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NETWORK

(57) An operation method and apparatus for a net-
work layer in a Deep Neural Network are provided. The
method includes: acquiring a weighted tensor of the net-
work layer in the Deep Neural Network, wherein the
weighted tensor comprises a plurality of filters (S101);
for each of the filters of the network layer, converting the
filter into a linear combination of a plurality of fixed-point
convolution kernels by splitting the filter, wherein a weight
value of each of the fixed-point convolution kernels is a
fixed-point quantized value having a specified bit-width
(S 102); for each of filters of the network layer, performing
a convolution operation on input data of the network layer
and each of the fixed-point convolution kernels of the
filter, respectively, to obtain a plurality of convolution re-
sults, and calculating a weighted sum of the obtained
convolution results based on the linear combination of
the plurality of fixed-point convolution kernels of the filter
to obtain an operation result of the filter (S103); deter-
mining output data of the network layer, which is com-
posed of the obtained operation results of the filters
(S104). Through the method and apparatus, the operat-
ing efficiency for the Deep Neural Network can be im-
proved.
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Description

[0001] The present application claims the priority to a
Chinese Patent Application No. 201810679580.X, filed
with the China National Intellectual Property Administra-
tion on June 27, 2018 and entitled "Operation Method
and Apparatus for Network Layer in Deep Neural Net-
work", which is incorporated herein by reference in its
entirety.

Technical Field

[0002] The present application relates to the technical
field of machine learning, and in particular to an operation
method and apparatus for a network layer in a Deep Neu-
ral Network.

Background

[0003] As an emerging field in machine learning re-
search, a Deep Neural Network (DNN) analyzes data by
imitating the mechanism of the human brain, and is an
intelligent model which performs analysis and learning
by establishing and simulating the human brain. At
present, for example, Convolutional Neural Network
(CNN), Recurrent Neural Network (RNN), Long Short
Term Memory (LSTM) and the like have been well applied
in target detection and segmentation, behavior detection
and recognition, voice recognition and other aspects.
[0004] Conventional DNN generally realizes the oper-
ation of basic units of the network by multiplication oper-
ation/addition operation of double-precision or single-
precision floating-point number. Due to a relatively large
amount of data involved in the operation, an amount of
operation in each operation task for DNN is very large,
and thus an operating efficiency for DNN is low.

Summary

[0005] The objective of the embodiments of the present
application is to provide an operation method and appa-
ratus for a network layer in a Deep Neural Network to
improve the operating efficiency of DNN. The specific
technical solutions are as follows.
[0006] In a first aspect, an embodiment of the present
application provides an operation method for a network
layer in a Deep Neural Network. The method includes:

acquiring a weighted tensor of the network layer in
the Deep Neural Network, wherein the weighted ten-
sor comprises a plurality of filters;
for each of the filters of the network layer, converting
the filter into a linear combination of a plurality of
fixed-point convolution kernels by splitting the filter,
wherein a weight value of each of the fixed-point con-
volution kernels is a fixed-point quantized value hav-
ing a specified bit-width;
for each of filters of the network layer, performing a

convolution operation on input data of the network
layer and each of the fixed-point convolution kernels
of the filter, respectively, to obtain a plurality of con-
volution results, and calculating a weighted sum of
the obtained convolution results based on the linear
combination of the plurality of fixed-point convolution
kernels of the filter to obtain an operation result of
the filter; and
determining output data of the network layer, which
is composed of the obtained operation results of the
filters.

[0007] Optionally, before for each of the filters of the
network layer, converting the filter into the linear combi-
nation of the plurality of fixed-point convolution kernels
by splitting the filter, the method further comprises:

determining a preset quantized number of bits based
on a preset application precision of the Deep Neural
Network;
for each of the filters of the network layer, converting
the filter into the linear combination of the plurality
of fixed-point convolution kernels by splitting the filter
comprises:
for each of the filters of the network layer, converting
the filter into the linear combination of the plurality
of fixed-point convolution kernels by splitting the filter
based on the preset quantized number of bits;
wherein, a sum of specified bit-widths corresponding
to the fixed-point convolution kernels is equal to the
preset quantized number of bits.

[0008] Optionally, the network layer comprises a con-
volution layer, and a size of the weighted tensor of the
convolution layer is S3S3I3O;
for each of the filters of the network layer, converting the
filter into the linear combination of the plurality of fixed-
point convolution kernels by splitting the filter comprises:
for each of the filters of the convolution layer, converting
the filter into the linear combination of the plurality of
fixed-point convolution kernels by the splitting the filter
based on a preset splitting formula; wherein, the preset
splitting formula is: 

wherein, wi is an ith filter of the convolution layer, i∈[1,
O], p is the number of the fixed-point convolution kernels
obtained by splitting the filter wi, αj is a preset linear
weighting coefficient of a jth fixed-point convolution ker-
nel, tj is the jth fixed-point convolution kernel and the size
of tj is S 3 S 3 I, B is the preset quantized number of
bits, and bj is a specified bit-width corresponding to the
jth fixed-point convolution kernel.
[0009] Optionally, calculating the weighted sum of the
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obtained convolution results based on the linear combi-
nation of the plurality of fixed-point convolution kernels
of the filter to obtain the operation result of the filter com-
prises:
for each of the filters of the convolution layer, weighting
the convolution results of the fixed-point convolution ker-
nels based on the preset linear weighting coefficients of
the fixed-point convolution kernels of the filter and calcu-
lating a sum of the weighted convolution results to obtain
the operation result of the filter.
[0010] Optionally, the network layer comprises a fully
connected layer, a size of the weighted tensor of the fully
connected layer is M3N, and each of filters of the fully
connected layer is a 1 3N vector;
for each of the filters of the network layer, converting the
filter into the linear combination of the plurality of fixed-
point convolution kernels by splitting the filter comprises:
for each of the 13N vectors of the fully connected layer,
converting the vector into the linear combination of the
plurality of fixed-point convolution kernels by splitting the
vector based on a preset splitting formula; wherein, the
preset splitting formula is:

