of 0 indicates that the resemblance of the
reconstruction to the real image was no greater than chance.
[0235] Results were as follows: for the encoders alone, the correlation coefficient was 0.897; for the encoders+trans-
ducers, the correlation coefficient was 0.762, and for the transducers alone (corresponding to the current art), the
correlation coefficient was 0.159. Thus, just as we found for the discrimination task, the performance of the encoders +
transducers was several-fold better than the performance of the current art.

Performance on an optomotor task.

[0236] Lastly, we performed a set of behavior experiments using an optomotor task. The results are shown in Figure
10. Briefly, animals were presented with a drifting sine wave grating on a monitor and the animals’ eye position was
recorded with ISCAN PCI Pupil/Corneal Reflection Tracking Systems (ISCAN Corp., Wobum, MA). We later analyzed
the recording and correlated the motion with the motion of the stimulus. The left panel, Figure 10A, shows the baseline
drift (no stimulus). Blind animals show drift in eye position, similar to that observed with blind humans. Figure 10B (the
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central column) shows the results for doubly transgenic mice bred in our lab from commercially available sources, which
have retinal degeneration and which also express channelrhodopsin-2 in retinal ganglion cells. These mice were shown
the raw stimulus. This models the standard optogenetic method. Figure 10C (right column) shows the results for a model
our prosthetic. Doubly transgenic mice bred in our lab from commercially available sources, which have retinal degen-
eration and which also express channelrhodopsin-2 in retinal ganglion cells, were shown the output of our encoders
instead of the raw stimulus. As shown in the figure, tracking was not produced by the mice modeling the standard
optogenetic method, but was produced by the mice modeling our prosthetic. When the image has been converted into
the code used by the ganglion cells, the animal becomes able to track it.

Example 9 Conversion from images to light pulses

[0237] The schematic in Figure 12 illustrates the conversion from image to light pulses for an example encoder. Figure
12A shows an example movie, a scene from Central Park. Figure 12B shows the pre-processed movie. The mean
intensity and contrast are scaled to match the operating range of the spatiotemporal transformation. In this example
movie, no mean or contrast rescaling was required. Figure 12B also indicates the position of the example encoder that
produces the output in Figures 12C-E. Figure 12C shows the output of the spatiotemporal transformation step. The
pre-processed movie is convolved with the example cell’s spatiotemporal kernel and passed through its nonlinearity to
produce a firing rate. Figure 12D shows the output of the spike generation step. The firing rate produced by the spati-
otemporal transformation is passed through the spike generator, which produces a series of electronic pulses. Figure
12E shows the light pulses that correspond to the output produced by the spike generation step.

Example 10 Examples of Parameter Sets for Mouse and Monkey Retinal Ganglion Cell Encoders

[0238] In this example we provide sets of parameters for two sample encoders: a mouse encoder and a monkey
encoder. The parameter sets consist of spatial parameters, temporal parameters, and nonlinearity (spline) parameters.
In addition, we provide the basis functions that are used to construct the temporal function (detailed in the section
"Encoders" under the heading "Spatiotemporal Transformation Step").

Example set of encoder parameters for a mouse ganglion cell

[0239] Spatial parameters - each number is a weight at a location in space on the 10x10 grid. Each location on the
grid is spaced by 2.6 degrees of visual angle. The sample weights below have been scaled by 103 for readability. 
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[0240] Temporal parameters - There are 10 temporal parameters. Each number is a weight for the 10 temporal basis
functions (given next). 

[0241] Temporal basis functions - There are 10 temporal basis functions {F1, F2,... F10}. Each function has 18 values,
where each value defines the basis function for a given timestep. The timesteps are spaced by 66.7ms. The first value
represents the function at a lag of 66.7ms, and the last value represents the function at a lag of 1.2s. 
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[0242] Note that the above numbers are not model parameters, i.e. they are not fitted to the data, but are chosen a
priori. F1 through F5 are impulses, and F6 through F10 are raised cosines in logarithmic time, whose values are given
here for the reader’s convenience.
[0243] Spline parameters - the nonlinearity is a standard cubic spline, i.e. a piecewise cubic polynomial. As is standard,
the spline is defined in terms of its constituent polynomials {P1, P2,... P6} and knots {b1, b2,... b7}. Each Pn is used to
compute the nonlinearity between the pair of knots bn and bn+1. Since here, the number of polynomials ptot=6, there are
ptot+1=7 knots. Each polynomial Pn is defined by 4 coefficients [An, Bn, Cn, Dn]. For a given point x, where bn ≤ x ≤ bn+1,
the value of the nonlinearity y is found by: 

