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Description

FIELD OF THE TECHNOLOGY

[0001] The present disclosure relates to the field of speech processing technologies, and specifically, to a speech
enhancement method and apparatus, a device, and a storage medium.

BACKGROUND OF THE DISCLOSURE

[0002] Due to the convenience and timeliness of voice communication, voice communication is increasingly widely
applied. For example, speechsignals are transmittedbetweenconferenceparticipants of cloud conferencing.However, in
voice communication, noise may be mixed in speech signals, and the noise mixed in the speech signals leads to poor
communication quality and greatly affects the auditory experience of the user. Therefore, how to enhance the speech to
remove noise is a technical problem urgently needs to be resolved in the related art.
[0003] CN 111554323 A discloses a method for voice processing in a voice communication system for compensating
lost packets.

SUMMARY

[0004] Embodiments of the present disclosure provide a speech enhancement method and apparatus, a device, and a
storage medium, to implement speech enhancement and improve quality of a speech signal.
[0005] Other features and advantages of the present disclosure become obvious through the following detailed
descriptions, or may be partially learned through the practice of the present disclosure.
[0006] According toanaspect of theembodimentsof thepresent disclosure, aspeechenhancementmethod isprovided
according to claim 1.
[0007] According to another aspect of the present disclosure embodiment, a speech enhancement apparatus is
provided according to claim 10.
[0008] According to another aspect of the present disclosure embodiment, an electronic device is provided, including: a
processor; amemory, storing computer-readable instructions, the computer-readable instructions, when executed by the
processor, implementing the speech enhancement method described above.
[0009] According to another aspect of the present disclosure embodiment, a computer-readable storage medium is
provided, storing computer-readable instructions, the computer-readable instructions, when executed by a processor,
implementing the speech enhancement method described above.
[0010] It is tobeunderstood that the foregoinggeneral descriptionsand the followingdetaileddescriptionsaremerely for
illustration and explanation purposes and are not intended to limit the present disclosure.

BRIEF DESCRIPTION OF THE DRAWINGS

[0011] The accompanying drawings herein, which are incorporated into the specification and constitute a part of this
specification, show embodiments that conform to the present disclosure, and are used for describing a principle of the
present disclosure together with this specification. Apparently, the accompanying drawings in the following description
show merely some embodiments of the present disclosure, and a person of ordinary skill in the art may still derive other
drawings from the accompanying drawings without creative efforts. In the accompanying drawings:

FIG. 1 is a schematic diagramof a voice communication link in aVoice over Internet Protocol (VoIP) systemaccording
to one embodiment.

FIG. 2 is a schematic diagram of a digital model of generation of a speech signal.

FIG. 3a is a schematic diagram of a frequency response of an original speech signal.

FIG. 3b is a schematic diagramof a frequency responseof a glottal filter obtained bydecomposing theoriginal speech
signal.

FIG. 3c is a schematic diagram of a frequency response of an excitation signal obtained by decomposing the original
speech signal.

FIG. 4 is a flowchart of a speech enhancement method according to an embodiment of the present disclosure.
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FIG. 5 is a flowchart of step 440 of the embodiment corresponding to FIG. 4 in an embodiment.

FIG. 6 is a schematic diagram of performing a short-time Fourier transform on a speech frame in a windowed
overlapping manner according to an embodiment of the present disclosure.

FIG. 7 is a flowchart of speech enhancement according to a specific embodiment of the present disclosure.

FIG. 8 is a schematic diagram of a first neural network according to an embodiment of the present disclosure.

FIG. 9 is a schematic diagram of an input and an output of a first neural network according to another embodiment of
the present disclosure.

FIG. 10 is a schematic diagram of a second neural network according to an embodiment of the present disclosure.

FIG. 11 is a schematic diagram of a third neural network according to an embodiment of the present disclosure.

FIG.12 isablockdiagramofaspeechenhancementapparatusaccording toanembodimentof thepresentdisclosure.

FIG. 13 is a schematic structural diagram of a computer system adapted to implement an electronic device according
to an embodiment of the present disclosure.

DESCRIPTION OF EMBODIMENTS

[0012] Now,exemplary implementationsaredescribedcomprehensivelywith reference to theaccompanyingdrawings.
However, the exemplary implementations can be implemented in various forms and are not to be understood as being
limited to the examples described herein. Conversely, the implementations are provided to make the present disclosure
more comprehensive and complete, and comprehensively convey the idea of the examples of the implementations to a
person skilled in the art.
[0013] In the following descriptions, a lot of specific details are provided to give a full understanding of the embodiments
of the present disclosure. However, a person skilled in the art is to be aware of that, the technical solutions in the present
disclosuremaybe implementedwithoutoneormoreof theparticular details, orothermethods, unit, apparatus,or stepmay
be adopted. In other cases, well-known methods, apparatuses, implementations, or operations are not shown or
described in detail, to avoid obscuring the aspects of the present disclosure.
[0014] The block diagram shown in the accompanying drawings is merely a functional entity and does not necessarily
correspond to a physically independent entity. To be specific, such functional entities may be implemented in the form of
software, or implemented in one or more hardware modules or integrated circuits, or implemented in different networks
and/or processor apparatuses and/or microcontroller apparatuses.
[0015] The flowcharts shown in the accompanying drawings are merely examples for descriptions, do not necessarily
include all content and operations/steps, and are not necessarily performed in the described orders. For example, some
operations/stepsmay be further divided, while someoperations/stepsmaybe combined or partially combined. Therefore,
an actual execution order may vary depending on an actual situation.
[0016] "Plurality of"mentioned in thespecificationmeans twoormore. "And/or" describesanassociation relationship for
describing associated objects and represents that three relationships may exist. For example, A and/or B may represent
the following three cases: Only A exists, both A and B exist, and only B exists. The character "/" generally indicates an "or"
relationship between associated objects.
[0017] Noise in a speech signal may greatly reduce the speech quality and affect the auditory experience of a user.
Therefore, to improve the quality of the speech signal, it is necessary to enhance the speech signal to remove the noise as
much as possible and keep an original speech signal (that is, a pure signal excluding noise) in the signal. To enhance a
speech, solutions of the present disclosure are provided.
[0018] Thesolutionsof thepresent disclosureareapplicable toanapplication scenario of a voice call, for example, voice
communication performed through an instant messaging application or a voice call in a game application. Specifically,
speechenhancementmaybeperformedaccording to thesolutionof thepresent disclosureat a transmit endof a speech, a
receive end of the speech, or a server end providing a voice communication service.
[0019] The cloud conferencing is an important part of the online office. In the cloud conferencing, after acquiring a
speech signal of a speaker, a sound acquisition apparatus of a participant of the cloud conferencing needs to transmit the
acquired speech signal to other conferenceparticipants. This process involves transmissionof the speech signal between
a plurality of participants and playback of the speech signal. If a noise signal mixed in the speech signal is not processed,
theauditoryexperiencesof theconferenceparticipantsaregreatlyaffected. In suchascenario, thesolutionsof thepresent
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disclosure are applicable to enhancing the speech signal in the cloud conferencing, so that a speech signal heard by the
conference participants is the enhanced speech signal, and the quality of the speech signal is improved.
[0020] The cloud conferencing is an efficient, convenient, and low-cost conference form based on the cloud computing
technology. A user canquickly and efficiently share speeches, data files, and videoswith teamsandcustomers around the
world synchronously by only performing simple and easy operations through an Internet interface, and for complex
technologies, such as transmission and processing of data, in the conference, the cloud conferencing provider helps the
user to perform operations.
[0021] At present, the cloud conferencing in China mainly focuses on service content with the Software as a Service
(SaaS) mode as the main body, including service forms such as a telephone, a network, and a video. Cloud computing-
based video conferencing is referred to as cloud conferencing. In the cloud conferencing era, transmission, processing,
and storage of data are all performed by computer resources of the video conference provider. A user can conduct an
efficient remote conference by only opening a client and entering a corresponding interfacewithout purchasing expensive
hardware and installing cumbersome software.
[0022] The cloud conferencing system supports multi-server dynamic cluster deployment, and provides a plurality of
high-performance servers, to greatly improve the stability, security, and usability of the conference. In recent years, since
the video conference can greatly improve communication efficiency, continuously reduce communication costs, and
upgrade the internalmanagement level, the video conference iswelcomedbymanyusers, and has beenwidely applied to
various fields such as government, military, traffic, transportation, finance, operators, education, and enterprises.
[0023] FIG. 1 is a schematic diagram of a voice communication link in a VoIP system according to one embodiment. As
shown in FIG. 1, based on a network connection between a transmit end 110 and a receive end 120, the transmit end 110
and the receive end 120 can perform speech transmission.
[0024] As shown in FIG. 1, the transmit end 110 includes an acquisition module 111, a pre-enhancement module 112,
and an encoding module 113. The acquisition module 111 is configured to acquire a speech signal, and can convert an
acquired acoustic signal into a digital signal. The pre-enhancement module 112 is configured to enhance the acquired
speechsignal to removenoise from theacquired speechsignal and improve thequality of the speechsignal. Theencoding
module 113 is configured to encode the enhanced speech signal to improve interference immunity of the speech signal
during transmission. Thepre-enhancementmodule 112 canperformspeech enhancement according to themethodof the
present disclosure. After being enhanced, the speech canbe further encoded, compressed, and transmitted. In thisway, it
can be ensured that the signal received by the receive end is not affected by the noise any more.
[0025] The receive end120 includes adecodingmodule 121, a post-enhancementmodule 122, and aplaybackmodule
123. The decoding module 121 is configured to decode the received encoded speech signal to obtain a decoded speech
signal. The post-enhancement module 122 is configured to enhance the decoded speech signal. The playback module
123 is configured to play the enhanced speech signal. The post-enhancement module 122 can also perform speech
enhancement according to the method of the present disclosure. In some embodiments, the receive end 120 may also
include a sound effect adjustment module. The sound effect adjustment module is configured to perform sound effect
adjustment on the enhanced speech signal.
[0026] In one embodiment, speech enhancement can be performed only on the receive end 120 or the transmit end 110
according to themethod of the present disclosure, and certainly, speech enhancementmay also be performedonboth the
transmit end 110 and the receive end 120 according to the method of the present disclosure.
[0027] In some application scenarios, in addition to supporting VoIP communication, the terminal device in the VoIP
systemcanalso support another third-party protocol, for example, thePublicSwitchedTelephoneNetwork (PSTN) circuit-
switched domain phone, but cannot perform speech enhancement in thePSTNservice, cannot beperformed, and in such
a scenario, can perform speech enhancement according to the method of the present disclosure as a terminal of the
receive end.
[0028] Before the solutions of the present disclosure are described in detail, it is necessary to introduce generation of a
speechsignal.A speechsignal is generatedbyphysiologicalmovement of thehumanvocal organsunder thecontrol of the
brain, that is, anairflow rushingout of the tracheaand lungsof a personcontinuously impacts the vocal cord, soas to cause
the vocal cord to vibrate and produce sound (i.e. output the speech signal). In other words, at the trachea and lungs, the
airflowwith specific energy (i.e., a noise-like signal, which is equivalent to an excitation signal) is produced. The excitation
signal impacts the vocal cord of the person (the vocal cord is equivalent to a glottal filter), to generate quasi-periodic
opening and closing. Herein, the excitation signal is regarded as an input signal of the glottal filter. Through the
amplification performed by the mouth, a sound is made (a speech signal is outputted).
[0029] FIG. 2 is a schematic diagram of a digital model of generation of a speech signal. The generation process of the
speech signal canbedescribedbyusing thedigitalmodel. As shown inFIG. 2, after theexcitation signal impacts theglottal
filter, a speech signal is outputted after gain control is performed. The glottal filter is defined by a glottal parameter. This
process can be expressed by using the following formula:
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where x(n) represents an inputted speech signal, G represents a gain, and may also be referred to as a linear prediction
gain, r(n) represents an excitation signal, and ar(n) represents a glottal filter.
[0030] FIGS. 3a‑3c show frequency responses of an excitation signal and a glottal filter obtained by decomposing an
original speech signal. FIG. 3a is a schematic diagram of a frequency response of the original speech signal. FIG. 3b is a
schematicdiagramofa frequency responseofaglottal filterobtainedbydecomposing theoriginal speechsignal. FIG.3c is
a schematic diagramof a frequency response of an excitation signal obtained by decomposing the original speech signal.
As shown in FIGS. 3a‑3c, a fluctuating part in a schematic diagram of a frequency response of an original speech signal
corresponds to a peak position in a schematic diagram of a frequency response of a glottal filter. An excitation signal is
equivalent toa residual signal after linearprediction (LP)analysis isperformedon theoriginal speechsignal, and therefore,
its corresponding frequency response is relatively smooth.
[0031] Ascanbeseen from theabove, anexcitationsignal, aglottal filter, andagain canbeobtainedbydecomposingan
original speech signal (that is, a speech signal that does not include noise), and the excitation signal, the glottal filter, and
the gain obtained by decomposition may be used for expressing the original speech signal. The glottal filter can be
expressed by a glottal parameter. Conversely, when an excitation signal, a glottal parameter used for determining a glottal
filter, and a gain that correspond to an original speech signal are known, then the original speech signal can be
reconstructed according to the corresponding excitation signal, glottal filter, and gain.
[0032] The solution of the present disclosure is just based on this principle. A glottal parameter, an excitation signal, and
gain corresponding to an original speech signal in a to-be-processed speech signal are predicted according to the speech
signal. Then, speech synthesis is performed based on the obtained glottal parameter, excitation signal, and gain. The
speech signal obtained by synthesis is equivalent to the original speech signal in the to-be-processed speech signal.
Therefore, the signal obtained by synthesis is equivalent to a signal with noise removed This process enhances the to-be-
processed speech signal. Therefore, the signal obtained by synthesis may also be referred to as an enhanced speech
signal corresponding to the to-be-processed speech signal.
[0033] FIG. 4 is a flowchart of a speech enhancement method according to an embodiment of the present disclosure.
Thismethodmaybeperformedby a computer devicewith computing andprocessing capabilities, for example, a server or
a terminal, which is not specifically limited herein. Referring to FIG. 4, the method includes at least steps 410 to 440,
specifically described as follows:
[0034] Step 410: Determine a glottal parameter corresponding to a target speech frame according to a frequency
domain representation of the target speech frame.
[0035] The speech signal varies with time rather than steadily and randomly. However, the speech signal is strongly
correlated in a short time. That is, the speech signal has short-time correlation. Therefore, in the solution of the present
disclosure, a speech frame is used as a unit for speech enhancement. The target speech frame is a current to-be-
enhanced speech frame.
[0036] The frequency domain representation of a target speech frame can be obtained by performing a time-frequency
transformon a time domain signal of the target speech frame. The time-frequency transformmay be, for example, a short-
time Fourier transform (STFT). The frequency domain representation may be an amplitude spectrum, a complex
spectrum, or the like, which is not specifically limited herein.
[0037] The glottal parameter refers to a parameter used for constructing a glottal filter. When the glottal parameter is
determined, then the glottal filter is determined correspondingly. The glottal filter is a digital filter. The glottal parameter can
bea linear predictivecoding (LPC)coefficient or a linespectral frequency (LSF)parameter.Aquantity of glottal parameters
corresponding to the target speech frame is related toanorder of theglottal filter.When theglottal filter isaK-order filter, the
glottal parameter includes a K-order LSF parameter or a K-order LPC coefficient. The LSF parameter and the LPC
coefficient can be converted into each other.
[0038] A p-order glottal filter may be expressed as:

where a1, a2, ..., and ap are LPC coefficients; p is an order of the glottal filter; and z is an input signal of the glottal filter.
[0039] Based on formula 2, if
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it can be obtained that:

[0040] In the physical sense, P(z) andQ(z) respectively represent periodical variation laws of glottal opening and glottal
closure. Roots of multinomials P(z) and Q(z) appear alternately on a complex plane, and are a series of angular
frequencies distributed on a unit circle on the complex plane. The LSF parameter is angular frequencies corresponding
to the roots of P(z) and Q(z) on the unit circle on the complex plane. The LSF parameter LSF(n) corresponding to the nth
speech framemay be expressed as ωn. Certainly, the LSF parameter LSF(n) corresponding to the nth speech framemay
also be directly expressed as a root of P(z) corresponding to the nth speech frame and a root of Q(z) corresponding to the
nth speech frame.When roots ofP(z) andQ(z) corresponding to thenth speech framearedefinedasθn, theLSFparameter
corresponding to the nth speech frame is expressed as:

where Rel{θn} represents a real part of a complex number θn; and Imag{θn} represents an imaginary part of the complex
number θn.
[0041] In step 410, the glottal parameter prediction is performed, where the glottal parameter prediction refers to
predicting a glottal parameter used for reconstructing the original speech signal in the target speech frame. In an
embodiment, the glottal parameter corresponding to the target speech frame can be predicted by using a trained neural
network model.
[0042] In some embodiments of the present disclosure, step 410 includes: inputting the frequency domain representa-
tion of the target speech frame into a first neural network, the first neural network being obtained by training according to a
frequency domain representation of a sample speech frame and a glottal parameter corresponding to the sample speech
frame; and outputting, by the first neural network according to the frequency domain representation of the target speech
frame, the glottal parameter corresponding to the target speech frame.
[0043] The first neural network refers to a neural network model used for performing glottal parameter prediction. The
first neural networkmaybeamodel constructed byusing a long short-termmemory neural network, a convolutional neural
network, a cyclic neural network, a fully-connected neural network, or the like, which is not specifically limited herein.
[0044] The frequency domain representation of a sample speech frame is obtained by performing a time-frequency
transformona timedomainsignal of thesamplespeech frame.The frequencydomain representationmaybeanamplitude
spectrum, a complex spectrum, or the like, which is not specifically limited herein.
[0045] In some embodiments of the present disclosure, a signal indicated by the sample speech framemay be obtained
by combining a known original speech signal and a known noise signal. Therefore, when the original speech signal is
known, linear predictive analysis can be performed on the original speech signal, to obtain glottal parameters correspond-
ing to the sample speech frames.
[0046] During training, after the frequency domain representation of the sample speech frame is inputted into the first
neural network, the first neural network performs glottal parameter prediction according to the frequency domain
representation of the sample speech frame, and outputs a predicted glottal parameter. Then, the predicted glottal
parameter is comparedwith the glottal parameter corresponding to theoriginal speech signal in the sample speech frame.
When the two are inconsistent, a parameter of the first neural network is adjusted until the predicted glottal parameter
outputted by the first neural network according to the frequency domain representation of the sample speech frame is
consistent with the glottal parameter corresponding to the original speech signal in the sample speech frame. After the
training ends, the first neural network acquires the capability of accurately predicting a glottal parameter corresponding to
an original speech signal in an inputted speech frame according to a frequency domain representation of the speech
frame.
[0047] In some embodiments of the present disclosure, due to the correlation between speech frames, the frequency
domain feature similarity between twoneighboring speech frames is high. Therefore, a glottal parameter corresponding to
a target speech frame can be predicted with reference to a glottal parameter corresponding to a historical speech frame
before the target speech frame. The historical speech frame is a previous speech frame of the target speech frame, i.e. a
speech framewhich is temporally previousor prior to the target speech frame. Theprevious speech framecanbeadjacent
to the target speech frame.Alternatively, therecanbeoneormore further speech frames temporally arrangedbetween the
previous speech frame and the target speech frame. In this embodiment, step 410 includes: determining the glottal
parameter corresponding to the target speech frame by using a glottal parameter corresponding to the historical speech
frame of the target speech frame as a reference.
[0048] Due to the correlation between the historical speech frame and the target speech frame, there is a similarity
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between the glottal parameter corresponding to the historical speech frame of the target speech frame and the glottal
parameter corresponding to the target speech frame. Therefore, a process of predicting the glottal parameter of the target
speech framecanbe supervisedbyusing theglottal parameter corresponding to theoriginal speech signal in the historical
speech frame of the target speech frame as a reference, which can improve the accuracy rate of glottal parameter
prediction.
[0049] In an embodiment of the present disclosure, a glottal parameter of a speech frame closer to the target speech
framehasahigher similarity. Therefore, the accuracy rate of prediction canbe further ensuredbyusing aglottal parameter
corresponding toahistorical speech frame relatively close to the target speech frameasa reference.For example, aglottal
parameter corresponding to a previous speech frame of the target speech frame can be used as a reference. In one
embodiment, a quantity of historical speech frames used as a reference may be one or more, which can be selected
according to actual needs.
[0050] A glottal parameter corresponding to the historical speech frame of the target speech frame may be a glottal
parameter obtained by performing glottal parameter prediction on the historical speech frame. In other words, during the
glottal parameterprediction, aglottal parameter predictionprocessof acurrent speech frame is supervisedbymultiplexing
a glottal parameter predicted for the historical speech frame.
[0051] According to the invention, inascenarioof predictingaglottal parameter usingafirst neural network, in addition to
using a frequency domain representation of a target speech frame as an input, a glottal parameter corresponding to a
historical speech frame of a target speech frame is also used as an input of the first neural network for glottal parameter
prediction. According to the invention, step 410 includes: inputting the frequency domain representation of the target
speech frameand the glottal parameter corresponding to the historical speech frameof the target speech frame into a first
neural network, the first neural network being obtained by training according to a frequency domain representation of a
sample speech frame, a glottal parameter corresponding to the sample speech frame, and a glottal parameter
corresponding to a historical speech frame of the sample speech frame; and performing, by the first neural network,
prediction according to the frequency domain representation of the target speech frame and the glottal parameter
corresponding to the historical speech frame of the target speech frame, and outputting the glottal parameter correspond-
ing to the target speech frame.
[0052] During training of the first neural network of this embodiment, the frequency domain representation of the sample
speech frame and the glottal parameter corresponding to the historical speech frame of the sample speech frame are
inputted into the first neural network. The first neural network outputs a predicted glottal parameter. When the outputted
predicted glottal parameter is inconsistent with the glottal parameter corresponding to the original speech signal in the
sample speech frame, a parameter of the first neural network is adjusted until the outputted predicted glottal parameter is
consistent with the glottal parameter corresponding to the original speech signal in the sample speech frame. After the
trainingends, the first neural networkacquires thecapability of predicting, according toa frequencydomain representation
of a speech frame and a glottal parameter corresponding to a historical speech frame of the speech frame, a glottal
parameter used for reconstructing an original speech signal in the speech frame.
[0053] Reference may be made to FIG. 4 again. Step 420: Determine a gain corresponding to the target speech frame
according to a gain corresponding to a historical speech frame of the target speech frame.
[0054] Again corresponding toahistorical speech frame is againused for reconstructinganoriginal speechsignal in the
historical speech frame. Likewise, the gain that corresponds to the target speech frame and that is predicted in step 420 is
used for reconstructing the original speech signal in the target speech frame.
[0055] In some embodiments of the present disclosure, gain predictionmay be performed on the target speech frame in
a deep learning manner. That is, gain prediction is performed by using a constructed neural network model. To facilitate
description, a neural network model used for performing gain prediction is referred to as a second neural network. The
second neural network may be a model constructed by using a long short-term memory neural network, a convolutional
neural network, a fully-connected neural network, or the like.
[0056] In an embodiment of the present disclosure, step 420 may include: inputting the gain corresponding to the
historical speech frame of the target speech frame to a second neural network, the second neural network being obtained
by training according to a gain corresponding to a sample speech frame and a gain corresponding to a historical speech
frame of the sample speech frame; and outputting, by the second neural network, the target gain according to the gain
corresponding to the historical speech frame of the target speech frame.
[0057] Asignal indicatedby thesamplespeech framemaybeobtainedbycombiningaknownoriginal speechsignal and
a known noise signal. Therefore, when the original speech signal is known, linear predictive analysis can be performed on
the original speech signal, to correspondingly determine gains corresponding to the sample speech frames, that is, a gain
used for reconstructing the original speech signal in the sample speech frame.
[0058] Thegain corresponding to the historical speech frameof the target speech framemaybeobtained by performing
gain prediction by the second neural network for the historical speech frame. In other words, the gain predicted by the
historical speech frame is multiplexed as an input of the second neural network model in a process of performing gain
prediction on the target speech frame.
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[0059] During training of the secondneural network, the gain corresponding to thehistorical speech frameof the sample
speech frame is inputted into the second neural network, and then, the second neural network performs gain prediction on
the inputted gain corresponding to the historical speech frame of the sample speech frame, and outputs a predicted gain.
Then, a parameter of the second neural network is adjusted according to the predicted gain and the gain corresponding to
the sample speech frame. That is, when the predicted gain is inconsistent with the gain corresponding to the sample
speech frame, the parameter of the second neural network is adjusted until the predicted gain outputted by the second
neural network for the sample speech frame is consistent with the gain corresponding to the sample speech frame. After
the foregoing trainingprocess, thesecondneural network canacquire thecapability of predictingagaincorresponding toa
speech frame according to a gain corresponding to a historical speech frame of the speech frame, so as to accurately
perform gain prediction.
[0060] Step 430: Determine an excitation signal corresponding to the target speech frame according to the frequency
domain representation of the target speech frame.