wherein, vx is an xth 13N vector of the fully connected
layer, x∈[1,M], q is the number of the fixed-point convo-
lution kernels obtained by splitting the vector vx, βy is a
preset linear weighting coefficient of a yth fixed-point con-
volution kernel, ty is the yth fixed-point convolution kernel
and the size of ty is 13N, B is the preset quantized number
of bits, and by is a specified bit-width corresponding to
the yth fixed-point convolution kernel.
[0011] Optionally, calculating the weighted sum of the
obtained convolution results based on the linear combi-
nation of the plurality of fixed-point convolution kernels
of the filter to obtain the operation result of the filter com-
prises:
for each of the 13N vectors of the fully connected layer,
weighting the convolution results of the fixed-point con-
volution kernels based on the preset linear weighting co-
efficients of the fixed-point convolution kernels of the vec-
tor and calculating a sum of the weighted convolution
results to obtain the operation result of the vector.
[0012] In a second aspect, an embodiment of the
present application provides an operation apparatus for
a network layer in a Deep Neural Network; the apparatus
includes:

an acquiring module configured for acquiring a
weighted tensor of the network layer in the Deep
Neural Network, wherein the weighted tensor com-
prises a plurality of filters;
a splitting module configured for: for each of the filters

of the network layer, converting the filter into a linear
combination of a plurality of fixed-point convolution
kernels by splitting the filter, wherein a weight value
of each of the fixed-point convolution kernels is a
fixed-point quantized value having a specified bit-
width;
an operation module configured for: for each of filters
of the network layer, performing a convolution oper-
ation on input data of the network layer and each of
the fixed-point convolution kernels of the filter, re-
spectively, to obtain a plurality of convolution results,
and calculating a weighted sum of the obtained con-
volution results based on the linear combination of
the plurality of fixed-point convolution kernels of the
filter to obtain an operation result of the filter; and
a determination module configured for determining
output data of the network layer, which is composed
of the obtained operation results of the filters.

[0013] Optionally, the acquiring module is further con-
figured for: determining a preset quantized number of
bits based on a preset application precision of the Deep
Neural Network;
the splitting module is further configured for:
for each of the filters of the network layer, converting the
filter into the linear combination of the plurality of fixed-
point convolution kernels by splitting the filter based on
the preset quantized number of bits; wherein, a sum of
specified bit-widths corresponding to the fixed-point con-
volution kernels is equal to the preset quantized number
of bits.
[0014] Optionally, the network layer comprises a con-
volution layer, and a size of the weighted tensor of the
convolution layer is S3S3I3O;
the splitting module is further configured for:
for each of the filters of the convolution layer, converting
the filter into the linear combination of the plurality of
fixed-point convolution kernels by the splitting the filter
based on a preset splitting formula; wherein, the preset
splitting formula is: 

wherein, wi is an ith filter of the convolution layer, i∈[1,
O], p is the number of the fixed-point convolution kernels
obtained by splitting the filter wi, αj is a preset linear
weighting coefficient of a jth fixed-point convolution ker-
nel, tj is the jth fixed-point convolution kernel and the size
of tj is S3S3I, B is the preset quantized number of bits,
and bj is a specified bit-width corresponding to the jth
fixed-point convolution kernel.
[0015] Optionally, the operation module is further con-
figured for:
for each of the filters of the convolution layer, weighting
the convolution results of the fixed-point convolution ker-
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nels based on the preset linear weighting coefficients of
the fixed-point convolution kernels of the filter and calcu-
lating a sum of the weighted convolution results to obtain
the operation result of the filter.
[0016] Optionally, the network layer comprises a fully
connected layer, a size of the weighted tensor of the fully
connected layer is M3N, and each of filters of the fully
connected layer is a 13N vector;
the splitting module is further configured for:
for each of the 13N vectors of the fully connected layer,
converting the vector into the linear combination of the
plurality of fixed-point convolution kernels by splitting the
vector based on a preset splitting formula; wherein, the
preset splitting formula is: 

wherein, vx is an xth 13N vector of the fully connected
layer, x∈[1,M] q is the number of the fixed-point convo-
lution kernels obtained by splitting the vector vx, βy is a
preset linear weighting coefficient of a yth fixed-point con-
volution kernel, ty is the yth fixed-point convolution kernel
and the size of ty is 13N, B is the preset quantized number
of bits, and by is a specified bit-width corresponding to
the yth fixed-point convolution kernel.
[0017] Optionally, the operation module is further con-
figured for:
for each of the 13N vectors of the fully connected layer,
weighting the convolution results of the fixed-point con-
volution kernels based on the preset linear weighting co-
efficients of the fixed-point convolution kernels of the vec-
tor and calculating a sum of the weighted convolution
results to obtain the operation result of the vector.
[0018] In a third aspect, an embodiment of the present
application provides an electronic device, including a
processor and a machine-readable storage medium; the
machine-readable storage medium stores machine-ex-
ecutable instructions, which are executed by the proces-
sor, so as to cause the processor to perform the method
provided in the first aspect of the embodiments of the
present application.
[0019] In a fourth aspect, an embodiment of the
present application provides an machine-readable me-
dium having stored thereon machine-executable instruc-
tions, wherein the machine-executable instructions are
called and executed by the processor, so as to cause the
processor to perform the method provided in the first as-
pect of the embodiments of the present application.
[0020] In a fifth aspect, an embodiment of the present
application provides an application program, which,
when executed, performs the method provided in the first
aspect of the embodiments of the present application.
[0021] In summary, in the solutions provided by the
embodiments of the present application, a weighted ten-

sor of a network layer in a Deep Neural Network is ac-
quired; for each of the filters in the weighted tensor of the
network layer, the filter is split to be converted into a linear
combination of a plurality of fixed-point convolution ker-
nels; a convolution operation is performed on input data
of the network layer and each of the fixed-point convo-
lution kernels of the filter, respectively, to obtain a plurality
of convolution results, and a weighted sum of the convo-
lution results is calculated based on the linear combina-
tion of the plurality of fixed-point convolution kernels of
the filter to obtain an operation result of the filter; and
output data of the network layer, which is composed of
the operation results of the filters, is determined. Since
the weight value of each of the fixed-point convolution
kernels is a fixed-point quantized value having the spec-
ified bit-width and the amount of operations for the fixed-
point quantized value is smaller than the amount of op-
erations for the floating point number, the amount of op-
erations in each operation task for DNN can be reduced
and thus the operating efficiency for DNN can be im-
proved by performing a fixing-point quantization on a
floating point number, and converting a filter including a
floating-point weight value in the weighted tensor of the
network layer into a linear combination of a plurality of
fixed-point convolution kernels, each including a fixed-
point quantized weight value.