[0244] For values of x that are less than b1, the above formula is used with n=1. For values of x that are greater than
b7, the above formula is used with n=7.
[0245] Knots: [-4.2105 -2.6916 -1.1727 0.3461 1.8650 3.3839 4.9027]
P1 = [0.2853 -0.1110 -2.9797 4.8119]
P2 = [-0.2420 1.1890 -1.3423 1.0298]
P3 = [-0.2063 0.0863 0.5947 0.8860]
P4 = [3.3258 -0.8538 -0.5712 1.2653]
P5 = [-6.3887 14.3006 19.8527 10.0815]
P6 = [3.2260 -14.8100 19.0790 50.8402]

Example set of encoder parameters for a monkey ganglion cell

[0246] Spatial parameters - each number is a weight at a location in space on the 10x10 grid. Each location on the
grid is spaced by 0.3 degrees of visual angle. The sample weights below have been scaled by 103 for readability. 
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[0247] Temporal parameters - There are 10 temporal parameters. Each number is a weight for the 10 temporal basis
functions (given next). 

[0248] Temporal basis functions - There are 10 temporal basis functions {F1, F2,... F10}. Each function has 30 values,
where each value defines the basis function for a given timestep.
[0249] The timesteps are spaced by 16.7ms. The first value represents the function at a lag of 16.7ms, and the last
value represents the function at a lag of 0.5s. 
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[0250] Spline parameters - the nonlinearity is a standard cubic spline, i.e. a piecewise cubic polynomial. As is standard,
the spline is defined in terms of its constituent polynomials {P1, P2,... P6} and knots {b1, b2,... b7}. Each Pn is used to
compute the nonlinearity between the pair of knots bn and bn+1. Since here, the number of polynomials ptot=6, there are
ptot+1=7 knots. Each polynomial Pn is defined by 4 coefficients [An, Bn, Cn, Dn]. For a given point x, where bn ≤ x ≤ bn+1,
the value of the nonlinearity y is found by: 

[0251] Knots: [-7.9291 -5.9389 -3.9486 -1.9584 0.0318 2.02214.0123]
P1 = [-1.0067 3.4136 4.5376 -25.8942]
P2 = [-0.2910 -2.5970 6.1628 -11.2780]
P3 = [2.4072 -4.3345 -7.6326 -11.5935]
P4 = [-2.7537 10.0384 3.7195 -24.9763]
P5 = [1.6687 -6.4032 10.9543 0.4804]
P6 = [-1.0485 3.5605 5.2966 10.0743]

Example 11 Monkey Retinal Ganglion Cell Firing Patterns Generated By the Encoders

[0252] We presented movies of natural scenes and recorded ganglion cell responses of retinas taken from macaque
monkeys (briefly: retinas were extracted from monkeys; the retinas were presented with movies of natural scenes, and
ganglion cell responses were recorded) (Figure 13 top). In addition, we presented the movies to encoders generated
for these monkey ganglion cells (following the procedures outlined in the section "Encoders"). (Figure 13 middle).
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[0253] In the normal retinas, the movies are converted into patterns of action potentials, also referred to as spike trains,
by the retinal circuitry. The spike trains from the normal retinas are shown in Figure 13, top. The responses produced
by the encoders closely match these responses (Figure 13, middle). Thus, we were able to mimic normal retinal in-
put/output relations.

Example 12 Performance of the Monkey Encoders on a Visual Discrimination Task

[0254] We assessed the performance of a set of monkey encoders using a discrimination task method (Figure 14).
This task followed the method outlined in Example 8 (see section "Performance in a discrimination task").
[0255] Using the procedure outlined in Example 8, we performed 2 sets of analyses. For each one, we used the
responses from the monkey retina for the training set. For the test sets, we used two sets of responses:

(1) The first set consisted of responses from the monkey retina. This is done to obtain the fraction correct produced
by normal ganglion cell responses.
(2) The second set consisted of the responses from the encoders (the responses from the encoders are, as indicated
throughout this document, streams of electrical pulses, in this case, spanning 1.33 sec after stimulus presentation,
and binned with 66.7 ms, as are the monkey ganglion cell responses).