[0061] In step 430, the excitation signal prediction is performed, where the excitation signal prediction refers to
predicting a corresponding excitation signal used for reconstructing the original speech signal in the target speech
frame. Therefore, the excitation signal corresponding to the target speech frame may be used for reconstructing the
original speech signal in the target speech frame.
[0062] In someembodiments of the present disclosure, excitation signal predictionmaybeperformed inadeep learning
manner. That is, excitation signal prediction is performed by using a constructed neural network model. To facilitate
description, a neural networkmodel used for performingexcitation signal prediction is referred to as a third neural network.
The third neural network may be amodel constructed by using a long short-termmemory neural network, a convolutional
neural network, a fully-connected neural network, or the like.
[0063] In some embodiments of the present disclosure, step 430 may include: inputting the frequency domain
representation of the target speech frame to a third neural network, the third neural network being obtained by training
according to a frequency domain representation of a sample speech frame and a frequency domain representation of an
excitation signal corresponding to the sample speech frame; and outputting, by the third neural network according to the
frequency domain representation of the target speech frame, a frequency domain representation of the excitation signal
corresponding to the target speech frame.
[0064] The excitation signal corresponding to the sample speech frame refers to an excitation signal used for
reconstructing the original speech signal in the sample speech frame. The excitation signal corresponding to the sample
speech frame can be determined by performing linear predictive analysis on the original speech signal in the sample
speech frame. The frequency domain representation of the excitation signal may be an amplitude spectrum, a complex
spectrum, or the like of the excitation signal, which is not specifically limited herein.
[0065] During training of the third neural network, the frequency domain representation of the sample speech frame is
inputted into the third neural network model, and then, the third neural network performs excitation signal prediction
according to the inputted frequencydomain representationof thesamplespeech frame,andoutputsapredicted frequency
domain representation of the excitation signal. Further, a parameter of the third neural network is adjusted according to the
frequency domain representation of the excitation signal and the frequency domain representation of the excitation signal
corresponding to the sample speech frame. That is, when the frequency domain representation of the excitation signal is
inconsistent with the frequency domain representation of the excitation signal corresponding to the sample speech frame,
the parameter of the third neural network is adjusted until the predicted frequency domain representation of the excitation
signal outputted by the third neural network for the sample speech frame is consistent with the frequency domain
representation of the excitation signal corresponding to the sample speech frame.After the foregoing training process, the
third neural network can acquire the capability of predicting an excitation signal corresponding to a speech frame
according to a frequency domain representation of the speech frame, so as to accurately perform excitation signal
prediction.
[0066] Step 440: Synthesize the determined glottal parameter, the determined gain, and the determined excitation
signal, to obtain an enhanced speech signal corresponding to the target speech frame.
[0067] After theglottal parameter corresponding to the target speech frame, thegain corresponding to the target speech
frame, and the excitation signal corresponding to the target speech frame are obtained, linear predictive analysis can be
performed based on the three parameters to implement synthesis, to obtain an enhanced signal corresponding to the
target speech frame. Specifically, a glottal filter may be first constructed according to the glottal parameter corresponding
to the target speech frame, and then, speech synthesis is performed according to the foregoing formula (1) with reference
to the gain and the excitation signal that correspond to the target speech frame, to obtain an enhanced speech signal
corresponding to the target speech frame.
[0068] In some embodiments of the present disclosure, as shown in FIG. 5, step 440 includes steps 510 to 530:
[0069] Step 510: Construct a glottal filter according to the glottal parameter corresponding to the target speech frame.
[0070] When the glottal parameter is an LPC coefficient, the glottal filter can be constructed directly according to the
foregoing formula (2). When the glottal filter is a K-order filter, the glottal parameter corresponding to the target speech
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frame includes a K-order LPC coefficient, that is, a1, a2, ..., aK, in the foregoing formula (2). In other embodiments, a
constant 1 in the foregoing formula (2) may also be used as an LPC coefficient.
[0071] When the glottal parameter is an LSF parameter, the LSF parameter can be converted into an LPC coefficient,
and then, glottal filter is correspondingly constructed according to the foregoing formula (2).
[0072] Step520:Filter theexcitation signal corresponding to the target speech framebyusing theglottal filter, to obtain a
first speech signal.
[0073] The filtering is convolution in time domain. Therefore, the foregoing process of filtering the excitation signal by
using the glottal filter can be transformed to the time domain for processing. Then, based on the predicted frequency
domain representation of the excitation signal corresponding to the target speech frame, the frequency domain
representation of the excitation signal is transformed to the time domain, to obtain a time domain signal of the excitation
signal corresponding to the target speech frame.
[0074] In the solution of the present disclosure, the target speech frame is a digital signal, including a plurality of sample
points. The excitation signal is filtered by using the glottal filter. That is, convolution is performed on a historical sample
point before a sample point and the glottal filter, to obtain a target signal value corresponding to the sample point. In some
embodiments of the present disclosure, the target speech frame includes a plurality of sample points. The glottal filter is a
K-order filter, K being a positive integer. The excitation signal includes excitation signal values respectively corresponding
to the plurality of sample points in the target speech frame. According to the foregoing filtering process, step 520 includes:
for one sample point in the target speech frame, performing convolution on excitation signal values corresponding to K
sample points before the sample point in the target speech frameand theK-order filter, to obtain a target signal value of the
sample point in the target speech frame; and combining target signal values corresponding to the sample points in the
target speech framechronologically, to obtain the first speech signal. For anexpression of theK-order filter, referencemay
bemade to the foregoing formula (1). That is, for eachsamplepoint in the target speech frame, convolution is performedon
excitation signal values corresponding to K sample points before the sample point and the K-order filter, to obtain a target
signal value corresponding to the each sample point.
[0075] Itmaybeunderstood that for the first sample point in the target speech frame, a target signal value corresponding
to the first sample point needs to be calculated by using excitation signal values of the last K sample points in the previous
speech frame of the target speech frame. Likewise, for the second sample point in the target speech frame, convention
needs to be performedonexcitation signal values of the last (K‑1) sample points in the previous speech frameof the target
speech frame and an excitation signal value of the first sample point in the target speech frame and the K-order filter, to
obtain a target signal value corresponding to the second sample point in the target speech frame.
[0076] In conclusion, step 520 requires participation of an excitation signal value corresponding to a historical speech
frameof the target speech frame.Aquantity of samplepoints in the requiredhistorical speech frame is related toanorder of
the glottal filter. That is, when the glottal filter is K-order, participation of excitation signal values corresponding to the last K
sample points in the previous speech frame of the target speech frame is required.
[0077] Step530:Amplify the first speechsignal according to thegaincorresponding to the target speech frame, toobtain
the enhanced speech signal corresponding to the target speech frame.
[0078] Through steps 510 to 530, speech synthesis is performed on the glottal parameter, excitation signal, and gain
predicted for the target speech frame, to obtain the enhanced speech signal of the target speech frame.
[0079] In the solution of the present disclosure, the glottal parameter and the excitation signal that are used for
reconstructing the original speech signal in the target speech frame are predicted based on the frequency domain
representation of the target speech frame, the gain used for reconstructing the original speech signal in the target speech
frame is predicted based on the gain of the historical speech frame of the target speech frame, then, speech synthesis is
performed the predicted glottal parameter, excitation signal, and gain that correspond to the target speech frame, which is
equivalent to constructing the original speech signal in the target speech frame, and the signal obtained through synthesis
is an enhanced speech signal corresponding to the target speech frame, thereby enhancing the speech frame and
improving the quality of the speech signal.
[0080] In related art, speech enhancement may be performed through spectral estimation and spectral regression
prediction. In the spectrum estimation speech enhancement manner, it is considered that a mixed speech includes a
speech part and a noise part, and therefore, noise can be estimated by using a statistical models and the like. A spectrum
corresponding to the noise is subtracted from a spectrum corresponding to the mixed speech, and the remaining is a
speech spectrum. In this way, a clean speech signal is restored according to the spectrum obtained by subtracting the
spectrum corresponding to the noise from the spectrum corresponding to the mixed speech. In the spectral regression
prediction speech enhancement, a masking threshold corresponding to the speech frame is predicted through the neural
network. Themasking threshold reflects a ratio of a speech component and a noise component in each frequency point of
the speech frame. Then, gain control is performed on the mixed signal spectrum according to the masking threshold, to
obtain an enhanced spectrum.
[0081] The foregoing speech enhancement through spectral estimation and spectral regression prediction is based on
estimationof a posterior probability of thenoise spectrum, inwhich theremaybe inaccurateestimatednoise. For example,
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because transient noise, such as keystroke noise, occurs transiently, an estimated noise spectrum is very inaccurate,
resulting in a poor noise suppression effect. When noise spectrum prediction is inaccurate, if the original mixed speech
signal is processed according to the estimated noise spectrum, distortion of a speech in themixed speech signal or a poor
noise suppression effectmaybe caused. Therefore, in this case, a compromise needs to bemadebetween speech fidelity
and noise suppression.
[0082] In the solution of the present disclosure, because the glottal parameter is strongly related to a glottal feature in a
physical process of speech generation, synthesizing a speech according to the predicted glottal parameter effectively
ensures a speech structure of the original speech signal in the target speech frame. Therefore, obtaining the enhanced
speech signal of the target speech framebyperforming synthesis on thepredictedglottal parameter, excitation signal, and
gain can effectively prevent the original speech signal in the target speech frame from being cut down, thereby effectively
protecting the speech structure. Moreover, after the glottal parameter, excitation signal, and gain corresponding to the
target speech frameare predicted, because the original noisy speech is not processed anymore, there is no need tomake
a compromise between speech fidelity and noise suppression.
[0083] In some embodiments of the present disclosure, before step 410, the method further includes: obtaining a time