Brief Description of the Drawings

[0022] In order to more clearly describe the technical
solutions of the embodiments of the present application
or of the prior art, drawings that need to be used in em-
bodiments and the prior art will be briefly described be-
low. Obviously, the drawings described below are for only
some embodiments of the present application; those
skilled in the art can also obtain other drawings based
on these drawings without any creative efforts.

FIG. 1 is a flowchart of an operation method for a
network layer in a Deep Neural Network according
to an embodiment of the present application.
FIG. 2 is an exploded view of filters of a convolutional
layer according to an embodiment of the present ap-
plication.
FIG. 3 is an exploded view of vectors with a size of
1 3 N of fully connected layer according to an em-
bodiment of the present application.
FIG. 4 is a diagram for comparing an existing oper-
ation for a network layer with an operation for a net-
work layer according to an embodiment of the
present application.
FIG. 5 is a structural diagram of an operation appa-
ratus for a network layer in the Deep Neural Network
according to an embodiment of the present applica-
tion.
FIG. 6 is a structural diagram of an electronic device
according to an embodiment of the present applica-
tion.
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Detailed Description

[0023] In order to make the objectives, technical solu-
tions and advantages of the present application clearer
and more understandable, the present application will be
described in more detail below with reference to the ap-
pended drawings and embodiments. Obviously, the de-
scribed embodiments are only some, and not all, of the
embodiments of the present application. All other em-
bodiments obtained based on the embodiments of the
present application by those skilled in the art without any
creative efforts fall into the scope of protection of the
present application.
[0024] In order to improve the operating efficiency of
DNN, the embodiments of the present application provide
an operation method and apparatus for a network layer
in a Deep Neural Network, an electronic device, a ma-
chine-readable storage medium and an application pro-
gram.
[0025] First, the operation method for a network layer
in a Deep Neural Network provided by an embodiment
of the present application is introduced below.
[0026] An executer of the operation method for a net-
work layer in a Deep Neural Network according to an
embodiment of the present application may be an elec-
tronic device that executes an intellectual algorithm. The
electronic device may be an intellectual device perform-
ing target detection and segmentation, behavior detec-
tion and recognition or voice recognition, for example, a
remote computer, a remote server, an intellectual cam-
era, an intellectual audio device, and the like. The exe-
cuter should at least include a processor carrying a core
processing chip. The operation method for a network lay-
er in a Deep Neural Network according to the embodi-
ment of the present application may be implemented by
at least one of a software, a hardware circuit and a logic
circuit disposed in the executer.
[0027] As shown in FIG. 1, an operation method for a
network layer in a deep neural network according to the
embodiment of the present application may include the
following steps.
[0028] At S101, a weighted tensor of the network layer
in the Deep Neural Network is acquired, wherein the
weighted tensor includes a plurality of filters.
[0029] Network layers in the Deep Neural Network are
configured for network operations, such as, convolution,
dot product, and the like. The network layers may include
Convolution layers (Conv layer) and fully connected lay-
ers, and each of the network layers includes the weighted
tensor for performing a network operation. DNN is a
broad data processing method and may be any one of
data processing methods, such as, CNN, RNN and
LSTM.
[0030] A weighted tensor includes specific weight val-
ues in a Conv layer or specific weight values in a fully
connected layer. A weighted tensor of the kth Conv layer
is denoted by W, and its size is S3S3I3O. w=W(:,:,:,i)
is the ith filter of the Conv layer, and the size of the ith

filter is S3S3I. The weighted tensor of the Conv layer
may be divided into O filters based on the number of
output feature vectors. For fully connected layers, a
weighted tensor of the 1st fully connected layer is denoted
by V, and its size is M3N. The number of output feature
vectors of the fully connected layer is M, and the size of
the jth filter of the fully connected filter is 1 3N. The weight-
ed tensor of the fully connected layer may be divided into
M filters based on the number of output feature vectors.
[0031] At S102, for each of the filters of the network
layer, the filter is split to be converted a linear combination
of a plurality of fixed-point convolution kernels; wherein,
a weight value of each of the fixed-point convolution ker-
nels is a fixed-point quantized value having a specified
bit-width.
[0032] The weight values of the weighted tensor in the
network layer are usually floating-point numbers. A float-
ing-point number may be represented as a product of
one fixed-point quantized value and a weight or as a
weighted sum of a plurality of fixed-point quantized val-
ues and corresponding weights. The weights can be ob-
tained through multiple times of training and represent
scale coefficients. Approximate floating-point numbers
can be obtained by multiplying the weights with the fixed-
point quantized values.
[0033] In practice, the number of bits that are required
to represent a weight value of a neural network model in
different application scenarios is different. For some
harder tasks, such as, face recognition, a weight value
is represented by 16 bits. For some easier tasks, such
as, target detection, a weight value is represented by 4
bits. In this case, an operation rate cannot be significantly
reduced due to a larger bit-width (i.e., the number of bits),
and the requirement for supporting multiple numbers of
bits in the same hardware platform will increase the com-
plexity for designing a circuit and reduce the regularity
of the circuit. Therefore, the weighted tensor can be con-
verted uniformly to low-bit fixed-point convolution kernels
through a method for splitting weight values, which large-
ly reduces the amount of operation and the regularity for
designing the circuit. For example, when a certain filter
needs to be represented by a bit-width of 8 bits, the filter
may be designed as a linear combination of four 2-bit
fixed-point convolution kernels and it is only needed to
perform operation on a 2-bit fixed-point convolution ker-
nel each time. When a certain filter needs to be repre-
sented by a bit-width of 4 bits, the filter may be designed
as a linear combination of two 2-bit fixed-point convolu-
tion kernels and it is only needed to perform operation
on a 2-bit fixed-point convolution kernel each time. The
scheme significantly reduces the amount of operation
and improves the regularity for designing the circuit. The
weights of the linear combination here represent scale
coefficients that can be obtained by training.
[0034] Optionally, before S102, the method provided
by the embodiment of the present application may further
include: determining a preset quantized number of bits
based on a preset application precision of the Deep Neu-
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ral Network.
[0035] S102 may further include: for each of the filters
of the network layer, converting the filter into the linear
combination of the plurality of fixed-point convolution ker-
nels by splitting the filter based on the preset quantized
number of bits; wherein, a sum of specified bit-widths
corresponding to all of the fixed-point convolution kernels
is equal to the preset quantized number of bits.
[0036] As described above, the preset application pre-
cision of the Deep Neural Network determines the preset
quantized number of bits of each of the quantized weight
values in the weighted tensor. The bigger the preset ap-
plication precision is, the bigger the preset quantized
number of bits is. For ensuring the accuracy of splitting
each of the filters, the sum of the specified bit-widths
corresponding to all of the fixed-point convolution kernels
that are obtained by the splitting is equal to the preset
quantized number of bits.
[0037] Optionally, the network layer may include a
Conv layer, and the size of the weighted tensor of the
Conv layer may be S3S3I3O.
[0038] S102 may further include: for each of the filters
of the Conv layer, converting the filter into the linear com-
bination of the plurality of fixed-point convolution kernels
by splitting the filter based on a preset splitting formula.
The preset splitting formula is 