[0256] When we use the responses from the encoders as the test set, we obtain a measure of how well the encoders
perform, given the response distributions of the monkey retina. In other words, we start with the assumption that the
brain is built to interpret the responses of the monkey retina (i.e., the naturally encoded responses.) When we use the
responses from the encoders as our test set, we obtain a measure of how well the brain would do with our proxy of the
normal retinal responses (our proxy of the retina’s code). The results are shown in Figure 14. Figure 14A shows the
confusion matrixes generated when the test set was obtained from the monkey retina. On the left are the matrices for
individual ganglion cells, on the right, for a population of cells (10 cells). As shown, the individual cells each carry a fair
amount of information; together as a population, they can discriminate nearly all stimuli in the set. The fraction correct
was 83%. Figure 14B shows the confusion matrixes generated when the test set was obtained from the encoders
(encoders built from the input/output relations of the monkey retina e.g., as shown in Figure 14A). The fraction correct
produced by the responses of the encoders, 77%, was extremely close to the fraction correct produced by the responses
of the normal monkey ganglion cells, 83%. That is, it was 77/83=92.7% that of the fraction correct produced by the
normal monkey ganglion cells. Thus, the encoders’ output, that is, our proxy of the monkey retina’s neural code, nearly
matches the performance of the monkey retina.

Example 13 Fidelity of transducers’ output to encoders’ output

[0257] Figure 15 shows that ganglion cell responses produced by the encoders + transducers follow the encoded
output with high fidelity. An encoder was created as described above. A stimulus, an image of a baby’s face, is input
into a processing device running the encoder, and a code is generated. The code is put through an interface to drive an
LED that is positioned above the retina, taken from a doubly transgenic mouse that is blind and that expresses ChR2.
Electrodes record the retinal response. Figure 15A shows the light pulses and the corresponding ganglion cell output.
For each pair of rows, the top row shows the times of the light pulses, while the bottom row shows the times of the action
potentials produced by the ChR2-expressing ganglion cell. Figure 15B then shows an expansion of the circled regions
from Figure 15A, demonstrating one-to-one correspondence between light pulses and action potentials. As the figure
shows, the action potentials can follow the light pulses, and therefore, the encoder, with high fidelity.

Example 14 Treatment with prosthetic

[0258] A male 53-year-old patient presents with macular degeneration. He is given the EVA test and scores a 48 - his
vision is 20/200 and he is diagnosed with low vision. His vision has been steadily worsening and he is concerned about
becoming completely blind. The physician discusses treatment using the retinal prosthetic with the patient and it is
decided to treat the patient with the retinal prosthetic of the invention.
[0259] A kit with the gene therapy drug as described above and the device having a camera, processor, and interface
are used.
[0260] To reduce the risk of an ocular immune response to the treatment, the patient is administered a short course
of glucocorticoids and an office visit is scheduled for the end of the course. During the office visit, gene therapy with a
rAAV vector carrying a channelrhodopsin-2 cDNA, with promoter sequences targeting retinal ganglion cells is adminis-
tered to the patient via intravitreal injection under local anesthetic.
[0261] The patient recovers and is sent home. There are weekly follow-up visits to ensure the eye heals properly and
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to monitor for dissemination of the viral vector. The eye heals normally and no dissemination is found.
[0262] On the fourth week, the patient is fitted for the first time with the hardware component of the treatment, which
comprises a pair of glasses that include a processor and battery. Each lens of the glasses is a camera that records
images; the inward-facing surface of each lens is a light array.
[0263] An initial visual acuity test is taken with and without the glasses device. The patient’s vision without the glasses
remains 20/200 with the therapeutic device it has already improved to 20/80 as measured with EVA. Each week the
patient returns and is tested again and spends time practicing use of the complete device; by the sixth week vision with
the glasses visual acuity has increased to 20/50. The patient has near-normal vision.