domain signal of the target speech frame; and performing a time-frequency transform on the time domain signal of the
target speech frame, to obtain the frequency domain representation of the target speech frame.
[0084] The time-frequency transform may be a short-time Fourier transform (STFT). The frequency domain repre-
sentation may be an amplitude spectrum, a complex spectrum, or the like, which is not specifically limited herein.
[0085] In the short-time Fourier transform, a windowed overlapping operation is adopted to eliminate inter-frame non-
smoothing. FIG. 6 is a schematic diagram of windowed overlapping in a short-time Fourier transform according to one
embodiment of the present disclosure. In FIG. 6, a 50%windowed overlapping operation is adopted.When the short-time
Fourier transform is aimed at 640 sample points, a quantity of overlapping samples (hop-size) of the window function is
320. The window function used for windowing may be a Hanning window, and certainly, may also be another window
function, which is not specifically limited herein.
[0086] Inotherembodiments, anon‑50%windowedoverlappingoperationmayalsobeadopted.Forexample,when the
short-time Fourier transform is aimed at 512 sample points, if a speech frame includes 320 sample points, it only needs to
overlap 192 sample points of the previous speech frame.
[0087] In some embodiments of the present disclosure, the obtaining a time domain signal of the target speech frame
includes: a second speech signal, the second speech signal being an acquired speech signal or a speech signal obtained
by decoding an encoded speech; and framing the second speech signal, to obtain the time domain signal of the target
speech frame.
[0088] In some embodiments, the second speech signal may be framed according to a set frame length. The frame
length may be set according to actual needs. For example, the frame length may be set to 20ms.
[0089] As described above, the solution of the present disclosure can be applied to a transmit end for speech
enhancement or to a receive end for speech enhancement.
[0090] Inacase thesolutionof thepresentdisclosure isapplied to the transmit end, thesecondspeechsignal isaspeech
signal acquired by the transmit end, and then the second speech signal is framed, to obtain a plurality of speech frames.
After the speech frame is obtained by framing, each speech frame can be used as the target speech frame, and the target
speech framecanbeenhancedaccording to the foregoingprocessof steps410 to440.Further, after theenhancedspeech
signal corresponding to the target speech frame is obtained, the enhanced speech signal can also be encoded, so as to
perform transmission based on the obtained encoded speech signal.
[0091] Inanembodiment, because thedirectlyacquiredspeechsignal isananalogsignal, to facilitate signal processing,
before framing, the signal further needs to be digitalized. The acquired speech signal can be sampled according to a set
sampling rate. The set sampling rate may be 16000 Hz, 8000 Hz, 32000 Hz, 48000 Hz, or the like, which can be set
specifically according to actual needs.
[0092] When the solution of the present disclosure is applied to the receive end, the second speech signal is a speech
signal obtained by decoding a received encoded speech signal, and after a plurality of speech frames are obtained by
framing the second speech signal. The second speech signal is used as a target speech frame, and the target speech
frame is enhanced according to the foregoing process of steps 410 to 440, to obtain an enhanced speech signal of the
target speech frame. Further, the enhanced speech signal corresponding to the target speech framemay also be played.
Because compared with the signal before the target speech frame is enhanced, the obtained enhanced speech signal
already has noise removed, and quality of the speech signal is higher, for the user, the auditory experience is better.
[0093] The solution of the present disclosure is further described below with reference to certain embodiments.
[0094] FIG. 7 is a flowchart of a speech enhancement method according to one embodiment. It is assumed that the nth
speech frame isusedas the target speech frame,anda timedomainsignal of thenth speech frame is s(n).Asshown inFIG.
7, a time-frequency transform is performed on the nth speech frame in step 710 to obtain a frequency domain
representation S(n) of the nth speech frame. S(n) may be an amplitude spectrum or a complex spectrum, which is not
specifically limited herein.
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[0095] After the frequency domain representation S(n) of the nth speech frame is obtained, the glottal parameter
corresponding to the nth speech frame can be predicted through step 720, and an excitation signal corresponding to the
target speech frame can be obtained through steps 730 and 740.
[0096] In step 720, in an example not covered by the claims, only the frequency domain representation S(n) of the nth
speech frame may be used as an input of the first neural network, or, according to the invention, a glottal parameter
P_pre(n) corresponding to a historical speech frame of the target speech frame and the frequency domain representation
S(n) of the nth speech frame may be used as inputs of the first neural network. The first neural network performs glottal
parameter predictionbasedon the inputted information, to obtain aglottal parameter ar(n) corresponding to thenth speech
frame.
[0097] In step 730, the frequency domain representation S(n) of the nth speech frame is used as an input of the third
neural network. The third neural network performs excitation signal prediction based on the inputted information, to output
a frequency domain representation R(n) of an excitation signal corresponding to the nth speech frame. Based on this, a
frequency-time transform may be performed in step 740 to transform the frequency domain representation R(n) of the
excitation signal corresponding to the nth speech frame into a time domain signal r(n).
[0098] A gain corresponding to the nth speech frame is obtained through step 750. In step 750, a gain G_pre(n) of a
historical speech frame of the nth speech frame is used as an input of the second neural network, and the second neural
network correspondingly performs gain prediction to obtain a gain G_(n) corresponding to the nth speech frame.
[0099] After the glottal parameter ar(n), the excitation signal r(n), and the gain G_(n) that correspond to the nth speech
frame are obtained, synthesis filtering is performed based on the three parameters in step 760, to obtain an enhanced
speechsignal s_e(n) corresponding to thenth speech frame.Specifically, speechsynthesis canbeperformedaccording to
the principle of linear predictive analysis. In a process of performing speech synthesis according to the principle of linear
predictive analysis, information about a historical speech frame needs to be used. Specifically, a process of filtering the
excitation signal by using the glottal filter is performing, for the tth sample point, convolution by using excitation signal
valuesofpreviousphistorical samplepoints thereof andap-orderglottal filter, toobtaina target signal valuecorresponding
to the sample point. When the glottal filter is a 16-order digital filter, in a process of performing synthesis on the nth speech
frame, information about the last p sample points in the (n‑1)th frame also needs to be used.
[0100] Step720, step730,andstep750are further describedbelowwith reference toexampleembodiments.Assuming
that a sampling frequency of a to-be-processed speech signal is Fs=16000 Hz, and a frame length is 20ms, each speech
frame includes 320 sample points. It is assumed that the short-time Fourier transform performed in this method uses 640
sample points and has 320 sample points overlapped. In addition, it is further assumed that the glottal parameter is a line
spectral frequencycoefficient, that is, theglottal parameter corresponding to thenth speech frame isar(n), a corresponding
LSF parameter is LSF(n), and the glottal filter is set to a 16-order filter.
[0101] FIG. 8 is a schematic diagramof a first neural network according to oneembodiment. As shown in FIG. 8, the first
neural network includes one long short-term memory (LSTM) layer and three cascaded fully connected (FC) layers. The
LSTM layer is a hidden layer, including 256 units, and an input of the LSTM layer is the frequency domain representation
S(n) of the nth speech frame. In this embodiment, the input of the LSTM layer is a 321-dimensional STFTcoefficient. In the
three cascaded FC layers, an activation function σ() is set in the first two FC layers. The set activation function is used for
improving a nonlinear expression capability of the first neural network. No activation function is set in the last FC layer, the
last FC layer is used as a classifier to perform classification and outputting. As shown in FIG. 8, the three FC layers include
512, 512, and 16 units respectively from bottom to top, and an output of the last FC layer is a 16-dimensional line spectral
frequency coefficient LSF(n) corresponding to the nth speech frame, that is, a 16-order line spectral frequency coefficient.
[0102] FIG. 9 is a schematic diagram of an input and an output of a first neural network according to another
embodiment. The structure of the first neural network in FIG. 9 is the same as that in FIG. 8. Compared with FIG. 8,
the input of the first neural network in FIG. 9 further includes a line spectral frequency coefficient LSF(n‑1) of the previous
speech frame (that is, the (n‑1)th frame) of the nth frame speech frame. As shown in FIG. 9, the line spectral frequency
coefficient LSF(n‑1)of thepreviousspeech frameof thenth speech frame isembedded in thesecondFC layeras reference
information.Due toanextremelyhighsimilaritybetweenLSFparametersof twoneighboringspeech frames,when theLSF
parameter corresponding to the historical speech frame of the nth speech frame is used as reference information, the
accuracy rate of the LSF parameter prediction can be improved.
[0103] FIG. 10 is a schematic diagram of a second neural network according to one embodiment. As shown in FIG. 10,
the second neural network includes one LSTM layer and one FC layer. The LSTM layer is a hidden layer, including 128
units. An input of the FC layer is a 512-dimensional vector, and an output thereof is a 1-dimensional gain. In one
embodiment, the historical speech frame gain G_pre(n) of the nth speech frame can be defined as gains corresponding to
the first four speech frames of the nth speech frame, that is:
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[0104] Certainly, a quantity of historical speech frames selected for gain prediction is not limited to the foregoing
example, and can be specifically selected according to actual needs.
[0105] In structures of the first neural network and the second neural network shownabove, the network presents anM-
to-Nmapping relationship (N<<M), that is, a dimension of inputted information of the neural network isM, and a dimension
of outputted information thereof is N, which greatly simplifies the structures of the first neural network and the second
neural network, and reduces the complexity of the neural network model.
[0106] FIG. 11 is a schematic diagram of a third neural network according to one embodiment. As shown in FIG. 11, the
third neural network includes one LSTM layer and three FC layers. The LSTM layer is a hidden layer, including 256 units.
An input of the LSTM layer is a321-dimensional STFTcoefficientS(n) corresponding to thenth speech frame.Quantities of
units included in the three FC layers are 512, 512, and 321 respectively, and the last FC layer outputs a 321-dimensional
frequency domain representation R(n) of an excitation signal corresponding to the nth speech frame. From bottom to top,
the first two FC layers in the three FC layers have an activation function set therein, and are configured to improve a
nonlinear expression capability of themodel, and the last FC layer has no activation function set therein, and is configured
to perform classification and outputting.
[0107] Structures of the first neural network, the secondneural network, and the third neural network shown in FIG. 8‑11
are merely illustrative examples. In other embodiments, a corresponding network structure may also be set in an open
source platform of deep learning and is trained correspondingly.
[0108] The following introduces the apparatus embodiment of the present disclosure, which can be used for performing
themethod in the foregoingembodimentsof thepresent disclosure.Fordetails not disclosed in theapparatusembodiment
of the present disclosure, reference may be made to the foregoing method embodiments in the present disclosure.
[0109] FIG. 12 is a block diagram of a speech enhancement apparatus according to an embodiment. As shown in FIG.
12, the speech enhancement apparatus includes:

a glottal parameter prediction module 1210, configured to determine a glottal parameter corresponding to a target
speech frame according to a frequency domain representation of the target speech frame;

a gain predictionmodule 1220, configured to determine a gain corresponding to the target speech frame according to
a gain corresponding to a historical speech frame of the target speech frame;

an excitation signal prediction module 1230, configured to determine an excitation signal corresponding to the target
speech frame according to the frequency domain representation of the target speech frame; and

a synthesis module 1240, configured to synthesize the determined glottal parameter, the determined gain, and the
determined excitation signal, to obtain an enhanced speech signal corresponding to the target speech frame.

[0110] In some embodiments of the present disclosure, the synthesis module 1240 includes: a glottal filter construction
unit, configured to construct a glottal filter according to the glottal parameter corresponding to the target speech frame; a
filter unit, configured to filtering the excitation signal corresponding to the target speech frame by using the glottal filter, to
obtain a first speech signal; and an amplification unit, configured to amplify the first speech signal according to the gain
corresponding to the target speech frame, toobtain theenhancedspeechsignal corresponding to the target speech frame.
[0111] In some embodiments of the present disclosure, the target speech frame includes a plurality of sample points.
The glottal filter is a K-order filter, K being a positive integer. The excitation signal includes excitation signal values
respectively corresponding to the plurality of sample points in the target speech frame. The filter unit includes: a
convolution unit, configured to for one sample point in the target speech frame, perform convolution on excitation signal
values corresponding toKsample points before the sample point in the target speech frameand theK-order filter, to obtain
a target signal value of the sample point in the target speech frame; and a combination unit, configured to combine target
signal values corresponding to the sample points in the target speech frame chronologically, to obtain the first speech
signal. In someembodimentsof thepresent disclosure, theglottal filter is aK-order filter, and theglottal parameter includes
a K-order line spectral frequency parameter or a K-order linear prediction coefficient.
[0112] In some embodiments of the present disclosure, the glottal parameter prediction module 1210 includes: a first
input unit, configured to input the frequency domain representation of the target speech frame into a first neural network,
the first neural network being obtained by training according to a frequency domain representation of a sample speech
frame and a glottal parameter corresponding to the sample speech frame; and a first output unit, configured to output, by
the first neural networkaccording to the frequencydomain representationof the target speech frame, theglottal parameter
corresponding to the target speech frame.
[0113] According to the invention, the glottal parameter predictionmodule 1210 is further configured to determining the
glottal parameter corresponding to the target speech frame by using a glottal parameter corresponding to the historical
speech frame of the target speech frame as a reference.
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[0114] In someembodimentsof thepresent disclosure, theglottal parameter predictionmodule1210 includes: a second
input unit, configured to input the frequency domain representation of the target speech frame and the glottal parameter
corresponding to the historical speech frame of the target speech frame into a first neural network, the first neural network
being obtained by training according to a frequency domain representation of a sample speech frame, a glottal parameter
corresponding to the sample speech frame, and a glottal parameter corresponding to a historical speech frame of the
sample speech frame; and a second output unit, configured to perform, by the first neural network, prediction according to
the frequency domain representation of the target speech frame and the glottal parameter corresponding to the historical
speech frame of the target speech frame, and output the glottal parameter corresponding to the target speech frame.
[0115] In some embodiments of the present disclosure, the gain prediction module 1220 includes: a third input unit,
configured to input the gain corresponding to the historical speech frame of the target speech frame to a second neural
network, the second neural network being obtained by training according to a gain corresponding to a sample speech
frameandagaincorresponding toahistorical speech frameof thesamplespeech frame;anda thirdoutputunit, configured
to output, by the second neural network, the target gain according to the gain corresponding to the historical speech frame
of the target speech frame.
[0116] In some embodiments of the present disclosure, the excitation signal prediction module 1230 includes: a fourth
input unit, configured to input the frequencydomain representation of the target speech frame toa third neural network, the
third neural network being obtained by training according to a frequency domain representation of a sample speech frame
and a frequency domain representation of an excitation signal corresponding to the sample speech frame; and a fourth
output unit, configured tooutput, by the thirdneural networkaccording to the frequencydomain representationof the target
speech frame, a frequency domain representation of the excitation signal corresponding to the target speech frame.
[0117] In some embodiments of the present disclosure, the speech enhancement apparatus further includes: an
obtainingmodule, configured toobtaininga timedomain signal of the target speech frame; anda time-frequency transform
module, configured to perform a time-frequency transform on the time domain signal of the target speech frame, to obtain
the frequency domain representation of the target speech frame.
[0118] In some embodiments of the present disclosure, the obtaining module is further configured to obtain a second
speech signal, the second speech signal being an acquired speech signal or a speech signal obtained by decoding an
encoded speech; and frame the second speech signal, to obtain the time domain signal of the target speech frame.
[0119] In some embodiments of the present disclosure, the speech enhancement apparatus further includes a
processing module, configured to play or encode and transmit the enhanced speech signal corresponding to the target
speech frame.
[0120] FIG. 13 is a schematic structural diagram of a computer system adapted to implement an electronic device
according to an embodiment of the present disclosure.
[0121] The computer system 1300 of the electronic device shown in FIG. 13 is merely an example, and does not
constitute any limitation on functions and use ranges of the embodiments of the present disclosure.
[0122] As shown in FIG. 13, the computer system 1300 includes a central processing unit (CPU) 1301, which may
perform various suitable actions and processing based on a program stored in a read-only memory (ROM) 1302 or a
program loaded from a storage part 1308 into a random accessmemory (RAM) 1303, for example, perform themethod in
the foregoing embodiments. The RAM 1303 further stores various programs and data required for operating the system.
The CPU 1301, the ROM 1302, and the RAM 1303 are connected to each other by a bus 1304. An input/output (I/O)
interface 1305 is also connected to the bus 1304.
[0123] The following components are connected to the I/O interface 1305 includes an input part 1306 including a
keyboard, a mouse, or the like; an output part 1307 including a cathode ray tube (CRT), a liquid crystal display (LCD), a
speaker, or the like; a storagepart 1308 including hard disk, or the like; andacommunication part 1309 including anetwork
interface card such as a local area network (LAN) card, a modem, or the like. The communication part 1309 performs
communication processing by using a network such as the Internet. A driver 1310 is also connected to the I/O interface
1305 as required. A removable medium 1311, such as a magnetic disk, an optical disc, a magneto-optical disk, or a
semiconductor memory, is installed on the driver 1310 as required, so that a computer program read from the removable
medium is installed into the storage part 1308 as required.
[0124] Particularly, according to an embodiment of the present disclosure, the processes described in the following by
referring to the flowcharts may be implemented as computer software programs. For example, the embodiments of the
present disclosure include a computer program product, the computer program product includes a computer program
carried on a computer-readable medium, and the computer program includes program code used for performing the
methods shown in the flowcharts. In such an embodiment, by using the communication part 1309, the computer program
may be downloaded and installed from a network, and/or installed from the removablemedium 1311.When the computer
program is executed by theCPU1301, the various functions defined in the systemof the present disclosure are executed.
[0125] The computer-readable medium shown in the embodiments of the present disclosure may be a computer-
readable signal medium or a computer-readable storage medium or any combination of two. The computer-readable
storage medium may be, for example, but is not limited to, an electrical, magnetic, optical, electromagnetic, infrared, or
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semiconductor system, apparatus, or device, or any combination thereof. A more specific example of the computer-
readable storage mediummay include but is not limited to: an electrical connection having one or more wires, a portable
computer magnetic disk, a hard disk, a random access memory (RAM), a read-only memory (ROM), an erasable
programmable read-only memory (EPROM), a flash memory, an optical fiber, a compact disk read-only memory (CD-
ROM), an optical storage device, a magnetic storage device, or any appropriate combination thereof. In the present
disclosure, the computer-readable storagemediummay be any tangiblemediumcontaining or storing a program, and the
program may be used by or used in combination with an instruction execution system, an apparatus, or a device. In the
present disclosure, thecomputer-readable signalmediummay includeadata signal being inabasebandor propagatedas
at least a part of a carrierwave, andcarries computer-readable programcode.Adata signal propagated in suchawaymay
assume a plurality of forms, including, but not limited to, an electromagnetic signal, an optical signal, or any appropriate
combination thereof. The computer-readable signalmediummay be further any computer-readablemedium in addition to
a computer-readable storagemedium. The computer-readablemediummay send, propagate, or transmit a program that
isusedbyorused incombinationwithan instructionexecutionsystem,apparatus, or device.Theprogramcode included in
the computer-readable mediummay be transmitted by using any suitable medium, including but not limited to: a wireless
medium, a wired medium, or the like, or any suitable combination thereof.
[0126] The flowcharts and block diagrams in the accompanying drawings illustrate possible system architectures,
functions, and operations thatmay be implemented by a system, amethod, and a computer programproduct according to
various embodiments of the present disclosure. Each box in a flowchart or a block diagram may represent a module, a
program segment, or a part of code. The module, the program segment, or the part of code includes one or more
executable instructions used for implementing specified logic functions. In some implementations used as substitutes,
functionsmarked in boxesmay alternatively occur in a sequence different from thatmarked in an accompanying drawing.
For example, two boxes shown in succession may actually be performed basically in parallel, and sometimes the two
boxesmaybeperformed in a reverse sequence. This is determined by a related function. Each box in the block diagramor
the flowchart, and a combination of boxes in the block diagram or the flowchart may be implemented by using a dedicated
hardware-based system that performsa specified function or operation, ormaybe implemented byusing a combination of
dedicated hardware and computer instructions.
[0127] A relatedunit described in theembodimentsof thepresent disclosuremaybe implemented in a softwaremanner,
ormaybe implemented inahardwaremanner, and theunit describedmayalsobeset in aprocessor.Namesof theunits do
not constitute a limitation on the units in a specific case.
[0128] In another aspect, the present disclosure further provides a computer-readable storagemedium. The computer-
readable storagemediummay be included in the electronic device described in the foregoing embodiments, or may exist
alone without being assembled into the electronic device. The computer-readable storage medium carries computer-
readable instructions. The computer-readable instructions, when executed by a processor, implement the method in any
one of the foregoing embodiments.
[0129] According to an aspect of the present disclosure, an electronic device is further provided, including: a processor;
amemory, storing computer-readable instructions, the computer-readable instructions, when executed by the processor,
implementing the method in any one of the foregoing embodiments.
[0130] According to anaspect of theembodiments of thepresent disclosure, a computer programproduct or a computer
program is provided. The computer program product or the computer program includes computer instructions, and the
computer instructions are stored in a computer-readable storage medium. A processor of a computer device reads the
computer instructions from the computer-readable storagemedium and executes the computer instructions to cause the
computer device to perform the method in any one of the foregoing embodiments.
[0131] Although a plurality of modules or units of a device configured to perform actions are discussed in the foregoing
detailed description, such division is not mandatory. Actually, according to the implementations of the present disclosure,
the features and functions of two or more modules or units described above may be specifically implemented in one
module or unit. Conversely, features and functions of one module or unit described above may be further divided into a
plurality of modules or units for implementation.
[0132] Through the descriptions of the foregoing implementations, a person skilled in the art easily understands that the
exemplary implementations described herein may be implemented through software, or may be implemented through
software located in combination with necessary hardware. Therefore, the technical solutions according to the imple-
mentations of the present disclosure may be implemented in a form of a software product. The software product may be
stored in a non-volatile storagemedium (whichmaybeaCD-ROM, aUSBflashdrive, a removable hard disk, or the like) or
on the network, including several instructions for instructing a computing device (which may be a personal computer, a
server, a touch terminal, a network device, or the like) to perform the methods according to the implementations of the
present disclosure.
[0133] After considering the specification and practicing the disclosed embodiments, a person skilled in the art may
easily conceive of other implementations of the present disclosure. The present disclosure is intended to cover any
variations, uses or adaptive changes of the present disclosure. Such variations, uses or adaptive changes follow the
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general principles of the present disclosure, and include well-known knowledge and conventional technical means in the
art that are not disclosed in the present disclosure.
[0134] It is to be understood that the present disclosure is not limited to the precise structures described above and
shown in the accompanying drawings, and various modifications and changes can be made without departing from the
scope of the present disclosure. The scope of the present disclosure is limited by the appended claims only.