where wi is the ith filter of the Conv layer, i∈[1,O], p is the
number of the fixed-point convolution kernels obtained
by splitting the filter wi, αj is a preset linear weighting
coefficient of the jth fixed-point convolution kernel, tj is
the jth fixed-point convolution kernel, the size of tj is
S3S3I, B is the preset quantized number of bits, and bj
is a specified bit-width corresponding to the jth fixed-point
convolution kernel.
[0039] For a Conv layer in the network, the filter wi with
a size of S3S3I in the Conv layer is split to be converted
into a linear combination of p low-bit fixed-point convo-
lution kernels, and the number of low-bit fixed-point bits
(i.e. the specified bit-width) of the jth fixed-point convolu-
tion kernel is denoted by bj. After splitting each of the
filters in the weighted tensor of the Conv layer via the
formula (1), the weighted tensor of each Conv layer in
the network model can be represented as shown in FIG.
2, i.e., a floating-point filter of the model is split to be
converted into a linear combination of a plurality of low-
bit fixed-point convolution kernels, which substantially is
a linear combination of low-bit fixed-point weight values
in the plurality of the low-bit fixed-point convolution ker-
nels.
[0040] Optionally, the network layer may include a fully
connected layer. The size of the weighted tensor of the
fully connected layer may be M3N and each of filters of

the fully connected layer is a 13N vector.
[0041] S102 may further include: for each of the 13N
vectors of the fully connected layer, converting the vector
into the linear combination of the plurality of fixed-point
convolution kernels by splitting the vector based on a
preset splitting formula. The preset splitting formula is: 

where vx is the xth 1 3 N vector of the fully connected
layer, x∈[1,M], q is the number of the fixed-point convo-
lution kernels obtained by splitting the vector vx, βy is a
preset linear weighting coefficient of the yth fixed-point
convolution kernel, ty is the yth fixed-point convolution
kernel and the size of ty is 13N, B is a preset quantized
number of bits, and by is a specified bit-width correspond-
ing to the yth fixed-point convolution kernel.
[0042] For a fully connected layer in the network, each
of the 13N vectors of the fully connected layer can be
understood as a filter of the fully connected layer. Each
of the 13N vectors of the fully connected layer is split to
be converted into a linear combination of q low-bit fixed-
point convolution kernels, and the number of low-bit
fixed-point bits (i.e. the specified bit-width) of the yth fixed-
point convolution kernel is denoted by by. After splitting
each of the vectors in the weighted tensor of the fully
connected layer via the formula (2), the weighted tensor
of each of fully connected layers in the network model
can be represented as shown in FIG. 3, i.e., a floating-
point vector of the model is split to be converted into a
linear combination of a plurality of low-bit fixed-point con-
volution kernels, which substantially is a linear combina-
tion of low-bit fixed-point weight values in the plurality of
the low-bit fixed-point convolution kernels.
[0043] At S103, for each of the filters of the network
layer, a convolution operation is performed on input data
of the network layer and each of the fixed-point convo-
lution kernels of the filter, respectively, to obtain a plurality
of convolution results, and a weighted sum of the convo-
lution results is calculated based on the linear combina-
tion of the plurality of fixed-point convolution kernels of
the filter to obtain an operation result of the filter.
[0044] The fixed-pointing of the weighted tensor of the
network layer by S102 can convert one operation on a
floating-point weight value of a Conv layer or a floating-
point weight value of a fully connected layer into opera-
tions on a plurality of low-bit fixed-point weight values of
the Conv layer or a plurality of low-bit fixed-point weight
values of the fully connected layer. As shown in FIG. 4,
in performing an operation on a network model, the model
structure as shown in the left of the FIG. 4 can be con-
verted into the model structure as shown in the right of
the FIG. 4 to perform the operation. This reduces com-
puting granularity of a hardware platform and improves
the utilization rate of resources of the hardware platform
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while significantly reducing the number of parameters of
the model and the amount of operation of the model.
[0045] The convolution operation on the input data and
each of the fixed-point convolution kernels is a process
of performing dot product and summation operations,
which is not described here. After the convolution results
of all of the fixed-point convolution kernels are obtained,
the weighted sum of the convolution results can be cal-
culated based on the linear combination manner of the
plurality of fixed-point convolution kernels of the filter,
e.g., the weighted sum manner, to obtain an operation
result of the filter.
[0046] Optionally, if the network layer is a Conv layer,
S103 may further include: for each of the filters of the
Conv layer, weighting the convolution results of the fixed-
point convolution kernels based on a preset linear weight-
ing coefficient of each of the fixed-point convolution ker-
nels of the filter and calculating a sum of the weighted
convolution results to obtain the operation result of the
filter.
[0047] If the network layer is a fully connected layer,
S103 may further include: for each of the 13N vectors
of the fully connected layer, weighting the convolution
results of the fixed-point convolution kernels based on a
preset linear weighting coefficient of each of the fixed-
point convolution kernels of the vector and calculating a
sum of the weighted convolution results to obtain the op-
eration result of the vector.
[0048] In S102, a process of splitting a filter has been
introduced respectively for the Conv layer or the fully con-
nected layer as the network layer. In the process of the
splitting, the filter is represented as a linear combination
of the sum of the products of the fixed-point convolution
kernels and the preset linear weighting coefficients.
Therefore, in performing the convolution operation, the
convolution operation is performed on the input data and
each of the fixed-point convolution kernels, respectively,
and the weighted sum of the convolution results is cal-
culated based on the preset linear weighting coefficients
to obtain the operation result of the filter.
[0049] At S104, output data of the network layer, which
is composed of the operation results of all of the filters,
is determined.
[0050] The filters of the network layer correspond to
the number of output feature vectors of the network layer.
Therefore, the output data of the network layer is actually
a combination of operation results of all of the filters. For
example, if a network layer includes 5 filters, the output
data of the network layer actually includes 5 feature vec-
tors.
[0051] In the embodiment, a weighted tensor of a net-
work layer in a Deep Neural Network is acquired; for each
of the filters in the weighted tensor of the network layer,
the filter is split to be converted into a linear combination
of a plurality of fixed-point convolution kernels; a convo-
lution operation is performed on input data of the network
layer and each of the fixed-point convolution kernels of
the filter, respectively, to obtain a plurality of convolution