Example 15 Treatment with the prosthetic

[0264] A female, 60 year old patient presents with macular degeneration. She is given the EVA test and scores 3
letters - her vision is 20/800 and she is determined to be legally blind. The physician discusses treatment using the
retinal prosthetic with the patient and it is decided to treat the patient with the retinal prosthetic of the invention.
[0265] A kit with the gene therapy drug and the device having a camera, processor, and interface are used.
[0266] To reduce the risk of an ocular immune response to the treatment, the patient is administered a short course
of glucocorticoids and an office visit is scheduled for the end of the course. During the visit, gene therapy is administered
to the patient via intravitreal injection under local anesthetic.
[0267] The patient recovers and is sent home. There are weekly follow-up visits to ensure the eye heals properly and
to monitor for dissemination of the viral vectors. The eye heals normally and no dissemination is found.
[0268] On the fourth week, the patient is fitted for the first time with the hardware component of the treatment, which
comprises a pair of glasses that include a processor and battery. Each lens of the glasses is a camera that records
images; the inward-facing surface of each lens is a light array.
[0269] An initial visual acuity test is taken with and without the glasses device. The patient’s vision without the glasses
remains 20/800; with the therapeutic device it has already improved to 20/100 as measured by standard visual acuity
tests. Each week the patient returns and is tested again and spends time practicing use of the complete device; by the
sixth week vision with the glasses visual acuity has increased to 20/40.
[0270] The scope of the present invention is not limited by what has been specifically shown and described hereinabove.
Those skilled in the art will recognize that there are suitable alternatives to the depicted examples of materials, config-
urations, constructions and dimensions. Numerous references, including patents and various publications, are cited and
discussed in the description of this invention. The citation and discussion of such references is provided merely to clarify
the description of the present invention and is not an admission that any reference is prior art to the invention described
herein. Variations, modifications and other implementations of what is described herein will occur to those of ordinary
skill in the art without departing from the scope of the invention. While certain embodiments of the present invention
have been shown and described, it will be obvious to those skilled in the art that changes and modifications may be
made without departing from the scope of the invention. The matter set forth in the foregoing description and accompa-
nying drawings is offered by way of illustration only and not as a limitation.
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Claims

1. A method comprising:

receiving image data corresponding to a series of images; and
processing the image data with an encoder to generate encoded data, wherein the encoder is characterized
by an input/output transformation that substantially mimics the input/output transformation of one or more retinal
cells of a retina in response to natural scene stimuli such that a Pearson’s correlation coefficient between a test
input stimulus and a corresponding stimulus reconstructed from the encoded data generated by the encoder
in response to the test input stimulus is at least 0.35.

2. The method of claim 1, wherein processing the image data with an encoder to generate encoded data comprises:

processing the image data to generate a plurality of values, X,
transforming the plurality of X values into a plurality of response values, λm, indicative of a corresponding
response of a retinal cell in the retina, m, and
generating the encoded data based on the response values comprises correcting the response values to prevent
spike bursts

3. The method of claim 2, wherein the response values correspond to retinal cell firing rates, and/or optionally generating
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a spike train signal based on the retinal cell firing rates, and/or optionally, wherein generating a spike train signal
based on the retinal cell firing rates.

4. The method of claim 3, wherein the response values correspond to a function of the retinal cell firing rates, and/or
optionally the response values correspond to retinal cell output pulses, and/or optionally the response values cor-
respond to retinal cell generator potential.

5. The method of any preceding claim, wherein processing the image data with an encoder to generate encoded data
comprises:

receiving images from the image data and, for each image, rescaling the luminance or contrast to generate a
rescaled image stream;
receiving a set of N rescaled images from the rescaled image stream and applying a spatiotemporal transfor-
mation to the set of N images to generate a set of retinal response values, each value in the set corresponding
to a respective one of the retinal cells;
generating the encoded data based on the retinal response values.

6. The method of claim 5, wherein the response values comprise retina cell firing rates and/or optionally N is at least
5, and/or optionally N is at least about 20.

7. The method of claim 5 or claim 6, wherein applying a spatiotemporal transformation comprises:

convolving of the N rescaled images with a spatiotemporal kernel to generate N spatially-temporally transformed
images; and
applying a nonlinear function to the spatially-temporally transformed images to generate the set of response
values.

8. The method of claim 7, wherein applying a spatiotemporal transformation comprises:

convolving the N rescaled images with a spatial kernel to generate N spatially transformed images;
convolving the N spatially transformed images with a temporal kernel to generate a temporal transformation
output; and
applying a nonlinear function to the temporal transformation output to generate the set of response values.