Claims

1. A speech enhancement method, executed by a computer device, comprising:

determining a glottal parameter corresponding to a target speech frame according to a frequency domain
representation of the target speech frame;
determining a gain corresponding to the target speech frame according to a gain corresponding to a historical
speech frame of the target speech frame;
determining an excitation signal corresponding to the target speech frame according to the frequency domain
representation of the target speech frame; and
synthesizing the determined glottal parameter, the determined gain, and the determined excitation signal, to
obtain an enhanced speech signal;
wherein the determining a glottal parameter corresponding to a target speech frame according to a frequency
domain representation of the target speech frame comprises:

obtaining a first neural network by the first neural network being trained according to a frequency domain
representation of a sample speech frame, a glottal parameter corresponding to the sample speech frame,
and a glottal parameter corresponding to a historical speech frame of the sample speech frame;
inputting the frequency domain representation of the target speech frame and the glottal parameter
corresponding to the historical speech frame of the target speech frame into the first neural network; and

performing, by the first neural network, prediction according to the frequency domain representation of the target
speech frame and the glottal parameter corresponding to the historical speech frame of the target speech frame,
and outputting the glottal parameter corresponding to the target speech frame;
wherein the first neural network is obtainedbya trainingprocessof the speechenhancementmethodcomprising:

inputting the frequency domain representation of the sample speech frame and the glottal parameter
corresponding to the historical speech frame of the sample speech frame into the first neural network;
outputting a predicted glottal parameter from the first neural network; and
when the predicted glottal parameter is inconsistent with a glottal parameter corresponding to an original
speechsignal in thesamplespeech frame,adjustingaparameter of thefirst neural networkuntil thepredicted
glottal parameter is consistent with the glottal parameter corresponding to the original speech signal.

2. The method according to claim 1, wherein the synthesizing the determined glottal parameter, the determined gain,
and the determined excitation signal, to obtain an enhanced speech signal corresponding to the target speech frame,
comprises:

constructing a glottal filter according to the glottal parameter corresponding to the target speech frame;
filtering the excitation signal corresponding to the target speech frame by using the glottal filter, to obtain a first
speech signal; and
amplifying the first speech signal according to the gain corresponding to the target speech frame, to obtain the
enhanced speech signal corresponding to the target speech frame.

3. The method according to claim 2, wherein the target speech frame comprises a plurality of sample points; the glottal
filter is a K-order filter, K being a positive integer; the excitation signal comprises excitation signal values respectively
corresponding to the plurality of sample points in the target speech frame; and
the filtering the excitation signal corresponding to the target speech frame by using the glottal filter, to obtain a first
speech signal, comprises:

for onesamplepoint in the target speech frame,performingconvolutiononexcitationsignal valuescorresponding
to K sample points before the sample point in the target speech frame and the K-order filter, to obtain a target
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signal value of the sample point in the target speech frame; and
combining target signal values corresponding to the sample points in the target speech frame chronologically, to
obtain the first speech signal.

4. Themethod according to claim 2, wherein the glottal filter is a K-order filter, and the glottal parameter comprises a K-
order line spectral frequency parameter or a K-order linear prediction coefficient, K being a positive integer.

5. Themethod according to claim 1,wherein the determining a gain corresponding to the target speech frameaccording
to a gain corresponding to a historical speech frame of the target speech frame comprises:

inputting the gain corresponding to the historical speech frame of the target speech frame to a second neural
network, the second neural network being obtained by training according to a gain corresponding to a sample
speech frame and a gain corresponding to a historical speech frame of the sample speech frame; and
outputting, by the second neural network, the target gain according to the gain corresponding to the historical
speech frame of the target speech frame.

6. The method according to claim 1, wherein the determining an excitation signal corresponding to the target speech
frame according to the frequency domain representation of the target speech frame comprises:

inputting the frequencydomain representationof the target speech frame toa thirdneural network, the thirdneural
network being obtained by training according to a frequency domain representation of a sample speech frame
and a frequency domain representation of an excitation signal corresponding to the sample speech frame; and
outputting, by the third neural network according to the frequency domain representation of the target speech
frame, a frequency domain representation of the excitation signal corresponding to the target speech frame.

7. Themethodaccording toclaim1,whereinbefore thedeterminingaglottal parameter corresponding toa target speech
frame according to a frequency domain representation of the target speech frame, the method further comprises:

obtaining a time domain signal of the target speech frame;
performing a time-frequency transform on the time domain signal of the target speech frame, to obtain the
frequency domain representation of the target speech frame.

8. The method according to claim 7, wherein the obtaining a time domain signal of the target speech frame comprises:

obtaining a second speech signal, the second speech signal being an acquired speech signal or a speech signal
obtained by decoding an encoded speech; and
framing the second speech signal, to obtain the time domain signal of the target speech frame.

9. The method according to claim 1, wherein after the synthesizing the determined glottal parameter, the determined
gain, and the determined excitation signal, to obtain an enhanced speech signal corresponding to the target speech
frame, the method further comprises:
playing or encoding and transmitting the enhanced speech signal corresponding to the target speech frame.

10. A speech enhancement apparatus, comprising:

a glottal parameter prediction module, configured to determine a glottal parameter corresponding to a target
speech frame according to a frequency domain representation of the target speech frame;
a gain predictionmodule, configured to determine a gain corresponding to the target speech frameaccording to a
gain corresponding to a historical speech frame of the target speech frame;
an excitation signal prediction module, configured to determine an excitation signal corresponding to the target
speech frame according to the frequency domain representation of the target speech frame; and
a synthesis module, configured to synthesize the determined glottal parameter, the determined gain, and the
determined excitation signal, to obtain an enhanced speech signal corresponding to the target speech frame;
wherein the determining a glottal parameter corresponding to a target speech frame according to a frequency
domain representation of the target speech frame comprises:

obtaining a first neural network by the first neural network being trained according to a frequency domain
representation of a sample speech frame, a glottal parameter corresponding to the sample speech frame,
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and a glottal parameter corresponding to a historical speech frame of the sample speech frame;
inputting the frequency domain representation of the target speech frame and the glottal parameter
corresponding to the historical speech frame of the target speech frame into the first neural network; and

performing, by the first neural network, prediction according to the frequency domain representation of the target
speech frame and the glottal parameter corresponding to the historical speech frame of the target speech frame,
and outputting the glottal parameter corresponding to the target speech frame;
wherein the speech enhancement apparatus is configured to obtain the first neural network by a training process
comprising:

inputting the frequency domain representation of the sample speech frame and the glottal parameter
corresponding to the historical speech frame of the sample speech frame into the first neural network;
outputting a predicted glottal parameter from the first neural network; and
when the predicted glottal parameter is inconsistent with a glottal parameter corresponding to an original
speechsignal in thesamplespeech frame,adjustingaparameter of thefirst neural networkuntil thepredicted
glottal parameter is consistent with the glottal parameter corresponding to the original speech signal.

11. An electronic device, comprising:

a processor; and
a memory, storing computer-readable instructions, the computer-readable instructions, when executed by the
processor, implementing the method according to any one of claims 1 to 9.

12. A computer-readable storage medium, storing computer-readable instructions, the computer-readable instructions,
when executed by a processor, implementing the method according to any one of claims 1 to 9.