results; a weighted sum of the convolution results is cal-
culated based on the linear combination of the plurality
of fixed-point convolution kernels of the filter to obtain an
operation result of the filter; and the output data of the
network layer, which is composed of the operation results
of the filters, is determined. Since the weight value of
each of the fixed-point convolution kernels is a fixed-point
quantized value having the specified bit-width and the
amount of operations for the fixed-point quantized value
is smaller than the amount of operations for the floating
point number, the amount of operations in each operation
task for DNN can be reduced and thus the operating ef-
ficiency for DNN can be improved by performing a fixing-
point quantization on a floating point number, and con-
verting a filter including a floating-point weight value in
the weighted tensor of the network layer into a linear com-
bination of a plurality of fixed-point convolution kernels,
each including a fixed-point quantized weight value.
[0052] Corresponding to the embodiment of the meth-
od, an embodiment of the present application provides
an operation apparatus for a network layer in a Deep
Neural Network. As shown in FIG. 5, the operation ap-
paratus for a network layer in the Deep Neural Network
may include:

an acquiring module 510 configured for acquiring a
weighted tensor of the network layer in the Deep
Neural Network, wherein the weighted tensor com-
prises a plurality of filters;
a splitting module 520 configured for: for each of the
filters of the network layer, converting the filter into
a linear combination of a plurality of fixed-point con-
volution kernels by splitting the filter, wherein a
weight value of each of the fixed-point convolution
kernels is a fixed-point quantized value having a
specified bit-width;
an operation module 530 configured for: for each of
filters of the network layer, performing a convolution
operation on input data of the network layer and each
of the fixed-point convolution kernels of the filter, re-
spectively, to obtain a plurality of convolution results,
and calculating a weighted sum of the obtained con-
volution results based on the linear combination of
the plurality of fixed-point convolution kernels of the
filter to obtain an operation result of the filter; and
a determination module 540 configured for determin-
ing output data of the network layer, which is com-
posed of the obtained operation results of the filters.

[0053] Optionally, the acquiring module 510 may be
further configured for: determining a preset quantized
number of bits based on a preset application precision
of the Deep Neural Network.
[0054] The splitting module 520 may be further config-
ured for:
for each of the filters of the network layer, converting the
filter into the linear combination of the plurality of fixed-
point convolution kernels by splitting the filter based on
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the preset quantized number of bits; wherein, a sum of
specified bit-widths corresponding to the fixed-point con-
volution kernels is equal to the preset quantized number
of bits.
[0055] Optionally, the network layer may include a con-
volution layer, and a size of the weighted tensor of the
convolution layer may be S3S3I3O;
the splitting module 520 may be further configured for:
for each of the filters of the convolution layer, converting
the filter into the linear combination of the plurality of
fixed-point convolution kernels by the splitting the filter
based on a preset splitting formula; wherein, the preset
splitting formula is: 

wherein, wi is an ith filter of the convolution layer, i∈[1,
O], p is the number of the fixed-point convolution kernels
obtained by splitting the filter wi, αj is a preset linear
weighting coefficient of a jth fixed-point convolution ker-
nel, tj is the jth fixed-point convolution kernel and the size
of tj is S 3 S 3 I, B is the preset quantized number of
bits, and bj is a specified bit-width corresponding to the
jth fixed-point convolution kernel.
[0056] Optionally, the operation module 530 may be
further configured for:
for each of the filters of the convolution layer, weighting
the convolution results of the fixed-point convolution ker-
nels based on the preset linear weighting coefficients of
the fixed-point convolution kernels of the filter and calcu-
lating a sum of weighted convolution results to obtain the
operation result of the filter.
[0057] Optionally, the network layer may include a fully
connected layer. The size of the weighted tensor of the
fully connected layer may be M3N and each of the filters
of the fully connected layer may be a 13N vector.
[0058] The splitting module 520 may be further config-
ured for:
for each of the 13N vectors of the fully connected layer,
converting the vector into the linear combination of the
plurality of fixed-point convolution kernels by splitting the
vector based on a preset splitting formula; wherein, the
preset splitting formula is: 

wherein, vx is an xth 13N vector of the fully connected
layer, x∈[1,M], q is the number of the fixed-point convo-
lution kernels obtained by splitting the vector vx, βy is a
preset linear weighting coefficient of a yth fixed-point con-
volution kernel, ty is the yth fixed-point convolution kernel