9. The method of any preceding claim, wherein the encoder is characterized by a set of parameters, and wherein the
values of the parameters are determined using response data obtained experimentally from a mamallian retina while
said retina is exposed to white noise and natural scene stimuli.

10. The method of claim 9, wherein the encoder is configured such that the Pearson’s correlation coefficient between
a test input stimulus and a corresponding stimulus reconstructed from the encoded data that would be generated
by the encoder in response to the test input stimulus is at least about 0.65.

11. The method of claim 9, wherein the encoder is configured such that the Pearson’s correlation coefficient between
a test input stimulus and a corresponding stimulus reconstructed from the encoded data that would be generated
by the encoder in response to the test input stimulus is at least about 0.95.

12. The method of claim 9, wherein the test input stimulus comprises a series of natural scenes.

13. A system for restoring or improving vision in a subject in need thereof comprising,
a device for receiving a stimulus,
a processing device comprising:

storage media storing a set of encoders for generating a set of codes from the stimulus, wherein the set of
codes are configured to mimic an input/output transformation of respective individual retinal cells such that a
Pearsons coefficient between the input and the output is at least 0.35
at least one processor, and
storage media storing the codes;
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an interface for converting the codes into an output, and
a high resolution light-responsive transducer for individually activating a plurality of respective retinal cells, wherein
the high resolution light-responsive transducer is coupled to the interface for activating the respective individual
retinal cells according to the output, and wherein activating the respective individual plurality of retinal cells results
in retinal ganglion cell responses, to a broad range of stimuli including natural scene white noise stimuli, that are
substantially similar to the responses of retinal ganglion cells from a normal retina to the same stimuli.

14. A non-transitory computer-readable medium having computer-executable instructions comprising:

a signal, corresponding to a stimulus, instructions for controlling at least one transducer according to a signal
that corresponds to a stimulus to activate at least one cell in a retina to produce a response which is substantially
similar to a response to the stimulus of a normal retina, wherein the Pearson’s correlation coefficient between
a test stimulus and the stimulus reconstructed from the codes when the test stimulus was presented is at least
0.35.

Patentansprüche

1. Verfahren, das Folgendes beinhaltet:

Empfangen von Bilddaten, die einer Serie von Bildern entsprechen; und
Verarbeiten der Bilddaten mit einem Encoder zum Erzeugen von codierten Daten, wobei der Encoder gekenn-
zeichnet ist durch eine Ein-/Ausgangstransformation, die im Wesentlichen die Ein-/Ausgangstransformation
von einer oder mehreren Netzhautzellen einer Netzhaut als Reaktion auf Reize einer natürliche Szene nachahmt,
so dass ein Pearson-Korrelationskoeffizient zwischen einem Testeingangsreiz und einem entsprechenden Reiz,
der von den codierten Daten rekonstruiert wurde, die von dem Encoder als Reaktion auf den Testeingangsreiz
erzeugt wurden, wenigstens 0,35 beträgt.

2. Verfahren nach Anspruch 1, wobei das Verarbeiten der Bilddaten mit einem Encoder zum Erzeugen von codierten
Daten Folgendes beinhaltet:

Verarbeiten der Bilddaten zum Erzeugen von mehreren Werten X,
Transformieren der mehreren X-Werte in mehrere Reaktionswerte λm, die eine entsprechende Reaktion einer
Netzhautzelle in der Netzhaut m anzeigen, und
wobei das Erzeugen der codierten Daten auf der Basis der Reaktionswerte das Korrigieren der Reaktionswerte
beinhaltet, um Spike-Bursts zu verhindern.

3. Verfahren nach Anspruch 2, wobei die Reaktionswerte Netzhautzellen-Feuerungsraten entsprechen, und/oder dem
optionalen Erzeugen eines Spike-Train-Signals auf der Basis der Netzhautzellen-Feuerungsraten, und/oder wobei
optional das Erzeugen eines Spike-Train-Signals auf den Netzhautzellen-Feuerungsraten basiert [A1].

4. Verfahren nach Anspruch 3, wobei die Reaktionswerte einer Funktion der Netzhautzellen-Feuerungsraten entspre-
chen, und/oder optional die Reaktionswerte Netzhautzellen-Ausgangsimpulsen entsprechen, und/oder optional die
Reaktionswerte Netzhautzellen-Generatorpotential entsprechen.