Patentansprüche

1. Ein Sprachverbesserungsverfahren, ausgeführt durch eine Computervorrichtung, umfassend:

Bestimmen eines glottalen Parameters, der einem Zielsprachrahmen entspricht, gemäß einer Frequenzbe-
reichsdarstellung des Zielsprachrahmens;
Bestimmen einer Verstärkung, die dem Zielsprachrahmen entspricht, gemäß einer Verstärkung, die einem
historischen Sprachrahmen des Zielsprachrahmens entspricht;
Bestimmen eines Anregungssignals, das dem Zielsprachrahmen entspricht, gemäß der Frequenzbereichsdar-
stellung des Zielsprachrahmens; und
Synthetisieren des bestimmten glottalen Parameters, der bestimmten Verstärkung und des bestimmten Anre-
gungssignals, um ein verbessertes Sprachsignal zu erhalten;
wobei das Bestimmen eines glottalen Parameters, der einem Zielsprachrahmen entspricht, gemäß einer
Frequenzbereichsdarstellung des Zielsprachrahmens Folgendes umfasst:

Erhalten eines ersten neuronalen Netzes dadurch, dass das erste neuronale Netz gemäß einer Frequenz-
bereichsdarstellung eines Beispielsprachrahmens, einem glottalen Parameter, der dem Beispielsprach-
rahmen entspricht, und einem glottalen Parameter, der einem historischen Sprachrahmen des Beispiel-
sprachrahmens entspricht, trainiert wird;
Eingeben der Frequenzbereichsdarstellung des Zielsprachrahmens und des glottalen Parameters, der dem
historischen Sprachrahmen des Zielsprachrahmens entspricht, in das erste neuronale Netz; und
Ausführen, durch das erste neuronaleNetz, einer Vorhersage gemäß der Frequenzbereichsdarstellung des
Zielsprachrahmens und dem glottalen Parameter, der dem historischen Sprachrahmen des Zielsprachrah-
mens entspricht, und Ausgeben des glottalen Parameters, der dem Zielsprachrahmen entspricht;
wobei das erste neuronale Netz durch einen Trainingsprozess des Sprachverbesserungsverfahrens er-
halten wird, umfassend:

Eingebender Frequenzbereichsdarstellung desBeispielsprachrahmens und des glottalenParameters,
der dem historischen Sprachrahmen des Beispielsprachrahmens entspricht, in das erste neuronale
Netz;
Ausgeben eines vorhergesagten glottalen Parameters aus dem ersten neuronalen Netz; und
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wenn der vorhergesagte glottale Parameter nicht mit einem glottalen Parameter übereinstimmt, der
einem ursprünglichen Sprachsignal in dem Beispielsprachrahmen entspricht, Anpassen eines Para-
meters des ersten neuronalen Netzes, bis der vorhergesagte glottale Parameter mit dem glottalen
Parameter übereinstimmt, der dem ursprünglichen Sprachsignal entspricht.

2. Das Verfahren nach Anspruch 1, wobei das Synthetisieren des bestimmten glottalen Parameters, der bestimmten
Verstärkung und des bestimmten Anregungssignals, um ein verbessertes Sprachsignal zu erhalten, das dem
Zielsprachrahmen entspricht, Folgendes umfasst:

Konstruieren eines glottalen Filters gemäß dem glottalen Parameter, der dem Zielsprachrahmen entspricht;
FilterndesAnregungssignals, dasdemZielsprachrahmenentspricht, unterVerwendungdesglottalenFilters, um
ein erstes Sprachsignal zu erhalten; und
Verstärken des ersten Sprachsignals gemäß der Verstärkung, die dem Zielsprachrahmen entspricht, um das
verbesserte Sprachsignal zu erhalten, das dem Zielsprachrahmen entspricht.

3. DasVerfahrennachAnspruch2,wobei der ZielsprachrahmeneineMehrzahl vonAbtastpunktenumfasst; der glottale
Filter ein Filter K-ter Ordnung ist, wobei K eine positive ganze Zahl ist; das Anregungssignal Anregungssignalwerte
umfasst, die jeweils der Mehrzahl von Abtastpunkten in dem Zielsprachrahmen entsprechen; und
dasFiltern desAnregungssignals, dasdemZielsprachrahmenentspricht, unterVerwendungdesglottalenFilters, um
ein erstes Sprachsignal zu erhalten, Folgendes umfasst:

für einen Abtastpunkt in dem Zielsprachrahmen Durchführen einer Faltung an Anregungssignalwerten, die K
Abtastpunkten vor dem Abtastpunkt in dem Zielsprachrahmen entsprechen, und dem Filter K-ter Ordnung, um
einen Zielsignalwert des Abtastpunkts in dem Zielsprachrahmen zu erhalten; und
chronologisches Kombinieren von Zielsignalwerten, die den Abtastpunkten in dem Zielsprachrahmen entspre-
chen, um das erste Sprachsignal zu erhalten.

4. DasVerfahren nachAnspruch2,wobei der glottale Filter einFilter K-terOrdnung ist, undder glottaleParameter einen
Linienspektralfrequenzparameter K-ter Ordnung oder einen linearen Vorhersagekoeffizienten K-ter Ordnung um-
fasst, wobei K eine positive ganze Zahl ist.

5. Das Verfahren nach Anspruch 1, wobei das Bestimmen einer Verstärkung, die dem Zielsprachrahmen entspricht,
gemäß einer Verstärkung, die einem historischen Sprachrahmen des Zielsprachrahmens entspricht, Folgendes
umfasst:

Eingeben der Verstärkung, die dem historischen Sprachrahmen des Zielsprachrahmens entspricht, in ein
zweites neuronales Netz, wobei das zweite neuronale Netz durch Training gemäß einer Verstärkung, die einem
Beispielsprachrahmen entspricht, und einer Verstärkung, die einem historischen Sprachrahmen des Beispiel-
sprachrahmens entspricht, erhalten wird; und
Ausgeben, durch das zweite neuronale Netz, der Zielverstärkung gemäß der Verstärkung, die dem historischen
Sprachrahmen des Zielsprachrahmens entspricht.

6. Das Verfahren nach Anspruch 1, wobei das Bestimmen eines Anregungssignals, das dem Zielsprachrahmen
entspricht, gemäß der Frequenzbereichsdarstellung des Zielsprachrahmens Folgendes umfasst:

Eingeben der Frequenzbereichsdarstellung des Zielsprachrahmens in ein drittes neuronales Netz, wobei das
dritte neuronale Netz durch Training gemäß einer Frequenzbereichsdarstellung eines Beispielsprachrahmens
und einer Frequenzbereichsdarstellung eines Anregungssignals, das dem Beispielsprachrahmen entspricht,
erhalten wird; und
Ausgeben, durch das dritte neuronale Netz gemäß der Frequenzbereichsdarstellung des Zielsprachrahmens,
einer Frequenzbereichsdarstellung des Anregungssignals, das dem Zielsprachrahmen entspricht.

7. DasVerfahrennachAnspruch1,wobei vordemBestimmeneinesglottalenParameters, dereinemZielsprachrahmen
entspricht, gemäß einer Frequenzbereichsdarstellung des Zielsprachrahmens, das Verfahren ferner Folgendes
umfasst:

Erhalten eines Zeitbereichssignals des Zielsprachrahmens;
Durchführen einer Zeit-Frequenz-Transformation an dem Zeitbereichssignal des Zielsprachrahmens, um die
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Frequenzbereichsdarstellung des Zielsprachrahmens zu erhalten.

8. Das Verfahren nach Anspruch 7, wobei das Erhalten eines Zeitbereichssignals des Zielsprachrahmens Folgendes
umfasst:

Erhalten eines zweiten Sprachsignals, wobei das zweite Sprachsignal ein erfasstes Sprachsignal oder ein
Sprachsignal ist, das durch Decodieren einer codierten Sprache erhalten wird; und
Rahmen des zweiten Sprachsignals, um das Zeitbereichssignal des Zielsprachrahmens zu erhalten.

9. Das Verfahren nach Anspruch 1, wobei nach dem Synthetisieren des bestimmten glottalen Parameters, der
bestimmten Verstärkung und des bestimmten Anregungssignals, um ein verbessertes Sprachsignal zu erhalten,
das dem Zielsprachrahmen entspricht, das Verfahren ferner Folgendes umfasst:
Abspielen oder Codieren und Senden des verbesserten Sprachsignals, das dem Zielsprachrahmen entspricht.

10. Eine Sprachverbesserungsvorrichtung, umfassend:

ein Modul zur Vorhersage glottaler Parameter, ausgebildet zum Bestimmen eines glottalen Parameters, der
einem Zielsprachrahmen entspricht, gemäß einer Frequenzbereichsdarstellung des Zielsprachrahmens;
ein Modul zur Vorhersage einer Verstärkung, ausgebildet zum Bestimmen einer Verstärkung, die dem Ziel-
sprachrahmen entspricht, gemäß einer Verstärkung, die einem historischen Sprachrahmen des Zielsprachrah-
mens entspricht;
ein Modul zur Vorhersage eines Anregungssignals, ausgebildet zum Bestimmen eines Anregungssignals, das
dem Zielsprachrahmen entspricht, gemäß der Frequenzbereichsdarstellung des Zielsprachrahmens; und
ein Synthesemodul, ausgebildet zum Synthetisieren des bestimmten glottalen Parameters, der bestimmten
Verstärkung und des bestimmten Anregungssignals, um ein verbessertes Sprachsignal zu erhalten, das dem
Zielsprachrahmen entspricht;
wobei das Bestimmen eines glottalen Parameters, der einem Zielsprachrahmen entspricht, gemäß einer
Frequenzbereichsdarstellung des Zielsprachrahmens Folgendes umfasst:

Erhalten eines ersten neuronalen Netzes dadurch, dass das erste neuronale Netz gemäß einer Frequenz-
bereichsdarstellung eines Beispielsprachrahmens, einem glottalen Parameter, der dem Beispielsprach-
rahmen entspricht, und einem glottalen Parameter, der einem historischen Sprachrahmen des Beispiel-
sprachrahmens entspricht, trainiert wird;
Eingeben der Frequenzbereichsdarstellung des Zielsprachrahmens und des glottalen Parameters, der dem
historischen Sprachrahmen des Zielsprachrahmens entspricht, in das erste neuronale Netz; und
Ausführen, durch das erste neuronaleNetz, einer Vorhersage gemäß der Frequenzbereichsdarstellung des
Zielsprachrahmens und dem glottalen Parameter, der dem historischen Sprachrahmen des Zielsprachrah-
mens entspricht, und Ausgeben des glottalen Parameters, der dem Zielsprachrahmen entspricht;
wobei dieSprachverbesserungsvorrichtungausgebildet ist, dasersteneuronaleNetzdurcheinenTrainings-
prozess zu erhalten, umfassend:

Eingebender Frequenzbereichsdarstellung desBeispielsprachrahmens und des glottalenParameters,
der dem historischen Sprachrahmen des Beispielsprachrahmens entspricht, in das erste neuronale
Netz;
Ausgeben eines vorhergesagten glottalen Parameters aus dem ersten neuronalen Netz; und
wenn der vorhergesagte glottale Parameter nicht mit einem glottalen Parameter übereinstimmt, der
einem ursprünglichen Sprachsignal in dem Beispielsprachrahmen entspricht, Anpassen eines Para-
meters des ersten neuronalen Netzes, bis der vorhergesagte glottale Parameter mit dem glottalen
Parameter übereinstimmt, der dem ursprünglichen Sprachsignal entspricht.