and the size of ty is 13N, B is the preset quantized number
of bits, and by is a specified bit-width corresponding to
the yth fixed-point convolution kernel.
[0059] Optionally, the operation module 530 may be
further configured for:
for each of the 13N vectors of the fully connected layer,
weighting the convolution results of the fixed-point con-
volution kernels based on the preset linear weighting co-
efficients of the fixed-point convolution kernels of the vec-
tor and calculating a sum of the weighted convolution
results to obtain the operation result of the vector.
[0060] In the embodiment, a weighted tensor of a net-
work layer in a Deep Neural Network is acquired; for each
of the filters in the weighted tensor of the network layer,
the filter is split to be converted into a linear combination
of a plurality of fixed-point convolution kernels; a convo-
lution operation is performed on input data of the network
layer and each of the fixed-point convolution kernels of
the filter, respectively, to obtain a plurality of convolution
results; a weighted sum of the convolution results is cal-
culated based on the linear combination of the plurality
of fixed-point convolution kernels of the filter to obtain an
operation result of the filter; and the output data of the
network layer, which is composed of the operation results
of the filters, is determined. Since the weight value of
each of the fixed-point convolution kernels is a fixed-point
quantized value having the specified bit-width and the
amount of operations for the fixed-point quantized value
is smaller than the amount of operations for the floating
point number, the amount of operations in each operation
task for DNN can be reduced and thus the operating ef-
ficiency for DNN can be improved by performing a fixing-
point quantization on a floating point number, and con-
verting a filter including a floating-point weight value in
the weighted tensor of the network layer into a linear com-
bination of a plurality of fixed-point convolution kernels,
each including a fixed-point quantized weight value.
[0061] For improving the operating efficiency for DNN,
an embodiment of the present application further pro-
vides an electronic device. As shown in FIG. 6, the elec-
tronic device includes a processor 601 and a machine-
readable storage medium 602.
[0062] The machine-readable storage medium 602
stores machine-executable instructions that are execut-
able by the processor 601.
[0063] The processor 601 is caused by the machine-
executable instructions stored in the machine-readable
storage medium 602 to perform the operation method for
a network layer in a Deep Neural Network provided by
the embodiment of the present application.
[0064] Data transmission may be implemented be-
tween the machine-readable storage medium 602 and
the processor 601 in a wired connection or wireless con-
nection manner. The electronic device can communicate
with other devices via wired communication interfaces or
wireless communication interfaces.
[0065] The machine-readable storage medium may in-
clude a Random Access Memory (RAM), or a Non-vol-
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atile Memory (NVM), for example, at least one magnetic
disk memory. Optionally, the machine-readable storage
medium may also be at least one storage apparatus lo-
cated away from the processor.
[0066] The processor may be a general-purpose proc-
essor, including a Central Processing Unit (CPU), a Net-
work Processor (NP), etc.; it may also be a Digital Signal
Processor (DSP), an Application Specific Integrated Cir-
cuit (ASIC), a Field-Programmable Gate Array (FPGA)
or other programmable logic devices, discrete gates or
transistor logic devices, discrete hardware components.
[0067] In this embodiment, the processor of the elec-
tronic device, by reading the machine-executable in-
structions stored in the machine-readable medium and
executing the machine-executable instructions, can ac-
quire a weighted tensor of a network layer in a Deep
Neural Network; for each of the filters in the weighted
tensor of the network layer, convert the filter into a linear
combination of a plurality of fixed-point convolution ker-
nels by splitting the filter; perform a convolution operation
on input data of the network layer and each of the fixed-
point convolution kernels of the filter, respectively, to ob-
tain a plurality of convolution results, and calculate a
weighted sum of the convolution results based on the
linear combination of the plurality of fixed-point convolu-
tion kernels of the filter to obtain an operation result of
the filter; and determine output data of the network layer,
which is composed of the operation results of the filters.
Since the weight value of each of the fixed-point convo-
lution kernels is a fixed-point quantized value having the
specified bit-width and the amount of operations for the
fixed-point quantized value is smaller than the amount
of operations for the floating point number, the amount
of operations in each operation task for DNN can be re-
duced and thus the operating efficiency for DNN can be
improved by performing a fixing-point quantization on a
floating point number, and converting a filter including a
floating-point weight value in the weighted tensor of the
network layer into a linear combination of a plurality of
fixed-point convolution kernels, each including a fixed-
point quantized weight value.
[0068] Further, corresponding to the operation method
for a network layer in a Deep Neural Network according
to the embodiment, an embodiment of the present appli-
cation provides a machine-readable storage medium
having stored thereon machine-executable instructions.
The machine-executable instructions cause a processor
to perform the operation method for a network layer in a
Deep Neural Network provided by the embodiment of the
present application.
[0069] In this embodiment, the machine-readable stor-
age medium stores the machine-executable instructions.
The instructions, when executed, perform the operation
method for a network layer in a Deep Neural Network
provided by the embodiment of the present application,
including: acquiring a weighted tensor of a network layer
in a Deep Neural Network; for each of the filters in the
weighted tensor of the network layer, converting the filter