5. Verfahren nach einem vorherigen Anspruch, wobei das Verarbeiten der Bilddaten mit einem Encoder zum Erzeugen
von codierten Daten Folgendes beinhaltet:

Empfangen von Bildern von den Bilddaten und, für jedes Bild, Umskalieren der Luminanz oder des Kontrasts
zum Erzeugen eines umskalierten Bildstroms;
Empfangen eines Satzes von N umskalierten Bildern von dem umskalierten Bildstrom und Anwenden einer
raumzeitlichen Transformation auf den Satz von N Bildern, um einen Satz von Netzhautreaktionswerten zu
erzeugen, wobei jeder Wert in dem Satz einer jeweiligen einen der Netzhautzellen entspricht;
Erzeugen der codierten Daten auf der Basis der Netzhautreaktionswerte.

6. Verfahren nach Anspruch 5, wobei die Reaktionswerte Netzhautzellen-Feuerungsraten umfassen und/oder optional
N wenigstens 5 ist und/oder optional N wenigstens etwa 20 ist.
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7. Verfahren nach Anspruch 5 oder Anspruch 6, wobei das Anwenden einer raumzeitlichen Transformation Folgendes
beinhaltet:

Falten der N umskalierten Bilder mit einem raumzeitlichen Kernel zum Erzeugen von N raumzeitlich transfor-
mierten Bildern; und
Anwenden einer nichtlinearen Funktion auf die raumzeitlich transformierten Bilder, um den Satz von Reakti-
onswerten zu erzeugen.

8. Verfahren nach Anspruch 7, wobei das Anwenden einer raumzeitlichen Transformation Folgendes beinhaltet:

Falten der N umskalierten Bilder mit einem räumlichen Kernel zum Erzeugen von N räumlich transformierten
Bildern;
Falten der N räumlich transformierten Bilder mit einem zeitlichen Kernel zum Erzeugen eines zeitlichen Trans-
formationsausgangs; und
Anwenden einer nichtlinearen Funktion auf den zeitlichen Transformationsausgang zum Erzeugen des Satzes
von Reaktionswerten.

9. Verfahren nach einem vorherigen Anspruch, wobei der Encoder gekennzeichnet ist durch einen Satz von Para-
metern und wobei die Werte der Parameter mit Reaktionsdaten ermittelt werden, die experimentell von einer Säu-
getiernetzhaut gewonnen werden, während die genannte Netzhaut weißem Rauschen und Reizen einer natürlichen
Szene ausgesetzt ist.

10. Verfahren nach Anspruch 9, wobei der Encoder so konfiguriert ist, dass der Pearson-Korrelationskoeffizient zwischen
einem Testeingangsreiz und einem entsprechenden Reiz, der von den codierten Daten rekonstruiert wurde, die von
dem Encoder als Reaktion auf den Testeingangsreiz erzeugt wurden, wenigstens etwa 0,65 beträgt.

11. Verfahren nach Anspruch 9, wobei der Encoder so konfiguriert ist, dass der Pearson-Korrelationskoeffizient zwischen
einem Testeingangsreiz und einem entsprechenden Reiz, der von den codierten Daten rekonstruiert wurde, die von
dem Encoder als Reaktion auf den Testeingangsreiz erzeugt wurden, wenigstens etwa 0,95 beträgt.

12. Verfahren nach Anspruch 9, wobei der Testeingangsreiz eine Serie von natürlichen Szenen umfasst.

13. System zum Wiederherstellen oder Verbessern der Sicht bei einem dies benötigenden Subjekt, das Folgendes
umfasst:

eine Vorrichtung zum Empfangen eines Reizes,
eine Verarbeitungsvorrichtung, die Folgendes umfasst:

Speichermedien zum Speichern eines Satzes von Encodern zum Erzeugen eines Satzes von Codes von
dem Reiz, wobei der Satz von Codes zum Nachahmen einer Ein-/Ausgangstransformation von jeweiligen
individuellen Netzhautzellen konfiguriert ist, so dass ein Pearson-Koeffizient zwischen dem Eingang und
dem Ausgang wenigstens 0,35 beträgt;
wenigstens einen Prozessor, und
Speichermedien zum Speichern der Codes;
eine Schnittstelle zum Umwandeln der Codes in einen Ausgang, und
einen hochauflösenden, auf Licht ansprechenden Wandler zum individuellen Aktivieren von mehreren je-
weiligen Netzhautzellen, wobei der hochauflösende, auf Licht ansprechende Wandler mit der Schnittstelle
zum Aktivieren der jeweiligen individuellen Netzhautzellen gemäß dem Ausgang gekoppelt ist und wobei
das Aktivieren der jeweiligen individuellen Mehrzahl von Netzhautzellen zu Netzhautganglionzellen-Reak-
tionen auf einen breiten Bereich von Reizen führt, einschließlich Weißrauschreizen einer natürlichen Szene,
die im Wesentlichen den Reaktionen von Netzhautganglionzellen von einer normalen Netzhaut auf diesel-
ben Reize ähnlich sind.

14. Nichttransistorisches computerlesbares Medium mit computerausführbaren Befehlen, das Folgendes umfasst:

ein Signal, entsprechend einem Reiz, Befehle zum Steuern wenigstens eines Wandlers gemäß einem Signal,
das einem Reiz entspricht, zum Aktivieren von wenigstens einer Zelle in einer Netzhaut zum Erzeugen einer
Reaktion, die einer Reaktion auf den Reiz einer normalen Netzhaut im Wesentlichen ähnlich ist, wobei der
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Pearson-Korrelationskoeffizient zwischen einem Testreiz und dem Reiz, der von den Codes rekonstruiert wird,
wenn der Testreiz präsentiert wird, wenigstens 0,35 beträgt.

Revendications

1. Procédé comprenant :

la réception de données d’image correspondant à une série d’images ; et
le traitement des données d’image avec un codeur pour générer des données codées, dans lequel le codeur
est caractérisé par une transformation d’entrée/sortie qui reproduit sensiblement la transformation d’entrée/sor-
tie d’une ou de plusieurs cellules rétiniennes d’une rétine en réponse à des stimuli de scènes naturelles de telle
sorte qu’un coefficient de corrélation de Pearson entre un stimuli de test d’entrée et un stimuli correspondant
reconstruit à partir des données codées générées par le codeur en réponse au stimuli de test d’entrée soit au
moins 0,35.

2. Procédé selon la revendication 1, dans lequel le traitement des données d’image avec un codeur pour générer des
données codées comprend :

le traitement des données d’image pour générer une pluralité de valeurs, X,
la transformation de la pluralité de valeurs X en une pluralité de valeurs de réponse, λm, indicative d’une réponse
correspondante d’une cellule rétinienne dans la rétine, m, et
la génération des données codées en fonction des valeurs de réponse comprend la correction des valeurs de
réponse pour empêcher des rafales de potentiels d’action.

3. Procédé selon la revendication 2, dans lequel les valeurs de réponse correspondent à des fréquences d’émission
de potentiels d’action des cellules rétiniennes, et/ou optionnellement la génération d’un signal de train de potentiels
d’action en fonction des fréquences d’émission de potentiels d’action des cellules rétiniennes, et/ou facultativement
dans lequel la génération d’un signal de train de potentiels d’action est basé sur [A1] les fréquences d’émission de
potentiels d’action des cellules rétiniennes.

4. Procédé selon la revendication 3, dans lequel les valeurs de réponse correspondent à une fonction des fréquences
d’émission de potentiels d’action des cellules rétiniennes, et/ou optionnellement les valeurs de réponse correspon-
dent à des impulsions de sortie des cellules rétiniennes, et/ou facultativement les valeurs de réponse correspondent
à un potentiel générateur des cellules rétiniennes.

5. Procédé selon l’une quelconque des revendications précédentes, dans lequel le traitement des données d’image
avec un codeur pour générer des données codées comprend :

la réception d’images depuis les données d’image et, pour chaque image, le redimensionnement de la luminance
ou du contraste pour générer un flux d’images redimensionnées ;
la réception d’un ensemble de N images redimensionnées à partir du flux d’images redimensionnées et l’ap-
plication d’une transformation spatiotemporelle à l’ensemble de N images pour générer un ensemble de valeurs
de réponse rétinienne, chaque valeur dans l’ensemble correspondant à une cellule respective des cellules
rétiniennes ;
la génération des données codées en fonction des valeurs de réponse rétinienne.