11. Eine elektronische Vorrichtung, umfassend:

einen Prozessor; und
einenSpeicher, der computerlesbareAnweisungen speichert, wobei die computerlesbarenAnweisungen,wenn
sie durch den Prozessor ausgeführt werden, das Verfahren nach einem beliebigen der Ansprüche 1 bis 9
implementieren.

12. Ein computerlesbaresSpeichermedium, das computerlesbare Anweisungen speichert, wobei die computerlesbaren
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Anweisungen, wenn sie durch einen Prozessor ausgeführt werden, das Verfahren nach einem beliebigen der
Ansprüche 1 bis 9 implementieren.

Revendications

1. Procédé d’amélioration de la parole, exécuté par un dispositif informatique, comprenant :

la détermination d’un paramètre glottique correspondant à une trame de parole cible selon une représentation
dans le domaine fréquentiel de la trame de parole cible ;
la détermination d’un gain correspondant à la trame de parole cible selon un gain correspondant à une trame de
parole historique de la trame de parole cible ;
la détermination d’un signal d’excitation correspondant à la trame de parole cible selon la représentation dans le
domaine fréquentiel de la trame de parole cible ; et
la synthèse du paramètre glottique déterminé, du gain déterminé et du signal d’excitation déterminé, afin
d’obtenir un signal de parole amélioré ;
dans lequel la détermination d’un paramètre glottique correspondant à une trame de parole cible selon une
représentation dans le domaine fréquentiel de la trame de parole cible comprend :

l’obtention d’un premier réseau neuronal par entraînement du premier réseau neuronal selon une repré-
sentation dans le domaine fréquentiel d’une trame de parole d’échantillon, un paramètre glottique corres-
pondant à la trame de parole d’échantillon et un paramètre glottique correspondant à une trame de parole
historique de la trame de parole d’échantillon ;
l’entréede la représentationdans le domaine fréquentiel de la tramedeparole cibleet duparamètre glottique
correspondant à la tramedeparole historiquede la tramedeparole cible dans le premier réseauneuronal ; et
l’exécution, par le premier réseau neuronal, d’une prédiction selon la représentation dans le domaine
fréquentiel de la tramedeparole cible et le paramètre glottique correspondant à la tramedeparole historique
de la trame de parole cible, et la sortie du paramètre glottique correspondant à la trame de parole cible ;
dans lequel le premier réseau neuronal est obtenu par un processus d’entraînement du procédé d’améliora-
tion de la parole comprenant :

l’entrée de la représentation dans le domaine fréquentiel de la trame de parole d’échantillon et du
paramètre glottique correspondant à la trame de parole historique de la trame de parole d’échantillon
dans le premier réseau neuronal ;
la sortie, à partir du premier réseau neuronal, d’un paramètre glottique prédit ; et
lorsque le paramètre glottique prédit n’est pas cohérent avec un paramètre glottique correspondant à un
signal de parole d’origine dans la trame de parole d’échantillon, l’ajustement d’un paramètre du premier
réseau neuronal jusqu’à ce que le paramètre glottique prédit soit cohérent avec le paramètre glottique
correspondant au signal de parole d’origine.

2. Procédé selon la revendication 1, dans lequel la synthèse du paramètre glottique déterminé, du gain déterminé et du
signal d’excitation déterminé, afin d’obtenir un signal de parole amélioré correspondant à la trame de parole cible,
comprend :

la construction d’un filtre glottique selon le paramètre glottique correspondant à la trame de parole cible ;
le filtragedusignal d’excitation correspondant à la tramedeparole cible enutilisant le filtre glottique, afind’obtenir
un premier signal de parole ; et
l’amplification du premier signal de parole selon le gain correspondant à la trame de parole cible, afin d’obtenir le
signal de parole amélioré correspondant à la trame de parole cible.

3. Procédé selon la revendication 2, dans lequel la trame de parole cible comprend une pluralité de points d’échantil-
lonnage ; le filtreglottiqueest unfiltred’ordreK,Kétant unentier positif ; le signal d’excitationcomprenddesvaleursde
signal d’excitation correspondant respectivement à la pluralité de points d’échantillonnage dans la trame de parole
cible ; et
le filtrage du signal d’excitation correspondant à la trame de parole cible en utilisant le filtre glottique, afin d’obtenir un
premier signal de parole, comprend :

pour un point d’échantillonnage dans la trame de parole cible, l’exécution d’une convolution sur des valeurs de

20

EP 4 283 618 B1

5

10

15

20

25

30

35

40

45

50

55



signal d’excitation correspondant à K points d’échantillonnage avant le point d’échantillonnage dans la trame de
parole cible et sur le filtre d’ordre K, afin d’obtenir une valeur de signal cible du point d’échantillonnage dans la
trame de parole cible ; et
la combinaison, dans l’ordre chronologique, de valeurs de signal cible correspondant aux points d’échantillon-
nage dans la trame de parole cible, afin d’obtenir le premier signal de parole.

4. Procédé selon la revendication 2, dans lequel le filtre glottique est un filtre d’ordre K, et le paramètre glottique
comprend un paramètre de fréquence spectrale linéaire d’ordre K ou un coefficient de prédiction linéaire d’ordre K, K
étant un entier positif.

5. Procédé selon la revendication 1, dans lequel la détermination d’un gain correspondant à la trame de parole cible
selon un gain correspondant à une trame de parole historique de la trame de parole cible comprend :

l’entrée du gain correspondant à la trame de parole historique de la trame de parole cible dans un second réseau
neuronal, le second réseau neuronal étant obtenu par entraînement selon un gain correspondant à une tramede
paroled’échantillonetungaincorrespondantàune tramedeparolehistoriquede la tramedeparoled’échantillon ;
et
la sortie, par le second réseau neuronal, du gain cible selon le gain correspondant à la trame de parole historique
de la trame de parole cible.

6. Procédé selon la revendication 1, dans lequel la détermination d’un signal d’excitation correspondant à la trame de
parole cible selon la représentation dans le domaine fréquentiel de la trame de parole cible comprend :

l’entrée de la représentation dans le domaine fréquentiel de la trame de parole cible dans un troisième réseau
neuronal, le troisième réseau neuronal étant obtenu par entraînement selon une représentation dans le domaine
fréquentiel d’une trame de parole d’échantillon et une représentation dans le domaine fréquentiel d’un signal
d’excitation correspondant à la trame de parole d’échantillon ; et
la sortie, par le troisième réseau neuronal selon la représentation dans le domaine fréquentiel de la trame de
parole cible, d’une représentation dans le domaine fréquentiel du signal d’excitation correspondant à la tramede
parole cible.

7. Procédé selon la revendication 1, dans lequel, avant la détermination d’un paramètre glottique correspondant à une
trame de parole cible selon une représentation dans le domaine fréquentiel de la trame de parole cible, le procédé
comprend en outre :

l’obtention d’un signal dans le domaine temporel de la trame de parole cible ;
l’exécution d’une transformation temps-fréquence sur le signal dans le domaine temporel de la trame de parole
cible, afin d’obtenir la représentation dans le domaine fréquentiel de la trame de parole cible.

8. Procédé selon la revendication 7, dans lequel l’obtention d’un signal dans le domaine temporel de la trame de parole
cible comprend :

l’obtention d’un second signal de parole, le second signal de parole étant un signal de parole acquis ou un signal
de parole obtenu par décodage d’une parole codée ; et
le tramage du second signal de parole, afin d’obtenir le signal dans le domaine temporel de la trame de parole
cible.

9. Procédéselon la revendication1, dans lequel, après la synthèseduparamètreglottiquedéterminé, dugaindéterminé
et du signal d’excitation déterminé, afin d’obtenir un signal de parole amélioré correspondant à la trame de parole
cible, le procédé comprend en outre :
la lecture ou le codage et la transmission du signal de parole amélioré correspondant à la trame de parole cible.

10. Appareil d’amélioration de la parole, comprenant :

unmoduledeprédictiondeparamètreglottique, configurépourdéterminerunparamètreglottiquecorrespondant
à une trame de parole cible selon une représentation dans le domaine fréquentiel de la trame de parole cible ;
unmoduledeprédictiondegain, configurépourdéterminerungaincorrespondant à la tramedeparolecible selon
un gain correspondant à une trame de parole historique de la trame de parole cible ;
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unmodule de prédiction de signal d’excitation, configuré pour déterminer un signal d’excitation correspondant à
la trame de parole cible selon la représentation dans le domaine fréquentiel de la trame de parole cible ; et
unmoduledesynthèse, configurépoursynthétiser leparamètreglottiquedéterminé, legaindéterminéet le signal
d’excitation déterminé, afin d’obtenir un signal de parole amélioré correspondant à la trame de parole cible ;
dans lequel la détermination d’un paramètre glottique correspondant à une trame de parole cible selon une
représentation dans le domaine fréquentiel de la trame de parole cible comprend :

l’obtention d’un premier réseau neuronal par entraînement du premier réseau neuronal selon une repré-
sentation dans le domaine fréquentiel d’une trame de parole d’échantillon, un paramètre glottique corres-
pondant à la trame de parole d’échantillon et un paramètre glottique correspondant à une trame de parole
historique de la trame de parole d’échantillon ;
l’entréede la représentationdans le domaine fréquentiel de la tramedeparole cibleet duparamètre glottique
correspondant à la tramedeparole historiquede la tramedeparole cible dans le premier réseauneuronal ; et
l’exécution, par le premier réseau neuronal, d’une prédiction selon la représentation dans le domaine
fréquentiel de la tramedeparole cible et le paramètre glottique correspondant à la tramedeparole historique
de la trame de parole cible, et la sortie du paramètre glottique correspondant à la trame de parole cible ;
dans lequel l’appareil d’améliorationde la paroleest configurépourobtenir le premier réseauneuronal par un
processus d’entraînement comprenant :

l’entrée de la représentation dans le domaine fréquentiel de la trame de parole d’échantillon et du
paramètre glottique correspondant à la trame de parole historique de la trame de parole d’échantillon
dans le premier réseau neuronal ;
la sortie, à partir du premier réseau neuronal, d’un paramètre glottique prédit ; et
lorsque le paramètre glottique prédit n’est pas cohérent avec un paramètre glottique correspondant à un
signal de parole d’origine dans la trame de parole d’échantillon, l’ajustement d’un paramètre du premier
réseau neuronal jusqu’à ce que le paramètre glottique prédit soit cohérent avec le paramètre glottique
correspondant au signal de parole d’origine.

11. Dispositif électronique, comprenant :

un processeur ; et
unemémoire, stockant des instructions lisibles par ordinateur, les instructions lisibles par ordinateur, lorsqu’elles
sont exécutées par le processeur,mettant enœuvre le procédé selon l’une quelconque des revendications 1 à 9.

12. Support de stockage lisible par ordinateur, stockant des instructions lisibles par ordinateur, les instructions lisibles par
ordinateur, lorsqu’elles sont exécutées par un processeur, mettant enœuvre le procédé selon l’une quelconque des
revendications 1 à 9.
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