into a linear combination of a plurality of fixed-point con-
volution kernels by splitting the filter; performing a con-
volution operation on input data of the network layer and
each of the fixed-point convolution kernels of the filter,
respectively, to obtain a plurality of convolution results,
and calculating a weighted sum of the convolution results
based on the linear combination of the plurality of fixed-
point convolution kernels of the filter to obtain an opera-
tion result of the filter; determining output data of the net-
work layer, which is composed of the operation results
of the filters. Since the weight value of each of the fixed-
point convolution kernels is a fixed-point quantized value
having the specified bit-width and the amount of opera-
tions for the fixed-point quantized value is smaller than
the amount of operations for the floating point number,
the amount of operations in each operation task for DNN
can be reduced and thus the operating efficiency for DNN
can be improved by performing a fixing-point quantization
on a floating point number, and converting a filter includ-
ing a floating-point weight value in the weighted tensor
of the network layer into a linear combination of a plurality
of fixed-point convolution kernels, each including a fixed-
point quantized weight value.
[0070] Further, an embodiment of the present applica-
tion further provides an application program. The appli-
cation program, when executed, performs the method
for a network layer in a Deep Neural Network provided
by the embodiment of the present application.
[0071] In the embodiment of the present application,
the application program, when executed, performs the
operation method for a network layer in a Deep Neural
Network provided by the embodiment of the present ap-
plication, including: acquiring a weighted tensor of a net-
work layer in a Deep Neural Network; for each of the
filters in the weighted tensor of the network layer, con-
verting the filter into a linear combination of a plurality of
fixed-point convolution kernels by splitting the filter; per-
forming a convolution operation on input data of the net-
work layer and each of the fixed-point convolution kernels
of the filter, respectively, to obtain a plurality of convolu-
tion results, and calculating a weighted sum of the con-
volution results based on the linear combination of the
plurality of fixed-point convolution kernels of the filter to
obtain an operation result of the filter; determining output
data of the network layer, which is composed of the op-
eration results of the filters. Since the weight value of
each of the fixed-point convolution kernels is a fixed-point
quantized value having the specified bit-width and the
amount of operations for the fixed-point quantized value
is smaller than the amount of operations for the floating
point number, the amount of operations in each operation
task for DNN can be reduced and thus the operating ef-
ficiency for DNN can be improved by performing a fixing-
point quantization on a floating point number, and con-
verting a filter including a floating-point weight value in
the weighted tensor of the network layer into a linear com-
bination of a plurality of fixed-point convolution kernels,
each including a fixed-point quantized weight value.
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[0072] The embodiments of the electronic device, the
machine-readable medium and the application program
are described briefly, since they are substantially similar
to the embodiment of the method. Related contents can
refer to the part that describes the embodiment of the
method.
[0073] It should be noted that the relationship terms
used herein, such as "first", "second" and the like are
only to distinguish one entity or operation from another
entity or operation, but do not necessarily require or imply
that there is an actual relationship or order between these
entities or operations. Moreover, the terms "include",
"comprise", or any other variants thereof are intended to
cover a non-exclusive inclusion, such that processes,
methods, articles or devices, including a series of ele-
ments, include not only those elements that have been
listed, but also other elements that are not specifically
listed or the elements intrinsic to these processes, meth-
ods, articles or devices. Without further limitations, ele-
ments limited by the wording "include(s) a/an..." or "com-
prise(s) a/an..." do not exclude additional identical ele-
ments in the processes, methods, articles or devices,
including the listed elements.
[0074] All of the embodiments in the description are
described in a correlated manner, and identical or similar
parts in various embodiments can refer to one another.
In addition, the description for each embodiment focuses
on the differences from other embodiments. In particular,
the embodiments of the apparatus, the electronic device,
the machine-readable medium and the application pro-
gram are described briefly, since they are substantially
similar to the embodiment of the method, and the related
contents can refer to the description of the embodiment
of the method.
[0075] The embodiments described above are simply
preferable embodiments of the present application, and
are not intended to limit the scope of protection of the
present application. Any modifications, alternatives, im-
provements, or the like within the spirit and principle of
the present application shall be included within the scope
of protection of the present application.

Claims

1. An operation method for a network layer in a Deep
Neural Network, comprising:

acquiring a weighted tensor of the network layer
in the Deep Neural Network, wherein the weight-
ed tensor comprises a plurality of filters;
for each of the filters of the network layer, con-
verting the filter into a linear combination of a
plurality of fixed-point convolution kernels by
splitting the filter, wherein a weight value of each
of the fixed-point convolution kernels is a fixed-
point quantized value having a specified bit-
width;

for each of filters of the network layer, performing
a convolution operation on input data of the net-
work layer and each of the fixed-point convolu-
tion kernels of the filter, respectively, to obtain
a plurality of convolution results, and calculating
a weighted sum of the obtained convolution re-
sults based on the linear combination of the plu-
rality of fixed-point convolution kernels of the fil-
ter to obtain an operation result of the filter; and
determining output data of the network layer,
which is composed of the obtained operation re-
sults of the filters.

2. The method of claim 1, wherein, before for each of
the filters of the network layer, converting the filter
into the linear combination of the plurality of fixed-
point convolution kernels by splitting the filter, the
method further comprises:

determining a preset quantized number of bits
based on a preset application precision of the
Deep Neural Network;
for each of the filters of the network layer, con-
verting the filter into the linear combination of
the plurality of fixed-point convolution kernels by
splitting the filter comprises:
for each of the filters of the network layer, con-
verting the filter into the linear combination of
the plurality of fixed-point convolution kernels by
splitting the filter based on the preset quantized
number of bits; wherein, a sum of specified bit-
widths corresponding to the fixed-point convo-
lution kernels is equal to the preset quantized
number of bits.

3. The method of claim 1 or 2, wherein, the network
layer comprises a convolution layer, and a size of
the weighted tensor of the convolution layer is
S3S3I3O;
for each of the filters of the network layer, converting
the filter into the linear combination of the plurality
of fixed-point convolution kernels by splitting the filter
comprises:
for each of the filters of the convolution layer, con-
verting the filter into the linear combination of the
plurality of fixed-point convolution kernels by the
splitting the filter based on a preset splitting formula;
wherein, the preset splitting formula is: 

wherein, wi is an ith filter of the convolution layer,
i∈[1,O], p is the number of the fixed-point convolution
kernels obtained by splitting the filter wi, αj is a preset
linear weighting coefficient of a jth fixed-point convo-
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lution kernel, tj is the jth fixed-point convolution kernel
and the size of tj is S 3 S 3 I, B is the preset quantized
number of bits, and bj is a specified bit-width corre-
sponding to the jth fixed-point convolution kernel.

4. The method of claim 3, wherein, calculating the
weighted sum of the obtained convolution results
based on the linear combination of the plurality of
fixed-point convolution kernels of the filter to obtain
the operation result of the filter comprises:
for each of the filters of the convolution layer, weight-
ing the convolution results of the fixed-point convo-
lution kernels based on the preset linear weighting
coefficients of the fixed-point convolution kernels of
the filter and calculating a sum of the weighted con-
volution results to obtain the operation result of the
filter.