6. Procédé selon la revendication 5, dans lequel les valeurs de réponse comprennent des fréquences d’émission de
potentiels d’action de cellules rétiniennes et/ou facultativement N est au moins 5, et/ou facultativement N est au
moins environ 20.

7. Procédé selon la revendication 5 ou la revendication 6, dans lequel l’application d’une transformation spatiotempo-
relle comprend :

la convolution des N images redimensionnées avec un noyau spatiotemporel pour générer N images transfor-
mées spatiotemporellement ; et
l’application d’une fonction non linéaire aux images transformées spatiotemporellement pour générer l’ensemble
de valeurs de réponse.
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8. Procédé selon la revendication 7, dans lequel l’application d’une transformation spatiotemporelle comprend :

la convolution des N images redimensionnées avec un noyau spatial pour générer N images transformées
spatialement ;
la convolution des N images transformées spatialement avec un noyau temporel pour générer une sortie trans-
formée temporellement ; et
l’application d’une fonction non linéaire à la sortie transformée temporellement pour générer l’ensemble de
valeurs de réponse.

9. Procédé selon l’une quelconque des revendications précédentes, dans lequel le codeur est caractérisé par un
ensemble de paramètres, et dans lequel les valeurs des paramètres sont déterminées en utilisant des données de
réponse obtenues expérimentalement à partir d’une rétine de mammifère pendant que ladite rétine est exposée à
des stimuli de bruit blanc et de scènes naturelles.

10. Procédé selon la revendication 9, dans lequel le codeur est configuré de telle sorte que le coefficient de corrélation
de Pearson entre un stimulus de test d’entrée et un stimulus correspondant reconstruit à partir des données codées
qui seraient générées par le codeur en réponse au stimulus de test d’entrée soit au moins environ 0,65.

11. Procédé selon la revendication 9, dans lequel le codeur est configuré de telle sorte que le coefficient de corrélation
de Pearson entre un stimulus de test d’entrée et un stimulus correspondant reconstruit à partir des données codées
qui seraient générées par le codeur en réponse au stimulus de test d’entrée soit au moins environ 0,95.

12. Procédé selon la revendication 9, dans lequel le stimulus de test d’entrée comprend une série de scènes naturelles.

13. Système de rétablissement ou d’amélioration de la vision chez un sujet le nécessitant comprenant :

un dispositif destiné à recevoir un stimulus ;
un dispositif de traitement comprenant :

des supports de mémorisation mémorisant un ensemble de codeurs pour générer un ensemble de codes
à partir du stimulus, dans lequel l’ensemble de codes est configuré pour reproduire une transformation
d’entrée/sortie de cellules rétiniennes individuelles respectives de telle sorte qu’un coefficient de Pearson
entre l’entrée et la sortie soit au moins 0,35 ;
au moins un processeur, et
des supports de mémorisation mémorisant les codes ;
une interface pour convertir les codes en une sortie, et
un transducteur sensible à la lumière de haute résolution pour activer individuellement une pluralité de
cellules rétiniennes respectives, le transducteur sensible à la lumière de haute résolution étant couplé à
l’interface pour activer les cellules rétiniennes individuelles respectives en fonction de la sortie, et dans
lequel l’activation de la pluralité individuelle respective de cellules rétiniennes entraîne des réponses de
cellules de ganglions rétiniens, à une large gamme de stimuli y compris des stimuli de bruit blanc de scènes
naturelles, qui sont sensiblement semblables à des réponses de cellules ganglionnaires rétiniennes d’une
rétine normale aux mêmes stimuli.

14. Support lisible par ordinateur non transitoire ayant des instructions exécutables par ordinateur comprenant :

un signal, correspondant à un stimulus, des instructions pour commander au moins un transducteur en fonction
d’un signal qui correspond à un stimulus pour activer au moins une cellule dans une rétine afin de produire une
réponse qui est sensiblement semblable à une réponse au stimulus d’une rétine normale, dans lequel le coef-
ficient de corrélation de Pearson entre un stimulus de test et le stimulus reconstruit à partir des codes quand
le stimulus de test a été présenté est au moins 0,35.
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