5. The method of claim 1 or 2, wherein, the network
layer comprises a fully connected layer, a size of the
weighted tensor of the fully connected layer is M3N,
and each of filters of the fully connected layer is a
13N vector;
for each of the filters of the network layer, converting
the filter into the linear combination of the plurality
of fixed-point convolution kernels by splitting the filter
comprises:
for each of the 13N vectors of the fully connected
layer, converting the vector into the linear combina-
tion of the plurality of fixed-point convolution kernels
by splitting the vector based on a preset splitting for-
mula; wherein, the preset splitting formula is: 

wherein, vx is an xth 13N vector of the fully connected
layer, x∈[1,M], q is the number of the fixed-point con-
volution kernels obtained by splitting the vector vx,
βy is a preset linear weighting coefficient of a yth fixed-
point convolution kernel, ty is the yth fixed-point con-
volution kernel and the size of ty is 13N, B is the
preset quantized number of bits, and by is a specified
bit-width corresponding to the yth fixed-point convo-
lution kernel.

6. The method of claim 5, wherein, calculating the
weighted sum of the obtained convolution results
based on the linear combination of the plurality of
fixed-point convolution kernels of the filter to obtain
the operation result of the filter comprises:
for each of the 13N vectors of the fully connected
layer, weighting the convolution results of the fixed-
point convolution kernels based on the preset linear
weighting coefficients of the fixed-point convolution

kernels of the vector and calculating a sum of the
weighted convolution results to obtain the operation
result of the vector.

7. An operation apparatus for a network layer in a Deep
Neural Network, comprising:

an acquiring module configured for acquiring a
weighted tensor of the network layer in the Deep
Neural Network, wherein the weighted tensor
comprises a plurality of filters;
a splitting module configured for: for each of the
filters of the network layer, converting the filter
into a linear combination of a plurality of fixed-
point convolution kernels by splitting the filter,
wherein a weight value of each of the fixed-point
convolution kernels is a fixed-point quantized
value having a specified bit-width;
an operation module configured for: for each of
filters of the network layer, performing a convo-
lution operation on input data of the network lay-
er and each of the fixed-point convolution ker-
nels of the filter, respectively, to obtain a plurality
of convolution results, and calculating a weight-
ed sum of the obtained convolution results
based on the linear combination of the plurality
of fixed-point convolution kernels of the filter to
obtain an operation result of the filter; and
a determination module configured for determin-
ing output data of the network layer, which is
composed of the obtained operation results of
the filters.

8. The apparatus of claim 7, wherein, the acquiring
module is further configured for:
determining a preset quantized number of bits based
on a preset application precision of the Deep Neural
Network;
the splitting module is further configured for:
for each of the filters of the network layer, converting
the filter into the linear combination of the plurality
of fixed-point convolution kernels by splitting the filter
based on the preset quantized number of bits;
wherein, a sum of specified bit-widths corresponding
to the fixed-point convolution kernels is equal to the
preset quantized number of bits.

9. The apparatus of claim 7 or 8, wherein, the network
layer comprises a convolution layer, and a size of
the weighted tensor of the convolution layer is
S3S3I3O;
the splitting module is further configured for:
for each of the filters of the convolution layer, con-
verting the filter into the linear combination of the
plurality of fixed-point convolution kernels by the
splitting the filter based on a preset splitting formula;
wherein, the preset splitting formula is: 
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wherein, wi is an ith filter of the convolution layer,
i∈[1,O], p is the number of the fixed-point convolution
kernels obtained by splitting the filter wi, αj is a preset
linear weighting coefficient of a jth fixed-point convo-
lution kernel, tj is the jth fixed-point convolution kernel
and the size of tj is S 3 S 3 I, B is the preset quantized
number of bits, and bj is a specified bit-width corre-
sponding to the jth fixed-point convolution kernel.

10. The apparatus of claim 9, wherein, the operation
module is further configured for:
for each of the filters of the convolution layer, weight-
ing the convolution results of the fixed-point convo-
lution kernels based on the preset linear weighting
coefficients of the fixed-point convolution kernels of
the filter and calculating a sum of the weighted con-
volution results to obtain the operation result of the
filter.

11. The apparatus of claim 7 or 8, wherein, the network
layer comprises a fully connected layer, a size of the
weighted tensor of the fully connected layer is M3N,
and each of filters of the fully connected layer is a
13N vector;
the splitting module is further configured for:
for each of the 13N vectors of the fully connected
layer, converting the vector into the linear combina-
tion of the plurality of fixed-point convolution kernels
by splitting the vector based on a preset splitting for-
mula; wherein, the preset splitting formula is: 

wherein, vx is an xth 1 3N vector of the fully connect-
ed layer, x∈[1,M], q is the number of the fixed-point
convolution kernels obtained by splitting the vector
vx, βy is a preset linear weighting coefficient of a yth

fixed-point convolution kernel, ty is the yth fixed-point
convolution kernel and the size of ty is 13N, B is the
preset quantized number of bits, and by is a specified
bit-width corresponding to the yth fixed-point convo-
lution kernel.

12. The apparatus of claim 11, wherein, the operation
module is further configured for:
for each of the 13N vectors of the fully connected
layer, weighting the convolution results of the fixed-
point convolution kernels based on the preset linear
weighting coefficients of the fixed-point convolution

kernels of the vector and calculating a sum of the
weighted convolution results to obtain the operation
result of the vector.

13. An electronic device, comprising a processor and a
machine-readable storage medium; wherein, the
machine-readable storage medium stores machine-
executable instructions, which are executed by the
processor, so as to cause the processor to perform
the method of any one of claims 1-6.

14. A machine-readable storage medium having stored
thereon machine-executable instructions; wherein,
the machine-executable instructions are called and
executed by the processor, so as to cause the proc-
essor to perform the method of any one of claims 1-6.

15. An application program, which, when executed, per-
forms the method of any one of claims 1-6.
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